Jakub Yaghob (Ed.)

ITAT 2015: Information Technologies — Applications and Theory

Proceedings of the 15th conference ITAT 2015

Slovensky Raj, Slovakia, September 17-21, 2015



ITAT 2015: Information Technologies — Applications and Theory
Proceedings of the 15th conference ITAT 2015

Hotel Cingov, Slovensky Raj, Slovakia, September 17-21, 2015
Jakub Yaghob (Ed.)

Cover design: Robert Novotny

Cover photo: Zdenék Svoboda

CEUR Workshop Proceedings vol. 1422
http://ceur-ws.org/Vol-1422/
ISSN 1613-0073

Also published by CreateSpace Independent Publishing Platform, 2015
ISBN 978-1515120650

These proceedings contain papers from the conference ITAT 2015. All authors agreed to publish
their papers in these proceedings. All papers were reviewed by at least two anonymous referees.

http://www.itat.cz/



Introduction

This volume contains papers from the main track and associated workshops of the 15th ITAT
conference. The conference was held in Hotel Cingov, Slovensky Raj, Slovakia on Septem-
ber 17-21, 2015.

ITAT is a computer science conference with the primary goal of presenting new results of young
researchers and doctoral students from Slovakia and the Czech Republic. The conference serves
as a platform for exchange of information within the community, and also provides opportunities
for informal meetings of the participants in a mountainous regions of the Czech Republic and
Slovakia.

The traditional topics of the conference include software engineering, data processing and
knowledge representation, information security, theoretical foundations of computer science, com-
putational intelligence, parallel and distributed computing, natural language processing, and com-
puter science education.

The conference accepts papers describing original previously unpublished results, significant
work-in-progress reports, as well as reviews of special topics of interest to the conference audi-
ence.

The conference program this year included the main track of 9 contributed papers, two invited
lectures, and two workshops. Two specialized workshops were held as a part of the conference:

e Slovenskocesky NLP workshop — SIoNLP
(organized by Petra Barancikova and Rudolf Rosa)

e Computational Intelligence and Data Mining — WCIDM
(organized by Martin Holena)

Overall, 31 papers were submitted to all conference tracks. These proceedings present in the
first part 9 papers of the main track which were selected by the program committee based on at
least two reviews by the program committee members. The second part contains 6 papers of
SIoNLP and the last part presents 13 papers of the WCIDM. All workshop papers were anony-
mously reviewed and selected on the base of at least two reviews by their corresponding program
comittees.

These proceedings also contain abstract of two invited lectures by Zbynék Falt (Google Zirich)
and Ivan Zelinka (VSB-Technical University of Ostrava).

| would like to thank all program committee members, conference organizers, invited speakers,
and authors of the papers for helping to create an exciting scientic program for ITAT 2015. Special
thanks deserves H. Bilkova for preparing the conference proceedings.

Jakub Yaghob
Charles University in Prague
Chair of the Program Committee

PROFINIT

new frontier group
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Building a Computer System for the World’s Information

Zbynék Falt

Google Ziirich, Switzerland

Abstract: Google’s mission is to organize the world’s in-
formation and make it universally accessible and useful.
Obviously, Google has to deal with many problems to suc-
cessfully fulfill such mission. The talk will address some
of these problems with particular emphasis on the issues
regarding efficient and scalable information storage, pro-
cessing, and querying.

The first part of the talk will be focused on the comput-
ing platforms used at Google and its hardware design phi-
losophy. We will also explain why it could be beneficial to
build warehouse-scale computer facilities using commod-
ity components instead of enterprise components, which
are more reliable.

The second part will focus on the software infrastruc-
ture. We will describe the architecture of Google filesys-
tem, BigTable data storage, Chubby lock service, and the
MapReduce framework. Finally, we will demonstrate how
are these technologies combined when solving real-life
problems.

Zbyn&k Falt (born in 1985) graduated at the Charles
University in Prague in 2010. He continued his studies
at the Charles University and obtained Ph.D. degree in
Software Systems in 2014. His research area was paral-
lel computing and its optimization for modern hardware.
Since 2014 he works in Google Ziirich as a software engi-
neer in the Search Infrastructure team.
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Evolutionary Algorithms — Selected Topics

Ivan Zelinka

Department of Computer Science, Faculty of Electrical Engineering and Computer Science VSB-TUO

Abstract: This keynote is focused on mutual intersection
of interesting fields of research: bio-inspired algorithms,
deterministic chaos and complex systems.

The first part will discuss main principles of bio-
inspired methods, its historical background and its use on
various examples including real world ones. Examples in-
clude plasma reactor control, optimal signal routing in the
network of portable meteorological stations, complex sys-
tem design as antenna design, nonlinear system and con-
trollers design and more. Also its use on deterministic
chaos control with focusing on simple chaotic systems (lo-
gistic, Hennon, ...) as well as CML systems exhibiting
spatiotemporal chaos will be mentioned and explained.

The second part will discuss use of deterministic chaos
instead of pseudo-random number generators inside evo-
lutionary algorithms with application on well known evo-
lutionary algorithms (differential evolution, PSO, SOMA,
genetic algorithms, ...) and test functions. Mutual com-
parison will be presented, based on our research. Also will
be discussed question whether evolutionary dynamics re-
ally need pseudo- random numbers.

At the end will be mentioned a novel approach joining
evolutionary dynamics, complex networks and CML sys-
tems exhibiting chaotic behavior. Reported methodology
and results are based on actual state of art (that is a part of
this tutorial) as well as on our own research.

Ivan Zelinka (born in 1965, ivanzelinka.eu) is currently
associated with the Technical University of Ostrava (VSB-
TU), Faculty of Electrical Engineering and Computer Sci-
ence. He graduated consequently at the Technical Univer-
sity in Brno (1995 — MSc.), UTB in Zlin (2001 - Ph.D.)
and again at Technical University in Brno (2004 — Assoc.
Prof.) and VSB-TU (2010 — Professor).

Prof. Zelinka is responsible supervisor of several
grant researches of Czech grant agency GACR as for
example Unconventional Control of Complex Systems,
Security of Mobile Devices and Communication (bi-
lateral project between Czech and Vietnam) and co-
supervisor of grant FRVS — Laboratory of parallel com-
puting amongst the others. He was also working on nu-
merous grants and two EU projects as member of team
(FP5 — RESTORM) and supervisor (FP7 — PROMOEVO)
of the Czech team. He is also head of research team NAVY
http://navy.cs.vsb.cz/.

Prof. = Zelinka was awarded by Siemens Award
for his Ph.D. thesis, as well as by journal Soft-
ware news for his book about artificial intelligence.
He is a member of the British Computer Society,
Machine Intelligence Research Labs (MIR Labs -
http://www.mirlabs.org/czech.php), IEEE (com-
mittee of Czech section of Computational Intelligence),
a few international program committees of various con-
ferences, and three international journals. He is also the
founder and editor-in-chief of a new book series entitled
Emergence, Complexity and Computation (Springer se-
ries 10624, see also www.ecc-book.eu).
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Stability of Extents in One-Sided Fuzzy Concept Lattices™

Lubomir Antoni, Stanislav Kraj¢i, and Ondrej Kridlo

Institute of Computer Science, Faculty of Science,
Pavol Jozef Saférik University in KoSice, Jesenna 5, 040 01 KoSice
lubomir.antoni@student.upjs.sk, stanislav.krajci@upjs.sk, ondrej.kridloQupjs.sk

Abstract: The efficient selection of relevant extents is an
important issue for investigation in formal concept analy-
sis. The notion of stability has been adopted for this rea-
soning. We present three different methods for evaluation
of stability and we summarize the comparative remarks.

1 Introduction

The efficient selection of relevant formal concepts is an
interesting and important issue for investigation and sev-
eral studies have focused on this scalability question in for-
mal concept analysis. The stability index [27] represents
the proportion of subsets of attributes of a given concept
whose closure is equal to the extent of this concept (in an
extensional formulation). A high stability index signal-
izes that extent does not disappear if the extent of some
of its attributes is modified. It helps to isolate concepts
that appear because of noisy objects in [22] and the com-
plete restoring of the original concept lattice is possible
with combination of two other indices. The phenomenon
of the basic level of concepts is advocated to select impor-
tant formal concepts in [11]. Five quantitative approaches
on the basic level of concepts and their metrics are com-
paratively analyzed in [12]. The approaches on selecting
of the formal concepts and simplifying the concept lattices
are examined in [15], as well.

In this paper, we present three methods which concern
the selection of the relevant formal concepts from the set
of all one-sided fuzzy formal concepts. We recall the mod-
ified Rice-Siff algorithm, extend the results on the quality
subset measure and propose a new index for the stabil-
ity of one-sided fuzzy formal concepts taking into account
the probabilistic aspects in the fuzzy formal contexts. We
would like to emphasize that the best results one can ob-
tain by the combination of various methods.

2 Classical approach

A central role in this section will be played by the notions
of a formal context (Fig. 1), a polar (Fig. 2), a formal
concept and a concept lattice (Fig. 3). We recall the defi-
nitions and we refer to [18] for more details.

*This work was supported by the Scientific Grant Agency of the Min-
istry of Education, Science, Research and Sport of the Slovak Republic
under contract VEGA 1/0073/15.

Definition 1. Ler B and A be the nonempty sets and let
R C B X A be a relation between B and A. A triple (B,A,R)
is called a formal context, the elements of set B are called
objects, the elements of set A are called attributes and the
relation R is called incidence relation.

Figure 1: A formal context ({a,b,c}, {i,iiiii},R)

Definition 2. Let (B,A,R) be a formal context and X €
P(B), Y € P(A). Then the maps /. P (B) — P(A)
and /' P(A) — P (B) defined by

S (X)=X"={yeA: (VxeX){x,y) €R}
and

/ (Y)=Y< ={xeB:(¥yeY)xy) R}

are called concept-forming operators (also called deriva-
tion operators or polars) of a given formal context.

{a,b,c}
7 ({ab})

eb) 4% bt 7 (fa))
(a) w o
d 20

Figure 2: Polar " of (Z(B),C)

Definition 3. Ler (B,A,R) be a formal context, /* and ./
are concept-forming operators and X € Z(B), Y € Z(A).
A pair (X,Y) such that X" =Y and Y< = X is called a
formal concept of a given formal context. The set X is
called extent of a formal concept and the set Y is called
intent of a formal concept. The set of all formal concepts
of a formal context (B,A,R) is a set

€ (B,A,R)={(X,Y)e Z(B)x 2(A): X" =Y, Y¥ =X}.
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Definition 4. Let (X;,Y1),(X2,Y2) € C(B,A,R) be two for-
mal concepts of a formal context (B,A,R). Let < be a
partial order in which (X1,Y) < (X2,Y2) if and only if
X1 € Xp. A partially ordered set (¢'(B,A,R),=) is called
a concept lattice of a given context and is denoted by
CL(B,A,R).

{a.bsc},0)

{{a,b}, {i}) ({bc}, {ii})

{{b}, {i,ii})

(0, {i,ii,iii})

Figure 3: A concept lattice of ({a,b,c}, {i,ii,iii},R)

3 One-sided fuzzy approach

The statements that people use to communicate facts about
the world are usually not bivalent. The truth of such state-
ments is a matter of degree, rather than being only true
or false. Fuzzy logic and fuzzy set theory are frameworks
which extend formal concept analysis in various indepen-
dent ways [5, 6, 9, 23]. Here, we recall the basic defini-
tions of fuzzy formal context. The structures of partially
ordered set, complete lattice or residuated lattice are ap-
plied here to represent data. The last one allows to speed
up the computing.

Definition 5. Consider two nonempty sets B a A, a set of
truth degrees T and a mapping R suchthatR:BxA —T.
Then the triple (B,A,R) is called a (T )-fuzzy formal con-
text, the elements of the sets B and A are called objects
and attributes, respectively. The mapping R is a fuzzy in-
cidence relation.

In the definition of (7')-fuzzy formal context, we of-
ten take the interval 7 = [0,1], because it is a scale of
truth degrees commonly used in many applications. For
such replacement, the terminology of [0, 1]-fuzzy formal
context has been adopted. Analogously, one can de-
fine the (more general) notion of L-fuzzy formal con-
text, or P-fuzzy formal context, having replaced the in-
terval [0, 1] by the algebraic structures of complete resid-
uated lattice L, partially ordered set P or other plausi-
ble scale of truth degrees. Several extensions were advo-
cated by the authors to provide the knowledge extraction
from (T')-fuzzy formal contexts, whereby the set of truth
degrees T € {L; P; [0,1];{0,0.5,1}; {a1,...,an}; ...} is
frequently selected.

The one-sided approach [23] one can represent by the
concept-forming operators in a non-symmetric way. For
[0,1]-fuzzy formal context and for every crisp subset of

R ayp | az | ag

b; [ 1 ]09]0.8
by [0.8/0.7]0.7
bz [0.3/0.3]0.3
by [0.8]0.6]0.9

Figure 4: Example of [0, 1]-fuzzy formal context

objects X, the first function assigns the specific truth de-
gree of the attribute (each object from X has this attribute
at least in this specific truth degree):

Definition 6. Let X C B and 1: (B) — [0,1]A. Then
1 is a mapping that assigns to every crisp set X of objects
a fuzzy membership function X' of attributes, such that a
value in a point a € A is:

X' (a) = inf{R(b,a) : b€ X }. (1)

Conversely, for each fuzzy membership function of at-
tributes, the second concept-forming operator assigns the
specific crisp set of objects (each included object has all at-
tributes at least in a truth degree given by this fuzzy mem-
bership function):

Definition 7. Let f: A — [0,1] and |: [0,1]* — 2(B).
Then | is a mapping that assigns to every fuzzy member-
ship function f of attributes a crisp set | (f) of objects,
such that:

fr={beB:(VYacAR(b,a)> f(a)}. (2)
Lemma 1. The pair (1,1) forms a Galois connection.

Proof. Take X,X1,X, C B and f, fi,f> € [0,1]4. The in-
equality f; < f» expresses that fi(a) < f>(a) forall a € A.
From Eq. (1) and (2), it holds that

e X; C X, implies that XlT > XT,

e fi < f> implies that fll ») fzi,

e XCXx™,

o f< fH,
which are the assumptions on the pair of mappings to be
a Galois connection. O

In addition, the composition of Eq. (1) and (2) allows
us to define the notion of one-sided fuzzy concept.

Definition 8. Let X C B and f € [0,1]A. The pair (X, f)
is called a one-sided fuzzy concept, if X' = f and f+ =X.
The crisp set of objects X is called the extent and the fuzzy
membership function X' is called the intent of one-sided
fuzzy concept.

The set of all one-sided fuzzy concepts ordered by in-
clusion of extents forms a complete lattice, called one-
-sided fuzzy concept lattice, as introduced in [23]. This
construction is a generalization of classical approach
from [18]. The one-sided fuzzy concept lattices for a fuzzy
formal context from Fig. 4 is illustrated in Fig. 5.
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{b1,b2,b3,bs}, (0.3,0.3,0.3)
{b1,bg,bs}, (0.8,0.6,0.7)

{b1,bs}, (0.8,0.7,0.7) {by,bs}, (0.8,0.6,0.8)

{b1}, (1,0.9,0.8) {bs}, (0.8,0.6,0.9)

®7 <17 ]'7 ]'>

Figure 5: One-sided fuzzy concept lattice for [0, 1]-fuzzy
formal context from Fig. 4

3.1 Modified Rice-Siff algorithm

In effort to reduce the number of one-sided fuzzy formal
concepts, the Rice-Siff algorithm was modified and ap-
plied in [23, 25]. The method focuses on the distance
function and its metric properties. The distance function
p: Z(B) x #(B) — Ris defined for X;, X, C B by:

Laeamin{T (X1)(a), T (X2)(a)}
Laeamax{1 (X1)(a), T (X2)(a)}’

This function is a metric on the set of all extents. The
function is a cornerstone of Alg. 1.

p(X1,X2) =1~

Algorithm 1. (Modified Rice-Siff algorithm)
input: (B,A,R)
€ <+ D+ {{b}V: b€ B};
while (|12 > 1|) do {
m<— min{p(Xl,Xz)  X1,X € @,X} 75 Xz}
W {<X1,X2> EDXD: p(Xl,Xz) = m}
V+{XeP:(3Ye)X,Y)ec¥}
N = {(XUXo)™ (X1, %) € P)
D+~ (2\V)uN
C—cFcUN
¥

output: €

Notice that set Z is changed in each loop by excluding el-
ements of ¥ and joining a member of .4 in each loop. It
assures that set & is still decreasing. More particular, two
clusters with minimal distance are joined in each step of
algorithm and the closure of their union is returned as the
output. Such closures are gathered in a tree-based struc-
ture on the subset hierarchy with the cluster of all objects
in the root. The zero iterations gather the closures of sin-
gletons, therefore the value of minimal distance function
is not computed in the zero step. The more detailed prop-
erties of this clustering method with the special defined
metric are described in [23, 24, 25].

3.2 Subset quality measure

Snésel et al. in [38] reflect the transformation of the origi-
nal [0, 1]-fuzzy formal context to the sequence of classical

formal contexts (from Definition 1) using the binary rela-
tions called o-cuts for o € [0,1]. The core of our novel
modification in this approach (i. e. lower cuts and interval
cuts) follows and it can be fruitfully applied for real data.

Definition 9. Ler (B,A,R) be |0, 1]-fuzzy formal context
and let o € [0,1]. Then the binary relation R, C B X A is
called

e the upper a-cut if (b,a) € Ry is equivalent to
R(b,a) > a,

o the lower o-cut if (b,a) € Ry is equivalent to
R(b,a) < a.
The binary relation Ry C B X A is called

e the interval af-cut if (b,a) € Rgp is equivalent to
R(b,a) € [a, B].

It can be seen that the triple (B,A,R) for every o €
[0,1] forms the formal context given by Definition 1. For
each formal context, one can build the corresponding con-
cept lattice CL({B,A,R¢)) by Definition 4. With respect
to the division of the interval [0,1] into n parts, we can
define the subset quality measure as follows.

Definition 10. Let X C B and Ry, be the upper o-cuts for
o € [0,1]. Then the upper quality measure of the subset X
is the value
Yupp (X,n) =
{pefot...n: @rcayy)ecLB AR}
n+1

whereby n+1 is the count of different values of & which
divides interval [0, 1] into n partitions.

’

The formula of the lower quality measure go (X, n) of
the subset X one can build analogously. However, the
slight modification is naturally needed if we consider the
interval o3-cuts.

Definition 11. Let X C B and Rg be the interval a3-cuts
for o, € [0,1]. Then the interval quality measure of the
subset X is the value

Gint(X,n) =
H(p,r) €J: (Ir CA) |<}TY> € CL(B,A,R%)H
- :

whereby J = {(p,r) € {0,1,...,n} x {0,1,...,n} A p<
r} and n+1 is the count of different values of o0 and simul-
taneously B which divides interval [0, 1] into n partitions.

In this paper, we omit the definitions of ¢-concepts,
since more details about the properties of these structures
can be found in [26, 2]. Moreover, the reduction of con-
cepts from generalized one-sided concept lattices based on
the method of upper o-cuts is introduced in the recently
published book chapter of Butka et al. [14]. A method for
o, B-cut of bipolar fuzzy formal contexts with illustrative
examples is proposed in [36, 37].
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3.3 Gaussian probabilistic index

In our recent work [3], the notions of [0, 1]-fuzzy formal
contexts and random variables are connected in effort to
define the randomized formal contexts and to explore the
stability of extents of one-sided fuzzy formal concepts.

We will consider the sample space Q as a set of all
possible finite or infinite outcomes of a random study.
An event T is an arbitrary subset of Q. The probability
function p on a finite ({@,...,®,}) or infinite (e. g. in-
terval of real numbers) sample space  assigns to each
event 7 C Q a number p(T) € [0, 1] such that p(Q) =1
and p(TUDL U...) = p(Th)+ p(Tr) + ... for T, Tx,...
which are disjoint. From 7T UT¢ = Q, we deduce that
p(T¢) =1—p(T). Events T}, T»,...T,, are called inde-
pendent if p(Ti N N...NT,) =TT, p(T;).

Definition 12. Ler (B,A,R) be [0,1]-fuzzy formal context.
Fori € {1,...,n}, consider the system of |0, 1|-fuzzy for-
mal contexts (B,A,R;) such that

Ri(b,a) = min{ 1,max{0,R(b,a) + &a,} },

whereby €y, 4 ; is a normally distributed value of a random
variable &, , with the mean 0 and variance ol i.e. Epa~
N(0,02), forall b € B,a € A.

Let X C B. The Gaussian probability index gpi :
P(B) x Rt — [0, 1] is the function given by

gpi(X,0) = p(X is an extent of (B,A,R;))

for an arbitrary subset of objects X, an arbitrary standard
deviation ¢ and mean 0. The [0,1]-fuzzy formal context
(B,A,R;) will be called the randomized (fuzzy) formal con-
text for eachi € {1,...,n}.

B o Tas B’ ap | ag Ry ap | ag Ry ap | as
by [0.8]0.1 by [0.87/0.07 by | 1 ]0.11 by [0.78] 0
bs |10.5]0.7| — | by 0.46]0.72 bs 10.53]0.82| - | by [0.51]0.66
b3 10.1]0.9 b3 | 0 ]0.93 b3 10.08]0.78 b3 10.15] 1

Figure 6: Example of randomized formal contexts

The values of Gaussian probability index express the
probability of X being the extent of the arbitrary random-
ized formal context by supposing the standard deviation ¢
in the values of the incidence relation R; in comparison
with the original incidence relation R. Alternatively, the
values of the Gaussian probability index one can com-
pute by the following construction. Consider the random-
ized formal contexts (B,A,Ry),(B,A,R)...,{(B,A,R,) for
a large positive integer n (see Fig. 6). Then by the classical
definition of probabilistic function p one can write

gpi(X,0) =
li,i€{1,2,...,n}: X is an extent of (B,A,R;)| 3)
. :

The computation of Eq. (3) is described by Alg. 2.

Algorithm 2. (Algorithm of Gaussian probabilistic index)
input: (B,A,R), X, 0, n
k<+0;
fori:=1tondo
{
forallb e Bdo
forallae A do
{
€p.q,i < Random.nextGaussian() * 0;
Ri(b,a) < min{1,max{0,R(b,a) + &4} };
}
if (X is an extent of (B,A,R;)) then
k< k+1;
}
. k
gpi(X,0) « —;
n
output: gpi(X, o)

In effort to express the values of Gaussian probabilistic
index directly from the input [0, 1]-fuzzy formal context,
we explore the probabilistic aspects of randomized formal
contexts including the boundary test conditions in [3].

Theorem 1. Let X C B and let (B,A,R;) be a randomized
formal context for some i € {1,...,n}, i. e.

Ri(b,a) = min{ 1,max{0,R(b,a) + ebﬁ,,-}}

for the [0,1]-fuzzy formal context (B,A,R) and normally
distributed value €, , ; of random variable &, ; ~ N(0, o?)
for all b € Bya € A. Then the value of Gaussian proba-
bilistic index for the subset X C B and standard deviation
O is given by

o= 1 (N((N7)))

0€B\X acA  xeX
where T represents the event

(9@0,11 - (gox,a < R(x,a) — R(o,a) A
Epa<1—R(0,a) A
Eca > —R(0,a).

For more details, see the results from [3]. Here, we em-
phasize that the set of pairs {(X,gpi(X,0)) : X C B} for
some ¢ can be ordered by the second coordinate, which
gives the opportunity to use the Gaussian probabilistic in-
dex to select the relevant one-sided formal concepts in the
applications.

3.4 Comparative remarks

The relationship between the Gaussian probabilistic in-
dex and the methods from Subsection 3.1 and 3.2 is now
briefly outlined:

e every cluster ./ obtained by modified Rice-Siff al-
gorithm is the extent of one-sided fuzzy formal con-
cept of the input formal context (because we have that
N = {(X] LJXz)T¢ : <X1,X2> € 1P}),
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e modified Rice-Siff algorithm represents the crisp in-
dex for selection of one-sided concepts, the Gaussian
probabilistic index is a fuzzy index,

e the subset quality measure and the Gaussian prob-
abilistic index can be applied also for the subsets
which are not the extents of the one-sided formal con-
cepts of the input [0,1]-fuzzy formal context,

e the clusters obtained by modified Rice-Siff algorithm
have mostly the higher gpi(X, o) as the other extents
of one-sided formal concepts, some exceptions exist,

e the Gaussian probabilistic index gpi works with data
tables (relations) which need not to be ordinally
equivalent. The relationship between the ordinally
equivalent relations were explored by Bélohlavek [7],

e we conclude that it is important to understand the ad-
vantages of the available methods and to apply them
separately or in their mutual combination.

The comparative example on the modified Rice-Siff al-
gorithm and the Gaussian probabilistic index can be found
in [3] including the interpretation and explanations.

4 Applications and future work

An extensive overview of papers which apply formal con-
cept analysis in various domains including software min-
ing, web analytics, medicine, biology and chemistry data
is provided in [32]. Particularly, we mention the concep-
tual difficulties in the education of mathematics [34], the
techniques for analyzing and improving integrated care
pathways [33] or evaluation of questionnaires [10, 8].
In [20], formal concept analysis is applied as a tool for
image processing and detection of inaccuracies. Recently,
the morphological image and signal processing from the
viewpoint of fuzzy formal concept analysis was presented
in [1]. The main results offer the possibility to interpret the
binary images as the classical formal concepts and open
digital signals as fuzzy formal concepts.

Regarding one-sided fuzzy approach from Section 3,
a set of representative symptoms for the disease are inves-
tigated in [21]. Furthermore, the application of fuzzy con-
cepts clustering in the domain of text documents [13, 35]
or attribute characterizations of cars in generalized one-
-sided concept lattices [19] are the subjects of study.

In our future work, our aim is to extend the results pre-
sented in [23, 24, 25] and to verify the methods in the ap-
plications from the educational area or in the area of social
networks. More particular, for a given set of students from
a longitudinal survey about the relationships between the
students in the secondary school classes, we can compute

a) the clusters of students sensed similar by their school-
mates (by modified Rice-Siff algorithm from Subsec-
tion 3.1),

b) the clusters of more popular students or less popu-
lar students (by upper or lower cuts of subset quality
measure from Subsection 3.2),

¢) the stable clusters of students sensed similar due to
random fluctuation of data (by Gaussian probabilistic
index from Subsection 3.3).

The another possibility is to consider a set of students
and their scores of the tests from different subjects (see
Fig. 7). Take for example student b, and find the students
with better results as by in all subjects. From Section 3
we have that {b,}™* = {b;,b,}. Will it be valid after the
repeated exams? We suppose that student bz will not be
better than by or b,. However, how about student by ? What
is the probability of that some other student will join the
group {bj, by} in other testing?

R

ayp | az | ag

by [ 1 ]0.9]0.8
by [0.8/0.7]0.7
bz [0.3/0.3]0.3
by [0.8]0.6]0.9

Figure 7: Students and their scores

We can answer these question by Gaussian probabilistic
index presented in Subsection 3.3. The Gaussian normal
distribution one can replace by real observations of teach-
ers who can estimate the standard deviations for each in-
dividual student. We can suppose that one of the students
will obtain roughly 90% in the most of exams, but once a
time it can happened that he/she will pass 70% for differ-
ent reasons, otherwise will reach 98%.

In another way, the paper [31] compares sev-
eral collaborative-filtering techniques on a dataset from
courses with only a few of students. The random Galois
lattices [16], the randomized formal contexts of a discrete
random variable, a generalized probability framework [17]
and stability in a multi-adjoint framework [28, 29, 30] or
heterogeneous framework [4] will be the point of interest
in our future work, as well.
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Abstract: Transforming procedural code for execution by
specialized parallel platforms requires a model of compu-
tation sufficiently close to both the sequential program-
ming languages and the target parallel environment. In
this paper, we present Hybrid Flow Graphs, encompassing
both control flow and data flow in a unified, pipeline based
model of computation. Besides the definition of the Hy-
brid Flow Graph, we introduce a formal framework based
on graph rewriting, used for the specification of Hybrid
Flow Graph semantics as well as for the proofs of cor-
rectness of the associated code transformations. As a for-
malism particularly close to pipeline-based runtime envi-
ronments which include many modern database engines,
the Hybrid Flow Graphs may become a powerful means
for the automatic parallelization of sequential code under
these environments.

Keywords: compiler, graph, optimization, parallelism

1 Introduction

Parallelization of procedural code has been studied for
several decades, resulting in a number of mature im-
plementations, usually tightly coupled with compilers
of FORTRAN or C. In most cases, the parallelization
techniques are targeted at multi-threaded environment,
sometimes augmented with task-based parallelism. This
shared-memory approach is perfectly suited for numeric
applications; however, there are niches of computing
which may benefit from a different run-time paradigm. In
particular, database systems make use of execution plans
which explicitly denote the data flows between operators;
similar graph-based representation is often used in stream-
ing systems. Besides other advantages, the explicitly de-
noted data flow allows easier distribution of the computa-
tion across different nodes, compared to the complexity of
potentially random access in the shared-memory model of
computation.

Nevertheless, database and streaming systems lack the
generality of procedural programming languages. To ex-
tend the applicability of such runtime systems towards
general programming, a system capable of compiling (a
subset of) a well-known procedural language is required.
This paper demonstrates an important step towards such
a system — an intermediate representation capable of de-
scribing procedural code using the language of data-flow
oriented graphs.

Our approach is focused at target environments in which
an application is presented in two layers — the declarative
upper layer represented as a graph of operators, the lower
layer consisting of a procedural implementation of indi-
vidual operators. In such a setting, a language front-end
transforms the application source code into an intermedi-
ate representation; then, a strategic phase decides where
to put the boundary between the declarative upper layer
and the procedural lower layer. Finally, the upper layer
is converted into the final graph while procedural code (in
source, bytecode, or binary form) is generated from the
lower layer.

Realization of this idea involves many particular prob-
lems; in this paper, we deal with the intermediate represen-
tation which serves as the backbone connecting the front-
end, strategy, and generator phases. Since the upper layer
will finally be represented by a graph, it seems reasonable
that also the intermediate representation be graph based.
However, such a graph shall also be able to completely
represent the lower, procedural part of the application. Al-
though the theory of compiling uses graphs in many ap-
plications including the representation of the code, the
control-flow and data-flow aspects of the code are usually
approached differently. In our approach, the control flow
and the data flow is represented by the same mechanism
because the strategic phase must be able to make the cuts
inside both the control flow and the data flow.

In this paper, we present Hybrid Flow Graphs (HFG) as
an intermediate representation of procedural code, capa-
ble of representing control-flow and data-flow in the same
layer. We will demonstrate two forms of the HFG, the
Sequential HFG and the General HFG. The former form
has its execution constrained to sequential, equivalent to
the execution of the procedural code which it was gen-
erated from. The latter form exhibits independent exe-
cution of individual operations, showing available paral-
lelism. Of course, making operations independent requires
careful dependency analysis — we assume that the required
points-to/alias/dependency analyses were made before the
conversion to HFG, using some of the algorithms known
from the theory of compiler construction.

We will describe the operational semantics of both the
sequential and the independent forms of HFG and we will
also demonstrate the conversion between them. We will
use graph rewriting as the vehicle for the description of
both the semantics and conversions. The use of graph
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rewriting systems allows for some generality of the ap-
proach, both in the description and in the implementation.
In particular, the set of operations provided by the inter-
mediate code may be defined almost arbitrarily as long as
their semantics is depicted by graph rewriting rules. On
the other hand, the set of control-flow operations is fixed
since it forms the non-trivial part of the transformation
from sequential code.

In this paper, we will use the set of types and operators
borrowed from the C# language, more exactly, from its
standard bytecode representation called CIL [1]. This in-
cludes some artifacts specific to the CIL, namely the stack
and the associated operations. Since the Sequential HFG
mimics the behavior of the CIL abstract machine, the stack
operations are preserved in the HFG. However, they must
disappear in the transformation to the General HFG; oth-
erwise, the presence of stack operations would prohibit al-
most any parallelism. Since the removal of stack opera-
tions is a non-trivial sub-problem, we include the corre-
sponding (CIL-specific) algorithm in this paper, as well as
the description of the preceding conversion of CIL into the
sequential HFG.

The rest of the paper is organized as follows: We review
the related work in Section 2. The hybrid flow graph and
its semantics is defined in Section 3. We define the se-
quential hybrid flow graph in Section 4. In Section 5, we
present an algorithm producing a sequential HFG from a
source code. Section 6 presents the algorithms that trans-
form a general HFG to a sequential HFG.

2 Related Work

The flow graph described in this paper is similar but not
identical to other modeling languages, like Petri nets [2]
or Kahn process networks [3]. The main difference is that
the flow graph was designed for automatic generation from
the source code, where the other languages are generally
used to model the application prior to implementation [4]
or to verify a finished system [5]. The flow graph is sim-
ilar to the graph rewriting system [6], which can be used
to design and analyze applications, but it is not convenient
for execution. There are frameworks that generate GRS
from procedural code like Java [7], though the produced
graphs are difficult to optimize. The flow graph has simi-
lar traits to frameworks that allow applications to be gen-
erated from graphs, like UML diagrams [8] [9], but we
concentrate both on graph extraction and execution.

The flow graph is closely related to graphs used
in compilers, mainly the dependence and control flow
graphs [10], where the flow graph merges the informa-
tion from both. The construction of the flow graph and
its subsequent optimization relies on compiler techniques,
mainly points-to analysis [11], dependence testing [12]
and control-flow analysis [13]. In compilers, graphs result-
ing from these techniques are typically used as additional
annotation over intermediate code.

The flow graph is not only a compiler data represen-
tation, it is a processing model as well, similar to KPN
graphs [14]. It can be used as a source code for specialized
processing environments, where frameworks for pipeline
parallelism are the best target, since these frameworks use
similar models for applications [15]. One such a system is
the Bobox framework [16], where the flow graph can be
used to generate the execution plan similarly to the way
Bobox is used to execute SPARQL queries [17].

2.1 Graph Rewriting

A graph rewriting system (GRS) is a set of rules R trans-
forming one graph to another. The rewriting systems are
very similar to grammars where each rule has a left side
that has to be matched to the graph and a right side that
replaces it.

The GRS are very simple and they are best explained
by an example. Figure 2 shows the CIL based rewriting
system, where each rule emulates a single CIL instruction.

We use extended rewriting rules where * represents
any node (wildcard) and we add Greek letters to identify
unique wildcard nodes where necessary. Variable names
(x or y) represent only nodes with data. Expressions are
used to simplify data manipulation. This is necessary so
we do not have to create a rule for each combination of
instruction or inputs.

3 Hybrid Flow Graph

A hybrid flow graph (HFG) is an annotated directed graph,
where nodes together with their labels represent operations
and edges represent queues for transferring data. The di-
rection of the edge indicates the direction of data flow.
Figure 1 shows a general hybrid flow graph for a simple
function (see Listing 1 for source code).

void SimpleLoop(int a) {

for (int i=a; i<5; )
{

i = call(i);

}

}

Listing 1 Simple function containing a single loop

A hybrid flow graph is a general concept that can be
used regardless of operations O or data types T. A plat-
form specific flow graph model is defined by specify-
ing O and T based on the target platform. The plat-
form specific definition is HFG_MODEL ;4 form = (O U
{special operations},T), where O and T are platform
specific and special operations are platform independent
(see Section 3.1). The hybrid flow graph semantics (ex-
plained in Section 3.2) are also platform specific.

As our research is focused on C#, we use CIL [1] in-
structions to specify node operations. The most common
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<
call Idc 5

ldarg a

Idc 5

cle

Figure 1: The HFG representation of the C# code from
Listing 1

instruction in our examples are: [d! x (load variable or
constant), st/ x (write to a variable), cle (compare less or
equal), add etc. (mathematical operations) [1]. We omit
data types for the edges, because they are not important
for the graph construction.

3.1 Representation of Control Flow

Control flow operations are transformed into platform in-
dependent special operations which interact with the data-
flow carried through the platform specific basic opera-
tions. Graphical notation of special operations is in Fig-
ure 3, where a broadcast is a black square and a merge is
a white square.

A broadcast node has a single input and a variable num-
ber of outputs. It represents an operation that creates
a copy of the input for each output.

A merge node has a single output and three inputs. It
represents an operation that accepts data from two sources
and passes them to a single operation based on a condition,
it is used to merge data flow after a conditional branch.

A loop merge node is a special version of the merge
node with two inputs for conditional branches, it is used
to merge data in loops. The input is split into two pairs,
where each contains one data input and one condition in-
put. The node first reads data from the first pair and then
it loops, while the second pair has a positive value in the
condition input.

3.2 Semantics of Hybrid Flow Graphs

The hybrid flow graph semantics define the way nodes
process data and communicate. Basically, nodes represent
operations or data and edges represent unbounded queues
(FIFO) for data transfer.

Semantics are platform specific, similar to the hybrid
flow graph model. We define the hybrid flow graph se-
mantics using the graph rewriting systems according to the
platform specific operations logic.

We define the HFG semantics for CIL using graph
rewriting. Figure 2 shows the example of definition for
the basic instructions. Instruction load constant (I/dc) has
a special behavior, it produces a single constant and then

|Idcx| |Idc—rx| | a | | o*
>
| B* | | X | |Idc—rx|—>|ldc-rx|
¥ [ ]
g ] L] [ ]

Figure 2: Semantics of selected basic operations

[x Ly Jwe]l =

*

|B* Y

Figure 3: Semantics of selected special operations

it repeats while it has an input, we specify this behavior
by changing its label to /dc — r. The definition of special
operations is illustrated in Figure 3, the figure contains the
definition of broadcast and merge. We use special graphi-
cal notation for special operations, since they are platform
independent (broadcast is black square, merge is a white
square).

We can use the graph rewriting rules defined in Figure 2
and 3 to perform the computation of a hybrid flow graph.
The computation of a flow graph with a for-loop is shown
in Figure 4. Each part of Figure 4 contains the HFG state
after application of a single rule and the computation starts
after application the /dc5 rule.

4 Sequential HFG

In this section, we define the semantics of a sequential hy-
brid flow graph using the graph transformation systems.
A sequential hybrid flow graph is a special HFG that uses
a program counter a memory nodes instead of special op-
erations defined in Section 3.1. It has a strict control flow
that closely follows that of the source program. It is use-
less for the parallel pipelines or other applications, but it
allows us to create a general HFG from the source code.
We use special operations for variables and the stack
(CIL virtual machine is stack based [1]), these operations
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(a) application of /dcS5 rule (b) application of broadcast

(c) application of cle rule

(d) application of merge rule

Figure 4: Computation of a hybrid flow graph

IM ERZE
E STACK dcx STACK

Stl STACK l= STACK|

-‘E var ' STACK m STACK
o] I-= — - -

STAC brc 'E STACK >
B* false B* B* true

Figure 5: Semantics of selected CIL sequential HFG oper-
ations

fsmacd
¥
g | v |

are used to model the data flow. Plus we add a special
node P (program counter) to model the control flow.

4.1 Semantics of a CIL Sequential HFG

The sequential hybrid flow graph semantics is defined us-
ing the graph rewriting, same as any other hybrid flow
graph. The transformation rules for the CIL based sequen-
tial hybrid flow graph are defined in Figure 5, we present
only the rules necessary for our examples.

The GRS rules defined in Figure 5 are completely based
on the CIL instruction definition [1]. The control flow is
controlled by the node P, which follows the edges between
instructions. The instruction edges are constructed accord-
ing to the following rules: 1) The standard instructions fol-
low one another 2) The branches have two outgoing edges,
one following the jump target and the other leading to the
next instruction.

The data management is handled by the stack and
variable operations, where each instruction modifies the

ldl i

Idc 5

cle

Figure 6: Sequential HFG created from code in Listing 1

proper number of stack levels and variables, based on the
instruction definition.

The actual computation is the same as in the case of the
NET virtual machine, the control flow follows the same
path, variables and stack contain the same value at after
every evaluated instruction. Graphically, the computation
is similar to Figure 4.

5 Transformation of CIL to Sequential
HFG

In this section, we explain how to create a sequential hy-
brid flow graph from a CIL code. We present an algorithm
that produces a sequential HFG that follows the CIL com-
putation step by step, including control and data flow. It
allows us to define the advanced transformation algorithm
in Section 6.

The basic transformation of a CIL code to a sequential
HFG requires two steps: 1) create nodes based on the in-
structions 2) create edges based on the control and data
flow.

The entire transformation is in Algorithm 1, function v
maps nodes to operations. The node P is basically a pro-
gram counter, it points to the actual instruction and it is
used to handle the control flow. The input sets I, M, P, are
obtained from the source code. Sr; and Sw; are based di-
rectly on CIL specification [1]. The transformation is best
presented on an example, Listing 1 contains CIL source
code and Figure 6 contains the resulting graph.

6 Transformation of Sequential HFG to
General HFG

In this section, we present an algorithm that transforms
a procedural code to a hybrid flow graph. We create the
CIL sequential HFG (Section 5) and convert it to a general
HFG that requires neither the program counter P, nor the
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Algorithm 1 Transformation of CIL to Sequential HFG

Require: / — set of instruction addresses
M — set containing all variables
Ci, P; — code and parameter of the instruction i
Sr; — number of stack values read by instruction i
Sw; — number of stack values written by instruction i
Ensure: V —nodes of the flow graph
v(V;) — label of the node V;
E — edges of the flow graph
V = [VP VSTACK
Vi=VU{VNTR: e}
v(VINSTRY .= (C; P,) for each i € I
Vi=VU{VAR :me M}
v(VYARY := (var m) for each m € M
E:=0
forallic/do
if i = branch then
E-—EU {(ViINSTR’Vfl’lNSTR)}
end if
E:=EU {(ViINSTR7‘/iIJ'r\IlSTR)}
12: end for
13: forallicldo
14:  if i = st/ then

R A A

._._.
—_ O

15 E:=EU {(VilNSTR’Vf\’{AR>}
16:  end if
17:  if i = IdI then
18: E::EU{(V}I./ARJ/,-INSTR>}
19: end if
20:  if Sw; > 0 then
21: E:= EU{(V/"oTR VSTACK)}
22: end if
23 if Sr; > 0 then
24: E=EU {(VSTACKavilNSTR)}
25: end if
26: end for
C# Basic Regular
Y blocks expression
CIL =——>ab*(c+d)*
CIL graph/ abbcd valid
acdcc

words

i {t
!nstructlon {}—>
inputs {11,12}

Figure 7: Transformation from CIL to a general HFG

stli [<{darg aleE—

Idl i
! call > stli
cle
1 dl |
Idc 5
ldc 5 > cle

Figure 8: General HFG of the SimpleLoop function before
empty operation elimination

memory nodes. The input for the algorithm is an interme-
diate code; in our case CIL.

The basic idea of the algorithm is that every CIL in-
struction is transformed to a node. The data and control
flow is then modeled using the sequential HFG presented
in Section 5. We emulate computation on the graph and
note what data can reach which instruction, by what path.
Finally, we create edges according to the collected infor-
mation and we introduce special nodes where necessary.

6.1 Flow Graph Construction

To construct a complete flow graph, we create nodes based
on instructions and use a modified sequential HFG to cre-
ate edges and special nodes. We use basic blocks to model
all valid execution paths which we use to create all the
necessary edges. Algorithm 2 describes the entire process,
the other algorithms are discussed in the following sec-
tions. The result of Algorithm 2, applied to the code in
Listing 1, is the HFG in Figure 1 and Figure 8 shows the
graph before NOP elimination.

The first step of the algorithm is to create basic nodes
according to the instructions of the source code (lines 1
to 3 in Algorithm 2).

To crate the edges, we generate necessary execution
paths using the CIL path generator (Section 6.4) and an-
alyze all the possible inputs by the CIL reachability algo-
rithm (Section 6.3). Basically, we emulate computations
for every valid execution path recording the possible in-
puts, and the paths leading to them, for every instruction.

First, we convert the basic blocks to a regular expression
(function to_regular_expression), then we generate all the
valid paths using the CIL path generator. Next, we have
to update the Gy, so it contains the correct number of it-
erations (function update) for every loop (this due to the
IDs assigned to branches as shown in Figure 9). Finally,
we use the CIL reachability to create sets S|y containing
all the possible inputs for each instruction (lines 4 to 10).
Sjo.v) represents sets So to Sy that contain inputs for in-
structions indexed O through N.
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|E|, add |>sTAck E add |~{sTAck Algorithm 2 Hybrid flow graph construction
T 7 ) 7 _>E|-D- 1- ,-”-35: Require: [ — set of instructions
o D1 @ o D | ====--- ) B — graph of basic blocks
p T G — modified CIL graph
D2 B Rcj — modified rules for CIL graph
: Ensure: N —nodes of the flow graph
'* E — edges of the flow graph
B 1L N = {N;i:i € IAV(N;) = O;}
<1 @ 2: regex :=to_regular_expression(B)
X N 3: Spony =0
|E|* brc |>STACK|—»| brc |>STACK - 4: for al W € CIL_path_generator(regex,Gcyy) do
Y ¥ ¥ Y ¥ v—»' D ' 5. foralls; € CIL_reachability(I,update(Geyr),Reir)
a* B* D a* B* v " do
v A 6: S;:=8;Us;
v* |E| B 7. end for
8: end for
Figure 9: Symbolic semantics of selected Sequential HFG 9: for all 5; € Spg.y) do
operations 10. forall p €s;do . .
11: while 3q € s, : q.first = p.first N\q # p do
12: sit=s8\q
13: end while

We can create edges, once the input sets S|,y are ready.
We start by discarding duplicate sources, because each in-
struction can produce only one value, which can reach the
instruction i through multiple paths (different iterations in-
between), we can keep any instance as they are equivalent
(lines 12 to 16). Then we check the number of inputs left,
if there is the same number of sources as the instruction i
has inputs then we simply create edges (lines 17 to 21).

If there is more sources than i has inputs then we create
merge nodes to select the correct input value and we con-
nect them to a condition that decides what input is used.
We iterate over the sources and we compare the attached
paths, the paths always start the same (i.e. the first instruc-
tion) and they continue until there is a conditional branch
that changes the execution order for one of them. We cre-
ate a merge node, connect both sources to it and we con-
nect the branch condition to the condition input. This way,
we reduce the number of incoming edges, until it matches
the number of inputs.

The last step of Algorithm 2 is the elimination of empty
operations that no longer have any purpose. This means
mainly loading and storing local variables (/d! and stl).
Eliminate NOP removes any nodes that do not change the
data.

6.2 Symbolic Semantics of Sequential HFG

We use modified semantics for the CIL sequential HFG
defined (Section 5). The modified rules work with instruc-
tion identifiers instead of actual values. This way, we can
analyze which instructions consume the value produced
other instructions. The rule modification is shown in Fig-
ure 9.

We assign each instruction an identifier equal to its in-
dex (Vi € I : id(i) = i). The identifiers of branches decide
how many times the branch is true before it is false, we

14:  end for
15:  if |s;| = input_count (i) then

16: forall p € s5;do

17: E:=EU{(p,i)}

18: end for

19:  else

20: while |s;| > input_count (i) do
21: a:= ;0]

22: b:=si[1]

23: V =V U{merge}

24: E := EU{a.first,merge}
25 E :=EU{b.first,merge}
26: E := EU{merge,i}

27: while a.second[pos| = b.second|pos] do
28: pos := pos+ 1

29: end while

30: E := EU{pos,merge}

31 end while

32:  endif

33: end for

34: eiminateyOP(V E)

use this to drive the control flow (explained in the next sec-
tion). Last modification is that the rules output identifiers
of consumed values, this is indicated by the bold dashed
boxes on the right side in Figure 9.

6.3 CIL Reachability

We use the modified HFG semantics to locate all possible
inputs for each instruction i, where an input is an instruc-
tions producing a value consumed by i. We do this by em-
ulating CIL computation and storing the inputs for each
instruction, implemented by Algorithm 3.
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Algorithm 3 CIL reachability
Require: [ — set of instructions
Gy, — modified CIL graph
Rcyr — modified rules for CIL graph
Ensure: S.y] — sets of sources for each instruction
1: path:= () — empty path
2: while 3r € R¢yy : applicable(Geyp,r) do
3. i:= program_counter(Gcyy) — current instruction
4:  consumed = apply(Gcyp,r) — apply rule
5. for all id € consumed do
6: S; = S,'U{(id,[)dih)}
7
8
9:

end for
path := path - i — update execution path
end while

Algorithm 3 uses several simple functions: applicable
tells whether the rule can be matched on the graph, apply
applies the rule and returns the input IDs (dashed boxes in
Figure 9), program_counter returns the instruction con-
nected to P.

6.4 CIL Path Generator

We have to examine all valid execution paths to make sure
that the HFG is complete. We do this by creating a regular
expression representing the control flow and then generat-
ing all valid words (paths).

We create basic block graph based on the source code,
this is a very simple algorithm explained in [10]. The ba-
sic block graph can be interpreted as a finite state machine,
the source code is finite, producing only a finite number
of states. We disregard the actual values produced in the
blocks that define the actual control flow. Instead, we treat
the basic block graph as a finite state machine that accepts
a set of words where each word defines a valid order of
basic blocks. Therefore the execution paths can be rep-
resented by a regular expression [18]. Based on the ba-
sic blocks, we create a regular expression modeling all the
valid execution paths.

Algorithm 4 CIL path generator
Require: R - regular expression
Ensure: W — set of words

1: forall/ € [1:3xlength(R)] do

22 forallwe{viv=e*ANecXZA|v|=1}do
3 if valid(w,R) then

4: Wi =WuU{w}

5: end if

6:  end for

7: end for

Algorithm 4 generates all valid execution paths, where
the function valid simply checks if the word is valid ac-
cording to the regular expression and X is the alphabet.
We limit the word length, thus limiting the loop iteration

count, because multiple loop iterations do not add new in-
formation (see Section 6.5 for more details).

6.5 Algorithm Correctness

In the following sections, we discuss the reasoning behind
the hybrid flow graph construction presented in Section 6,
mainly why it is equivalent to the input source code. Here,
we present only the main ideas of a proof, because a com-
plete proof would require too much space.

We have to focus mainly on three parts of the transfor-
mation algorithm: 1) the CIL sequential hybrid flow graph
is equivalent to the CIL source code 2) the analyzed ex-
ecution paths contain all the possible inputs 3) the merge
nodes created according to the execution paths are placed
correctly.

6.6 CIL HFG Equivalence To Code

We prove the equivalence of the CIL code and the CIL
hybrid graph (Section 5) by making sure that they have
the same control and data flow. We can do this, because
the CIL graph contains a node for program counter and
nodes for variables and stack.

We base the proof on the fact that the HFG operations
behave the same way as the instructions. The program
counter is passed from one instruction to another in the
same way as in CIL — control flow is the same. The in-
structions store data using special operations (nodes) for
stack and variables in the same way they do in memory —
data flow is equivalent. We omit the full proof, because it
would be too long and technical.

6.7 Flow Graph Logic

We cannot use the same approach for a general hybrid flow
graph as for CIL sequential HFG, because a general HFG
does not model the platform specific memory features and
control logic. Instead, we focus on the transformation of
a CIL sequential HFG to a general HFG. We prove their
equivalence by tracing all valid execution paths.

Lemma 1 (Necessary execution paths). Let W we a set
of words produced by the CIL path generator algorithm
(Algorithm 4) and E := {ex : e € L} set of all words, then
Uywew reachable(w) =, reachable(e), where the func-
tion reachable represents the CIL reachability algorithm.

Proof. The lemma says that the paths generated by Al-
gorithm 4 produce all possible inputs for all instructions.
This is true because there is only a limited number of paths
that can produce new inputs.

The basic block graph can be viewed as a finite state ma-
chine. The regular language accepted by the state machine
can be infinite, but only due to the Pumping lemma [19],
which means infinite loop iterations.

The important effect of loops is that the instructions use
values produced outside the loop in the first iteration and
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then they consume values produced in the loop. The only
possible exception is a conditional branch in the loop, but
we check the paths with both branches taken in the first
iteration. O

Lemma 2 (Data flow path merging).
(Spings Paeny)  be  sources  for instruction i, then
input_count(i) = N = (S.n),i) € E(HFG) or
input_count(i) < N = 3Im € V(HFG) A (S|;.y),m) €
E(HFG)

Let pairs

Proof. The lemma says that either all the sources were
used to create appropriate edges or that a merge nodes
were introduced if there is too many sources.

The first implication is true, because Algorithm 2 cre-
ates an edge for every source (lines 17 to 20).

The second implication is correct, because the algo-
rithm creates merge nodes when there is too many sources
(line 25). The merge is created based on the execution path
stored for each input, it is connected to the last instruction
of the prefix shared by both paths (lines 29 to 32). This
means that the merge is driven by the conditional branch
that changed the execution path and decided what source
would be used. O

7 Conclusions

We designed the flow graph to represent a procedural code
along with important information about its structure and
behavior. We defined the HFG semantics using graph
rewriting, which is basically a grammar on graphs. We de-
fined semantics for both the sequential and general HFG
using the formalism, thus making the sequential HFG a
special version of the general HFG. We designed an algo-
rithm that transforms a sequential source code (C# com-
piled to CIL) to a general HFG using mainly the HFG se-
mantics and graph algorithms. Therefore, the algorithm
can be modified for other platforms.

We have implemented a prototype of the general HFG
that uses the defined semantics and is capable of com-
pletely parallel computation. The prototype serves as the
proof of concept, showing that the HFG is defined cor-
rectly. It is implemented using the Bobox framework [16].
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Abstract: Distributed computing and cloud phenomenon
have become an intensively studied topic in the past
decade. These technologies have been enveloped with at-
tractive business models, where the customer pays only
for the resources or services which have been actually
utilized. Even though this popularity lead to rapid de-
velopment of distributed algorithms, virtualization plat-
forms, and various cloud services, many issues are still
waiting to be solved. One of these issues is the question
of power efficiency. In this paper, we investigate possibil-
ities of applying single-board computers as platform for
distributed systems and cloud computing. These small de-
vices (such as Raspberry Pi) are quite power efficient and
relatively cheap, so they may reduce the overall cost for
cloud services. Furthermore, they may be employed to
create small clusters that could replace traditional enter-
prise servers and achieve lower cost and better robustness
for some tasks.

Keywords: reliability, distributed systems, cloud comput-
ing, micro cloud, power efficiency, Raspberry PI

1 Introduction

Distributed computing has been an intensively studied
topic since the dawn of computer science. The idea of uti-
lizing multiple ordinary devices instead of a single pow-
erful one brought many advantages, such as much easier
scaling, possibly higher robustness, or better utilization of
spare hardware. On the other hand, distributed comput-
ing is encumbered with many challenges that include the
question of efficiency, communication and synchroniza-
tion overhead, or the necessity of handling failures of in-
dividual nodes.

In combination with modern technologies and hardware
virtualization, the distributed computing lead to the incep-
tion of the cloud phenomenon, where large complex sys-
tems are presented to users not in a form o a distributed
system, but as virtual hardware, programming platform,
or even specialized services. In this form, the user is
completely shielded from tedious details of system design.
Furthermore, the concept of cloud allows much more effi-
cient allocation of hardware resources, from which bene-
fits both the cloud providers (since they have less hardware
to buy and maintain) and cloud customers (who pay only
for resources they really utilize).

With the growth of the cloud infrastructure, the power
efficiency become a more and more important problem.
Despite the fact that the cloud services utilize underlying
hardware more efficiently than it could have been used
by individual users, the pressure to reduce power con-
sumption of this infrastructure is raising steadily. One of
the possibilities is to utilize more efficient hardware that
requires less power to perform the same task. A quite
promising platform are the ARM CPUs which are cur-
rently utilized in mainstream mobile and other handheld
devices. However, the majority of enterprise servers and
professional solutions use CPUs based on x86 architec-
ture which have more computational power. Neverthe-
less, these solutions are considered less efficient at least
for some tasks.

Some specialized problems cannot utilize cloud solu-
tions for various reasons such as security or domain-
specific constraints, hence they must be hosted on priva-
tized clusters. Beside the power efficiency issues, small
clusters may benefit from small ARM-based devices in
other ways. For instance, utilizing many single-board
computers instead of a few enterprise server may be
cheaper. Furthermore, using many devices allows more
fine-grained performance scaling.

In this paper, we study issues of power efficiency in dis-
tributed systems, clouds, and micro-cloud solutions. We
have selected the Raspberry Pi single-board computer as a
representative of power efficient hardware based on ARM
platform. We have tested performance of this device using
our own application benchmark and compare the results
with a commodity desktop PC and an enterprise server to
determine the power-to-performance ratio and relative ap-
plicability for various problems. Even though the results
are only approximate, the Raspberry Pi seems to be a vi-
able candidate for green micro-cloud solutions.

The paper is organized as follows. More detailed
overview of distributed systems and cloud solutions is pro-
vided in Section 2. Section 3 revises related work on
micro-cloud systems. In Section 4, we present details
about our tested platform — the Raspberry Pi device. Sec-
tion 5 summarizes our empirical evaluation, Section 6 out-
lines possible applicability of these technologies, and Sec-
tion 7 concludes the paper.
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2 Distributed Applications and Cloud 3 Micro-Cloud Solutions
Solutions
The recent introduction of the Raspberry Pi, a low-cost,

Among the most important computing technologies that!0"W-POWer single-board computer, has made the construc-

are in use nowadays are Distributed Systems and Cloud{°n of miniature green_cloud syst_ems more affordgble.
Computing Systems. Distributed system [1] is a collec- Clasgow Raspberry Pi Cloud [S] is @ model of a micro-
tion of computers that work together and appear as oné:!oud solution composed of clusters of Raspberry Pi de-

large computer. These computers cooperate to solve usf/CeS: The PiCloud emulates every layer of a cloud stack,
ally complex tasks: they are mutually interconnected to ranging from resource virtualisation to network behavjour
provide a massive (,:omputing power. providing a full-featured cloud computing research and

The basic advantages of distributed systems are: eduga}nor?al environment. ) )
Iridis-pi [6] cluster consists of 64 Raspberry Pi Model

e High performance B nodes each equipped with a 700 MHz ARM processor,
256 Mbit of RAM and a 16 GiB SD card for local storage.

e Transparency The cluster has a number of advantages that are typical
for micro-clouds, such as low total power consumption,

e Resource sharing easy portability due to its small size and weight, and pas-
sive, ambient cooling. These attributes make Iridis-Pi ide

o Reliability and availability ally suited to educational applications, where it provides
a low-cost starting point to inspire and enable students to

e Incremental extensibility understand principles of high-performance computing.

. Sher.ly [7] builds a network-attached storage (NAS) de-

On the other hand, the disadvantages that we may facgjce, the Sherlybox, that comes with its own peer-to-peer
in distributed systems are complexity, software develop-yjriyal private network and file server. The Sherylbox is
ment difficulties, networking problems, and security is- pyilt around the Raspberry Pi Model B computer. It comes
Sues. with 512 MB of RAM, two USB 2.0 ports, 802.11n Wi-

Contemporary cloud solutions has evolved from the ear-F| and a 100mb Ethernet port. Instead of just the naked
lier distributed systems. Cloud computing (despite thepgard, the Sherylbox comes with a case, a 4GB eMMC
term has no exact definition) can be considered as a spetash drive, and an optional 1 TB hard-drive. The com-
cialized form of distributed computing where virtualized pany claims that with external USB drives, it can support
resources are available as a service over the interneteThes[;Jp to 127 USB drives.
services usually include infrastructure, platform, apgli Tonido [8] offer a compelling alternative to public cloud
tions, storage space and many other vendor-specific modje services allowing consumers to leverage their existing
ules, libraries and frameworks. The users pay only forcomputers or IT infrastructures to keep control over their
the services or resources they actually use. The undeipyn data. It is available for a wide list of operating sys-
lying resources, such as storage, processors, memory, aims running on different hardware including Raspberry
completely abstracted from the consumer. The vendor ofp; using Raspbian or Raspbmc OS. Nimbus [9] is another
the cloud service is responsible for the reliability, perfo example of a micro-cloud solution.
mance, scalability and security of the service. Although all of the abovementioned solutions are in-

Cloud computing has many benefits, but cases existended especially to personal or educational use (and a ma-
where some data cannot be moved to the cloud for variousority of scientific papers expect such use-cases), we claim
reasons. In some cases, data may be generated at rates th@dt, under certain conditions, there may exist a wider

are too big to move or at rates that exceed transfer capacityange of possible applications. Some of them are dis-
for example in surveillance, operations in remote areascyssed in Section 6.

and telemetry applications. In other cases, security con-
cerns or regulatory compliance requirements might limit
the use of the cloud. 4 Single-board Computers

Green computing [2] [3] refers to the environmentally
responsible use of computers and any other technologyingle-board computers constitute a special brand of com-
related resources. Green computing includes the impleputational devices which aim for compactness and power
mentation of best practices, such as energy efficiency cenefficiency. These devices have various applications in
tral processing units (CPUSs), peripherals and servers [4]robotics, intelligent household devices, smart moniigrin
Green Cloud is a computing facility that is entirely built, stations, and many other domains. Even though their per-
managed and operated on green computing principles. lformance cannot compete with mainstream desktop PC
provides the same features and capabilities of a typicabnd servers, they may achieve better power to performance
cloud solution but uses less energy and space, and its dexnd power to cost ratios. In this section, we present a few
sign and operation are environmentally friendly. examples of compact single-board devices and revise the
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properties of Raspberry Pi device, which was selected asgjuickly adopted for various applications, such as embed-
a representative for our research. ded devices, simple audio and video players, etc.

At present, there are several configurations available
(models A, B, and B+) and a new version called Raspberry
Pi 2 was introduced to the market. In this work, we present
(and measure) the properties of Raspberry Pi model B+,
which is the newest revision of the original Raspberry Pi
(before its second version was released).

The device is powered by Broadcom BCM2835 CPU,
which is an ARMv6 processor clocked at 700 MHz. The

raphics is rendered by VideoCore IV GPU clocked at

4.1 Computer Examples

Arandale Board [10] is a single-board computer powered
by Samsung Exynos 5, which is an ARM CPU. The board
is equipped with 2GB of RAM and various common pe-
ripherals such as USB 3.0, WiFi, GPS module, or inter-
face for LCD display. The board is mainly designed for

tablets and embedded computers; however, it also provid ) .
adequate performance for cloud computing. On the othe .50 MHZ' T.he .GPU IS capable. of decoding a full-HD
video in real time; however, there is currently no API (such

hand, most of its peripherals are undesired for a solely . .
computational solution and they may increase the overalgi 20 I\F/)IeBnOCfBg;OZV giﬁﬂfov:/rfﬁ:??su;ii?gjbgsﬁ Sfégﬁ 22?5
cost. . o g
. C GPU. Persistent memory is not integrated on the board, but
A.MD presented &Gizmo 2 bc_Jard [11], .Wh'Ch. s also it contains an interface for memory cards. We have used
a single-board computer that is compatible with x86 ar- commodity 32 GB Kingston MicroSDHC card (class 10)
chitecture. It comprises specialized double core APUas the persistent data storage

(clocked at 1 GHz), which is a single chip that integrates Raspberry Pi has many external interfaces. Beside tradi-
power efficient CPU and Radeon GPU, and 1 GB of DDRStional USB or HDMI connector, it also holds custom GPIO

RAM. The board is designed to provide all-in-one PC so- . . . .
lution, so it is equipped with traditional interfaces such port or I2C bus, which make the deyme sgltable as a high-
level controller for many electronic devices. The most

as USB, G'gab't Ethernet, or HDMI. The integrated GPU important interface for our intentions is the 100 Mb Eth-
may provide excellent performance (with respect to power

N . . ernet. Unfortunately, the Ethernet interface is integnall
consumption); however, the price of the board is rather . N .
S . S : connected via USB 2.0 bus. This bridged solution does
high in comparison to similar devices.

Intel entered the domain of power efficient single- not reduce the overall throughput, but slightly increases

board devices witlGalileo development board [12]. Itis the commumcgmon Iz;tency. . . .

. . o . The system is designed mainly for Linux operating sys-
equipped with Intel Quark X1000 CPU, which is a single- tem, but it can accomodate virtually any system that can
core Pentium-based 32-bit processor clocked at 400 MHz, ™ " y any sy

and 256 MB of DRAM. The board is compatible with Ar- fun on ARM CPU (e.g.,' RiscOS). For the convenience of
) . . . ) the users, the community has prepared modified distribu-
duino [13] device specification, which allows it to share

. . ) . tion of Debian Linux called Raspbian and some other dis-
peripherals and extensions designed for this platform. o :
o . . tributions based on Ubuntu or Fedora are also available.
Another similar platform idntel Edison. It also con-

. . . We hav he R ian in our experimen inceiti
tains Intel Quark CPU, but the Edison platform aims € have used the Raspbia our experiments, since it is

. . ) .~ the recommended system.
mainly at wearable devices and extensive miniaturization.

The Parallela board [14] is a relatively novel accom-
plishment in the field of efficient parallel hardware. Un- 5 Experimental Results
like many other devices, Parallela was designed by a small

company Adapteva. It is equipped with ARM Cortex-9 e have subjected Raspberry Pi to a custom set of perfor-
CPU, FPGA, and a Epiphany coprocessor. The coprocesmance tests to assess its applicability for distributed-com
sor is perhaps the most intriguing part of this hardware,puting and cloud applications. The performance results are
since it is a specialized power-efficient parallel proaggsi  compared with results from a desktop PC and commodity
unit which organizes the cores in a 2D grid. This device server in the perspective of the power consumption. Let us
may be the most promising alternative for a Raspberry Piemphasize that the results measured for Raspberry Pi and
in the terms of power efficiency and total performance. Onfor fyll-sized computers are not directly comparable and
the other hand, Parallela is approximately @iore expen-  provide only approximate comparison since our measure-
sive than Raspberry Pi. ments of power consumption does not use same method-
ology and our benchmark is only single-threaded.

4.2 Raspberry Pi

: . _ _ ~ 5.1 Experimental Setup
Raspberry Pi[15] is one of the first low-cost devices that is

capable of running a traditional operating system (in thisThe parameters of Raspberry Pi are detailed in Section 4.2.
case Linux), so it can be used as a modest desktop PC. the referential desktop PC is equipped with Intel Core
was originally created as a cheap platform that would al-i7 870 CPU, which has four physical (8 logical) cores
low children to learn basics of programming, but it was clocked at 293 GHz, and 16 GB DDR3-1600 RAM. The
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persistent storage is represented by two 100 GB SSD disks
connected in RAID 1.

The referential server is Dell PowerEdge M910. It is
4-way cache-coherent NUMA! system, where each node
has 8 physical (16 logical) cores clocked at 2 GHz. Each
node manages 32 GB RAM - i.e., the whole system com-
prises 64 logical cores and 128 GB of internal memory.
The server was connected to Infortrend ESDS 3060 disk
array comprising two 400 GB SSD disks and 14 magnetic
disks of 4 TB each. Both desktop PC and server are run-
ning Red Hat Enterprise Linux 7 as an operating system.

To asses the performance, we measure the real execu-
tion time of prepared tests. All tests are executed on the
same data inputs and the size of the input is selected so
that the test takes reasonable time on Raspberry Pi and at
least a few seconds on desktop PC and server. Each test
was repeated 10x and the average time is presented as
the final result. The values were processed by statistical
methods to remove outliers (times tainted with errors of
measurement).

The power consumption of the Raspberry Pi was deter-
mined by KCX-017 device, which measures voltage and
current on an USB power cord, since Raspberry Pi is pow-
ered via USB. The power consumption is equal to voltage
times current (P = UI) and we employ additional correc-
tion factor of 1/0.8, which simulates loss on power source
with efficiency of 80%. The power consumption was be-
tween 1.2 W (idle device) to 1.7 W (performing crypto-
graphical tests).

The power of our server was measured on its power con-
troller embedded in server chassis. We also include esti-
mated partial consumption of the chassis itself and addi-
tional equipment (such as cooling infrastructure), hence
we will operate with aggregated approximate consump-
tion of 500 W. The power consumption of the desktop PC
was calculated from the component specifications since
we were not able to measure this value with reasonable
effort. For our purposes and intentions, we will operate
with the value 250 W.

5.2 Tests

The performance experiments were design to test various
aspects of the device. Since we are trying to determine
applicability of Raspberry Pi as a platform for distributed
system and cloud infrastructure, we have selected algo-
rithms that cover many different domains:

e aes — The Rijndael (Advanced Encryption Standard)
algorithm [16] for symmetric cryptography.

e scrypt — Computing scrypt [17] hash function.
o sha256 — Computing SHA256 hash function.

e dijkstra — Finding shortest path in a sparse graph us-
ing Dijkstra algorithm [18] with regular heaps.

Nonuniform Memory Architecture

e hash — Simulation of database hash-join operation us-
ing integer keys.

e merge — Simulation of database merge-join on sorted
data streams using integer keys.

o [evenshtein — Wagner-Fischer dynamic programming
algorithm [19] that computes Levenshtein edit dis-
tance

e multiply — Naive (O(N?)) algorithm for matrix multi-
plication on float numbers.

e strassen — Strassen algorithm for matrix multiplica-
tion on float numbers.

e quicksort — Quicksort [20] in memory sorting algo-
rithm implemented in C++ std: :sort routine ap-
plied on integers.

o zlib — DEFLATE [21] compression algorithm imple-
mented in Zlib.

Beside these application tests, we have performed ad-
ditional tests designed to determine the speed of internal
memory, effectivity of its CPU caches, and performance
of the persitent storage (i.e., the SD flash card). However,
we do not present detailed results of all these tests for the
sake of the scope.

5.3 Results

The application benchmark results are presented in Fig-
ure 1. The results depict computational power efficiency
normalized relatively to Raspberry Pi (individually for
each algorithm) — i.e., higher value means greater power
consumption with respect to computational performance.
Hence, we can directly determine, which platform is bet-
ter and which is worse for a particular problem. Let us
note that we have adjusted the results so that they take
the multi-core and multi-processor nature of the desktop
PC and the server, since our benchmark is only single
threaded. The performance of the full-sized computers
were multiplied by the number of their physical cores.

The results indicate that Raspberry Pi is quite efficient
for memory-intensive tasks. For some tests (especially
database merge joins), the Raspberry Pi even outperforms
both desktop PC and server. On the other hand, number
crunching operations (such as the matrix multiplication on
float numbers) are more suitable for x86 architecture, since
it may employ SIMD instructions. We have performed ad-
ditional synthetic memory-oriented experiments and they
have confirmed this observation.

In addition to application tests, we have measured per-
formance of the persistent storage. The throughput of in-
dividual operations is presented in Table 1. Let us empha-
size that the Raspberry Pi has only a commodity SD card,
while the server uses enterprise disk array.
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Figure 1: Relative efficiency of application tests

Rasbperry Pi  desktop PC  server
rand. read 0.7 9.3 53
seq. read 17.3 171.9 404.5
seq. write 1.7 58.1 86.9

Table 1: Persistent storage performance (MB/s)

The results indicate that the performance of the Rasp-
berry Pi is approximately 10-100x worse than the perfor-
mance of other two platforms. On the other hand, if the
data are distributed evenly among the devices, each Rasp-
berry Pi has to handle two orders of magnitude smaller
amount of data, so the performance is comparable. Fur-
thermore, the devices may also utilize external disk array
connected via 100 Mbit ethernet, which should provide
data transfers around 5 MB/s.

6 Applicability

In this section, we would like to outline possible applica-
bility of single-board devices for various problems. Be-
sides the obvious cost issue, the presented solutions are
expected to take advantage of two greatest benefits over
traditional servers or desktop PCs:

e increased robustness
e and better heat dissipation.

The robustness is one of the expected properties of
many distributed systems. However, when one server fails,
the total drop of performance could be significant, espe-
cially in case of smaller and mid-sized clusters. When
small devices such as Raspberry Pi are used, the failure
of a single device is hardly noticable on the overall per-
formance and the faulty hardware could be replaced more
quickly. Furthermore, small devices permit more fine-
grained redundancy in the system.

The heat dissipation presents a challenging problem for
modern servers as most powerful x86 processors easily
produce over a hundred watts of thermal power. Hence,
the servers, their chassis, and the server racks employ so-
phisticated cooling mechanism to drive the undesired heat
out off the server room. In case of smaller devices, the
produced heat has much lower watt per area ratio, so it is
much easier to cool these devices.

6.1 Replacing Tradional Servers

A direct applicability of a Raspberry Pi cluster could be to
replace traditional enterprise servers. Based on the scale,
this solution could work for a small cluster within one
server room or as a large distributed system that provides
cloud services. In any case, the main advantage of such
solution is the more evenly distributed heat output. Hence,
the system does not to have a server room with powerful
cooling system.

It may even be considered to place most of the hard-
ware outside of a server room and integrate the single
board computers into the infrastructure of a building or
into regular rooms (offices, etc.). The Raspberry Pi does
not require a cooling fan, hence such solution would not
increase background noise inside the building. Further-
more, the heat produced by the devices may be used as
part of internal heating system and the 1/O ports (USB or
GPIO) could be used to operate building sensors.

6.2 Outdoor Micro-Clouds

The compactness and low consumption of single-board
computers may be utilized in many applications which
could be characterized as outside the server room projects.
Such projects would include robotics, autonomous vehi-
cles and aircraft, probes and intelligent exploration de-
vices, etc. A micro-cloud solution could increase robust-
ness of these devices, which could be important since their
hardware is subjected to much harsh physical conditions
than hardware located in a server room or in an office.

Let us use an autonomous car (which is a domain that
spawned an intensive research in the past few years) as
an example of such outdoor device that required nontrivial
computational power. A cluster of single-board comput-
ers may provide much scalable hardware for navigation
computations. For instance, when the car is driving on a
straight road in an unpopulated area, it requires much less
computational power to track and analyse surrounding en-
vironment. Hence, it may shut down most of the devices in
the cluster to save energy. On the other hand, when driv-
ing inside a city, it may turn on the whole cluster to get
necessary computational power. Finally, the decentralized
nature of the hardware may provide enough computational
power even in extreme cases, such as when part of the ve-
hicle is compromised in a car crash.
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7 Conclusions [8] Tonido, “Turn your Raspberry Pl into your personal
cloud.” [Online]. Available: http://www.tonido.com

In this paper, we have addressed the issue of power ef-19] cloudnimbus, “Nimbus - Personal Cloud for Raspberry
ficiency in cloud systems. Many systems would benefit Pi.” [Online]. Available: www.cloudnimbus.org

greatly from a hardware that provide less computational1g] “arandale board.” [Online]. Available:
power, but which is more power efficient and has lower ini- http://www.arndaleboard.org/

tial and maintenance costs. We have designed an applica11] Gizmosphere, “Amd gizmo 2 [Online]. Available:
tion benchmark for small devices that tests various known http://www.gizmosphere.org/products/gizmo-2/
algorithms. The benchmark was applied on the Raspberry1o] ntel,  “Galleo Gen 2 Development Board,
Pi, which is one of the first single-board computers. The url=http://www.intel.com/content/www/us/en/do-it-
Raspberry Pi is very power efficient and cost around $30, yourself/galileo-maker-quark-board.html,.”

which makes it a good candidate to be a worker in a greeni3] M. Banzi, D. Cuartielles, T. Igoe, G. Martino,
cluster or a micro cloud. The benchmark results indicate and D. Mellis, “Arduino uno.” [Online]. Available:

that current version of Raspberry Pi is competitive with http://iwww.arduino.cc/
desktop PC as well as an enterprise server in tasks that cgmn4] Adapteva, “Parallela.” [Online]. Available:
be idealy distributed. https://www.parallella.org/

In our future work, we would like to test other similar [15] Raspberry Pi Foundation, “Raspberry Pi single-boamc

devices, especially the second version Raspberry Pi and  puter.” [Online]. Available: https://www.raspberrypigs
the Parallela board with Epiphany coprocessor. Further{16] Gladman, B.: A specification for rijndael, the aes
more, we are planning to build a small cluster from these algorithm. at fp. gladman. plus. com/cryptogra-
devices to measure the total consumption more precisely ~ phy_technology/rijndael/aes. spgt1(2001), 18-19
and to determine the communication overhead of varioug17] Percival, C.:. Stronger key derivation via sequential
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Abstract: The paper describes an ongoing experiment
consisting in the attempt to quantify word-order proper-
ties of three Indo-European languages (Czech, English and
German). The statistics are collected from the syntacti-
cally annotated treebanks available for all three languages.
The treebanks are searched by means of a universal query
tool PML-TQ. The search concentrates on the mutual or-
der of a verb and its complements (subject, object(s)) and
the statistics are calculated for all permutations of the three
elements. The results for all three languages are compared
and a measure expressing the degree of word order free-
dom is suggested in the final section of the paper.

This study constitutes a motivation for formal modeling
of natural language processing methods.

1 Introduction

General linguistics, see esp. [l, 2] studies natural lan-
guages from the point of view of similarities and differ-
ences in their syntactic structure, their development and
historical changes, as well as from the point of view of
language functions. It studies mutual influence of partic-
ular groups of features and, on the basis of similarities of
language phenomena it introduces the so called language
typology [3, 4]. The freedom or, on the other hand, strict-
ness of the word order definitely belongs among the most
important phenomena. General linguistics, for example,
studies whether and how a particular language handles the
order of words in sentences — whether the word is deter-
mined primarily by syntactic categories (e.g., a noun or a
pronoun, without any additional morphological signs, lo-
cated on the first sentential position represents a subject
in English), or whether syntactic categories are primarily
determined by other means than by the word order (for ex-
ample, in Slavic languages, the subject tends to be a noun
in the nominative case, regardless of its position in the sen-
tence).

Particular natural languages cannot be, of course,
strictly characterized by a single feature (for example word
order), they are typically categorized into individual lan-
guage types by a mixture of characteristic features. If we
concentrate on word order, we study the prevalent order of
the verb and its main complements — indo-european lan-
guages are thus characterized as SVO (SVO reflecting the
order Subject, Verb, Object) languages. English and other
languages with a fixed word order typically follow this
order of words in declarative sentences; although Czech,

Russian and other Slavic languages are the so-called lan-
guages with a high degree of word order freedom, they still
stick to the same order of word in a typical (unmarked)
sentence. As for the VSO-type languages, their represen-
tatives can be found among semitic (Arabic, classical He-
brew) or Celtic languages, while (some) Amazonian lan-
guages belong to the OSV type. These characteristics,
which are traditionally mentioned in classical textbooks
of general linguistics [5], have been specified on the basis
of excerptions and careful examination by many linguists.

Today, when we have at our disposal a wide range of
linguistic data resources for tens of languages, we can eas-
ily confirm (or enhance by quantitative clues) their con-
clusions. This paper represents one of the steps in this
direction.

The Institute of Formal and Applied Linguistics at the
Charles University in Prague, has established a repository
for linguistic data and resources LINDAT/CLARIN'. This
repository enables experiments with syntactically anno-
tated corpora, so called treebanks, for several tens of lan-
guages. Wherever it is possible due to the license agree-
ments, the corpora are trasformed into a common format,
which enables — after a very short period of getting ac-
quainted with each particular treebank — a comfortable
search and analysis of the data from a particular language.
The HamleDT? (HArmonized Multi-LanguagE Depen-
dency Treebank) project has already managed to transform
more than 30 treebanks from all over the world [6] into
a common format.

In this pilot study we concentrate on three Indo-
european languages which substantially differ by the de-
gree of word freedom — Czech, German and English. We
investigate their typological properties on the basis of the
Prague Dependency Treebank [7], the English part of the
Prague Czech-English Dependency Treebank[8] and the
German treebank TIGER [9] by means of the interface of
PML-TQ Tree Query [10], which enables the access to the
treebanks from the HamleDT.3

2 Setup of the Experiment

The analysis of syntactic properties of natural languages
constitutes one of our long term goals. The phenomenon
of word order has been in a center of our investigations

'https://lindat.mff.cuni.cz/cs/
Zhttp://ufal.mff.cuni.cz/hamledt
*https://lindat.mff.cuni.cz/services/pmltq/
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for a very long time. Our previous investigations concen-
trated both on studying individual properties of languages
with higher degree of word-order freedom (as, e.g., non-
projective constructions (long-distance dependencies) [11]
as well as on the endeavor to find some general measures
enabling to more precisely characterize concrete natural
languages with regard to the degree of their word-order
freedom (see, e.g. [12]).

The experiment presented in this paper continues in the
same direction. It is driven by the endeavor to find an ob-
jective way how to compare natural languages from the
point of view of the degree of their word-order freedom.
While the previous experiments concentrated on more for-
mal approach, this one builds upon a thorough analysis of
available data resources. Let us briefly introduce them in
the subsequent subsections.

When investigating syntactic properties of natural lan-
guages, it is very often the case that the discussion concen-
trates on individual phenomena, their properties and their
influence on the order of words. The mere presence of
some phenomenon (or its more detailed properties) is, of
course, important and definitely influences the degree of
word-order freedom but this kind of investigation cannot
be complete without stating also the quantitative proper-
ties of the given phenomenon. A linguistically interesting,
but marginal phenomenon does not tell us so much as a ba-
sic phenomenon occurring relatively frequently. This ob-
servation constitutes the basis of our current experiment.
In order to capture the quantitative characteristic of a nat-
ural language, let us take a representative sample of its
syntactically annotated data and let us calculate the distri-
bution of individual types of word order for the three main
syntactic components — subject, predicate and object. It is
obvious that the more free is the word order of a given lan-
guage, the more equally they are going to be distributed.

2.1 Available Treebanks

The extensive quantitative analysis of the same linguistic
phenomenon for different languages would not be feasi-
ble without a common platform which makes it possible
to compare various data resources from the same point of
view. Thanks to the initiative HamleDT* (HArmonized
Multi-LanguagE Dependency Treebank) it is now possi-
ble to compare the data from more than 30 languages in
a uniform way [6].

The HamleDT family of treebanks is based on the de-
pendency framework and technology developed for the
Prague Dependency Treebank (PDT)> [7], i.e., large syn-
tactically annotated corpus for the Czech Language. Here
we focus on the so-called analytical layer, i.e., the layer
describing surface sentence structure (relevant for study-
ing word order properties). The framework and its
language independence was verified within (the English

“http://ufal.mff.cuni.cz/hamledt
Shttp://ufal.mff.cuni.cz/pdt3.0

part of) the Prague Czech English Dependency Treebank
(PCEDT)® [8] — within this project, syntactically anno-
tated Penn Treebank” [13] was automatically transformed
from the original phrase-structure trees into the depen-
dency annotation.® Based on this experience, the Ham-
1eDT initiative goes further, syntactically annotated cor-
pora for different languages are collected and transferred
into the common format. Here we make use of the TIGER
corpus’ for the German language [9], the corpus with na-
tive phrase-structure annotation enriched with the infor-
mation about the head for each phrase (and thus bearing
also information on dependencies). Figures 2, 6 and 7
show sample trees for Czech, English and German, respec-
tively, and Table 1 summarizes the size of these corpora.

corpus | #preds | lang type genre
PDT 79,283 | Czech manual news
PCEDT | 51,048 | English | automatic | economy
TIGER | 36,326 | German | automatic | news

Table 1: Overview of all three treebanks (# preds repre-
sents the number of predicates in the given corpora)

2.2 HamleDT and PMLTQ Tree Query

For searching the data, we exploit a PML-TQ search
tool,'” which has been primarily designed for processing
the PDT data. PML-TQ is a query language and search en-
gine designed for querying annotated linguistic data [10]
— it allows users to formulate complex queries on richly
annotated linguistic data.

Having the treebanks in the common data format, the
PML-TQ framework makes it possible to analyse the data
in a uniform way — the following sample query gives
us trees with an intransitive predicate verb (in a main
clause), i.e. Pred node with Sb node and no Obj nodes
among its dependent nodes, where Sb follows the Pred;
the filter on the last line (>> for $n0.lemma give $1,
count () ) outputs a table listing verb lemmas with this
marked word order position and number of their occur-
rences in the corpus, see also Figure 1.

a-node $n0 :=
[ afun = "Pred",
child a-node $ni1 :=
[ afun = "Sb", $nl.ord > $n0.ord ],
0Ox child a-node
[ afun = "0bj"]]
>> for $n0.lemma give $1, count()

®http://ufal.mff.cuni.cz/pcedt2.0/cs/index.html

"https://www.cis.upenn.edu/ treebank

8This dependency-based surface annotation then served as a basis for
deep syntactic dependency-based annotation of English; however, as for
Czech, only surface structure is interesting for the studied phenomenon
of word order.

‘http://www.ims.uni-stuttgart.de/forschung/
ressourcen/korpora/tiger.html

Ohttps://lindat.mff.cuni.cz/services/pmltq/
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[——= child |

Tree Query
Dutput filters:
== for sn0.m/flemma
give 51,count(}

_

a-node 3n0
afun = "Pred"
Ox
a-node $nl a-node
afun = "5b" afun = "Obj"

znl.ord = sn0.ord

Figure 1: Visualization of the PML-TQ query

3 Analysis of Data

Let us now look at the syntactic typology of natural lan-
guages under investigation. We are going to take into
account especially the mutual position of subject, predi-
cate and direct object. After a thorough investigation of
the ways how indirect objects are annotated in all three
corpora, we have decided to limit ourselves — at least in
this stage of our research — to basic structures and to ex-
tract and analyse only sentences without too complicated
or mutually interlocked phenomena. Namely we focus on
sentences with the following properties:

e A predicate under scrutiny belongs to the main clause
(as e.g. in the sentence Jsou p,.q vdm nejasnd nékterd
ustanoveni dariovych zdkonii? ‘Arep,.q certain pro-
visions of the tax laws unclear to you?’, see the de-
pendency tree in Fig. 2); i.e., we do not analyse word
order of dependent clauses;

e We analyse only non-prepositional subjects and ob-
jects (compare e.g. with the sentence V 2180 méstech
a obcich Zije na 2.6 milionu obyvatels;,; ‘There are
(about 2.6 milion of inhabitants)g; living in 2 180
towns and villages;’, see Fig. 3);

e Sentences may contain coordinated predicates (as,
e.g., predicates ndsledoval and opakovalo in the cor-
pus sentence Vzdpéti ndsledovalp,.; dalsi regulacni
stuperi a vse se opakovalop,.;. ‘The next level of
regulation immediately followedp,.s and everything
repeatedp,.qs again.’, see Fig. 4);

However, sentences with common subjects (or ob-
jects) are not taken into account (thus sentences as,
e.g., Koupelnag;, nebo tepld vodas;, nejsou trvale k
dispozici. ‘A bathroomg;, or hot water supplyg, are
not at the permanent disposal.’, see Fig. 5 are not
counted in the tables).!!

ncluding coordination phenomena in all their complexity would
require much robust queries in any dependency framework; thus we have
decided to disregard this type of sentences at all.

cmpro410_009.a.gz (5/16)
50U vam néktera ustanoveni dafovych zakon(?

@]
a-cmpr9410-009-p5s4

@ o
Jsou ?
Pred Auxk
(o]
nejasna / ustanoveni
Pnom Sb
o} o] (8]
vam nékterd /zakond
Obj  Atr Atr
o]
danovych
Atr

Figure 2: Sample Czech dependency tree from PDT

Ind94103_056.a.gz (42/48)

v 2180 méstech a obcich Zije na 2.6 milionu obyvatel;

Q
3-Ind94103-056-pls43

[} o]
Fije :
Pred ALXK
[0}
v na
AUxP AUXP
(o] ]
E] 2.6
Coord Sh
o [o] Q Q
2180 méstech obcich  milionu
Atr  Adv Co Adv Co Afr
Q
obyvatel
ALr

Figure 3: Sample Czech dependency tree from PDT with
prepositional subject (excluded from the resulting tables)

3.1 Czech

The highest quality syntactically annotated Czech data can
be found in the Prague Dependency Treebank; in fact, it
is the only corpus we work with that has been manually
annotated and thoroughly tested for the annotation con-
sistency. The texts of PDT belong mostly to the journal-
ism genre, it consists of newspaper texts and (in a limited
scale) of texts from a popularizing scientific journal.



26

V. Kuboni, M. Lopatkova

cmpr9410_049 a.gz (205/208)
Vzapéti nasledoval dali requlatni stupen a vie se opakovalo.

Q
a-cmpr9410-049-p80s2

o

Coord Auxk

@

nasledoval opakovalo
Pred_Co [Pred_(:o
o &)
Vzapéti stupen vie se
Adv Sb Sb AuxT

o o

dalsi regulacni

Atr  Atr

Figure 4: Sample Czech dependency tree from PDT with
coordinated predicates (included in the resulting tables)

cmprod15_025.a.qz (101/136)
Koupelna nebo tepla voda nejsou trvale k dispozici

a-cmpr9415-025-p42s1

o]
nejsou 15
Pred ExD
Q o o
nebo trvale k
Coord Adv AuxP
[ e} o]
Koupelna wvoda dispozici
Sb_Co Sb Co Adv
(o]
tepla
Atr

Figure 5: Sample Czech dependency tree from PDT with
coordinated subject (excluded from the resulting tables)

The following Table 2 summarizes the number of sen-
tences with intransitive verbs in main clauses in PDT with
respect to the word order positions of Sb and Pred — we
can see that the marked word order (verb preceding its sub-
ject) is quite common in Czech.!?

The second table displays the distribution of individual
combinations of a subject, predicate and a single object.

12In our settings, we do not checked the part of speech of the predi-
cate; however, out of the 79,283 sentences conforming to the properties
mentioned above, only 329 have other than verbal predicate.

Word order type | Number %
N 16,909 | 56.66

VS 12,932 | 44.34

Total 29,841 | 100.00

Table 2: Sentences with intransitive verbs

It is not surprising that the unmarked — intuitively "most
natural" — word order type, SVO, accounts for only slightly
more than half of cases. The relatively high degree of word
order freedom is thus supported also quantitatively.

Word order type | Number %
SVO 11,158 | 52.42
SOV 1,533 7.20
VSO 1,936 9.10
VOS 2,136 | 10.04
OVS 4,001 18.80
oSV 521 2.45
Total 21,285 | 100.00

Table 3: Sentences with a single object

Even more interesting (and also supporting the claim
that the word order freedom of Czech is relatively high)
are the results for sentences with at least two objects. They
are summarized in Table 4. The distribution is even flatter
than in Table 3 with all types being represented (even those
starting with two objects, see the following example) and
none of them exceeding 30%.

Pldn mu v itery predloZil velvyslanec USA v Chorvat-
sku Peter Galbraith.

Word order type | Number %
SVOO 293 | 26.95
SOVO 223 | 20.52
SO0V 33 3.04
VSO0 45 4.14
VOSO 16 1.47
VOOS 27 2.48
OSVO 70 6.44
OSSOV 10 0.92
OO0SVv 15 1.38
O0OVS 124 | 11.41
OVSO 78 7.18
()Y ON 153 14.08

Total 1,087 | 100.00

Table 4: Sentences with two objects

3.2 English

The statistics concerning the distribution of word-order
types for English have been calculated on the English
part of the Prague Czech English Dependency Treebank
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(PCEDT). This corpus actually contains the same set of
sentences as the Wall Street Journal section of Penn Tree-
bank,!3 (see above for references) but unlike its predeces-
sor, its syntactic structure has been annotated using depen-
dency trees. As was mentioned above, the transformation
on the surface syntactic layer was fully automatic, which
has of course affected the quality of annotation.

wsj_1411 treex gz (64/108)

Gate are only the Cowboys' second largest source of cash.

ze vstupenek jsou pouze druhym nejvétiim zdrojem financi Cowboyl.
e
a-tree

Zone=en

are
Pred
VEP \3

receipts only |source .
sb Adv Pnom AuxG
NMNS RE NN .
Gate Cowboys largest of
Atr Atr Atr AuxP
NN NNPS IS IN\)
the . second cash
AuxA  Atr  NR Atr
DT  POS | NN

Figure 6: Sample English dependency tree from PCEDT

The statistics of different types of word order have been
collected in the same manner as in the previous subsec-
tion. We have also applied identical filters as for Czech
sentences from PDT. Table 5 contains data for sentences
with intransitive verbs. Only as few as 40 sentences have
other than verbal predicate.

Word order type | Number %
SV 28,236 | 9691

VS 900 3.09

Total 29,136 | 100.00

Table 5: English sentences with intransitive verbs

As we can see, the strict word order of English sen-
tences manifests itself in a vast majority of sentences hav-
ing the prototypical word order of the subject being fol-
lowed by a predicate. The examples of the opposite word
order include sentences containing direct speech with the
following pattern:

"It’s just a matter of time before the tide turns," says one
Midwestern lobbyist.

Out of the 900 sentences with the reversed word order,
as many as 630 contained the predicate to say, 121 to
be. Each of all other verbs involved in these constructions

13The Czech part had been created as translation of original English
sentences.

were represented less than 10 times. In total, 23 verbs ap-
pear in these sentences at least twice, out of them 16 can
be classified as verbs of communication (verba dicendi)
(in total, it means 678 occurrences out of 822, i.e., 82,5 %
of all occurrences with at least two hits in the corpus).

The results for sentences containing one object also
strongly confirm the fact that the order Subject - Predicate
- Object (SVO) is practically the only acceptable order in
standard sentences. The remaining types of word order
(representing only 1.06% sentences in the corpus) men-
tioned in Table 6 actually represented annotation errors in
a vast majority of cases (esp. auxiliary verbs which have
been quite often incorrectly annotated as Objects).

Word order type | Number %
SVO 12,481 | 98.94
SOV 77 0.61
VSO 9 0.07
VOS 1 0.01
OVS 2 0.02
oSV 45 0.36
Total 12,615 | 100.00

Table 6: English sentences with a single object

It turns out that for English, it does not make sense to
construct a similar table as Table 4 sentences with more
than one object. The automatic annotation of PCEDT is,
unfortunately, biased in what should be considered an Ob-
ject (in the original Penn Treeank annotation, the verbal
complements are labeled just as noun (or prepositional)
phrases (NPs and PPs), no distinction between Objects and
Adverbials.) As a consequence, adverbial constructions
are very often incorrectly annotated as Objects and thus it
is impossible to rely on this distinction (and the analysis
shows that the numbers would be highly misleading).

3.3 German

German has more constraints on word order than Czech
and less than English, therefore it constitutes a very nat-
ural candidate for our experiment. On top of that, there
are also numerous high quality resources which can be ex-
ploited. We have used the German treebank conforming
to the HamleDT initiative, which is located in the Lindat
repository.'4

The statistics for German were collected in the same
way and with the same constraints as Czech and English
ones. The statistics for German sentences with intransitive
predicates are presented in Table 7.

The almost equal number of sentences with SV and
VS word order types is quite surprising. The fact that
SV represents the typical word order in declarative sen-
tences, while VS in interrogative ones provides an obvi-
ous explanation. Unfortunately, this explanation does not

4https://lindat.mff.cuni.cz/services/pmltq/hamledt_dt_de/
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train-001.treex gz (207/500)
ein Schock

Fir ehrliche Kunden ist

e
a-tree _
zone=de_prague

Far es Schock
Adv Sb /Pnom
RR--X PPNS1 NNYS1

ehrliche Kunden ein

Atr Atr Atr

AAYP4 NMNYP4 PZYS1

Figure 7: Sample German dependency tree from Ham-
leDT

Word order type | Number %
SV 6,165 | 56.67

VS 4,713 | 43.33

Total 10,878 | 100.00

Table 7: German sentences with intransitive verbs

cover all occurrences because the analyzed corpus (con-
sisting mostly of newspaper texts) contains only a very
small proportion of interrogative sentences. We have not
investigated the reason for the surprisingly high number of
VS sentences, but it definitely constitutes a very interest-
ing topic for further research. The same is valid also for
the results contained in Table 8, where we have found rel-
atively high number of sentences having the word order of
an interrogative sentence, too.

Word order type | Number %
SVO 10,662 | 50.31
SOV 193 091
VSO 7,425 | 35.04
VOS 690 3.26
OVS 2,206 | 10.41
oSV 15 0.07
Total 21,191 | 100.00

Table 8: German sentences with a single object

Neither for German we have investigated the sentences
with two or more objects due to annotation inconsisten-
cies.

4 Proposed Measure of Word Order
Freedom

The statistics presented in the previous section actually
confirm the well known fact that Czech has the highest
degree of word order freedom from all three languages in-
vestigated in our experiment. This fact is also reflected in
the chart 8 comparing the results for sentences with one
object for all three languages.

40 — 7
20
0 + .! 7 English
- / German

\,\/ Czech
osv

Figure 8: Comparison of results

Let us now try to suggest a formula which might allow
to express the degree of word order freedom in a more
precise way. Intuitively, the more free is the word order,
the more equally distributed should be the results of all
six word order types. The more strict the word order, the
more distant are the values from the ideal (equal distri-
bution). This leads directly to the application of a least
squares method:

(D

where M is the proposed measure, V; the percentual
value of the i-th word order type and Av is the average
percentage for each word type (i.e., 100/6). For the three
languages in our experiment we then get the following val-
ues:

e Czech: 6.82
e German: 19.20

e English: 36.79

These values seem to correspond to the intuitive feel-
ing that the word order order of English is really strongly
fixed, while German and Czech have more free word order
with Czech having the highest degree of word order free-
dom. If we express the results in the form of percentages
of the absolutely fixed word order (i.e., one of the word or-
der types accounts for 100% and all others do not appear
at all), we’ll get the following results:
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e Czech: 18.31%
e German: 51.52%

o English: 98.73%

5 Conclusions

The experiment described in this paper brought several in-
teresting results which may be taken as a basis for further
experiments. First of all, it shows that the endeavor to
unify the annotation schemes used for various treebanks in
the HamleDT project provides new opportunities for lin-
guistic research. The treebank data can now be studied in
a relation to other treebanks using the common search tool
and obtaining results which are not dependent on peculiar-
ities of individual annotation schemes.

These new opportunities have been demonstrated on a
small-scale experiment involving three languages (Czech,
German and English). We have managed to extract quanti-
tative clues confirming the linguistic hypothesis about the
degree of word order freedom of all three languages un-
der consideration. The main advantage of our approach
is the fact that our research is based on a large number of
sentences of each language and thus it provides a repre-
sentative sample of the actual language usage in a given
genre. Contrary to theoretical linguistic research, our ap-
proach does not concentrate upon marginal (but definitely
linguistically interesting) phenomena, but it is based upon
the real language captured in the treebanks.

In the future we would like to continue the research in
two directions. One will be the obvious endeavor to collect
the statistics for more languages, the second one will be a
more subtle treatment of linguistic phenomena appearing
in treebanks, as, e.g. the investigation including also sub-
ordinated clauses or interrogative sentences.

Grant support

This paper exploits language data developed and/or dis-
tributed in the frame of the project MSMT CR LIN-
DAT/CLARIN (project LM2010013).

References

[1] Saussure, F.: Course in general linguistics. Open
Court, La Salle, Illinois (1983) (prepared by C. Bally and
A. Sechehaye, translated by R. Harris)

[2] Saussure, F.: Kurs obecné lingvistiky. Academia, Praha
(1989) (translated by F. Cermék)

[3] Sapir, E.: Language. An introduction to the study of
speech. Harcourt, Brace and Company, New York (1921)
(http://www.gutenberg.org/files/12629/12629-h/
12629-h.htm).

[4] Skalicka, V.: Vyvoj jazyka. Soubor stati. Stitni pedagog-
ické nakladatelstvi, Praha (1960)

(5] Cermdk, E.: Jazyk a jazykovéda. Prazskd imaginace, Praha
(1994)

[6] Zeman, D., Dusek, O., Marecek, D., Popel, M., Ra-
masamy, L., Stépanek, J., Zabokrtsky, Z., Haji¢, J.: Ham-
leDT: Harmonized multi-language dependency treebank.
Language Resources and Evaluation 48 (2014), 601-637

[7] Hajic, J., Panevovd, J., Hajicovd, E., Sgall, P., Pajas, P,
gtépének, J., Havelka, J., Mikulova, M., Zabokrtsk}'f, Z.,
Sevéikova-Razimovd, M.: Prague Dependency Treebank
2.0. LDC, Philadelphia, PA, USA (2006)

[8] Haji¢, J., Hajicovd, E., Panevovia, J., Sgall, P, Bo-
jar, O., Cinkovd, S., Fucikova, E., Mikulovd, M., Pa-
jas, P., Popelka, J., Semecky, J., Sindlerov4, J., Stépanek, J.,
Toman, J., UreSovd, Z., Zabokrtsky, Z.:  Announcing
Prague Czech-English Dependency Treebank 2.0. In: Pro-
ceedings of the 8th International Conference on Language
Resources and Evaluation (LREC 2012), Istanbul, Turkey,
ELRA, European Language Resources Association (2012),
3153-3160

[9] Brants, S., Dipper, S., Eisenberg, P, Hansen, S., Konig, E.,
Lezius, W., Rohrer, C., Smith, G., Uszkoreit, H.: TIGER:
Linguistic Interpretation of a German Corpus. Journal of
Language and Computation (2004), 597-620

[10] Pajas, P., St&panek, J.: System for querying syntactically
annotated corpora. In: Proceedings of the ACL-IICNLP
2009 Software Demonstrations, Suntec, Singapore, Asso-
ciation for Computational Linguistics (2009), 33-36

[11] Holan, T., Kubon, V., Oliva, K., Platek, M.: On complexity
of word order. Les grammaires de dépendance — Traitement
automatique des langues (TAL) 41 (2000) 273-300

[12] Kubon, V., Lopatkova, M., Platek, M.: On formalization
of word order properties. In: Gelbukh, A., (ed.), Theoret-
ical Computer Science and General Issues, Computational
Linguistics and Intelligent Text Processing, CICLing 2012,
volume 7181 of LNCS., Berlin / Heidelberg, Springer-
Verlag (2012) 130-141

[13] Mitchell P. Marcus, Mary Ann Marcinkiewicz, B.S.: Build-
ing a large annotated corpus of English: the Penn Treebank.
Computational Linguistics 19 (1993)



J. Yaghob (Ed.): ITAT 2015 pp. 30-37
Charles University in Prague, Prague, 2015

A
ITAT

Efficient Computational Algorithm for Spline Surfaces

Lukas Mino

Institute of Computer Science, Faculty of Science, P. J. Safarik University in Kogice
Jesennd 5, 040 01 Kosice, Slovakia
lukas.mino@upjs.sk

Abstract: Many data mining tasks can be reformulated
as optimization problems, in the solution of which approx-
imation by surfaces plays a key role. The paper proposes
a new efficient computational algorithm for spline surfaces
over uniform grids. The algorithm is based on a recent re-
sult on approximation of a biquartic polynomial by bicubic
ones, that ensures C> continuity of the corresponding four
bicubic spline components. As a consequence of this bi-
quartic polynomial based approach to constructing spline
surfaces, the classical de Boor’s computational task breaks
down to a reduced task and a simple remainder one. The
comparison of the proposed and classical computational
algorithm shows that the former needs less multiplication
operations resulting in non negligible speed up.

1 Introduction

Recent years a considerable effort has been seen to de-
velop reliable and efficient data mining tools to discover
hidden knowledge in very large data bases. The funda-
mental problem is proposing algorithms to extract some
useful information from very large databases. Fortunately,
many data mining tasks can be reformulated as optimiza-
tion problems, where approximation by surfaces plays
a key role [1], [7].

The goal of the paper is to show that even such standard
result as de Boor’s sequential algorithm for construction of
interpolating spline surfaces can be improved. It suggests
a computational algorithm based on new model equations,
in derivation of which biquartic polynomials played an es-
sential role.

The idea of using quartic and biquartic polynomials in
cubic and bicubic spline construction comes from recent
results of Torok and Szabé [16], [19], [13]. They have
proven a key interrelation of these polynomials using the
IZA representation [18], [14], which can incorporate both
interpolation and approximation. The IZA representation
was obtained using an r-point transformation that was a
generalization of its three point ancestor [4]. A three
point transformation was successfully applied to various
approximation problems. Works [15], [8] showed how it
can be used to assess the unknown degree in regression
polynomials. In [5] a three point method was developed
to detect piecewise cubic approximation segments for data
with moderate errors. The technique, based on which the
IZA representation has been derived, was first used in [10].
The paper [17] showed how to properly use the IZA rep-

resentation’s reference points for segment connection and
their relation to derivatives. Papers [6], [14] contain re-
sults on approximation of 3D data based on the reference
point approach. The first remarkable asymptotic proper-
ties of the IZA representation based two-part approxima-
tion model were gained in [11] and [18]. These proper-
ties confirmed the validity of the two-part approximation
model, which led first to [16], where the interrelation of
quartic and cubic polynomials was shown, and then to pa-
pers [19] and [13], [9] that introduced the reduced system
approach to spline curve construction and proved the in-
terrelation of bicubic and biquartic polynomials.

The algorithm presented in this paper has a decreased
number of equations and is based on the generalized re-
sults of [19] and [9].

The structure of the article is as follows. Section two is
devoted to problem statement. To be self-contained, sec-
tion three briefly describes de Boor’s algorithm. The next
section first provides the definition of bicubic and biquar-
tic polynomials. Then it shortly discusses the interrela-
tion of these bivariate polynomials and their role in the
computational schema. Section five contains the proposed
sequential computational algorithm based on reduced sys-
tems. Section six briefly compares the new and the classi-
cal algorithm. The efficiency of the proposed algorithm is
shown in the last but one section by computing the theo-
retical speedup that is approximately 1.33.

2 Problem Statement

The section defines the inputs for the spline surface, and
the requirements that it should fulfil and based on which it
can be constructed.

Consider a uniform grid

(U0, U, .. U] X [VO, V15, V2n), (D
where

u =ug+ih,, i=12,....2mmeN,

vi=vo+jhy, j=12,....2n,neN.

According to [3], the spline surface is defined by given
values

Zij, i=0,1,....2m, j=0,1,...,2n 2)
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at the equispaced grid-points, and given first directional
derivatives

di;, i=072m, j=0,1,....2n 3)
at boundary verticals,
dl.’:j, i=0,1,....2m, j=0,2n (€))

at boundary horizontals and cross derivatives

dij, i=0,2m, j=0,2n (5)
at the four corners of the grid.

The task is to define a quadruple [z ;,d};,d; ;,d;"}] at
every grid-point [u;, v;], based on which a uniform bicubic
clamped spline surface S of class C? can be constructed

with properties

aS(u,-,vi)
S(ui,vj) = Zi,j7 T = dijja
WUV _ ey PStwvy) _
X oxdy b’

where the adjacent spline segments are twice continuously
differentiable. Our aim is to solve this task with less equa-
tions and less multiplications than the standard spline con-
struction algorithm [3]. We will achieve this by means of
Hermite splines and using a recently derived relationship
property between biquartic and bicubic polynomials.

3 Carl de Boor’s Algorithm

Paper [3] is devoted to bicubic spline surface interpola-
tion. It formulates the problem and gives the solution to it.
We briefly reformulate the paper’s main result for uniform
splines to show the four main equations, based on which
the numerous tridiagonal systems of de Boor’s algorithm
for solution of the unknown derivatives are constructed.
Thanks to it the paper is self contained and the reader can
count up the number of operational multiplications and so
quantitatively compare de Boor’s and the proposed new
algorithm.

Lemma 1 (de Boor). If the above 7 values and d deriva-
tives are given, then the values

di i=1,....2m—1, j=0,...,2n,
& ;, i=0,....2m, j=1,...2n—1,
a7, i=1,....2m—1, j=0,...,2n,

andi=0,....2m, j=1,...,2n—1

are uniquely determined by the following 2(2m)+ (2n) +5
linear systems of altogether 3(2m)(2n) + (2m) + (2n) — 5
equations:

for j=0,....2n,

3
z)'c+1,j+4dij+dz)':1,j:h*x(ZiJrl,j_Zifl,j); (6)
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wherei=1,....2m—1;
for j =0,2n,
-’ ad’Y +d7, = 3 d d 7
iv1,) Tad;+ H,j—h*x( i —di ), (D
wherei=1,....2m—1;
fori=0,....2m,

, , , 3
d) ) HAD A+ d) | = h—y(z,-,,,ﬂ —zij-1), (8
where j=1,....2n—1;

fori=0,...,2m,

X,y X 3
+4di,’} +di —(d i —dij-), 9

dx7y —
i,j—1
hy

i j+1

where j=1,...,2n—1.

4 Biquartic Polynomials and Bicubic
Splines

The section begins with definition of bicubic and biquar-
tic polynomials. Then it shortly discusses the interrelation
of these bivariate polynomials and its role in the computa-
tional schema.

The tensor product formulas of bicubic Hermite spline
components, see [12], and biquaric polynomials are given
by the following two definitions.

Definition 1. On grid (1) the bicubic Hermite spline com-
ponents S; j(x,y) for

i=0,1,2,...2m—1,

X € [”i;ui—i-l],

j=0,1,2,...2n—1,
y € [jvisl,
are defined as follows
Sij(x,y) = AT (x,ui, ) - @, ;- A(y,vj,hy), (10)
where A is a vector of basis functions

[ (142759 (1—17)2 ]
h2
(r—19)*(1-251)
Alt,10,h) = h? ;
(t:00,) (t—10)(1—11)’
h2
(t—tg)?(1—11)
h2

t) =ty + h and @ is a matrix of function values and first
derivatives

. . y y
Zi,j i, j+1 di,j di., j+1
Tty il di d
0 — i+1,j L+l j+1 i1, Yitl,j+1
L X X X,y X,y
di; A d o di
X X x7)7 x?.}'
dij i 4t 4
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For the spline components the following conditions hold

Si-,j(ukavl) = Ikl k:l>l+17 l:]’J+17
dS:;
W = df, k=ii+l, I=jj+1,
98 j(ux,vi)
DY S S dy, k=1ii+1, l=j,j+1,

8)/ k.l

aZS (u 7‘)
97Sij(ue,vr) dij, k=ii+l, 1=jj+1.

dxdy

Based on (10) the second derivatives of S; ;(x,y) can be
expressed effectively, e.g.

azsi,j(xay) _ aZlT(X’ M[,]’lx)

(Pi,j.a’(yﬂ}jvhy)v (11)

o0x? 0x?
where
- AT

6(2t—219—h)

h3
6(—2t4+2t+h
A1) _ | A
12 | 2(3t—319—2h)

h2
2(3t—3t9—h)

h2

The biquartic polynomials are also defined by tensor
product.

Definition 2. On grid (1) the biquartic polynomials
Fj(x.y) for

i=0,2,4,...2(m—1),

x € [uj, uiy2),

j=0,2,4,...2(n—1),

y € vjsvjtal,
are defined as follows

Fi,j(%)’) = LT(xa U, hy) "pi«,j -L(y, Vjahy)7 (12)
where L is a vector of basis functions

[ —(14252) (1) (1=1)? ]
4n’
(t—t0)*(1—1)*
h4
(1—19)%(1—11)(1-252)
4h3
—(t—to)(t—1)(t—1)*
an3
(t—t0)*(t—t1)(t—12)

L 4h3 i

L(z,t0,h) =

t1 =ty+h, ty = to+2h and P is a matrix of function values
and first derivatives

y y

Zij Zij+1 Zij+2 d; ; di iy
¥ ¥

Zitlj o Zitlgrl o Ziklgt2 diggo digg o

PR y A
@ij= | ziv2;  zir2je1 w22 Ao A
X X X X,y X,y
d; ; di i diin d;’; d;’iys
X Ad X any X,y
dia; i g din; 4o

For uy, v; defined in (1) the following conditions hold

E,j(uk',vl) = 2l k:J,]+1~J+27 l:]7.]+17]+27
oF; ;
lvjlguk”/]) = d]f,l’ k:lvl+2' l:_]7‘]+1,_]+2,
x
JF.: ;
7’4;”"’”) = &, k=iitlit2, I[=jj+2,
y
9% F ) (e, vi) : . .
T&y = d,f}, k=1,i4+2, [=j,j+2.

The tensor product definition of F; j(x,y) by (12) pro-
vides a compact way to express first derivatives, e.g.

dF; j(x dL(y,v;,hy
D), P
z dY z d¥ z d¥
[uo, vo + 2hy] [ug + 2hz, vo + 2hy]
afa=v 5% |57y avfa=-v
SO.I Sl.l
H z|8Y zjsv
d”Qa* Y % |8™Y d*je*Y
SO.O Sl.()
zjd¥ z|dY zfdY
[uo, vo] [uo + 2k, vo]
dr 4=y 5% §T-Y 4T 4=y

Figure 1: Schema of objects of a 2 x 2 - component bicubic
Hermite spline surface.

Works [13], [9] prove how is a biquartic polynomial ap-
proximated by four bicubic polynomials. We want to ap-
ply this idea in our new approach to computing uniform
bicubic splines of class C2. The point of the approach is to
solve only one half of derivatives from equations, and the
second half of derivatives to compute from simple formu-
las that are derived from corresponding biquartic polyno-
mials.

Unlike de Boor’s lemma, we provide only the inter-
pretation of the main result of [9]: a 2 x 2-component
bicubic Hermite spline of class C! will be of class C?, if
the grid-points are equispaced and the unknown deriva-
tives of the bicubic spline components at them are com-
puted from a corresponding biquartic polynomial that is
uniquely determined by the spline problem of Section 2
for the [ug, u1,uz] X [vo,vi,v2] grid.

This interrelation between a biquartic and four bicubic
polynomials is illustrated by the schema in Fig. 1. The bi-
quartic polynomial F over [ug,uz]| X [vo,Vv2] is defined by
given nine function values z and sixteen derivatives d that
set up four quadruples [z,d*,d”,d*”], two pairs [z,d*], two
pairs [z,d”] and a single z. Every bicubic spline compo-
nent is defined by four quadruples [z,d*,d”,d*”]. The nine
quadruples in the figure are depicted around nine grid-
points. Those eleven directional and cross first derivatives
that are computed from the biquartic polynomial F and
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Figure 2: Schema of objects of a (2m+ 1) x 2n+1)-
component bicubic Hermite spline surface.

that are needed to construct the four bicubic spline com-
ponents S = {S0,0,50,1,51,0,51,1}, are denoted by &, see
Fig. 1.

The below proposed algorithm was developed by gener-
alizing the above described interrelation between biquartic
and bicubic polynomials. First biquartic polynomials were
handled and then based on them new model equations and
formulas for unknown derivatives of the bicubic spline sur-
face were derived.

Figure 2 illustrates the schema of the proposed compu-
tational algorithm for (2m+ 1) x (2n+ 1) bicubic spline
surface of class C2. There are 2m + 1 verticals and 2n +
1 horizontals. Rectangles and thick rectangles indicate
the boundary of bicubic spline components and biquartic
polynomials, respectively. There are two types of objects
at every grid-point: known and unknown ones. The given
values and derivatives are denoted by z, d and the unknown
first derivatives by D, 8. Notice that z is provided at every
grid-point and d only along the total grid’s boundary. The
most important is where are the unknown D and § param-
eters. The D parameters are located only along the thick
rectangles, but never in their center. As we shall see later
the D parameters will be computed from equations and the
0 parameters from explicit formulas. The equations were
derived from the equality of second derivatives of spline
components and the formulas from the biquartic polyno-
mials.

The derived new model equations for the unknown D
derivatives of the spline surface segments and parts of the
explicite formulas for & are generalization of model equa-
tions and formulas of the unknown derivatives of spline
curve segments, see [16].

5 Reduced System Algorithm

This section presents a new sequential algorithm for com-
puting a C?-class uniform spline surface’s unknown first
derivatives. Its efficiency will be shown in the next sec-
tion. The central part of the algorithm are three new model
equations and five new explicit formulas. We do not derive
these model equations and explicit formulas, only men-
tion that for their derivation we had to (see Fig. 2) thor-
oughly analyse the structure of the bicubic and biquartic
polynomials, specify which derivatives should be the D
and which the d parameters, understand which polynomi-
als are critical for obtaining the equations and formulas,
and for all this the following steps were needed:

1. construction of some biquartic polynomials F; ;,
see (12),

2. construction of § parameters as functions, see (13),

3. construction of some appropriate Hermite spline
components S, see (10), for comparing of their sec-
ond derivatives, see (11).

The below proposed algorithm can be characterized
from two aspects

e what it computes,
e the quality of its outcome.

The algorithm computes D and & coefficients for bicu-
bic spline surface components from inputs given at equi-
spaced grid-points described in Section 2. The D coeffi-
cients are computed from linear systems based on equa-
tions (14), (16), (18) — (21). The J coefficients are gained
from explicit formulas (15), (17), (22) — (24). Since the
equations for the D parameters were derived from the
equality of second derivatives of spline components and
the formulas for the § parameters were gained from bi-
quartic polynomials that as we know grant C> continuity
of their components, the algorithm provides such coeffi-
cients that the uniform bicubic spline surface will be of
class C.

Algorithm for computing the unknown first derivatives of
the spline surface in three main steps with reduced sys-
tems.

Inputs: z and d values, see (2) — (5).

Step 1a. Computation of D* parameters along the hor-
izontals from equation systems.

For each horizontal we construct a system of linear
equations to compute the D* values, located on the inside
odd grid-points. Each horizontal represents an indepen-
dent tridiagonal system of linear equations.

For each horizontal, see Fig. 2, j =0,1,...,2n, a tridi-
agonal system is constructed based on equations

Djign) ;= 14D+ Doy

i+1),j , i-1),j —
3 12 (14)
= E(ZZ(i—i-l),j —Zz(i—l),j) - E(ZZi+1,j —22i-1,j),

wherei=1,2,....m—1.
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Step 1b. Computation of 6* parameters from explicit
formulas.

To finish the computation of all first partial derivatives
with respect to x we have to calculate

X 3 1 X
6= an, (i1, — Zi-1) — 4(dl+1]+d ) (13)

wherei=1,3,....2m—1, j=1,3,....,2n—1.
Step 2a. Computation of D’ parameters along the hor-
izontals from equation systems.

For each vertical we construct a system of linear equa-
tions to compute the D” values, located on the inside odd
grid-points. Each vertical represents an independent sys-
tem of linear equations.

For each vertical, i = 0,1,...,2m, a tridiagonal system
is constructed based on equations
Dien) ~ 18D50;+ Dy i) =

3 12 (16)
= iy (Zi2(j+1) = Zi2(j=1) — n (zi2j41 —Zi2j—1)s
where j=1,2,...,n—1.
Step 2b. Computation of §” parameters from explicit
formulas

To finish the computation of all first partial derivatives

with respect to y we have to calculate

: 3 1 ,
;= Iy ——(zij41 — Zi,j—l)_z(dl}ifrl-f—dijil), (17

5,

wherei=1,3,....2m—1, j=1,3,...,2n— 1.

At this moment all directional derivatives are known:
some were provided and the unknown D and 6 directional
ones were computed in Steps 1 and 2. In the further steps
all directional derivatives will be denoted by d and con-

tained in the right hand side of equations and formulas.

Step 3a. Computation of D" parameters along the bot-
tom and top horizontals, and left vertical from equa-
tion systems.

We construct systems of linear equations for bottom and
top horizontals and left verticals by [3]. The systems for
the bottom boundary horizontal is

3 )
7(dl}+1,0 _diy—l,o)a (18)

Dl+10+4D +D;C—)10:h
X

wherei=1,...,2m—1;
for the top boundary horizontal is

3 ,
D}y 5, +4D;5, + D) 12n:h (de1 00— d15,), (19)

wherei=1,...,2m—1;
and for the left boundary vertical is
V] Vi 3
Dy’ q +4Dy + Dyl = (df)c.j-&-l —dy 1), (20)
y
where j=1,2,...,2n—1.

Step 3b. Computation of D* parameters from the in-
side grid-points using systems of equations

For the odd verticals, i = 2,4,6,...,2m, a tridiagonal
system is constructed based on equations

XY ey

DY, — 14D} + DY, =
1 :

= 7(512r 2]+2+d1 2] 2)— de;yz,j"’
3 y

+7h iy jintdig o)+ ( i jp2tdigj o)+
9 9
7h o (d i tdy 2)+m(—zi—Z,HZ‘FZi—Z,j—Z)"‘
12 12

+7h (—di_ 1,]+2_diyfl,j72)+ﬁy( 2 —dia 1)t
3 27

+ E( a2 —dij o)+ m(*zz\jﬂ +2ij-2)+

+20 + )
———(zim1,j+2 — Zim1j—2 + Zim2 j+1 — Zie2,j—1)—
7hxhy i—1,j+ i—1,j i—2,j+1 i—2,j
6 108

~ it h (dx]+1+dx )+77hxhy (@41 = 2ij-1)—
18 144 24

y
7h7x i"j+m( Zi— 1,]+1+Zl 1,j— l)+ dl 1,j°
2n
where j =4.,6,...,2n—4.

Mention must be made, that this step was the most criti-
cal. At first after computation of D" unknowns along the
bottom and top horizontals in Step 3a we got equations
with six D% unknowns on the left side. Torok suggested
to compute the Dxy parameters along the left vertical us-
ing de Boors equation in Step 3a and thanks to this three
of six D* parameters could be moved to the right side as
computed.

Step 3c. Computation of 6 parameters from explicit
formulas

To finish the computation of all first cross derivatives
we have to calculate for the even verticals and the even
horizontals

1

57 = 6(dz+1]+1+d1+1] VA )~
3
- W(dfﬂ,jﬂ —diy oAy e —diy o) —
y
3 '
~ 16h, ——(d, e+l +di, -1 dztl,jjtl _diyfl,jfl)'i_
9
+m(zi+l,j+] — Zif 1, j—1 — Zi1,j4+1Zi—1,j—1)5
xlly
(22)
wherei=1,3,....,2m—1, j=1,3,...,2n—1;
for the even verticals and the odd horizontals

3. " 1
Sf}y 4hy ( ij+1 = i:J—l) 4<dl j+1 +d1] 1) (23)

wherei=1,3,...2m—1,j=2,4,... 2(n—1);

and for the odd verticals and the even horizontals

3 1 :
Xy XY Xy
0 = qny i — i)~ g g i), G4

wherei =2,4,....2m—1, j=1,3,...,
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6 The Comparision of the New and
de Boor’s Algorithm

We sum up the complete spline task and how is it com-
pleted by the considered two algorithms. Then we give
some details about the role of the biquartic polynomials
that are absent in de Boor’s algorithm but played a crucial
task in the design of the proposed one.

In case of (2m+ 1)(2n+ 1) grid-points, to fulfill
the complete spline task means to construct (2m)(2n)
spline components using (2m+ 1)(2n+ 1) various quadru-
ples, where one quadruple looks the following way:
[z,d*,d”,d*”]. The input comprises (2m+1)(2n+1) z
values, 2(2n+1) d*, 2(2m+ 1) d” and 4 d* derivatives.
The unknown derivatives require computation.

In de Boor’s algorithm every unknown derivative is
computed from equations that are of four types, see (6)—(9)
and [3]:

e from 2n+ 1 systems with 2m — 1 variables
(2n+1)(2m — 1) derivatives d* are computed,

e from 2 systems with 2m — 1 variables
2(2m — 1) derivatives d*¥ are computed,

e from 2m+ 1 systems with 2n — 1 variables
(2m+1)(2n— 1) derivatives d” are computed,

e from 2m+ 1 systems with 2n — 1 variables
(2m+1)(2n — 1) derivatives d* are computed.

The proposed algorithm’s benefit is that lesser number
of unknown derivatives (D parameters) are computed from
systems of equations, see Tab. 3, compared to de Boor’s
algorithm [3]. The remaining derivatives (8 parameters)
are computed from explicit formulas. This was achieved
thanks to using mn biquartic polynomials F; ;(x,y) be-
hind the scene, whose definitions use only (m+1)(n+1)
quadruples.

The algorithm’s drawback is that it uses more types of
relation: six types of equations and five types of explicit
formulas. Nevertheless it has to compute approximately
12/5 times less equations within systems — compare Tab. 2
and Tab. 3 from Section 7.

Let us have a closer look at biquartic polynomials and
their role in the algorithm’s design. One biquartic poly-
nomial F; j(x,y) needs 25 parameters, see Definition 2.
We distinguish between four types of F polynomials,
see Fig. 2,

1. at the corners,

2. at boundary horizontals,

3. at boundary verticals,

4. over the inside grid-points.

While for example for the biquartic polynomial F over in-
side grid-points all the sixteen derivatives are unknown,

they are D parameters, for F from the corners only seven
are unknown and nine are given, these are the d param-
eters. After obtaining the D parameters the remaining
derivatives are computed based on F. From every F
eleven delta parameters can be obtained: two pairs of
type [0, 6], two pairs of type [67,8"Y] and one triple
[6%,6”,6*”]. Naturally, 6 parameters are functions of D
parameters, see [9].

After introducing the new algorithm in the previous sec-
tion and giving a short insight into its design in this one,
the next section is devoted to its quantitative characteriza-
tion.

7 Number of Multiplications

The standard way of solving a tridiagonal linear system

b 1 0 di ry —do
1 b 1 dr r
0 1 ds _ | n
b dg rk —dg i1
A d r

uses the LU factorization Ad =L Ud = r, where
=~

y
[ 1
L 1
L — 0 Iz 1 ’
i g 1
[w; 1 0
0 wu 1
U = Uz ,
L ug

the u; and /; elements are computed as, see [2],

1

LU : Ltl:b, {li:7,Mi:b*li},i:2,...,1(, (25)
Ui—1

and the forward (Fw) and backward (Bw) steps of the so-

lution are

Forward: Ly=r, (26)

whereyl =r, {yiz ri—liyl-,l}, i=2,...,K;

Backward: Ud =Y, 27)

where d]( = %’ {d,' = u%_(y,'—xlurl)}, i=K-— 1,...,1.
The tridiagonal systems of equations for de Boor’s and
our algorithm are solved by LU decomposition. All the

systems of these algorithms are diagonally dominant with
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25) | (26) | 27)
Dim. | LU | Fw | Bw | RHS
NxN | yN | N YN | BN

Total mult.
2yYN+ BN +N

Table 1: Count of multiplications in one system of equa-
tions

de Boor System | Equation | B
Step 1 (6) 2n+1 2m—1 1
Step 2 (7) 2 2m—1 1
Step 3 (8) 2m+1 2n—1 1
Step 4 (9) 2m—+1 2n—1 1
Total equations 12mn+2m+2n—>5

Total mult. 24ymn 4+ 24mn+4ym+4yn
+4m+4n—10y—1

Table 2: Count based characteristics — de Boor’s algorithm

Proposed System | Equation | B
Step 1a (14) 2n+1 m—1 2
Step 2a (16) 2m+1 n—1 2
Step 3a (18) 1 2m—1 1
Step 3a (19) 1 2m—1 1
Step 3a (20) 1 2n—1 1
Step 3b (21) m n—1 17
Total equations Smn+2m—+n—>5

Total mult. 10ymn +30mn +4ym+-2yn
—13m+n—10y—12

Table 3: Count based characteristics — proposed algorithm

Proposed Formula | B
Step 1b (15) m2n+1) | 2
Step 2b (17) 2m+1)n | 2
Step 3¢ (22) mn 4
Step 3¢ (23) mn—1) | 2
Step 3c (24) mn 2
Total formulas Tmn+n

Total mult. 16mn+2n

Table 4: Count based characteristics — explicit formulas in
proposed algorithm

elements 1,4, 1 and 1, —14, 1. The LU and backward steps
contain a division that is indicated by 7, the ratio between
division and multiplication: the performance of a division
operation is equivalent to y multiplications.

The proposed and de Boor’s algorithm differ

e in number of systems of equations,
e in number of equations within systems,

e in number of multiplication operations on right hand
side (RHS) of equations.

Tab. 1 presents the number of multiplications for solv-
ing one general tridiagonal N x N matrix, where 8 denotes
the number of multiplications on the right hand side of an
equation.

The second and third columns of Tab. 2 and Tab. 3 pro-
vide the count of equations within the given steps (equa-
tions) and the count of equations within a system, respec-
tively, for a grid of size (2m+1) x (2n+1). The last but
one rows contain the total number of equations. The total
count of multiplications to solve the tridiagonal systems
within de Boor’s and the proposed algorithm are in the last
row.

In the proposed algorithm we evaluate in addition to the
solution of the tridiagonal systems of equations, see Tab. 3,
as well as 6 parameters using explicit formulas. Therefore
the total number of multiplications in the proposed algo-
rithm based on tables 3 and 4 is

10ymn +46mn+4ym+2yn — 13m+3n— 10y — 12.

We can see that the number of multiplication in the pro-
posed algorithm is less. The theoretical speed up for some
various grid sizes were computed under assumption that
Y = 3.5. Based on Tab. 5 we can conclude that the pro-
posed model is asymptotically 1.33 times faster.

Grid de Boor Proposed Speed up
11x11 2835 2033 1.394
101 x 101 271755 203 003 1.339
1001 x 1001 27017955 | 20255453 | 1.333
(105+1) x (105+1) | 27-10'2 20.25-10'2 | 1,333
(102 4-1) x (102 4-1) | 27-10%* 20.25-10%* | 1,333

Table 5: Speed up

8 Conclusion

We suggested a new efficient sequential algorithm for
computation of a spline surface over an equispaced
grid. Its theoretically evaluated asymptotic speed up over
de Boors algorithm is approximately 1.33. The algorithm
has also a very nice property from the view point of par-
allel computation: the computation of the second half of
unknowns based on explicit equations can be parallelized
automatically. Naturally, parallel methods, suggested for
solving tridiagonal systems of de Boor’s algorithm can be
used for solution of the new algorithm’s tridiagonal sys-
tems as well. Therefore, the proposed reduced system
based algorithm is preferable over de Boor’s algorithm not
only for sequential, but also for parallel computation.
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Abstract: The RAK DEK operating unit is a standalone
access control system. This unit, and its more advanced
versions, are widely used in Slovakia to protect entrance
doors to block of flats. In this paper we have studied se-
curity of RAK DEK with respect to timing attack. We
have tried two attack vectors. This system shows to be in-
vulnerable to our first attack, but we have succeeded with
the other attack vector. Now we are in state of finishing
functional exploit using identified vulnerability and inves-
tigation of its applicability to the more advanced version
of this family of access control systems.

1 Introduction and Basic Description of the
RAK DEK

The RYS is a Slovak company that develops and sales ac-
cess control and door communication systems. This com-
pany develops its own line of access control systems based
on iButton (a.k.a. touch or digital electronic key — DEK)
and the RAK DEK operating-memory units.

These systems were designed for the apartment build-
ings and became very popular. They are also used to pro-
vide access control in commercial or industrial settings
(e.g. hotels, offices, stores, schools, server housing) [1].

We choose to discuss this system because of its popu-
larity in Slovakia. We have already described cloning of
DEK and generally applicable brute-force attack in [2]. In
this paper we have exploited specific properties of RAK
DEK, so our conclusions apply only to this specific sys-
tem. However, described timing attack may be applicable
even to the other systems using 1-Wire protocol and serial
number iButtons, but actual applicability has to be indi-
vidually investigated.

1.1 Operating-Memory Unit

The operating-memory unit, e.g. RAK-DEK (see figure 1)
is the brain of RYS access control system.

This unit is connected through its RELE output with
door’s electromagnet and through 4-pin connector on
back-side with an iButton touch probe. This unit is ca-
pable to store serial numbers for hundreds of iButtons. If
a user touches the touch probe with a DEK, the iButton se-
rial number is transferred from the DEK to the operating-
memory unit. If the transferred number is stored in the
unit, the unit temporarily deactivates the electromagnets
(using the RELE output) and the user is allowed to enter.

Figure 1: The RAK-DEK operating-memory unit

We are interested in the communication between the
DEK and the operating-memory unit. As the DEK is just
a standard DS1990R serial number iButton® from Maxim
Integrated Products, Inc., this communication uses stan-
dardized 1-Wire protocol.

1.2 Serial Number iButton

The DS1990R is a rugged button-shaped data carrier,
which serves as an electronic registration number. It is
produced in two basic sizes (F3 and F5) as is schemati-
cally depicted on figure 2.

F3 SIZE F5 SIZE
3.10mm, . 5.89mm_ .
™ ostmm > 051mm BRANDING
:_>"“<_ | _N”‘<_ s ="}"
AL
%‘Q\’ 0@ 16.25mm
@
89 =/ 0
1-Wire o
%Qgé 17.35mm
227 pH\ R
10 10
GND GND

Figure 2: Schema of DS1990R serial number iButton

For the DEK an iButton of F5 size is used, together with
a plastic holder for it (see figure 3). This holder can be put
on a key chain and can be in different colors (but black is
usually used).
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Figure 3: Picture of DS1990R-F5 serial number iButton

Every DS1990R is factory lasered with a guaranteed
unique 64-bit registration number that allows for the abso-
lute traceability. This 64 bit registration (or serial) number
has internal structure as depicted in figure 4.

high address MSB LSB

beP/te serial number
| | | |

low address

CRC byte family code 01

Figure 4: Data structure of a DS1990R serial number

It contains: six-byte device-unique serial number, one-
byte family code and one-byte CRC verification. Every
DS1990R have family code fixed to (01);6. There are
also another iButton devices with different family codes.
E.g. (10);6 is a temperature iButton, but they are not usu-
ally used in this kind of systems. Therefore every DEK can
be considered as a 48 bits long factory set unique number
(analogous to unique MAC addresses of network cards).

1.3 Communication Protocol between RAK-DEK
and iButton

All iButton devices utilizes the 1-Wire protocol, which
transfers data serially, half-duplex, through a single data
lead (1-wire) and a ground return (GND).

+5V
Master Slave

5V D. Voo int.
o o

o C
v GND ﬂf[l] towire C, GND | ilton
RX

RX
64-bit
Q, Q2 ROM ID
XM TXS

Figure 5: Simplified schema of an iButton and a master

Figure 5 depicts simplified implementation of the
1-wire communication using two micro-controllers with
two unidirectional ports. The slave (in this case iButton)
has no power source and is powered from an operating-
memory unit using the parasite power system on data lead.
This system consists of diode D and capacitor C; and pro-
vides power to iButton during low voltage states of 1-wire
bus.

The master uses input port RX to sense value on 1-wire
bus. The slave uses its RX input port the same way. In the
idle state 1-wire bus is pulled up to 5V by resistor Rpy. In
this state all RX ports read logical one. Standard defines
that voltage should be at least 2.2 V to be interpreted as
logical one.

If any device wants to set 1-wire bus to logical zero, it
uses its output port (TXM or TXS) to activate its internal
MOSEFET switch (Q; or Q;) to connect the data lead to
the ground. As a result of this action, 1-wire voltage falls
down to near 0 V. Standard defines that voltage should be
at most 0.8 V to be interpreted as logical zero.

If device wants to set 1-wire bus to logical one, it just
deactivates its internal MOSFET switch. If more devices
set 1-wire bus state at the same time, then resulting state
is logical AND of all states. In other words: if at least one
device is setting 1-wire bus to logical zero, then resulting
state is logical zero.

Comman|
vd 0x33

MSB

Reset pulse |8

wo

)

I .
15.5 16.0 16.5 ms

Figure 6: Example of real 1-wire communication

Communication always starts by the reset pulse issued
by the master. The reset pulse is just long enough (in this
case 1.1 ms) logical zero state of 1-wire bus (see figure 6).
After this reset pulse all slave devices are reseted to well-
known initial state. All slave devices respond to the reset
pulse by the presence pulse, in this case with length of
0.149 ms. If no presence pulse is detected by the master,
then no iButton is connected to the master. In this situa-
tion RAK-DEK waits for 100 ms and then tries again with
another reset pulse. After successful detection of iButton,
RAK-DEK makes a new, unnecessary, reset pulse for un-
known reasons (again followed by the presence pulse).

After presence pulse, the master will send a command.
RAK-DEK always sends the command 0x33, i.e. the “read
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ROM” command. This command is transferred from the
master to the slave by serial transfer within defined time
slots. Any time slot is initiated by the master (in this case
RAK-DEK) and starts by falling edge on the data lead.
After 0.025 ms (after this falling edge), the iButton read
state of the 1-wire bus. If it is at least 2.2V, the master
sends bit 1, otherwise bit 0. Bits are always sent from the
least significant bit to more significant bits.

After receiving the “read ROM” command, the iButton
is ready to send its 64-bit serial number stored in its ROM.
Again, transfer is done in time slots initiated by the master
from LSB to MSB. So, the slave is waiting for the falling
edge. After 0.004 ms (after this falling edge) RAK-DEK
turns off the switch Q; and the pull up resistor will raise
the data lead to 5V. So if iButton wants to send bit 1, it
has just to wait. If iButton wants to send bit 0, then in
this 0.004 ms interval iButton activates its switch Q, for
0.032ms. In either case RAK-DEK reads state of 1-wire
bus about 0.02ms from the beginning of time slot. And
again, if it is at least 2.2 'V, then master receives bit 1, oth-
erwise bit 0. In figure 6 we can see first 8 bits of serial
number after command 0x33. In the case of DEK it is al-
ways 0x01 (family code). Lower half of figure 6 zooms
to the last but one byte of serial number (in case of this
specific key itis (00110111), = (37) .

Communication ends when RAK-DEK receives whole
64-bit serial number. If received number is on internal list
of authorized DEKs, then RAK-DEK releases electromag-
net holding the doors. At this point RAK-DEK sends the
reset pulse and the whole communication starts again. For
more implementation details of the protocol see [3].

2 Hardware

To be able to interact with RAK-DEK we need to imple-
ment an iButton emulator. We decided to use an Arduino
compatible hardware platform developed at Slovak Uni-
versity of Technology — Acrob [4], depicted on figure 7.

Figure 7: Acrob — an educational robotic platform

This hardware platform uses the Atmel ATmega328P
microcontroller running on 16 MHz, which we pro-
grammed in C++ like language, using standard Arduino
IDE [5].

In contrast to our previous paper [2], where we have
simulated operating-memory unit by Acrob, now we have
to buy a real RAK-DEK operating-memory unit, because
timing attacks are very sensitive to implementation details.
We still use one Acrob device for emulation of iButtons.

The 1-Wire protocol uses only one data line. We im-
plement this line by connecting together digital pin 12 of
Acrob, with the center pad of touch probe (this is equiva-
lent to connecting directly with pin 2 of the RAK-DEK).
This probe is connected to the RAK-DEK using 4-pin con-
nector on the back-side of PCB. To establish a ground re-
turn we connect Acrob GND pin with outside ring of touch
probe (this is equivalent to connecting directly with pin 1
on the RAK-DEK).

The touch probe gives us one more information channel
— the LED. RAK-DEK is blinking with this LED to make
it easier to locate the touch probe at night. Also the LED
lights up for some time when iButton touches the probe.

To be able to analyze even this source of information
we decided to use a photoresistor facing to the LED in
the touch probe. We used a photoresistor module with an
opamp used as a comparator and a potentiometer for set-
ting a threshold. When light intensity is over the threshold,
then DO pin of the module is on logical 0 level (near 0 V),
otherwise it is on logical 1 level (near 3.3V because we
have used 3.3V as V... for the module). We have connected
DO pin on the photoresistor module to pin 8§ on Acrob.

vV 0 2 4 6 8 10698 700 702 704 706 708
5 5 5
4 4 4
3} 1wire| 3 1-wire 3
2 2 2
1 1 1
ol ¢ P 0 700 702 704 706 708
5 4 6 8 10§53 700 5
4 ~ 4 =) 4
3 . 3 delayled stop 3
2 AN 32 . 2
| - delayed start w» §; LEDIisON |
ob 0 2 4 6 8 10fq 700 702 704 706 708
5to 2 4 6 8 10§5 700 702 704 706 7085
4 4 4
3 3 3
2 2 Photoresistor (analog) 2
1 ].____________..4—-——-—”—“‘—"'—‘—' 1

0 0
Bl 700 702 704 706 7085
4 4
3 3
2 Photoresistor (digital) 2
1 1

0

0 2 4 6 8 10 698 700 702 704 706 ms

Figure 8: Calibration of the photoresistor module

Photoresistors are slow and that is why we can see a de-
layed start and a delayed stop in figure 8. We have rotated
the potentiometer to set the threshold around 620 mV. By
this calibration we obtained a small stop delay at cost of
longer start delay and hight sensitivity to ambient light. In
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this case it was not problem. We know, that LED starts to
lit at the start of second reset pulse and the ambient light
was shielded. In fact, the length of the stop delay is not im-
portant, we only need it to be constant. If smaller delays
are needed then phototransistor can be used.

3 The Brute Force Attack

If we omit the predictable parts of serial numbers (i.e. fam-
ily code and CRC), we have to find six bytes. Our empir-
ical observations suggest that serial numbers are allocated
in sequence. All keys we have seen so far had zeros in two
most significant bytes of these six bytes. Therefore for a
brute force attack it would be sufficient to try all 232 serial
numbers of the form mentioned above.

In our experiments we have observed that RAK-DEK
is issuing the reset pulse every 100 ms when waiting for
DEK. But if DEK is found, then next rest pulse does
not come immediately, but always after 700 ms from the
first. This does not leave any space for timing attack
and substantially increases time for the bruteforce attack
that we have estimated in [2]. If we assume 700 ms as
an upper bound to try one serial number, we will need
700ms x 248 /60/60,/24/365.5 ~ 95 years for a success-
ful brute force attack in the worst case.

4 The Timing Attack

As a last resort we have tried to analyze time that elapses
from the moment we send 64-bit serial number to the
moment LED goes off. Ours idea was to store one
key, e.g. 0x0000000000000000 into RAK-DEK unit and
then emulate two keys, e.g. OxFF00000000000000 and
0x00000000000000FF, and measure time needed for the
LED to go off in both cases. Through this experiment we
have realized that RAK-DAK is firstly validating CRC and
family code. It is not possible to do tests with an unreal-
istic DEK. Therefore we choose one valid DEK and make
modifications only to its 6 inner bytes in such way to not
modify resulting CRC. Then we tried to send four differ-
ent keys to RAK-DEK with different positions of the first
discrepancy from stored key. Resulting times are depicted
in figure 9.

From this figure we can see, that RAK-DAK is clearly
comparing DEK bytes form LSB to MSB, because time
is increasing as position of first discrepancy goes to more
significant bytes. Also we can see a nice linear relation-
ship between the position and the time. Using a linear
regression we estimated it to be:

f(p) = (1.33ms)p+307.96ms

Based on this liner regression we can say that test of
one byte from electronic key takes approximately 1.3 ms.
To verify correctness of this hypothesis we loaded some
random DEKs into RAK-DEK. Then we tried to identify

Figure 9: Position of first discrepancy vs. LED lit time.
Positions are numbered from right (LSB) to left (MSB).

value on position 1 (position 0 always has value of 0x01).
But our implementation did not work. Finally, we found
that RAK-DAK is comparing key bytes from LSB to MSB,
but firstly it checks if CRCs are equal. This is probably
an optimization to speed up comparison of long byte se-
quences in case we have their CRCs already precomputed.
Using this information, we can do much better then
brute force attack. We still need to search through the key
space, but we can do it byte by byte now. Starting from
CRC (at position 8) and then going from position 1 to 5,
calculating value at position 6 in such way not to change
resulting CRC. If we see that system response delayed by
1.3ms we know, that we hit correct value for actual po-
sition and we can advance to next position, until correct
DEK is found. Using this technique and our experience
of position 5 and 6 to be zero on all known DEKs we can
estimate time of successful attack, in worst case, as:

700ms x 4 x 28 /60 ~ 12 minutes.

5 Conclusion

We have investigated possibilities of timing attacks on
RAK-DEK. We identified timing attack vulnerability ex-
ploiting LED on the touch probe. We are now in state of
finishing a functional exploit using identified vulnerability
and investigation of its applicability to more advanced ver-
sion of this family of access control systems. This attack
requires only access to an Arduino compatible device and
a photoresistor (cost around 30.00 €). The time needed for
this attack is less than 12 minutes.

On the other hand, this attack can easily be mitigated by
disconnecting LED in the touch probe from RAK-DEK.
Better solution would be to modify firmware of RAK-
DEK to turn off LED with next reset pulse (which is al-
ready fixed to 700 ms after beginning of communication).

This work was supported by VEGA grant 1/0259/13.
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Abstrakt: Cilem tohoto ptispévku je uvést, formdlné za-
vést a exaktné pozororovat vétnou redukéni analyzu svaza-
nou s redukéni analyzu D-stromtl. Timto zptisobem upfes-
nime strukturdlni vlastnosti D-stromd se zdvislostmi a
koordinacemi z PraZzského zavislostnitho korpusu (PDT).
Zvyraziujeme vlastnosti, kterymi se zédvislosti a koordi-
nace lisi. SnaZime se pracovat metodou, kter4 je blizka me-
toddm matematické lingvistiky, a to predevsim t€m, které
formuluji omezujici podminky pro syntaxi pfirozenych ja-
zykl. Ukazujeme nové moZnosti takovych formulaci.

1 Uvod

Postupné se vénujeme vétné redukcni analyze (RA) a jeji
vazbé na redukcni analyzu D-stromii (RADS), abychom
ziskali nové formdlni prostfedky vhodné pro studium
strukturalnich vlastnosti D-stromd. Na zdklad¢ téchto pro-
stfedkd formulujeme pozorovani o D-stromech v Praz-
ském zavislostnim korpusu (PDT viz [1]). Tento ¢lanek
vznikl ve spoluprici s Markétou Lopatkovou, kterd nam
pomoci vybiranych piikladi zprostfedkovala pfistup do
PDT a casto s ndmi diskutovala, zvlasté o problematice
redukci stromi z PDT s koordinacemi.

1.1 Neformalni Gvod do (manualni) redukcni
analyzy ceskych vét a redukcni analyzy jejich
D-stromu

V této sekci se pokusime Ctendfe neformdlné uvést do
problematiky manudlni redukéni analyzy vét a poukazat
na souvislosti s redukéni analyzou D-stromd, které t€émto
vétdm odpovidaji. Redukéni analyzou ¢eskych vét a jejimu
modelovani se zabyvame jiz delsi dobu (viz napt. [3, 5]),
naopak explicitni zminky o reduk¢ni analyze D-stromd se
objevuji ponejprv na loiiském ITATU (viz [4, 2]). Pti for-
malizaci obou typid reduk¢énich analyz zvyraziiujeme je-
jich minimalisticky charakter a vyuzivdme ho pfi struktu-
ralni charakterizaci D-stromi.

RA je zaloZena na postupném zjednoduSovani analy-
zované véty po malych krocich, viz [3, 5]. RA definuje
mozné posloupnosti vétnych redukci — kazda redukce RA
spociva ve vypusténi nékolika slov, nejméné vsak jednoho

*Prispévek prezentuje vysledky dosaZené v rdmci projektu agentury
GACR ¢islo GA15-04960S.

slova analyzované véty. V nékterych redukcich miize byt
kromé vypousténi pouZita operace shift, ktera presune né-
jaké slovo na novou pozici ve vete.

Metoda (manudlni) redukéni analyzy, studovand
v tomto prispévku, dodrzuje nasledujici zdsady:
(i) tvary jednotlivych slov (i interpunk¢nich znamének),
jejich morfologické charakteristiky i jejich syntak-
tické kategorie se neméni béhem RA;

(ii) gramaticky spravnd véta (presnéji jeji ¢tenf) musi zd-
stat spravna i po redukci;

(iii) vynechdme-li z libovolné redukce jednu ¢i vice ope-
raci vypusténi nebo shift, nastane poruseni principu
zachovani spravnosti (ii);

(iv) predlozkové vazby (napf. ’o otce’), se vynechdvaji
celé (jinak je moZny posun vyznamu, ¢asto i zmény
v padech);

(v) véta, kterd obsahuje spradvnou vétu (nebo jeji permu-
taci) jako svoji (pfipadné nesouvislou) podposloup-
nost, musi byt dale redukovana;

(vi) redukce pouZzivaji operaci shift jenom v piipadech
vynucenych principem zachovdni korektnosti, tedy
v pripadech, kdy vynechéni shiftu by vedlo k neko-
rektnimu vétnému slovosledu;

(vii) syntaktickd struktura véty po redukci zachovava
strukturu véty pfed redukci.

Novym prvkem mezi zdsadami pro vétnou redukéni
analyzu oproti [5] je polozka (vii). Syntakticka struktura
zde znamend vétny rozbor odpovidajici stromim z Praz-
ského zdvislostniho korpusu (D-strom). Tato zdsada fak-
ticky formuluje zdkladni vztah mezi vétnou redukéni ana-
Iyzou a redukéni analyzou D-stromi. VySe uvedené za-
sady postupné upfesnime ve formalni Casti prispévku.

V nasledujicich odstavcich uvedeme serii piikladi ilu-
strujicich prvky redukéni analyzy, které se tykaji redukci
zjednodusSujici jak zavislosti, tak predevsim koordinace.
Vsimnéme si, Ze redukce koordinaci budou ve dvou aspek-
tech slozitéjsi nez redukce zavislosti. Pozorovani koordi-
nacnich jevia a formalizace téchto pozorovéani je hlavni no-
vinkou a pfinosem tohoto ptispévku.
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D-stromy na nasSich obrazcich se li§i od D-stromt z PDT
jen ve dvou aspektech. Za prvé: neobsahuji identifikacni
uzel, ktery nenese Zadnou syntaktickou informaci a neod-
povida Zadnému slovu véty. Za druhé: znacka *Coord’ je
nahrazena znackou ’Cr’

Priklad 1.
(1) Petr.Sb se.AuxT boji.Pred o.AuxP otce.Obj ..AuxK

Petr.sb se.AuxT boji Pred 0.AuxP OtCe.Obj .. Auxk

Petrsb se.ruxt bojipred .. Auk  * Se.auxT bojipred 0.Auxp Otce.Obj .. Auxk
deletel lshift

* Se.Auxt bojipred ..Auxk  Bojipred S€.AuxT 0.AuxP otce.Obj .. AuxkK

smf\ /@te

Bojipred S€.AuxT ..Auxk

Obrazek 1: Schema RA pro vétu (1).

Z obrdzku 1 vidime, Ze véta (1) miiZe byt v prvnim kroku
redukovdna dvéma zpiisoby:
(i) bud’ vypusténim predlozkové vazby ’o otce’; této vétné
redukci odpovidd redukce D-stromu Ty z obrdzku 2 na
D-strom T, 7 obrdzku 3,
(ii) nebo vypusténim podmétu (subjektu) ’Petr’, to vsak
vede k véte se Spatnym slovosledem. Gramatické ceské
véty nemohou zacinat klitikou. To vede k pouZiti presunu
klitiky ’se’ na druhou pozici ve vété. Ziskdme tak korekini
vétu 'Boji se o otce.” Této vétné redukci odpovidd redukce
D-stromu T\ na D-strom Ty 7 obrdzku 5.

Potom pokracuji redukce podobnym zpiisobem v obou
vétvich, aZ dospéjeme k neredukovatelné sprdvné veté
"Boji se.” . Této fdzi odpovidaji redukce D-stromit T a Ty
na D-strom T3 z obrdzku 4.

Predchozi priklad ilustruje prirozenou souvislost mezi
vétnou redukcni analyzou véty (1) a redukcni analyzou

D-S[I’Oml P SN ) I I B IES  S »L_,dzku 2'

boji pred

O.AuxP  ..AuxK
Petrsb  se.auxt

otce.obj

Obrazek 2: Zavislostni strom Tj.

bojipred

Petrsb  se.auxT

+AuxK

Obrazek 3: T», vzniklé redukci z 7.

Piiklad 2. Na obrdzku 6 vidime schema redukcéni ana-
lyzy véty (2). Véta (2) obsahuje trojndsobnou koordinaci
predmétii. Povsimnéme si, Ze dalsimu zjemnéni schematu
zabrariuji kategorie (znacky), pouZité podle vzoru PDT.
Znacka Cr’ znamend koordinujici symbol (slovo),

znaci koordinované slovo, ¢i symbol. Schematu na obrdzku
odovidaji redukce D-stromii, které reprezentuji obrdzky 7

boji prec

senuwt

Obrazek 4: T3 vzniklé redukci se shiftem z 7> nebo redukci
bez shiftu z Tj.

bojipred

\o

+AuxK

0.AuxP
Se.AuxT

otce.obj

Obrazek 5: Ty, vzniklé redukei z 7.

az 11. Vsechny t7i redukce D-stromu Tcy odstrariuji (pri
zjednodusovdni trojndsobné koordinace na dvojndsobnou)
dva nesouvisejici uzly (podstromy). Treti redukce navic
pouzivd shift. Tyto redukce se lisi od pFedchoziho pFikladu,
kde vSechny redukce odtrhly jediny tiplny souvisly pod-
strom. Zbylé redukce dvojndsobnych koordinaci se reali-
zuji odtrZenim souvislého tiplného podstromu, urceného
Jjejich vrcholem, podobné jako u redukci v predchozim pri-
kladé, tykajici se zdvislosti.

Je.Pred dédou.Obj.Co,. AuxX otcem Ohj Coa.Cr strycem.Obj.Co..AuxK
Je.Pred otcem.Obj.Co a.Co strycem Obj Co ..AuxK

Je Pred dédou.Obj.Co a.Cr strycem.Obj.Co ..AuxK
shift

Je.Pred dédou.Obj.Co a.Cr otcem.Obj.Co ..AuxK

/

Je.Pred..AuxK

Obrazek 6: RA véty (2) s vicendsobnou koordinaci.

Priklad 3. Na obrdzku 12 vidime schema redukcéni ana-
lyzy véty (3). Toto schema zndzorfiuje jedinou redukci,
kterd odstrariuje koordinovand prislovecnd urceni, kterd
Jsou zdvisld na koordinovanych predikdtech. Odpovidajici
redukci D-stromu ilustruji obrdzky 13 a 14.

Priklad 4. Na obrdzku 15 vidime schema redukcni
analyzy véty (4). Véta (4) je véta s vloZenou koordi-
naci. D-stromy zachycujici odpovidajici redukcni analyzu
D-stromii jsou na obrdzcich 16 aZ 18. VloZend koordinace
se v D-stromé Tczz zjednodusuje tak, Ze se vyjme jedna
hrana s Fidicim uzlem se znackou 'Cr.Co’ (ve sloZitéjsich
pripadech i to co na ni visi). To odpovidd dvéma redukcim
ve vétné redukcni analyze 7 obrdzku 15. Tento typ redukce
Jje novy oproti predchozim pfipadiim a je vynucen principy
zachovdni korektnosti a minimality ve vétné redukcni ana-
lyze.



Redukéni analyza a Prazsky zavislostni korpus

45

Je.Pred

.-AuxK

dédou. Ob/.C% \

strycem.obj.Co

,-AuxX otcem.obj.co

Obrazek 7: D-strom T'c;.

/ strycem.obj.Coord

otcem.obj.coord

Obrazek 8: Tcay, vzniklé redukei z T'cy.

Je.Pred

acr +.Auxk
/ strycem.Obj.Co

dédou.0bj.Co

Obrazek 9: Tcby, vzniklé redukcei z T'cy.

Je.Pred

acr «.AuxK
/ otcem.Obj.Co

dédou.0bj.Co

Obrazek 10: Tccp, vzniklé redukci z
TC1.

Je.Pred

o\o

..AuxK

Obrazek 11: Tc3, vzniklé redukci z T cay, Tchy

aTccs.

Skromné.Adv.Co a.Cr denné.Adv.Cr pracujeme. Pred.Co a.Cr jedndme. Pred.Co .. AuxK

/

pracujeme. Pred.Co a.Cr jedndme. Pred.Co ..AuxK

Obrazek 12: RA zavislé koordinace na fidici koordinaci.

acr
o,

acr //7iedndme.Pred.Co

pracujeme.Pred.Co

skromné.Adv.Co  denné. Adv.Co

Obrazek 13: Tczp

acr
Jjedndme.Pred.Co
pracujeme.Pred.Co

Obrazek 14: T czpo, vzniklé redukcei z Tcz;.

Pracujeme. Pred.Co a.Cr.Co myslime. Pred.Co i.Cr jedndme. Pred.Co .. AuxK

/

Pracujeme. Pred.Co i. Cr jedndme. Pred.Co ..AuxK

myslime. Pred.Co i.Cr jedndme. Pred.Co .. AuxK

Obréazek 15: AR véty s vloZenou koordinaci.

2 Formalizace

Formalizace RA prirozenych jazykl zacina formalizova-
nim lexikdln{ analyzy téchto jazyku. Lexikdlni analyza
kromé jiného umoziuje rozliSovat moZznosti uplatneni jed-
notlivych typt redukci.

2.1 Lexikalni analyza

Pfi formalizaci lexikalni analyzy pracujeme se tfemi abe-
cedami (slovniky)- kone¢nymi mnoZinami slov. X, tzv.
slovnik !, se vyuZivd na modelovani jednotlivych slov-
nich forem. X, oznacuje abecedu kategorii, naptiklad syn-
taktickych znacek v PDT. Kombinaci dostdvame hlavni
slovnik I' C X, x X, ktery umoZiluje odstrafiovat lexiko-
morfologické nejednoznacnosti jednotlivych slovnich fo-
rem. Lexiko-morfologicky zjednoznacnéna véta tedy vstu-
puje do RA jako retézec nad slovnikem I'.

Projekce z I'* do X, resp. do X{ pfirozen€ definujeme
pomoci homomorfismi: slovnikovym homomorfismem h,, :
I' = X, a kategoridlnim homomorfismem h. : I' — L.
h,([a,b]) = a a h([a,b]) = b pro vSechny [a,b] € T..

Priklad 5. Definované pojmy ilustrujeme na priklade,
ktery vychadzi z prikladu 1

Slovnik: Z; = { Petr, se, boji, o, otce, . }

Abeceda kategorii: Zg = { Sb, AuxT, Pred, AuxP, Obj
AuxKj}

Hlavni slovnik: T' = {b1= [Petr,Sb], by=[se,AuxT], b3=
[boji, Pred], ba=[0,AuxP], bs= [otce, Obj], be=[.,AuxK]}

icr

G.Cr.(_/ \O
/\ jedndme.Pred.Co

j .Pred.
pracujeme.Pred.Co myslime.Pred.Co

Obrazek 16: Tcz3

Index p pfi oznaleni abecedy se vztahuje na anglickou verzi, kde
se pouZziva slovo proper
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icr

Awdme,Pred.CO

pracujeme.Pred.Co

Obrazek 17: Tcz3y, vzniklé redukci z T czs.

icr

Aﬂmepred@

myslime.Pred.Co

Obrazek 18: Tcz3p, vzniklé redukci z T czs.

V abeced¢ kategorii v tomto piiklad€ jsou jen zavis-
lostn{ kategorie (ne vSechny). Koordina¢ni kategorie vzni-
kaji kombinacemi se znackami Cr’, *Co’.

2.2 Formalni RA

V této sekci zavadime postupné formalni redukcni analyzu
vét (fetézi) RA a formdlni redukéni analyzu pro D-stromy.

Nejprve zavedeme na jazyce L tzv. DS-redukci >p.
Necht’ u,v jsou fetézce. Rikdme, Ze u je v&tii neZ v vzhle-
dem k jazyku L a oznaCujeme u >, v pokud:

e u,veLalul>|v

e v je permutace néjaké podposloupnosti u.

Rikdme, 7e v je DS-redukce u vzhledem k jazyku L
a oznacujeme u > v pokud:

e 1 > vaneexistuje Zddné z € Ltakové, Ze u > 7> v,
t.j., plati princip minimality redukci.

Reflexivni a tranzitivni uzavér relace >; oznaCujeme
7. Castecné usporddani > pfirozené definuje

e [0 ={velL|-3ucL:v>yu}-mnoZnu ireduci-
bilnich vét jazyka L

o ' ={veL]| Juell u>pviULL,n€N - mno-
Zina téch vét z jazyka, které je mozné zredukovat na
ireducibilni vétu z jazyka posloupnosti DS-redukci
délky nanejvys n+ 1.

Mnozinu =;={u >, v | u,v € L} nazveme mnoZinou
DS-redukci jazyka L. Analogicky pro vétu w jazyka L na-
zveme > (w) ={u >r v |w > u} DS-redukéni mnoZinou
vety w.

Fakt: =, aj >, (w) jsou jednoznalne urlené L, resp. w
alL.

Pfistupme k formalizaci (minimalistické) reduk¢ni ana-
lyzy. Rikdme, 7e relace >, C =1 je DS-(redukcni) analyza
jazyka L pokud L = L% U{v | Ju,z: vrujz€ L)}
Analogicky definujeme DS-analyzu >p(w) pro w € L;
>r(w) ={u>rv|w>ju}.

Uvédomme si, Ze zatim co jazyk L je jednoznacne urce-
ny pomoci >z a LY, véta w € L miize mit vice DS-analyz.
Rizné DS-analyzy véty w v lingvistice odpovidaji riz-
nému C¢teni (porozuméni) této véty.

Relace > urCuje velikost zkraceni, které je mozné do-
sahnout jednim krokem redukce. Rikdme, Ze 1> a L jsou

k-omezené pokud délka slov z LY je nejvyse k a |u| — |v| <
k pro vSechny ut>y v € >y.

Bylo by zvlastni, kdyby v DS-redukci pfirozeného ja-
zyka byly ireducibilni véty dlouhé, pricemz vSechny re-
dukce z > by zkracovaly véty jen mdlo. Zajimdme se
proto hlavné o takové DS-analyzy, v kterych Vw & LQ
existuji u, v, u>p v takové, ze |u| — [v| > |w|. Takovym
DS-analyzam tikdme proporciondlni.

Vsimnéme si, Ze redukéni analyza Ceské véty z pii-
kladu 1 vyhovuje podminkdm kladenym na proporcio-
ndlni 2-omezenou DS-analyzu, zatimco redukéni analyza
Ceské véty z ptikladu 2 je proporciondlni 3-omezenou DS-
analyzou.

DS-analyzu budeme povaZovat' za relevantni model
skladby pfirozenych i umélych jazykd, pokud to bude DS-
analyza konecnych, anebo nekone¢nych semi-linedrnych
jazykd, které jsou proporciondlni a k-ohrani¢ené pro
nejaké neveliké k.

2.3 D-struktury a D-stromy

V nésledujici ¢asti zavedeme tzv. D-struktury a D-stromy,
ktoré jsou grafovou reprezentaci struktury vét a jejich
odvozeni.> D-struktura reprezenuje syntaktické jednotky
(slova a jejich kategorie pouzité v prislusné véte) jako
vrcholy grafu a vzdjemné syntaktické vztahy mezi nimi
hranami; potadi slov je urcené totdlnim uspordddnim
vrcholi.

D-struktura na I' je trojice D = (V,E,ord(V)), kde
(V,E) je orientovany acyklicky graf, V kone¢nd mnoZina
jeho vrcholti a E C V x V kone¢nd mnoZina jeho hran.
Vrchol u € V je dvojice u = [i,a], kde a € T" je symbol
(slovo) spolu s prirazenymi kategoriemi, i (index/ identi-
fikacni Cislo) je prirozené Cislo slouzici pro jednoznacnou
identifikaci vrcholu u a ord(V) je totdlni uspofddani na V,
obvykle popsané usporadanym seznamem prvkii z V.

Hrany D-struktury interpretujeme jako syntaktické
vztahy mezi odpovidajicimi lexikalnimi jednotkami, uspo-
fadani ord (V') reprezentuje pofadi slov v modelované vété.
Je-liord(V) = {[i1,a1], -+, [in,an]}, tak w=ay - - - a, je Fe-
tézec (resp. véta), ktery oznacujeme St(D) = w, a fikdme,
Ze je projekci D-struktury D.

Rikdme, 7e D-struktura D = (V,E,ord(V)) je nor-
malizovand, pokud ord(V) = ([1,a1],[2,a2],--,[n,a,])
pro nejaké ay,---,a,. Normalizace D-struktury D =
(V,E,ord(V)) je takova normalizovand D-struktura D; =
(V1,E1,0rd(Vy)), pro kterou (V,E) a (Vi,E;) jsou izo-
morfni a St(D) = St(D;). V§imnéme si, Ze normalizace
D-struktury je jednozna¢né dand.

Dve D-struktury jsou ekvivalentni pokud maji stejnou
normalizaci. Ekvivalentni D-struktury obvykle nebudeme
rozliSovat. Uvidime, Ze nenormalizované D-struktury
(stromy) ziskdme z normalizovanych pomoci operaci,
které zavedeme.

2prefix Dje prevzaty z anglickych pojmi Delete a Dependency.
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Vzhledem k charakteru zkoumané problematiky bu-
deme vétsinou pracovat se stromovymi D-strukturami. Ri-
kdme, Ze D-struktura D = (V,E,0rd(V)) nad T je D-strom
nad I" pokud (V,E) je kofenovy strom (t.j., viechny ma-
ximdlni cesty (V,E) za¢inaji v listech a kon¢i v jediném
kofeni).

Budeme pracovat s redukcemi D-stromtl - relace Ja -
definované na D-stromech souvisi s realizaci riznych typt
redukei. Necht' D= (V,E,ord(V)), D1 = (V1,E1,0rd(V1))
jsou D-stromy.

D 1D pokud
(1) (V1,E1) je podstrom (V,E)
(2) V) obsahuje kofen D
(3) ord(V}) je permutace podposloupnosti ord (V).

D F Dy, pokud podminku (1) nahradime dvéma podmin-

kami

(la) VC W

(1b) Vvy,vy € Vq plati, Ze pokud existuje cesta z v do v
ve stromé (V, E) tak existuje také cesta z v; do v, i ve
stromé (Vi,Eq).

Piiklad 6.  Ndsleduje popis D-stromui Ty a T, které re-
prezentuji obr. 2 a obr. 3:
Ty = (V1,Ey,0ord(V1)), pricemZ

Vi= {[1?b1]7 [Z,bz], B’bﬂ’ [47b4]’ [57175]7 [67b6]}

Ey :{([17b1]7[3ab3]>’ ([ZabZ]aBabS])? ([47174]7[3?173]);
([57b5]7[47b4])7 ([67b6}7[37b3])}7

ord(Vi) = ([1,b1],[2,b2],3,b3],[4,ba], [5,bs], [6, b))
Ty = (Va, Ey,0rd(Vy)), pricems

Vo ={[1,51],[2,b2],[3,b3],16,b6] }

Ey ={([1,b1],[3,b3]), ([2,52],[3,b3]), ([6,bs), [3,b3])}

ord(V2) = ([1,b1], (2,52}, 3, 3], [6, bs))

Je snadno videét, Ze Ty 1 T».

Takrka vSechny neformdlni redukce z kapitoly jedna ve-
dou k realizaci relace 1. Neplati to jen pro redukce na
obr. 17 a 18. Tyto redukce splituji obecnéjsi relaci .
Tyto dvé relace reprezentuji dvé varianty zachovdni zbylé
D-struktury, vzniklé zmensenim pri uplatnéni redukci re-

dukcni analyzy na D-stromech.

Necht' T je nejakd mnoZzina D-stromd na I'. Rikdme,
7e T tvoii T-jazyk na " a piSeme T C T(I'). Analogicky,
mnozinu St(T) = {St(¢) | t € T} nazyvame projekci T,
mnozina h,(St(T)) = {h,(St(t)) | t € T} je vlastni jazyk
pro T, a h(St(T)) = {h(St(z)) | t € T} je kategoridlni
jazyk pro T.

Zavedeme tii operace pro praci s D-stromy. UmoZzni
nam realizovat typ redukci Cisté zdvislostnich i redukce
rtznych typu koordinaci.

Najjednodussi operaci je tzv. shift, coz je takovy posun
nékterého vrcholu D-stromu D = (V,E,ord(V')) na nové

misto v ord(V), ktery zachovéd stromovou strukturu D,
tedy zachovd vSechny uzly z V a vSechny hrany z E.

Druhou operaci nazveme UNC, z anglického upper-
node-cut. Je typicka pro redukce zavislosti a pfi jejim za-
vadéni si pomizeme jednodussi operaci LNC, z anglic-
kého lower-node-cut. Operace UNC i LNC jsou urcené
uzlem u D-stromu rdznym od kofene. Tento uzel jedno-
znacné urcuje rozklad D-stromu D na dva podstromy:

1) Ty (u, D) oznaluje vysledek LNC aplikovaného na D
v uzlu u ; je to podstrom stromu D, ktery tvori uzly le-
Zici na né€jaké cesté z listu do u (vCetné u). Poradi uzld v
T;.(u,D) je ur¢ené poradim v D.

2) Ty (u, D) oznatuje vysledek UNC aplikovaného na D
v uzlu u; je to maximalni podstrom D obsahujici kofen D
a v§echny uzly mimo 7;,(u, D). Pofad{ uzli je uréené pora-
dim v D. UNC tedy transformuje D na D-strom Ty (u, D).

Posledni operaci je UEC, z anglického upper-edge-cut.
PouZiti této operace jsme videli pfi redukci (odstramo-
van{) vloZenych koordinaci z obr. 17 a 18. Necht’ (u,v)
a (v,v1) jsou takové hrany D-stromu D, Ze existuje pravé
jeden uzel u; # u a hrana (u;,v) vedouci do v. Operace
UEC aplikovana na D podle hrany (u,v) vytvoii D-strom
Te((u,v),D). Tg((u,v),D) ziskdme nésledujicim zphso-
bem: nejprve aplikaci UNC-operace vytvoiime Ty (u, D)
andsledné z n&j odstranime uzel v spolu s hranami (u,v) a
(v,v1). Potom spojime vrcholy u,v; novou hranou (uy,v;)
a ziskdme tak D-strom, ktery oznaCujeme 7% ((u,v),D).

Nyni zavddime formdlni redukce a redukéni analyzu na
D-stromech tak, abychom pokryli jak zavislostni, tak ko-
ordinacni jevy z PDT.
Necht T C T(I'), t;,7, € T. Symbolem -7 budeme ozna-
Covat ziZen{ operace - na T3

Rikdme, Ze t; je NES-redukované na t) € T a oznacu-
jeme t; —ygs t2, pokud redukci #; F7  umime popsat
pomoci mnoZziny Oy UNC-operaci a/nebo mnoZiny O
UEC-operaci, pripadné néasledovanymi mnoZinou shiftd
Os. Navic, Oy U Og je neprazdnd, kazdy uzel je operaci
z O, presouvany nejvyse jednou, Oy miiZze byt prazdna.

Pokud v predchozi definici nepovolime UEC-operace,
budeme fikat, Ze t1 je NS-redukované nat, € T a oznaCovat
11 <—ns 1.

Pokud pfi redukci nepovolime ani shifty, budeme hovo-
fit o N-redukci a oznaCovat t| <y 1.

Redukce typu NES, NE a N mohou byt, v principu, apli-
kované na libovolné D-stromy. Nds vSak zajimaji redukce
D-stromd daného T-jazyka, proto vyZadujeme, aby i po
aplikovani zminénych redukci byl vznikly strom platnym
D-stromem zkoumaného jazyka. Pfi definovani pojmu re-
dukce proto priddvame parametr T.

Necht X € {NES,NS,N}, T C T(T). Rikdme, Ze 1, je
(X, T)-redukované na t, a piSeme 71 > (7 x) 2 pokud:

® [, € T

e 1| —x I aneexistuje z € T tak, aby 1] —x z —x fa,

t.j., plati princip minimality redukci.

3Pfi Fr tedy vyZzadujeme, aby ¢; i > byli z T.
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Tranzitivni, reflexivni uzdvér > y) oznaCujeme
>>?T7X>. Tranzitivni, anti-reflexivn{ uzaveér > x) oznacu-
jeme >>er7X). V situaci, kdy je Tzfejmé z kontextu, hovo-
fime jen o NES-, NE, resp. N-redukci.

Uvédomme si, Ze T a X jednoznacné urcuji mnoZinu
>rx) = {4 >x) v | u,y € T}, ktorou povazujeme
za redukéni analyzu T-jazyka T. Rikdme, Ze >(rx) Je
X-redukei T. VSimnéme si rozdilu oproti DS-analyze re-
tézcovych jazykl, kterd nebyva jednoznac¢né uréend svym
jazykem.

Necht' X € {NES,NS,N}.

(T.X)4 ={reT|-3s€L:t>rx) sh

(T,X)5' ={veT|3ue(TX)% :v>rx ub UTL.

Necht' 7 € T. PSeme > (7 x) (1) ={u>x) v [t >{7 5
u}. Rikdme, Ze >rx) (t) je X-analyza (redukcni)
D-stromu ¢.

V nasledujici sekci budeme navic jesté vazat pouZiti
jednotlivych typli operaci na (ne)piitomnost koordinac-
nich znacek v urCujicich hranach a uzlech téchto operaci.
O takovych typech omezeni uplatnéni operaci jsme zatim
nemluvili.

2.4 Principy, vlastnosti a pozorovani

Zde zavedeme principy, které ndm umoZzni formulovat
pozadavky na reduk¢ni analyzu na D-stromech a for-
mulovat pozorovani o jejich plnéni na stromech z PDT.
Pfi téchto pozorovanich uplatnime moZnost porovndvat
NES-analyzy, NS-analyzy a N-analyzy D-stromt a vyuZi-
jeme tato porovndni pro charakterizaci (klasifikaci) téchto
D-strom.

Princip S-kompatibility. Nech X € {NES,NS,N}.
Pokud plati, Ze #; >ryx) 2 a zaroven plati, Ze
Str(t1) =su(r) Str(t2), tak fikdme, Ze redukee t; > x)
1 je S-kompatibilni. Neformdlné feceno, pokud redukci
D-stromi odpovida fetézova redukce na fetézech ziska-
nych projekci ze stromd, kterd je vztaZena k jazyku fetézi
Str(T), danych mnoZinou stroma 7.

Podobné fikdme, Ze > 1 x) (¢) je S-kompatibilni, pokud
vSechny jeho X-redukce jsou S-kompatibilni a pokud za
predpokladu u € (7,X)% at > (7 x) u plati, Ze Str(u) €
Str(T).

Rikdme, Ze X-analyza > (r,x) je S-kompatibilni pokud
vSechny jeji D-stromy maji S-kompatibilni X-analyzu.

Fakt. Vidime, Ze >y x) (f) je S-kompatibilni pokud
Str(>>rx) () = {Str(u) > Str(v) | u>> g x) v € >rx)
(1)} tvofi DS-analyzu véty Str(r) vzhledem k jazyku
Str(T).

Princip S-kompatibility je tak poZadavkem, ktery
zaruCuje prirozeny vztah mezi vétnou DS-analyzou
a X-analyzami na D-stromech.

Fakt. UvaZujeme NS-analyzu A D-stromu ¢. Plati, Ze
uzel u, ktery je ve stromé ¢ na cest¢ ke kofenu blize nez
uzel v, nemtze byt v Zddne vétvi NS-analyzy A vypustén
diive nez v.

T.X)

Tento fakt pfimo vyplyva z definice UNC-operace.

Predchozi fakt zpresiiuje intuitivné vnimané vlastnosti
(ne)zavislosti v (Cisté) zavislostnich stromech.

Nasledujici dva principy jsou blizké algebraickému
principu konfluence.

Princip TIl-kompatibility. PoZadujeme, aby vSechny
vétve v NES-analyze A stromu ¢ byly stejné dlouhé
a v kazdé veétvi byl pouZit stejny pocet UNC-operaci
a UEC-operaci.

Nésledujici princip je prfisnéjsi. OdliSuje Cisté zavis-
lostni D-stromy od D-stromi s koordinacemi.

Princip Ta-kompatibility (Formulace zavislostniho
principu). Tento princip uvaZzuje pouze D-stromy ¢, které
nemaji koordinacni znaky, a jejichz NES-analyzy jsou
i NS-analyzami a zdroven spliuji princip Tl-compatibility.
Dile zde pozadujeme, aby mnoZina UNC-operaci uZitych
v dané NS-analyze A byla urena libovolnou vétvi z A (t..
v kazdé vétvi byla ta mnoZina stejnd) a aby vSechny vétve
z A koncily stejnou neredukovatelnou vétou (algebraickou
terminologif A tvoii svaz).

Dalsi dva principy formuluji volnéjsi predpoklady, jak
by méla redukéni analyza reprezentovat tvar analyzova-
ného D-stromu, ve kterém jsou i koordinacni znacky.

Princip Th-kompatibility. Pokud mdme NES-analyzu
A D-stromu ¢ a dva rtizné uzly u, v D-stromu ¢, které jde re-
dukovat jako urcujici uzly dvou UNC-operaci a pfitom ne-
vede cesta mezi u a v, tak poZadujeme, aby béhem A mohla
byt diive provedena kterdkoliv z t€chto UNC-operaci (tj.
aby existovaly dvé vétve z A, kde v prvni vétvi je prove-
dena dfive redukce s u a v t€ druhé vétvi je dfive provedena
redukce s v.)

Princip Tc-kompatibility. Necht” mame NES-analyzu
A D-stromu t, dvé hrany e, e stromu ¢, které nelezi
(obéma uzly) na jedné cesté v ¢ a e, e; jde obé redu-
kovat jako urcujici hrany UEC-operaci. Pozadujeme, aby
béhem A mohla byt diive provedena kterdkoliv z téchto
UNC-operaci (tj. existuji dvé vétve z A , kde v prvni je
provedena diive redukce s e; a v té druhé je redukovana
drive e;. Poznamenejme, Ze v jedné vétvi nemusi byt nutné
provedeny obé tyto redukce.

Rikdme, 7¢ X-analyza > (1) Je k-omezend, pokud po-
¢et vypusténych uzlii v jednotlivych X-redukeich z > 7 x)
nepfesahuje k a (T,X )g> neobsahuje D-strom s vice uzly
nez k.

Analogicky lze zavést k-omezenou X-analyzu jednotli-
vého stromu.

Rikdme, 7e X-analyza > (r,x) (t) D-stromu ¢ je propor-
ciondlni, pokud Str(>>(rx) (¢)) je proporciondlni.

Miéme také moznost méfit slozitost X-redukci pomoci
poctu operaci uZzitych v jednotlivych X-redukcich.

Piiklad 7.  D-strom reprezentujici obrdzek 4:
;= ({[2,[72], [37193]7 [6ab6]}>
{([2,[92], [37[93])7 ([67176]7 [37b3])}7 ([37]73]7 [27[92]7 [67b6]))

D-strom representujici obrdzek 5:
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<{[ ]?[3ab3]a[4ab4}a[53b ]?[671) ]}v
{([2 ba],[3,b3]), ([4,b4],(3,b3]), ([5.bs],[4,b4]),
([67b6] [37b3])}
([37b3]7[2’b2])[4 b4] {SabSL[6vb6]))

Priklad 8.  Vidime, Ze D-strom T\ md jen znacky odpo-
vidajici zdavislostem (nemd znacky Cr, Co pro koordinace).
Let Ry = {T\,T»,T5,T4}, kde D-stromy Ty, T>,T3,Ts byly
popsdny v pfedchozich prikladech.

Vidime, Ze

> o NES)= AT > RonES) T2
T1 > g, NEs) Tas T >Ry NES) T3 )

a ddle Ze >, ns) je rovno nejen >, nes) (T1) ale,
>, ns) (Th)-

Plati, Ze (Ry,NES)°, = {T3}.

>rynes)y (Ti) je tedy NS-analyzou vety Ty, ale
neni jeji N-analyzou, jeliko? NS-redukce T, > (RyNs) 13
a Ty > g, ns) Ts pouZivaji shift.

3]

I >R, nes) T3,

Vidime také, Ze > g, ns) (T1) je S-kompatibilni, a Ze jeji

redukce pouZivaji jedinou UNC-operaci a maximdlné je-
den shift.

> (RyNS) (Ty) je také Ta-kompatibilni, Tb-kompatibilni

(a trividlné Tc-kompatibilni a
2-omezend, a proporciondlni.

Tl-kompatibilni),

Vymezeni Cisté zavislostnich D-stromi. Podobné
vlastnosti jako ma NS-analyza D-stromu 77 poZadujeme
po vsech Cisté zavislostnich D-stromech (obsahuji jen
hrany (uzly) se zdvislostnimi kategoriemi (znackami)).
Cisté zavislostni D-stromy maji NS-analyzu, jejiz re-
dukce obsahuji jedinou operaci UNC a nejvyse tfi shifty.
KaZzd4 NS-analyza Cisté zdvislostntho D-stromu mé byt
S-kompatibilni, Ta-kompatibilni, Tb-kompatibilni (trivi-
alné 1 Tc-kompatibilni a Tl-kompatibilni) a proporcidlni
vzhledem k mnoZiné vSech korektnich NS-redukci korekt-
nich Cisté zavislostnich stromt. Toto formdlni vymezen{
zavislostnich stromil odpovida rozsifenému intuitivnimu
vnimani zavislosti a je logickym vzorem i pro vymezeni
D-stromt s koordinacemi.

Pozorovani a poznamka. V PDT jsme nezpozo-
rovali Zaddnou odchylku proti pfedchozimu vymezeni
u D-stromii s Cisté zavislostnimi znackami. Pokud vsak
budeme uvaZovat jen N-analyzu D-stromu 77, tak ta neni
ani S-kompatibilni, ani Ta-kompatibilni. Pozorovani pfi-
kladt tohoto typu nés vedla k rozsifeni ptivodné uzivané
N-analyzy na vhodnéjsi NS-analyzu, kterou lze uplatiio-
vat ziejmé na celou tiidu Cisté zavislostnich D-stromu pii
zachovani vySe pozadovanych principd.

Piiklad 9. V tomto prikladé budeme pozorovat D-strom
Tcy z obrdzku 9, jeho NES-analyzu A1 na obrdzcich 10 aZ
13 a jeho DS-analyzu z obrdzku 6. Tc| neobsahuje uzel
s dvojici znacek Cr, Co, ani hranu, kterd md oba uzly se
znackou Co.

Vidime, Ze A1 D-stromu T c| je NS-analyzou (nepouzivd
UEC-operace).

A je S-kompatibilni, Tl-kompatibilni a Tb-kompatibilni

(trividlné i Tc-kompatibilni) a proporcidlni.

A1 je NS-analyzou véty (D-stromu) s trojndsobnou (ne-
zapusténou) koordinact.

A1 neni Ta-kompatibilni, protoZe mnoZiny UNC-operaci
v jednotlivych vétvich nejsou stejné.

Ay obsahuje redukce, které pouZivaji dvé UNC-operace.
Tim se lisi od zdvislostnich redukci, které pouZivaji jen
Jjednu UNC-operaci.

Vsimnéme si, Ze urcujici uzly dvou UNC-operaci v jedné
redukci visi na stejném uzlu (se znackou Cr) a odstranéné
podstromy tvori souvisly iisek v uspordddni uzli.

PovSimnéme si jesté, Ze budeme-li uvaZovat N-analyzu
Ay D-stromu Tcy, tak prijdeme o posledni vétev se
shiftem. A, je také S-kompatibilni, TI-kompatibilni,
Tb-kompatibilni a proporcidlni. Ay md tedy také pékné
vlastnosti.

Vymezeni zavislostné-koordinaénich  D-stromu
bez vloZenych koordinaci. Podobné vlastnosti jako
ma NS-analyza D-stromu 7Tc¢; pozadujeme po vSech
D-stromech bez vloZenych koordinaci. M4 to byt
NS-analyza, kterd je S-kompatibilni, Tl-kompatibilni a
Tb-kompatibilni (trividln€ i Tc-kompatibilni). MiZe pou-
Zivat dvé UNC-operace v jedné redukci, které odstrafiuji
dva vedlejsi podstromy visici na jednom uzlu.

Pozorovani. V PDT jsme zatim nezpozorovali Zadnou
odchylku proti pfedchozimu vymezeni. Pokud vSak bu-
deme uvazovat jen NS-analyzu D-stromu 7'cy, kterd bude
pracovat s jedinou UNC-operaci v redukci, tak ta neni
S-kompatibilni.

Poznamenejme, Ze malou technickou zménou v metodé
zobrazovani vicendsobnych koordinaci v PDT bychom
dosahli toho, Ze by pro zachovani S-kompability u re-
dukci tohoto jevu by nebylo tfeba pouZit vice nez jednu
UNC-operaci.

Priklad 10.

V tomto prikladé budeme pozorovat D-strom T cz3 7 ob-
rdzku 16, jeho NES-analyzu Az na obrdzcich 16 aZ 18
a jeho DS-analyzu z obrdzku 8.

Tczz obsahuje uzel s dvojici znacek Cr, Co i hranu,
kterd md oba uzly se znackou Co.

Az je S-kompatibilni, Tl-kompatibilni a Tb-kompatibilni
i Tc-kompatibilni.

Ajz je NES-analyzou véty (D-stromu) s vloZenou koordi-
nact, kde UEC-operace jsou uplatnény na hrany u kterych
maji oba uzly znacku Co, tedy hrany viloZené koordinace.
Ridici uzel téchto hran mivd jesté znacku Cr.

Uvazujeme-li NS-analyzu Ay D-stromu Tczz, tak vi-
dime, Ze A4 neni S-kompatibilni, jeliko? nemd na rozdil od
odpovidajici DS-analyzy z obrdzku 8 Zddné redukce.

Vymezeni zavislostné-koordinac¢nich D-stromi. Po-
dobné vlastnosti jako ma NES-analyza D-stromu 7Tcz3
poZzadujeme po vSech D-stromech s koordinacemi
a zavislostmi. M4 to byt NES-analyza, kterd je
S-kompatibilni, Tl-kompatibilni a Tb-kompatibilni (trivi-
aln€ i Tc-kompatibiln{). MiZe pouZivat UEC-operace s ur-
cujici hranou jejiZ oba uzly nesou znacku Co (jiné UEC-
operace nejsou povoleny).
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Pozorovani. V PDT jsme zatim nezpozorovali Zddnou
odchylku proti predchozimu vymezeni.

Pozorovani obr. 19. Na obrazku 19 je jeden z auten-
tickych stromt z PDT. Podle vzoru tohoto stromu vznikly
naSe obrazky 12 az 18 pro tii rizné typy redukci koordi-
nacf.

Pfipomenime, Ze symbol Coord z obrdzku 19 je sym-
bol Cr na naSich obrdzcich, symbol Coord_Co je v naSich
obrazcich nahrazen symbolem Cr.Co. Symbol Coord_Co
je znackou, kterd ma oznacovat fidici uzel (otce) vloZené
koordinace. V obrazku 19 je tento symbol jednou uZit ne-
spravné, a to pro frazi skromé a Coord_Co kazdodenné’.
Tato fraze zde neni vloZenou koordinaci, ale koordinova-
nou zavislosti podobné jako na obrazku 13.

NES-analyzou ziskdme z obrazku 19 nékolik déle nere-
dukovalnych vét s koordinacemi, které maji bez identifi-
kacniho uzlu a uzlu pro tecku jen tfi uzly. NES-analyza
bude S-kompatibilni, Tl-kompatibilni a Tb-kompatibiln{
1 Tc-kompatibilni.

Pouzijeme-li na stejny D-strom jen NS-analyzu, ne-
dostaneme se u redukovanych a ddle neredukovatelnych
D-stromti pod sedm uzld. Toto posledni pozorovan{ pri-
pomind pozorovani z [2], kde se implicitné uvazuji re-
dukce, pouZivajici maximélné jednu UNC-operaci a zZad-
nou UEC-operaci.

NS-analyza D-stromu z obrizku 19 nemiZe byt
S-kompatibilni.

o
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Obrézek 19: Autenticky D-strom z PDT.

2.5 Shrnuti

V tomto prispévku jsme exaktné zavedli pojmy vétné re-
dukéni analyzy a tii typy redukéni analyzy D-stromi. For-
mulovali jsme poZadavky na kompabilitu vétné redukcni
analyzy a reduk¢ni analyzy D-stromt. Nasli jsme operace
a typy redukci, které dovoli provddét redukéni analyzu
D-stromi se zavislostmi a koordinacemi stejné jemné a se
stejnymi k-omezenimi jako vétnou redukéni analyzu. To
je hlavni prinos tohoto pfispévku. Pfi formulaci typad re-
duk¢nich analyz pro D-stromy jsme vychazeli z pozoro-

vani D-stromt z Prazského zavislostniho korpusu (PDT)
a to D-stromu, které kromé modelovani zdvislosti, mo-
deluji také slozené koordinace. Tti (pfesnéji Ctyfi) typy
redukénich analyz D-stromd ndm dévaji pfirozenou ta-
xonomii zavislostnich a koordina¢nich jevd zachycenych
D-stromy z PDT.

Domnivame se, Ze zavedeny apardt dovoli hloub¢ji
porozumét neprojektivité a jejim mirdm a volnosti slo-
vosledu. To bude jedno z témat, kterym se budeme zabyvat
v blizké budoucnosti.

Déle se domnivame, Ze uvedend metoda by méla po-
moci pii odhalovdni nekonzistenci (¢i chyb) v PDT, po-
dobné jako to bylo v pfipadé D-stromu z obrazku 19.

V blizké budoucnosti bychom také radi zahrnuli do
metody redukéni analyzy zbylé syntaktické jevy, které
jsou v PDT rozliSeny. Mdme na mysli hlavné koordinace
s elipsami.

Na zavér dékujeme Markété Lopatkové za poskytovani
informaci o PDT i za komentare k poskytnutému materidlu
a ochotu o ném diskutovat.
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Abstract: Pattern mining in dynamic graphs has received
a lot of attention in recent years. However, proposed meth-
ods are typically limited to specific classes of patterns ex-
pressing only a specific types of changes. In this paper,
we propose a new algorithm, DGRMiner, which is able to
mine patterns in the form of graph rules capturing vari-
ous types of changes, i.e. addition and deletion of vertices
and edges, and relabeling of vertices and edges. This al-
gorithm works both with directed and undirected dynamic
graphs with multiedges. It is designed both for the single-
dynamic-graph and the set-of-dynamic-graphs scenarios.
The performance of the algorithm has been evaluated by
using two real-world and two synthetic datasets.

1 Introduction

Data mining of complex structures has been extensively
studied for quite a while. Recently, more attention has
been drawn to the area of dynamic graphs, i.e. graphs
evolving through time. A lot of research has been car-
ried out both from the global and local perspectives of dy-
namic graphs. For instance, global characteristics such as
density and diameter were studied in real dynamic graphs
in [6]. On the other hand, graph mining on the local level is
most frequently focused on pattern mining. Such patterns
are represented by subgraphs and their evolution through
a short period of time [1, 2, 8].

Nevertheless, most of the pattern mining methods for
dynamic graphs impose various restrictions, such as the
type of the dynamic graphs or the type of changes cap-
tured by such patterns. For example, GERM algorithm [1]
assumes that vertices and edges are only added and never
deleted in the input dynamic graph. Furthermore, it mines
patterns representing only edge additions.

In this paper, we propose a new algorithm DGRMiner
for mining frequent patterns that can capture various
changes in dynamic graphs. Specifically, the patterns are
in the form of predictive rules expressing how a subgraph
can be changed into another subgraph by adding new ver-
tices and edges, deleting specific vertices and edges, or
relabeling vertices and edges. An example of a dynamic
graph and two predictive rules are illustrated in Fig. 1.

The algorithm is able to mine patterns from a single dy-
namic graph and also from a set of dynamic graphs. Such
graph rules are useful for prediction in dynamic graphs,
they can be used as pattern features representing dynamic
graphs or simply for gaining an insight into internal pro-
cesses of the graphs.

The paper is organized as follows. Section 2 gives the
necessary definitions and presents the representation of
dynamic graphs. Section 3 then provides a short descrip-
tion of the gSpan algorithm [13], whose framework is em-
ployed in our new algorithm. In Section 4, we describe the
new algorithm for graph rule mining. Experimental eval-
uation is presented in Section 5. Finally, related work and
conclusion can be found in Section 6 and 7, respectively.

2 Predictive Graph Rules

In this section, we provide definitions of a dynamic graph
and predictive rules. Definitions of significance measures
support and confidence are also part of this section.

2.1 Dynamic Graphs

Before defining a dynamic graph, we need to consider the
notion of a static graph. In this paper, by a static graph we
will denote a directed labeled multigraph without loops
and with a restriction that no two edges with the same
source and target vertices can have the same label. The
proposed mining algorithm, however, can work with undi-
rected edges too. For the sake of simplicity, we will restrict
ourselves only to directed graphs in this section.

Definition 1 (Static graph). A static graph is a 5-tuple G =
(V6,Eg, fc, lgv,lc), where Vg is a set of vertices, Eg is
a set of edges, fc: Eg — Vg X Vg is a map assigning a
pair of vertices (u,v), u # v, to every edge, lgy and lg g
are two maps describing labeling of the vertices and edges,
respectively. Furthermore, Yey,e; € Eg(f(e1) = f(e2) =

lg(er) # I (e2)).

A dynamic graph is then given by a finite sequence of
static graphs in which no two adjacent graphs are identi-
cal as we want to capture only the changes in the dynamic
graph. Moreover, we extend each static graph G by times-
tamp functions tgy : Vg — T and tgg : Eg — T, which
map each vertex and edge to a point in time. We will work
with discretized time and thus 7 will be the set of integers,
ie. T =Z.

Definition 2 (Dynamic graph). A dynamic graph is a finite
sequence DG = (G1, G, ...,G,), where G; is a static graph
extended by timestamp functions tg, v, tc, g forall 1 <i <
n,and Gj # Gjq1 forall 1 <j < n-1. Graph G, is referred
to as the snapshot of DG at time i. In addition, for each
1 <i < n, the timestamp functions tg,y, tG,r assign to
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Dynamic graph:

G1 G2
v2 x/1 v1 v2
x/2
V3
Predictive rule 1:

(wy=(en) ()
= X0 X/0

x/4

G4
v2 v1
v

Predictive rule 2:

\X/0 / I
x/0 == x/0 x/0

Figure 1: An example of a dynamic graph and two predictive graph rules. Numbers after slash symbols represent times-

tamps and dotted edges represent deleted edges.

each vertex and edge the time from which they have their
current label, i.e. tg,y (v) = min(j|1 < j <iAVk,j<k<
i,v € Vg, N, v(v) = lg,v(v)) and similarly for tg, (e).

As we want to capture patterns with rich information,
we will also assume that the dynamic graph keeps track
of the deleted vertices and edges, but only until they
are added back into the graph. For example, consider
the dynamic graph in Fig. 1 with five snapshots. Then
t6,v(v1) =1, 16, v(vs) = 3, etc. Also notice the edge be-
tween vertices v3 and v1 in snapshot G3. It is deleted in
snapshot G4 but we keep information about this deleted
edge in this snapshot. This information is discarded in
snapshot Gs because a new edge with exactly the same
information is added there.

2.2 Predictive Rules

The aim of the mining algorithm is to find predictive graph
rules, i.e. rules expressing how a subgraph of a snapshot
will most likely change in future. As we want to incor-
porate the time information into the rules and at the same
time we are interested in mining general patterns which
are not tied to absolute time, we need to use relative times-
tamps for rules. A relative timestamp equal to 0 will de-
note a current change and timestamp equal to —¢ will de-
note a change that happened ¢ snapshots earlier. Now we
can define predictive graph rules as follows.

Definition 3 (Predictive Graph Rule). Let G4, G¢ be two
static graphs with timestamp functions tG, v, G, E> 1Go.V>
1Ge. E Testricted to range (—oo,0] such that union graph' of
Gy and G is a connected graph and exactly one of the
following conditions holds:

1A graph created from union of vertices and edges.

i VGA = @/\VGC ZOAVv € VGC(tGC,V(V) = O) N
Ve € EGC (tGOE (e) = 0)

ii. Vg, #* @AVGC =0
iii. (VGA NVee =+ 0)/\
(HV € VGC (tGC,V(V) = O) Vdee EGC (tGCq,E (e) = 0))/\
(VV € Ve~ Vs, (tGC,V (V) = O))A
(Ve S EGC \EGA (tGC,E (e) = 0))/\
(VV S VGA N VGC((Z‘GO\/(V) = tGA,V(V) —1 /\lGC_V (V) =
lGA,V (V)) \% (0 = 1Gov (V) > l‘(;mv(v) N lGC,V (V) #*
I,y (V)N
(Ve € Eg, N Eg.(fo.(e) = fo,(e) N ((tooe(e)
tGA,E(E) —1A lGC,E<3) = lGA,E(E)) V (0 = tGC,E(e)
16,.£(€) Mo e(e) # g, £(e))))

Then we say that G4 = G is a predictive graph rule,
where Gy is called antecedent and G¢ consequent.

AV

The first two conditions in the above definition cover
situations in which the rules express either addition of an
isolated graph into a dynamic graph or a deletion of a sub-
graph from a dynamic graph. The third condition cov-
ers situations in which one subgraph is transformed into
another subgraph. Here, we require Vg, NV, # 0 be-
cause we are not interested in rules consisting of unrelated
graphs. In addition, we require the rule to contain at least
one change related to a vertex or an edge. Vertices and
edges occurring only in consequent must have timestamp
equal to O as they represent an addition. For vertices and
edges common for both graphs we require that they either
were not changed a thus their relative timestamps differ by
one, or they were changed and thus their timestamp cannot
be lower in the consequent. Moreover, we cannot change
edges by reorienting them, i.e. we would have to delete
the original edge and add a new one with the opposite ori-
entation. Lastly, as we keep track of the deleted edges and
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vertices in the dynamic graph, the predictive rules can also
contain these deleted vertices and edges. It does not pose
any restriction to the patterns, contrariwise it can only help
us capture more information in the patterns in case such
information is present in the dynamic graph.

In Fig. 1 we can see two examples of graph prediction
rules. Both rules depict changes in connection and also
label changes. There is also a vertex with label A in both
rules which is not changed and thus its timestamp is de-
creased by one in the consequent.

In order to select only interesting rules, various mea-
sures of significance are typically used. Here, we use sup-
port and confidence. As we use relative timestamps for
graphs in rules, we also need to provide the notion of an
occurrence of such a graph in the given dynamic graph.

Definition 4 (Occurrence of a rule graph). Let G be a
graph used in a rule, say in antecedent without loss of
generality, with timestamp functions tgy, tG g, and let
DG = (Gy,...,Gi,...,G,) be a dynamic graph. We say that
G occurs in snapshot G;, written as G C G;, if there exists
a function @ : Vg — Vg, such that:

i. Yu € VG(([J(M) € Vg, A le(u) = lG,.,v((p(u)) A
toy (1) = tG,v (@) — i),

ii. Ve € Eg(fe(e) = (u,v) = e € Eg,(fg,(¢) =
(@(u), () A lge(e) = lge(e) A tcele) =
tGi’E(el) — i)

Definition 5 (Support and Confidence). Let G4 = G¢ be
a rule and DG = (G, ..., G, ...,Gy) a dynamic graph. We
define support of G4 = G, support of G4, and confidence
of Ga = Gc¢ as follows:
0pG(Ga = Gc) = |{i|Ga E G;,Gc C Giyy,
1<i<n—1}|/(n—1)
GDG(GA) = |{i|GA CGu1<i<n— 1}|/(n— 1)
COnfpg(GA = Gc) = GDG(GA = Gc)/GDG(GA)
For a set of dynamic graphs DGS =

{DG,,DG,,...,DG,} we extend these definitions as
Sfollows:

m

opcs(Ga = Ge) = {ilopg;(Ga = Gc) >0,
1 <i<m}|/m
opGs(Ga) = {ilopg,(Ga) > 0,1 <i<m}|/m
confpgs(Ga = Gc) = opgs(Ga = Ge)/0pGs(Ga)

Thus, support of a rule for a single dynamic graph ex-
presses the fraction of snapshots that were changed by the
rule. For a set of dynamic graphs, we count the fraction
of dynamic graphs that had at least one snapshot changed
by the rule. Confidence expresses the frequency of such a
change if we observe an occurrence of the antecedent. For
example, both rules in Fig. 1 have support equal to 0.25
and confidence equal to 1.

Given a minimum support value G,,;;, and a minimum
confidence value con f,;,, the task is to find all predictive
graph rules for which ¢ > 6,,,;, and conf > con fyip.

3 gSpan Revisited

The novel algorithm for mining predictive graph rules em-
ploys the framework of the gSpan algorithm [13]. We
modified and further extended this framework for the pur-
pose of mining graph rules from dynamic graphs. First,
we revise the main ideas of gSpan and then we provide the
details of the new algorithm.

gSpan [13] is an algorithm for mining frequent patterns
(subgraphs) from a set of simple undirected static graphs.
Simple means that it does not handle multiedges. The out-
put frequent subgraphs are connected.

gSpan starts from single-edge patterns and extends
these patterns edge by edge to create larger patterns.
Each such pattern can be encoded by a DFS (Depth-First
Search) code. A DFS code of a pattern represents a spe-
cific DFS traversal of the pattern and it is represented by
alist of 5-tuples (i, j, i, L(; j),1;). Such a 5-tuple represents
an edge between the i-th and j-th discovered vertices by
the DFS traversal, /; and /; are labels of those vertices, and
L j) 1s the label of the edge. Thus, the first 5-tuple has al-
ways i = 0 and j = 1, and it holds for other 5-tuples that
i < jifitis a forward edge in the DFS traversal and i > j
if it is a backward edge.

As there are more ways the DFS traversal can be per-
formed on a single pattern, there are also more DFS codes
for each pattern. A lexicographic order is defined on DFS
codes and the minimum one is maintained for each pat-
tern. This lexicographic order is also applied on codes of
different patterns to represent the search space as a tree,
called DF'S Code Tree. In this DFS Code Tree, each vertex
represents one DFS code and children of a vertex can be
obtained by all possible single-edge extensions of the ver-
tex. Therefore all codes on the same level of the tree have
the same number of edges. Moreover, children of a vertex
are ordered according to the lexicographic order. gSpan
generates larger patterns in such a way that it corresponds
to a depth-first search traversal of this DFS Code Tree, i.e.
it generates patterns according to the lexicographic order.
gSpan does not have to extend each pattern in all possi-
ble ways, it is enough to grow edges only from vertices on
the rightmost path?. Specifically, it grows either a back-
ward edge from the rightmost vertex® to another vertex
on the rightmost path or a forward edge from a vertex on
the rightmost path to a newly introduced vertex. When
traversing the search space, gSpan checks whether the pat-
tern of the considered DFS code is frequent. If not, it
prunes the search space tree on this vertex and backtracks.
This is possible because of the anti-monotonicity of the
support measure. It also checks whether the considered
code is the minimum one for the corresponding pattern.
If it is not minimum, the search space tree is pruned on
this vertex because all patterns in this pruned subtree were
already found earlier.

2The rightmost path is given by the DFS code and it is the path from
the root to the lastly discovered vertex by the DFS traversal.
3The last vertex on the rightmost path from root.
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Algorithm 1 gSpan(D,S)

1: sort the labels in D by their frequency;
2: remove infrequent vertices and edges;
3: relabel the remaining vertices and edges;
4: S! < all frequent 1-edge graphs in ID;
s: Sort S! in DFS lexicographic order;
6: S <+ Sl;
7
8
9

. for each edge ¢ € S! do
initialize s with e, set s.D by graphs containing e;
Subgraph_Mining(D,S,s);
10: D+ D-—e;
11: if |D| < Oy, then
12: break;

Algorithm 2 Subgraph_Mining(D,S,s)

1: if s £ min(s) then

2 return;

3: S+ SU{s};
4: enumerate s in each graph in ID and count its children;
5. for each c, ¢ is s’ child do
6
7
8

if o(¢) > o, then
S C;
Subgraph_Mining(DDs,S,s);

The pseudocode of gSpan is given in Algorithm 1.
By removing the infrequent vertices and edges, the input
graphs can be significantly reduced and the overall effi-
ciency increased. Frequent vertices are appended to re-
sults as the smallest frequent patterns. The main part of
the algorithm starts from single-edge patterns. Specifi-
cally, Subgraph_Mining 2 procedure is recursively called
on each such pattern. This procedure first tests whether
the code s is minimum. If it is minimum, it enumerates its
children by taking single-edge extensions. The procedure
is then called on the frequent children.

4 DGRMiner Algorithm

In this section we describe the new algorithm called DGR-
Miner. It is based on the framework of gSpan, however,
the framework is modified and extended. First, we provide
necessary details about main modifications used in DGR-
Miner and then we present the pseudocode of the whole
algorithm with description of remaining building blocks.

4.1 Static Representation of the Dynamic Graphs by
Union Graphs

The first step is a transformation of an input dynamic
graph* into a data structure that can be considered as a
set of static graphs. The idea is that we are able to repre-
sent the graph rules by single graphs and the input dynamic

“4Here, we assume that there is only one dynamic graph on the input.
Extension to a set of dynamic graphs is described in Subsection 4.4.

graph as a set of static graphs in such a way that a modified
static subgraph mining algorithm can be employed.

Let us start with the transformation of rules. In order
to create a single graph from a rule, we take the union of
the vertices and edges from its antecedent and consequent.
Edges and vertices that do not represent any change in the
rule will keep their labels and timestamps from the conse-
quent. Let us remind that rules have relative timestamps
less than or equal to 0 and thus these edges and vertices
will have timestamps less than 0. Edges and vertices rep-
resenting addition will keep their consequent timestamp,
which is 0, but their labels will contain flag representing
addition, for example label A will be changed to +A. How-
ever, timestamps of vertices and edges that were deleted
or relabeled will have timestamps that are opposites of the
antecedent timestamps. We know that consequent times-
tamps of such changes are equal to 0 so we can easily get
the original value of the antecedent. We take the oppo-
site values because later it will help us recognize current
changes simply by timestamps greater than or equal to 0.
Vertices and edges that were deleted or relabeled will also
have new labels that can be easily decoded, for example
—A for deletion of an object with label A and A => B for
relabeling from A to B. Transformed rules from Fig. 1 are
shown in Fig. 2.

Transformation of the input dynamic graph is very sim-
ilar. Suppose that we have n snapshots in the dynamic
graph. As the first snapshot does not represent any changes
by itself, we create n — 1 new graphs in the following
way. When creating the k-th graph, consider union of ver-
tices and edges from snapshots 1 to k as an antecedent,
where vertices and edges have their last assigned labels
and timestamps of last changes relative to k. We can as-
sume that all vertices and edges from the first snapshot had
timestamps equal to 1. Similarly, use snapshots 1 to k+ 1
to create a consequent. Then we use the method for rule
transformation to create the k-th graph. All n — 1 graphs
can be computed in a single pass as we can update the i-th
graph to get the (i + 1)-th one.

Union of all graphs from the beginning may contain ver-
tices and edges with very old changes that are not useful
for the predictive rules. We use a window parameter to re-
move such vertices and edges from the union graphs. As
edges cannot exist without their adjacent vertices, we do
not remove old vertices adjacent to edges that are not old.
Union graphs of the dynamic graph from Fig. 1 are shown
in Fig. 2. In this case, window size is not set.

4.2 Modified DFS Code

Now that we have the dynamic graph represented by union
graphs, which can be viewed as a set of static graphs, we
made a large step towards mining the graph rules. There
are, however, still several issues to be addressed.

Let us start with a richer representation of edges. In
Section 3, we showed that gSpan uses 5-tuples of the
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Figure 2: The union graph representation of the dynamic
graph and the rules from Fig. 1.

form (i, j,1;, l(,-yj),lj) to represent edges of patterns. In or-
der to incorporate relative timestamps of rules and orien-
tation of the edges, we simply extend these 5-tuples to
9-tuples of the form (iajaliatiad(i,j)7l(i,j)at(i,j)aljatj)- It is
the same as the original 5-tuple except for the new el-
ements. Specifically, #;, t;, 1(;,j) are used for the rela-
tive timestamps of vertex i, vertex j, and the edge be-
tween i and j. Element d; ; represents the orientation
of the edge between i and j, and it is one of the fol-
lowing: <, —, —. The last one is used for undirected
edges. Each pattern, i.e. graph rule in the condensed rep-
resentation, can be represented as a list of such 9-tuples.
Furthermore, it is easy to extend the gSpan’s DFS Code
for these 9-tuples and thus we can create ordering be-
tween patterns and find a minimum DFS Code for each
pattern. For example, suppose that we obtained the fol-
lowing order of vertex labels: A, +x, C=>D, A=>B, -x.
Then the minimum code of the Predictive Rule 1 from
Fig.21is (0,1,A,—1,—,+x,0,A=> B, 1),(0,2,A,—1,—,
+x,0,A=>B,1),(0,3,A,—1,+,—x,1,C=> D, 1).

4.3 Time Abstraction

In order to be able to deal with a broader class of dynamic
graphs, we extended the mining algorithm to include two
time abstraction methods. By time abstraction we mean
usage of coarser timestamp values of union graphs in situ-
ations where exact values are not required or suitable.

The first method helps us to ignore timestamps of ver-
tices. Specifically, we apply the signum function to all
relative timestamps of vertices. Thus, negative times-
tamps become equal to —1 and positive timestamps be-
come equal to 1. This method is useful for dynamic graphs
in which all or almost all changes are caused by edges and
vertices remain more or less intact.

The second method also uses the signum function but
now it converts timestamps of both vertices and edges. Itis
useful in situations where patterns in dynamic graphs are
very diverse and it is not possible to find many frequent
patterns with exact timestamps.

4.4 The Complete DGRMiner

In this section we provide remaining details and a de-
scription of the whole DGRMiner algorithm for predictive
graph rule mining. The pseudocode of DGRMiner is given
in Algorithm 3.

First, DGRMiner converts the input dynamic graph into
a set of union graphs as described in Section 4.1. In the
case of a set of dynamic graphs, the algorithm simply com-
putes union graphs for each one of them and then con-
catenates the results. It only needs to keep the mapping
of those union graphs into the original dynamic graphs in
order to be able to compute their support and confidence
correctly. Optional application of an abstraction method,
described in Section 4.3, follows next. Then the algorithm
removes infrequent vertices and edges but only those that
represent changes as the other ones may be used later for
confidence computation. When computing frequencies, it
takes labels, timestamps, and edge orientations into ac-
count. Before moving to single-edge patterns, DGRMiner
outputs frequent single-vertex patterns with high enough
confidence. To compute confidence, it needs to decode an-
tecedents of the patterns and then compute their support.
After that, the algorithm takes frequent initial edges and
sort them according to the extended version of the DFS
lexicographic order of gSpan. An initial edge is such an
edge that represents a change or at least one of its vertices
does.

Now for each initial edge we recursively call subproce-
dure DGR_Subgraph_Mining, which searches for patterns
growing from a given initial edge. This subprocedure, de-
scribed in Algorithm 4, uses several arguments. s denotes
the current pattern, which is represented by its DFES Code.
In D and A we keep union graphs in which current pattern
and its antecedent can be found. Finally, when growing
patterns from the i-th initial edge, we keep the first 7 ini-
tial edges in Eg,. This last argument is used in function
min, which can be found in the first line of Algorithm 4.
The purpose of this function is to check whether the DFS
code of the given pattern is minimum, i.e. it was not found
earlier when traversing the search space. Because all pat-
terns grow only from the initial edges S', it is enough to
check whether we cannot represent the current pattern by
a smaller DFS Code which starts by one of the edges in
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Algorithm 3 DGRMiner(DG)
1: convert the input dynamic graph(s) DG into the union
graph representation [;
2: optional: apply a time abstraction method on union
graphs;
3: remove infrequent vertices and edges;
4: output frequent change vertices with high enough con-
fidence;
s: S! « all frequent initial edges in D sorted in DFS lex-
icographic order;
for i < 1 to |S!| do
p « i-th edge from S!
p.D < graphs which contain p;
p.A < graphs which contain antecedent of p;
10: Egar < first i edges from St
11: DGR_Subgraph_Mining(p,p.D,p.A,Egar);

© 3D

Algorithm 4 DGR_Subgraph_Mining(s,D,A,Ega)
. if s # min(s,Eg4y ) then
return;

1
2
3: enumerate s in each graph in D and count its children;
4: remove children of s which are infrequent;
5: enumerate antecedent of s in graphs given by A;
6: set s.A by graphs which contain antecedent of s;
7. conf < confidence of s;
8: if conf > confyi, then

9 output s;

10: sort remaining children in DFS lexicographic order;
11: for each child c do

12: DGR_Subgraph_Mining(c,c.D,s.A,Egart);

Egtare- If we can find such a smaller code, then the pattern
must have been discovered earlier a thus we backtrack.

If the code is minimum, we continue by enumerating
the pattern in relevant graphs given by ID and searching for
its children candidates. This step is similar to the one in
gSpan. Also, all infrequent children are removed. Before
saving the current pattern, we need to compute its confi-
dence. As we described in Section 4.1, we are able to ex-
tract the antecedent from the current pattern and then count
its occurrences. Set A represents a set of candidate graphs,
in which we should search for the antecedent occurrences.
The actual set of graphs containing the antecedent is then
saved to s.A, where s.A C A, and it used as the A set for
the pattern’s children.

Before recursive processing of the children of the cur-
rent pattern, we need to sort the children according to the
extended version of the DFS lexicographic order. Set c.D
was created when the pattern s was enumerated and its
children were counted.

S Experiments

In this section we present results of experiments on three
datasets. All the experiments were conducted by a C++

Dataset Dynamic graphs | Snapshots
ENRON 1 895
RESOLUTION 103 2911
SYNTH 1 101
SYNTH 20 20 2020

Table 1: Datasets used for experiments.

Rank Vertex label
Employee Emp
Vice President VP
Director Dir
President Pres
Manager Man
Trader Trad
CEO CEO
Managing Director Legal Department | MDLP
In House Lawyer Law
Managing Director MD

Table 2: Ranks of employees in the Enron dataset and the
corresponding vertex labels.

implementation of DGRMiner on a PC equipped with
CPU Intel i15-4570, 3.2GHz, 16GB of main memory, and
running 64-bit version of Windows 8.1. For all exper-
iments, we set confy;; = 0 and window size for union
graphs equal to 10.

5.1 Enron

The first dataset used in experiments is based on the email
correspondence in the Enron company [3]. For our ex-
periments we used preprocessed version of this email traf-
fic [10]. Specifically, we used the data containing informa-
tion about time, sender, receiver, and LDC topic. From the
set of senders and receivers we created vertices of our dy-
namic graph. These vertices do not change through time.
Each email message sent between a sender and a receiver
is represented by addition of a directed edge in the dy-
namic graph. If the graph already contains the same edge,
we just update its time of addition. Snapshots of the dy-
namic graph corresponds to days. As there were messages
with anomalous dates, we removed all messages sent be-
fore 1998 and got 894 days of activity. With one extra
day for vertex initialization we got 895 snapshots, as can
be seen in Table 1. We used LDC topics as edge labels.
There are 32 regular LDC topics expressing the topics of
the messages plus two special topics used to label outlier
messages and messages with non-matching topic. We also
used rank of employees [10] to label vertices. Vertices
with unknown rank were removed from the graph and thus
only 130 vertices remained. Ranks and corresponding la-
bels are available in Table 2.

Results on ENRON with 6,,,;; = 0.1 can be found in the
first row in Table 3. We decided to apply the time abstrac-
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Dataset Union | Union Goin | confo Time abstraction | 1-vertex | All Running

vertices | edges mn "l yertices all rules | rules | time (sec)

ENRON 46290 | 182720 | 0.10 0 v X 0 187 24.6
ENRON DEL 47612 | 196653 | 0.10 0 v X 0 233 29.3
RESOLUTION 15966 5275 | 0.05 0 X X 26 36 0.3
RESOLUTION 15966 5275 | 0.05 0 X v 17 321 34
SYNTH 1124 2404 | 0.10 0 X v 6 82 0.3
SYNTH 20 31455 | 52112 | 0.10 0 X X 121 | 1604 50.9

Table 3: Results of experiments. Number of union vertices and edges is taken over all union graphs of the given dataset.
I-vertex rules are rules whose union graph consists of only one vertex. Running time is averaged over five runs. For all
experiments we set window of size 10 when building union graphs.

tion method for vertices because they are only added in the
first snapshot and never changed. We found 187 frequent
rules, none of which was a single-vertex rule.

We also modified the previous dataset by deleting edges
which were not updated immediately the next day. This
modified dataset is named ENRON DEL in Table 3. The
change allows us to capture patterns which could not be
captured only by edge additions. Examples of two rules
from this dataset are shown in Fig. 3.

5.2 Resolution Proofs in Propositional Logic

We used the set of graphs representing resolutions in
propositional logic from [11] as the second dataset. Ver-
tices of these graphs contain lists of literals in proposi-
tional logic. All edges are directed and have the same la-
bel in these graphs. These dynamic graphs are evolving
by vertex and edge addition or deletion, and by change of
vertex labels. Time of these events was transformed into a
discrete sequence. Because there were 19 different assign-
ments in total, the dynamic graphs had quite distinct vertex
labels. In order to find frequent patterns, we restricted the
dataset to only one assignment. Specifically, we took the
assignment with the greatest number of solutions. This set
of graphs contained 103 dynamic graphs with 2911 snap-
shots in total, see RESOLUTION dataset in Table 1. The
initial snapshot of each dynamic graph in an empty graph.
For more details about this data refer to [11].

We conducted two experiments on this dataset, both
with G;,;, = 0.05 as there were not many frequent patterns.
One with no time abstraction, and one with time abstrac-
tion of both vertices and edges. From Table 3 we can see
that the time abstraction helped us to find ten times more
frequent rules for the same value of the minimum support.
Furthermore, most of the rules were 1-vertex rules when
the abstraction was not applied. Such rules capture vertex
additions, deletions and relabelings without any context
and may not be very informative.

5.3 Synthetic Datasets

Besides real-world data, we also tested our method on a
synthetic datasets. One of this dataset, SYNTH in Ta-
ble 1, was generated in the following way. First, a graph

ENRON DEL rule 1
(sup=0.18, conf=0.7)

ENRON DEL rule 2
(sup=0.13, conf=0.35)

' .:> Outlier ,=}> Outlier
Outlier Unspecified @ @

Figure 3: Examples of two rules from ENRON DEL.

with 10 vertices and 20 randomly assigned edges was cre-
ated. Then we iteratively built 100 snapshots, each snap-
shot from the previous one by randomly chosen changes.
The number of changes ranged uniformly 0-1 for vertex
deletion, 0—1 for edge deletion, O—1 for vertex addition, 0—
3 for edge addition, 0-2 for vertex label change, and 0-2
for edge label change. All newly selected vertex (edge)
labels were chosen from a uniform distribution over set
{A,B} ({y,z}). Each new snapshot had to be different from
the previous one. In order to keep approximately the same
number of vertices (edges) through time, additions or dele-
tions of vertices (edges) were suspended if the number of
vertices (edges) was not in the [k/2,2k] interval, where k
= 10 (and k = 20 for edges). The second dataset, SYNTH
20, was created from 20 dynamic graphs, each one of them
built by the process just described.

For SYNTH and 6,,;, = 0.1, the time abstraction of both
vertices and edges was applied because there were almost
no frequent patterns without the abstraction. On the other
hand, experiments on SYNTH 20 with 20 dynamic graphs
did not require any time abstraction and approximately
1600 frequent rules were found for the same value of the
minimum support. This suggests that the support defini-
tion for a single dynamic graph is stricter than the one for
a set of graphs.

6 Related Work

Several algorithms have been proposed for graph rule min-
ing. However, a lot of these algorithms are expecting
that the only changes in a dynamic graph are caused by
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edge additions, or by vertex additions if the vertices be-
long to the edges being added. These algorithms include
GERM [1], LFR-Miner [7], and the algorithms presented
in [5, 9]. These algorithms also pose various restrictions
on the form of the rule graphs.

The work most related to ours is probably the algorithm
for mining interesting patterns and rules proposed in [8].
This algorithm allows multiedges and also performs sim-
ilar time abstraction, however, it also supposes that labels
do not change and rules express only edge addition. More-
over, antecedents of the rules have to be connected. This
is a stricter requirement than the one given by our algo-
rithm, which requires only the union graphs of rules to be
connected.

Predictive graph rules can be also seen as subgraph se-
quences of length two. Mining of subgraph subsequences
from a set of graph sequences (dynamic graphs) is con-
sidered in [4], where algorithm FRISSMiner is proposed.
This algorithm also works with union graphs, however, it
builds the union graph from the whole sequence, i.e. the
whole dynamic graph. FRISSMiner allows all types of
changes in the input graph sequences but the subgraph se-
quences are not required to include the changes and thus
user would still need to search for patterns representing
changes in graphs. In addition, the algorithm is not de-
signed for a single-dynamic-graph scenario.

Dynamic GREW [2] and the algorithm from [12] mine
also patterns capturing information from several snap-
shots. They assume that the input dynamic graph has a
fixed set of vertices, and edges are inserted and deleted
over time, which makes them quite restricted.

Except for FRISSMiner, the algorithms presented in this
section are designed only for the single-dynamic-graph
scenario. On the contrary, FRISSMiner is designed only
for the set-of-dynamic-graphs scenario.

Experimental comparison of the above algorithms with
DGRMiner is difficult due to the fact that each algorithm
mines different type of patterns. Also, different definitions
of support and confidence affect which patterns are fre-
quent. For example, GERM computes absolute support
and counts multiple occurrences of a pattern in a snapshot.
On the other hand, DGRMiner computes support of a pat-
tern as a fraction of snapshots containing at least one oc-
currence of the pattern. Another difficulty arises from the
fact that implementations of the algorithms, with the ex-
ception of GERM, are not freely available for download.
Lastly, the datasets used for experimental evaluation of the
above algorithms are often either not available or it is not
possible to reproduce the same data.

7 Conclusion

We proposed a new algorithm DGRMiner for mining fre-
quent predictive graph rules from both single dynamic
graphs and sets of dynamic graphs. This algorithm is able
to capture various changes in dynamic graphs. Edges in

dynamic graphs are allowed to be directed or undirected
multiedges. DGRMiner uses support and confidence as
significance measures of the rules. Such graph rules are
useful for prediction in dynamic graphs, they can be used
as pattern features representing dynamic graphs or sim-
ply for gaining an insight into internal processes of the
graphs. We evaluated the algorithm on two real-world and
two synthetic datasets.

As future work, we plan to further investigate time ab-
straction methods and other ways of support computation.
We also intend to modify the method for mining frequent
closed patterns.
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Abstract. The following paper is intended to introduce three
suitable ways of using data mining of GUHA association rules
in conjunction with existing set of business rules. The
integration can be realized using full integration, as black box
classification model and also using dynamic integration with
data mining system. These ways are illustrated by demo use
case based on data from a health insurance company.

1 Introduction

Business rules are not only an effective way for
modeling of business structure and descriptions of
operations, definitions and constrains in an organization,
but also an efficient way for separation of business logic
from the application code of information systems. The
separation of business logic, mainly “decision-making
points” from the implementation of applications is very
important, especially in today’s rapidly changing world.
For this reason, it can be observed an increasing number of
applications of rule engines and business rules system.

In this paper, the presented approach of extension of
a business rules base is illustrated using examples from
a health insurance company. From this domain, examples
of business rule could be: “If the doctor has specialization
001, then the diagnosis AAA is OK.” or “The child
emergency cannot treat the adult patients.” Such rules are
usually saved and managed by a business rule management
system. The rule set in conjunction with the related terms
dictionary can be called “knowledge base”.

However, the applicability of the rule-based systems
greatly depends on the complexity and completeness of
their knowledge base. In addition to the manual input of
business rules by domain experts, there have been
discovered also some methods of obtaining business rules
from the business data — for example from unstructured
texts or from operational data store of the company.
A suitable method for “learning” of business rules from the
working or historical business data is application of data
mining methods and reusage of the gained data mining
models.

1.1 Related Work

From the relevant works and papers, the “semi-automatic
learning of business rules” has been a subject of research
activities for relatively long period. But there are still not
too many real applications. The most relevant existing
application of “data mining of business rules” is the
component RuleLearner, which is a part of the business
rules system OpenRules.[1] This system works with
knowledge base in the form of decision tables in Excel
worksheets. According to the information from the
company OpenRules, Inc., the component RuleLearner is
still non-public. It is based on data mining using open

source system Weka, but the conversion from data mining
results to the form of classification tables for the
OpenRules system can be realized only by experts from the
authors” company.

1.2 Business Rules

In this paper, the author describes three suitable ways of
direct integration of data mining results into an existing
business rule set. Business rules is not the name of one
specification or system. The term “business rules” covers
the relatively great area of rule-based systems and
applications. It is mainly the name of modeling approach.
In this approach, the modeling of the business behavior and
decisions leads from the definition of basic entities and
terms to the definition of standalone business rules. These
rules are collected info rule sets in one complex knowledge
base of the company.

The business rules approach has been applied in many
specifications of languages for definition of business rules.
The specifications can be divided by their main focus in
two groups — specifications suitable for inference engines
and specifications suitable for sharing of knowledge in
human-friendly form. The work presented in this paper is
more suitable for implementation in automatic inference
(business rules) engines — JBoss Drools, Jess, Jena etc. The
execution component takes the set of business rules and the
base of facts, evaluates the conditions of business rules and
activates the proprietary rules.

1.3 GUHA Association Rules

One of the possible and suitable methods for extension
of knowledge base in the form of business rules is the
application of data mining methods on the historical data of
the company. It seems that the suitable data mining models
are association and decision rules. The association rules can
be discovered not only using the mostly known algorithm
APRIORI, but also using the procedure ASSOC of the
GUHA method.*

The GUHA method is original Czech data mining
method for data mining of association rules with “rich
semantic”. The basic form of GUHA association rules is

=y
where ¢ (antecedent), w (consequent’) and possibly are
logical combinations of attributes (with concrete values)

and =~ is the quantifier — function defined on the four feet
table. Examples of the 4ft-quantifiers are founded

Y In this paper, the rules founded using application of
GUHA procedure ASSOC are called ,,GUHA association
rules®.

2 In the GUHA method, consequent is called succedent
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implication (combination of interest measures confidence
and support) and above average dependence (this
quantifier is convertible to the combination of interest
measures lift and support). [5]

The GUHA association rules for the approaches
presented in this paper are discovered using the data mining
system LISp-Miner.? This software supports data mining of
GUHA association rules also with the “dynamic binning of
values in attributes”. This feature extends the pattern of
requested association rules (task definition). The attributes
can contain the set of values — for example the rule attribute
age([0;1),[1;5)) is interpreted as age in interval from 0 to
5 years (without the request for redefinition of the data
preprocessing). The dynamic binning can be defined as
subsets of the given length, left or right cuts, intervals etc.

An example of the founded GUHA association rule:

age([20;40]) & city(Prague) & clinic(A, B) 2
procedure(C) | confidence 0.6, support 0.01
The interpretation of this rule: If the age is in the interval
from 20 to 30 years, city is Prague and the clinic is A or B,
then the applied procedure is C. The confidence of this rule
is 60% and support is 1%.

1.4 Structure of this Paper

This work is focused on the use of association rules
obtained by application of GUHA method (below in text
called “GUHA association rules”), but the principles are
generalizable also for the usage of simpler association rules
obtained using the algorithm APRIORI (for example in the
system R). This paper follows the previous work of
preparation classification business rule sets using GUHA
association rules [2] and is also related to currently solved
TACR project TA04011691 “Automated extraction of
business rules with feedback” [3].

The paper is organized as follows. Section 2 gives a walk
through three suitable models of integration data mining
model into business rule set. Section 3 contains example
use cases motivated by real data. The conclusion
summarizes the paper and outline for future work.

2 Integration of Data Mining Models into
Existing Business Rule Set

Within this section, there are described three model ways
of integration GUHA association rules into an existing
business rule set. The suitability of their use differs
according to the requested level of the integration and also
to the analytical questing solved with the data mining task.
All these ways are fully implementable (and have been
practically verified) using business rule engine JBoss
Drools [4] and data mining system LISp-Miner [5].

2.1 Direct Ttransformation of GUHA Association
Rules into Business Rules

First variant of the involvement of founded association
rules into an existing business rule set is the direct
transformation of them. Within this transformation, every
founded GUHA association rule is transformed into

® http://lisp-miner.vse.cz

a separate business rule. From the GUHA association rule,
antecedent and condition parts are transformed into
condition of the business rule, consequent’ of the
association rule is “implemented” in the body of the
business rule. The body of the business rule executes the
requested action — returns the result of the classification
task in suitable form (set of attributes with values, adds
new data in the base of facts etc.) For this transformation,
some constrains of the solved data mining tasks has to been
considered.

Antecedent, condition and even consequent of a GUHA
association rule can consists from multiple “partial
cedents” (brackets in logical representation), containing
conjunctions, disjunctions and negations. In case of mining
using LISp-Miner system, every attribute in the rule can
also contain multiple values, connected during the mining
process using the “dynamic binning” feature. For the
possibility of transformation from association rules to
business rules, it is not necessary to apply any limits or
constrains to antecedent and condition part of association
rules. However, it is necessary to solve the problem of the
data dictionary. The data dictionary has to be mapped to
shared terms dictionary used in organization. If the data
mining process has been initialized using data from
operational data store of the organization, it is possible to
use the default names of data attributes (columns) in the
operational data store as the terms dictionary for definition
of business rules.”

From the perspective of transformation to the form of
business rules for the system JBoss Drools, condition of the
rule can consist from logical expressions similar to native
java code. The transformation consists from these steps:

1. Perform reverse preprocessing of used data. In data
mining process it is common to prepare attributes from
the data columns from the original data matrix. These
attributes have different names and preprocessed
values (during the preprocessing phase of data mining
process, the original data values are grouped into
named sets or intervals of original data values). The
transformation itemizes the attributes included in
association rules to the original names and values.

2. Remove unnecessary cedents from antecedent and
condition part of GUHA association rule — because of
the data mining task configuration and LISp-Miner
export, the GUHA association rules saved in PMML®
form often contain unnecessary partial cedents
(multiple  brackets without any added logical
expression).

3. Transform antecedent and condition of every GUHA
association rule into condition of a business rule.
Dependently on the handling method of null values in
the data set for data mining task, negation in
association rule can be interpreted as inequality or

* In GUHA method is ,consequent® called ,,succedent*.

> Alternativelly in the organization maybe exists
a mapping for data attributes from operational data store to
an ontology or other “terms dictionary”.

® Predictive Model Markup Language — XML-based
format (technical standard) for saving of data mining
models; developer by Data Mining Group
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negation of the checking condition. For preparation of
a classification business rule set, it is more suitable to
use the interpretation as inequality (by testing results).
Negation in association rule expression should be
interpreted as inequality. In case of mining of GUHA
association rules with condition, the condition can be
appended to antecedent part (using conjunction), or
could be interpreted as group condition for conditioned
subset of business rules.

4. Prepare business rules” bodies from the consequents
association rules cedents. Semiautomatic acquisition of
business rules from data mining results is suitable for
solving of “classification” tasks. These tasks cannot
return value of one “result” attribute. The limitations of
consequent of the association rules for following
automatic processing of results are as follows: Each
consequent should contain one or more attributes with
values, which were not preprocessed in data mining
process. In case of more attributes in consequent part
of association rule, these attributes should be
connected within conjunction.

5. Use requested conflict resolution strategy.

Business rules in DRL form (format suitable for JBoss
Drools) are based on Java classes, which represents the
terminological dictionary. For support of solving
classification problems using association rules, in most
cases it is necessary to select the best result consequent (the
resulting recommendation) in case of more business rules
with  matching antecedent/condition. Good conflict
resolution strategy is to prefer classification rules with
better values of confidence, support and shorter
condition.[6] In DRL, the suitable strategy is implemented
in one conflict resolution function written in DRL.

The result of recommendation/classification task can be
processed with other part of information system of the
organization, or can be processed with other business rules.
Based on testing use cases, it can be said, that the following
processing of the results using other business rules
contributes to the clarity of the full knowledge base of the
organization. From the perspective of knowledge
management in organization in context of business rules, it
is appropriate to build one shared knowledge base in form
of business rules based on one shared terms dictionary. [7]

In implementation using JBoss Drools, it is suitable to
(temporarily) insert results of classification subtask into the
base of facts and continue in the business rules execution.

Great advantage of the transformation of each one
association rules into a separate business rules is the
possibility of their subsequent management and
administration using tools from the business rules
management system. It is easy to edit these rules, their
priority and behavior.

In case of automatic transfer of the complete results of
data mining of GUHA association rules into business rules,
there can be also found some disadvantages. First big
disadvantage of full integration is a large increase of the
number of business rules. For solving of classification tasks
using association rules without pruning algorithms, it is
suitable to use data mining tasks with a really low
requested minimal threshold value of support. Such tasks,

however, return a lot of founded rules (possibly thousands
of rules). In case of their integration into the main
knowledge base, it is appropriate to identify these rules
with specific “tag”.

In terms of practical evaluation, the options of this model
of integration were verified in [2] and [8]. It is suitable to
generate business rule set in DRL form from GUHA
association rules. The classifier obtained by this method
can achieve even better results than reference
classifiers. [2] According to realized tests, dependently on
the solved data set, the greater “expression language” of
GUHA association rules can contribute to better results (but
at the cost of more rules).

2.2 Black Box Classification Component

The second suitable variant for the inclusion of data
mining results into an existing knowledge base in form of
business rule set is the integration as “black box”. In this
way, the connected component is suitable for solving of
classification tasks. The integration schema should be as
follows:

-

Association rules

Information
from eval. base

|
|
|
|
|
|
|
|
AV

Black box
component

Wrapper

business rule

Classification
result

g

4 Input values

mapping List of variables

Fig. 1. Schema of black box component integration.

The user connects the black box component as one
“part” of the knowledge base. It can be connected to body
of a business rule, or as a partial condition. In the definition
phase of the issued business rule, the user has to follow
steps of a simple connection process:

1. Select results of a data mining task and export them
into a standardized form (usually PMML).

2. Define wrapper rule — one rule, which initializes the
evaluation of a classification black box component.

3. Import data mining results into the classification black
box component. The component checks the structure
of the uploaded model and detects all connecting
points. The connecting points could be defined as
input, output or shared. Input connecting points
should include a definition of mapping between facts
in the evaluation base and attributes used in
conditions of the classification model.

4.  Define mapping for the connecting points: In case of
classification model based on GUHA association
rules, the user defines 1:1 mapping between attributes
used in antecedents and conditions of association rules
and fields from the terms dictionary, the output
connecting point is usually a variable for the result of
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classification. The result variable could be
immediately captured and processed in the wrapper
business rule, or added into the evaluation base of
facts used in the inference algorithm. For all the
mappings, the black box component detects required
data types for individual attributes and checks the
mapping at least on the level of data type, at best on
level of the definition range.

The involvement of a data mining model as the black
box component brings many benefits. This way of
integration has the lowest requirements for interaction with
other rules in the knowledge base and it is applicable not
only for data mining models consisting of rules but also for
other suitable types of data mining models. For example,
there can be considered decision trees or neural networks,
too.

From the perspective of management or domain experts,
this integration does not have too big impact on other
business rules saved in the knowledge base. It is really easy
interpretable: “In the condition of this rule matches the
characteristic of client, the body of the rule returns the
statistically most probable next offer for the client.” The
“most probable next offer” is determined with the black
box component, so the management expert does not have to
know the hidden algorithms used for this recommendation.

This integration has also disadvantages. The most of
them is the problematic of “recycling” of specified data
mining models for usage in more business rules. The data
mining model is usually connected at only one point (in the
black box component integrated in wrapper rule”). In case
of usage models based on rules is a disadvantage also the
exclusion of the evaluation of contained rules out of the
main RETE network.’

In case of implementation of the black box component in
the system JBoss Drools, it is possible to use external
implementation in Java code, or implementation using
separated, conditioned subset of business rules, which is
evaluated only “on demand” (separated with special
condition).

This model of integration has recently been implemented
in TACR project mentioned in Introduction of this paper.

2.3 Data Mining Initialized by Business Rules

Although the use of data mining models for solving of
classification tasks integrated in business rule set is
appropriately interpretable and user comprehendible, it is
not suitable to limit the possible use cases for using only
this way. The main reason for finding other, alternative
approach is absence of the target attribute for classification
in the operational data of the organization. Particularly in
the case of usage data mining methods for finding of
exceptions it is suitable to use dynamic data mining
initialized by business rules. This process of definition the
appropriate wrapper for initialization of data mining
thought business rules engine in combination with
LISp-Miner system could be defined as follows:

" Most systems for execution of business rules are based
on usage of RETE algorithm, which allows quickly
inference evaluation.

1. Define export from the operational data store of the
organization. This export can be realized for example
using SQL query and should be “repeatable” for later
usages. The best way is definition of a view.

2. Define data mining task for selection of GUHA
association rules in the data mining system
LISp-Miner. Execute the task and check the results for
the corresponding form. There are no limits for
definition of the data mining task except of the “final
attribute”, which should be returned as result. This
attribute should contain values from the original data
matrix (without the use of values grouping in
preprocessing phase or dynamic binning).

3. Export definition of the data mining task in PMML.

4. Define the wrapper business rule including the
definition of data mining task, mapping of terms
dictionary at least for “final attribute”, database
connection string and limits for counts of requested
results.

For some use cases, it is possible to map not only the
final attribute, but also another attributes with fixed
value for the definition of a condition.

5. Define period or condition for activation of the
defined wrapper business rule. Within implementation
using JBoss Drools, both these options are possible.

The wrapper business rule initializes the execution of
data mining task. It is possible to run the LISp-Miner
system not only from the graphical user interface, but also
from the command line. After receiving the results from the
data mining system, the wrapper rule compares the count of
founded association rules. If the count is within the
requested interval, the wrapper business rule extracts values
of the final attribute in the founded rules and adds them as
new facts in the evaluation base for processing using other
business rules.

In case of inappropriate count of founded data mining
results, the wrapper business rule can reinitialize the data
mining task with modified thresholds of interest measures.
To find association rules the user usually defines thresholds
of two interest measures (usually confidence and support,
for some cases also lift and support).? If the system founds
too many rules, it is possible to increase the minimal
requested thresholds of interest measures and execute the
data mining task again.

This method of integration is suitable for interaction
between business rules saved in the knowledge base and
data mining systems for detection of exceptions in the
operational data. Whether the exception can be negative or
positive. For example detection of an increase in staff
performance. The advantage of the application of data
mining methods is the better performance than in case of
evaluation the data matrix using set of specific business
rules. However, also a disadvantage has to be considered.
The separation of statistical evaluation of the operational
data matrix from the knowledge base for execution using

® In the GUHA method, confidence and support are
included in 4ft quaintifier ,,Founded implication®, lift is
compatible with ,,Above average dependance“ quantifier
(AAD).
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external system can be founded either as advantage or
disadvantage. It depends on the specialization of the
domain expert. From the point of view of marketing or
business specialists, it will be probably evaluated as an
advantage — it is really simplification of the knowledge
base.

2.4 Terms Dictionary for Definition of Business Rules

For a definition of business rules, it is required to use
aterms dictionary. This terms dictionary should contain
declaration of basic entities used in the organization. These
terms composites to facts, and facts composites into
business rules. For expanding of a business rule set using
data mining results, the “good” terms dictionary can be the
schema of the main operational database used in the
organization.

The mapping techniques are not subject of this paper.
For the integration of data mining results into existing
business rule set, the best way is a definition of mapping in
the mode 1:1 not only at level of data attributes, but also at
level of their values.

In using of business rules, the mapping can be realized
on basis of usage of specific mapping rules. In JBoss
Drools, it is possible to define rules with conditional
validity. So if the “mapping rule” detects in the evaluation
base, it adds one or more other facts (instances of Java
object) representing the mapped fact. The added fact is
present and valid only while the mapping rule is active (it’s
condition is evaluated as true).

3 Demo use case

For better illustration of the appropriateness of ways of
integrating data mining results into a business rule set, it is
suitable to explain them on a demo use case. In this paper,
the author represents them on use cases defined on data
from a health insurance company.

In every insurance company, it is necessary to collect the
most possible data from the real life and reuse them for the
risks analysis and for detection of fraud techniques. In the
domain of health insurance, the medical facilities send lists
of performed procedures and request a financial
compensation for them. Every request composites from
identification of the medical facility, the concrete medical
worker, identification of the patient and details about the
diagnosis and performed procedures. After composition in
one “data row”, respectively one data matrix, there are tens
of data attributes.

The health insurance company has contracts with
individual medical facilities, but it does not mean, that
every facility requests only really performed procedures.
The reason may be a mistake, of course, but also attempt to
fraudulently acquire some finances. The insurance
company should have a list of rules (optionally
a knowledge base in form of business rules) for detection of
patently false requests. For example if a family doctor
requests finance for a surgical operation. But is it necessary
to detect not only obvious errors in requests. The insurance
company want to detect also unusual growths of performed
procedures, which could be potentially evaluated as
untruthful.

3.1 Direct acquisition of business rules

Most business rules for evaluation the correctness of
requests from medical facilities is inputted manually by
domain experts. For founding of unobvious relations in
data, it is suitable to use data mining methods. The user can
select some founded association rules, convert them into
business rules and use them for following manual editing of
the knowledge base.

To use data mining techniques, it is necessary to have
access to the archive with operational data received in the
past. In terms of medical procedures it is also necessary to
respect the specificities of different seasons and impact of
weather. For example, there are differences in frequency
and types of illnesses and injuries between the summer and
the winter.

On the basis of this data mining analysis, it is also
possible to detect potentially interesting areas for
application of models for automatic learning of business
rules.

3.2 Classification model learning

Suitable analytical question for processing of the
incoming data is the detection of facilities, which require
probably too much procedures or unusual combinations of
them. A concrete example could be redundant performing
of laboratory analysis of blood or automatically request for
RTG for all patients of a surgery. These unnecessary
procedures are no benefit not only for the insurance
company, but also for the patients.

To solve this task, it is possible to use historical data
about the checks previously made in medical facilities in
combination with results from these tasks. Based on these
data, it is possible to prepare a classification model for
recommending suitable facilities for the future check.

The classification model can be included into the
knowledge base as native business rules, or better in form
of black box component. The advantage of separated black
box component is the simpler replacement of the full
classification model with a newer version.

3.3 Periodically solved data mining task

Another interesting task suitably solvable using data
mining methods is detection of unusual increase or
decrease of performed medical procedures in a concrete
medical facility compared to other facilities of the same
type. This task cannot be resolved in the “flow check”
system, but it is possible to solve it using archive of the
incoming data.

It is suitable use case for application of periodical
solving of a predefined data mining task. The domain
experts defines a data mining task for founding GUHA
association rules for example in form:

diagnosis(A) & facility(*) = procedure(B) / clinicType(A)

where clinicType(A) is condition of founded rules, the task
is defined using AAD quantifier (interest measures are lift
and support) and the expert want to process as results the
values of the attribute facility. The expert defines interval
of minimal threshold of interest measures and maximal
count of requested rules.
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The data mining is then executed periodically once per
month and the business rules system initializes the request
for the check in the indicated medical facilities.

4 Conclusion and future work

In this paper, the author presented three suitable ways of
integration data mining results (mainly GUHA association
rules) into a knowledge base in form of business rules,
which are suitable for automatically execution. These
models are applicable not only in conjunction with JBoss
Drools system, they are generally applicable with all
“execution oriented” business rules systems. For example,
there can be mentioned systems Jess, Jena or ERIAN.

Within the further work, it is necessary to propagate
methods of automatic integration of data mining results into
business rule sets. Another task is finalization of a model of
knowledge base for combination data mining tasks with
definitions of business rules. The demo implementation of
the knowledge base, which concept was presented in [9],
should be extended to a public methodology.
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Abstract: This paper presents a resource-light acquisition
of morphological paradigms and lexicon for fusional lan-
guages. It builds upon Paramor [10], an unsupervised sys-
tem, by extending it: (1) to accept a small seed of man-
ually provided word inflections with marked morpheme
boundary; (2) to handle basic allomorphic changes ac-
quiring the rules from the seed and/or from previously
acquired paradigms. The algorithm has been tested on
Czech and Slovene tagged corpora and has shown in-
creased F-measure in comparison with the Paramor base-
line.

1 Introduction

Morphological analysis is used in many computer appli-
cations ranging from web search to machine translation.
As Haji¢ [6] shows, for languages with high inflection, a
morphological analyzer is an essential part of a successful
tagger.

Modern morphological analysers based on supervised
machine learning and/or hand-written rules achieve very
high accuracy. However, the standard way to create them
for a particular language requires substantial amount of
time, money and linguistic expertise. For example, the
Czech analyzer by [7] uses a manually created lexicon
with 300,000+ entries. As a result, most of the world lan-
guages and dialects have no realistic prospect for morpho-
logical analyzers created in this way.

Various techniques have been suggested to overcome
this problem, including unsupervised methods acquiring
morphological information from an unannotated corpus.
While completely unsupervised systems are scientifically
interesting, shedding light on areas such as child language
acquisition or general learneability, for many practical ap-
plications their precision is still too low. They also com-
pletely ignore linguistic knowledge accumulated over sev-
eral millennia, often failing to discover rules that can be
found in basic grammar books.

Lightly-supervised systems aim to improve upon the ac-
curacy of unsupervised system by using a limited amount
of resources. One of such systems for fusional languages
is described in the paper.

Using a reference grammar, it is relatively easy to pro-
vide information about inflectional endings, possibly or-
ganized into paradigms. In some languages, an analyzer
built on such information would have an acceptable accu-

racy (e.g., in English, most words ending in ed are past/-
passive verbs, and most words ending in est are superlative
adjectives). However, in many languages, the number of
homonymous endings is simply too high for such system
to be useful. For example, the ending a has about 19 dif-
ferent meanings in Czech [4].

Thus our goal is to discover inflectional paradigms each
with a list of words declining according to it, in other
words we discover a list of paradigms and a lexicon. But
we do not attempt to assign morphological categories to
any of the forms. For example, given an English corpus
the program should discover that talk, talks, talking, talked
are the forms of the same word, and that work, push, pull,
miss,... decline according to the same pattern. How-
ever, it will not label talked as a past tense and not even
as a verb.

This kind of shallow morphological analysis has appli-
cations in information retrieval (IR), for example search
engines. For the most of the queries, users aren’t inter-
ested only in particular word forms they entered but also
in their inflected forms. In highly inflectional languages,
such as Czech, dealing with morphology in IR is a neces-
sity. Moreover, it can also be used as a basis for a stan-
dard morphological analyzer after labeling endings with
morphological tags and adding information about closed-
class/irregular words.

As the basis of our system, we chose Paramor [10],
an algorithm for unsupervised induction of inflection
paradigms and morphemic segmentation. We extended it
to handle basic phonological/graphemic alternations and
to accept seeding paradigm-lexicon information.

The rest of this paper is organized as follows: First, we
discuss related work on unsupervised and semi-supervised
learning. Then follows a section about baseline Paramor
model. After that, we motivate and describe our extension
to it. Finally, we report results of experiments on Czech
and Slovene.

2 Previous Work

Perhaps the best known unsupervised morphological anal-
ysers are Goldsmith’s Linguistica [5] and Morfessor [1, 2,
3] family of algorithms.

Goldsmith uses minimum description length
(MDL; [14]) approach to find the morphology model
which allows the most compact corpus representation.
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His Linguistica software returns a set of signatures which
roughly correspond to paradigms.

Unlike Linguistica, Morfessor splits words into mor-
phemes in a hierarchical fashion. This makes it more suit-
able to agglutinative languages, such as Finnish or Turk-
ish, with a large number of morphemes per word. A prob-
abilistic model is used to tag each morph as a prefix, suffix
or stem. Kohonen et al. [9] improve the results of Morfes-
sor by providing a small set (1000+ for English, 100+ for
Finish) of correctly segmented words. While the precision
slightly drops, the recall is significantly improved for both
languages. Tepper and Xia [17] use handwritten rewrite
rules to improve Morfessor’s performance by recognising
allomorphic variations.

The approaches by Yarowsky and Wicentowski [18] and
Schone and Jurafsky [15] aim at combining different in-
formation sources (e.g., corpus frequencies, edit distance
similarity, or context similarity) to obtain better analysis,
especially for irregular inflection.

A system requiring significantly more human supervi-
sion is presented by Oflazer et al. [13]. This system takes
manually entered paradigm specification as an input and
generates a finite-state analyser. The user is then presented
with words in a corpus which are not accepted by the anal-
yser, but close to an accepted form. Then the user may
adjust the specification and the analyser is iteratively im-
proved.

Feldman and Hana [8, 4] build a system which relies
on a manually specified list of paradigms, basic phonol-
ogy and closed-class words and use a raw corpus to auto-
matically acquire lexicon. For each form, all hypothetical
lexical entries consistent with the information about the
endings are created. Then competing entries are compared
and only those supported by the highest number of forms
are retained. Most of the remaining entries are still non-
existent; however, in the majority of cases, they licence
the same inflections as the correct entries, differing only
in rare inflections.

3 Paramor

Our approach builds upon Paramor [10, 11, 12], an-
other unsupervised approach for discovery of inflectional
paradigms.

Due to data sparsity, not all inflections of a word are
found in a corpus. Therefore Paramor does not attempt to
reconstruct full paradigms, but instead works with partial
paradigms, called schemes. A scheme contains a set of
c(andidate)-suffixes and a set of c(andidate)-stems inflect-
ing according to this scheme. The corpus must contain the
concatenation of every c-stem with every c-suffix in the
same scheme. Thus, a scheme is uniquely defined by its
c-suffix set. Several schemes might correspond to a single
morphological paradigm, because different stems belong-
ing to the paradigm occur in the corpus in different set of
inflections.

The algorithm to acquire schemes has several steps:

1. Initialization: It first considers all possible segmenta-
tions of forms into candidate stems and endings.

2. Bottom-up Search: It builds schemes by adding end-
ings that share a large number of associated stems.

3. Scheme clustering: Similar schemes (as measured by
cosine similarity) are merged.

4. Pruning: Schemes proposing frequent morpheme
boundaries not consistent with boundaries proposed
by a character entropy measure are discarded.

Paramor works with types and not tokens. Thus it is not
using any information about the frequency or context of
forms. Below, we describe some of the steps in more de-
tail.

3.1 Bottom-up Search

In this phase, Paramor performs a bottom-up search of the
scheme lattice. It starts with schemes containing exactly
one c-suffix. For each of them, Paramor ascends the lat-
tice, adding one c-suffix at a time until a stopping criterion
is met. C-suffix selected for adding is the one with the
biggest c-stem ratio. (Adding a c-suffix to a scheme re-
duces number of the stems and the suffix reducing it the
least is selected. C-stem ratio is ratio between number of
stems in the candidate higher-level scheme and the current
scheme.) When the highest possible c-stem ratio falls un-
der 0.25, the search stops. It is possible to reach the same
scheme from multiple searches. For example, a search
starting from the scheme (-s) can continue by adding (-ing)
and end by adding (-ed), thus creating a scheme (-s, -ing,
-ed). Another search starting from (-ed) can continue by
adding (-s) and then by adding (-ing), creating a redundant
scheme. Such duplicates are discarded.

3.2 Scheme Clustering

Resulting schemes are then subjected to agglomerative
bottom-up clustering to group together schemes which
are partially covering the same linguistic paradigm. For
example, if the first phase generated schemes (-s, -ing)
and (-ing, -ed), the clustering phase should put them in
the same scheme cluster. To determine proximity of two
scheme clusters, sets of words generated by the clusters
are measured by cosine similarity.! A scheme cluster gen-
erates a set of words which is the union of sets generated
by the schemes it contains (not a Cartesian product of all
stems and suffixes throughout the schemes). In order to
be merged, clusters must satisfy some conditions, e.g. for
any two suffixes in the cluster, there must be a stem in the
cluster which can combine with both of them.

Ixny|
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ﬁ 4.2 Scheme Seeding
Corpus
The manual seed contains a simple list of inflected words
with marked morpheme boundary. A simple example in
Paramor .
N2 English would be:
 Stem-suffix map __ Induction of
i ___deepstems __ f"/ stem-change rules talk+0, talk+s, talk+ed, talk+ing

schemes
Manual

seed

! keep some clusters ¥

[

‘Word clusters

Figure 1: Altered Paramor’s pipeline (our alterations are
in dashed boxes and outside the Paramor box).

3.3 Pruning

After the clustering phase, there are still too many clusters
remaining and pruning is necessary. In the first pruning
step, clusters which generate only small number of words
are discarded. Then clusters modelling morpheme bound-
aries inconsistent with letter entropy are dropped.

4 Our Approach

4.1 Overview

We have modified the individual steps in Paramor’s
pipeline in order to use (1) a manually provided seed of
inflected words divided into stems and suffixes; and (2) to
take into account basic allomorphy of stems. Figure 1
shows phases of Paramor on the left with dashed boxes
representing our alterations.

In the bottom-up search phase and the scheme clus-
ter filtering phase, we use manually provided examples
of valid suffixes and their grouping to sub-paradigms to
steer Paramor towards creating more adequate schemes
and scheme clusters. The data may also contain allomor-
phic stems, which we use to induce simple stem rewrite
rules. Using these rules, some of the allomorphic stems in
the corpus can be discovered and used to find more com-
plete schemes.

Note that the Paramor algorithm is based on several
heuristics with many parameters whose values were set ex-
perimentally. We used the same settings. Moreover, when
we applied similar heuristics in our modifications, we used
analogical parameter values.

stop+0, stop+s, stopp+ed, stopp+ing
chat+0, chat+s, chatt+ed, chatt+ing

This can be written in an abbreviated form as:
talk, stop/stopp, chat/chatt + 0, s/ ed, ing

The data are used to enhance Paramor’s accuracy in dis-
covering the correct schemes and scheme clusters in the
following way:

1. In the bottom-up search, Paramor starts with single-
suffix schemes. We added a 2-suffix scheme to the
starting scheme set for every suffix pair from the
manual data belonging to the same inflection. Note
that we cannot simply add a scheme containing all
the suffixes of the whole paradigm as many of the
forms will not be present in the corpus.

2. Scheme clusters containing suffixes similar to some
of the manually entered suffix sets are protected from
the second phase of the cluster pruning. More pre-
cisely, a cluster is protected if at least half of its
schemes share at least two suffixes with a particular
manual suffix set.

4.3 Allomorphy

Many morphemes have several contextually dependent
realizations, so-called allomorphs due to phonological/-
graphemic changes or irregularities. For example, con-
sider the declension of the Czech word matka ‘mother’ in
Table 1. It exhibits stem-final consonant change (palatali-
sation of k to c) triggered by the dative and local singular
ending, and epenthesis (insertion of -e-) in the bare stem
genitive plural.

Case | Singular Plural
nom | matk+a matk+y
gen matk+y  matek+0
dat matc+e matk+am
acc matk+u  matk+y
voc matk+o  matk+y
loc matc+e matk+ach
inst | matk+ou matk+ami

Table 1: Declension of the word matka “mother”. Chang-
ing part of the stem is in bold.

Paramor ignores allomorphy completely (and so do Lin-
guistica and Morfessor). There are at least two reasons
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to handle allomorphy. First, linguistically, it makes more
sense to analyze winning as win+ing than as winn+ing or
win+ning. For many applications, such as information re-
trieval, it is helpful to know that two morphs are variants of
the same morpheme. Second, ignoring allomorphy makes
the data appear more complicated and noisier than they ac-
tually are. Thus, the process of learning morpheme bound-
aries or paradigms is harder and less successful.

This latter problem might manifests itself in Paramor’s
bottom-up search phase: a linguistically correct suffix trig-
gering a stem change might be discarded, because Paramor
would not consider stem allomorphs to be variants of the
same stem and c-stem ratio may drop significantly. Further
more, incorrect c-suffixes may be selected.

For example, suppose there are 5 English verbs in the
corpus: talk, hop, stop, knit, chat, together with their -s
(talks, hops, stops, knits, chats) and -ing (talking, hop-
ping, stopping, knitting, chatting) forms. Let’s assume
we already have a scheme {0, s} with 5 stems. Unfor-
tunately, a simple ing suffix (without stem-final consonant
doubling) combines with one out the 5 stems only, there-
fore adding ing to the scheme would decrease the number
of its stems to 1, leaving only talk in the scheme.

However, for most languages the full specification of
rules constraining allomorphy is not available, or at least
is not precise enough. Therefore, we automatically induce
a limited number of simple rules from the seed examples
and/or from the scheme clusters obtained from the previ-
ous run of algorithm. Such rules both over and undergen-
erate, but nevertheless they do improve the accuracy of the
whole system. For languages, where formally specified
allomorphic rules are available, they can be used directly
along the lines of Tepper and Xia [17, 16]. For now, we
consider only stem final changes, namely vowel epenthesis
(e.g., matk-a — matek-0) and alternation of the final conso-
nant (e.g., matk-a — matc-e). The extension to other pro-
cesses such as root vowel change (e.g., English foor — feet)
is quite straightforward, but we leave it for future work.

Stem change rule induction and application. Formally,
the process can be described as follows. From every pair
of stem allomorphs in the manual input, s8;,55,, where s
is their longest common initial substring,? with suffix sets
fi, f» we generate a rule 8, — %6, / (f1,/2) and also
a reverse rule %8, — %61 / (f2, f1). Notation x8; — %0,
!/ (f1,f>) means “transform a stem x8; into x&; if the fol-
lowing conditions hold:”

1. x0, is a c-stem present in the corpus.

2. C-suffix set f (from the corpus) of the c-stem xJ;
contains at least one of the suffixes from f; and con-
tains no suffix from f5.

3. C-suffix set f; of the c-stem x0, contains at least one
of the suffixes from f, and contains no suffix from f;.

2should &; or & be 0, one final character is removed from s and
prepended to &; and &

Induced rules are applied after the initialisation phase. So-
called deep stems are generated from the c-stems. A deep
stem is defined as a set of surface stems.

To obtain a deep stem for a c-stem ¢, operation of expan-
sion is applied. Expansion works as a breadth-first search
using a queue initialised with ¢ and keeping track of the
set D of already generated variants. While the queue is not
empty, the first member is removed and its variants found
by application of all the rules. (Result of applying a rule is
non-empty only if the rule is applicable and its right hand
side is present in the corpus.) Variants which haven’t been
generated so far are added to the back of the queue and to
D. When the queue is emptied, D becomes the deep stem
associated with ¢ and all other members of D.

Bottom-up search and all the following phases of
Paramor algorithm are then using the deep stems instead
of the surface ones.

Stem change rule induction from scheme clusters. In
addition to deriving allomorphic rules from the manual
seed, we also use a heuristic for detecting stem allomor-
phy in the scheme clusters obtained from the previous run
of the algorithm. Stem allomorphy increases the sparsity
problem and might prevent Paramor from finding some
paradigms. However, if the stem changes are systematic
and frequent, Paramor does create the appropriate scheme
clusters. However, it considers the changing part of the
stem to be a part of suffix.

As an example, consider again the declension of the
Czech word matka “mother” in Table 1. Paramor’s scheme
cluster with suffixes ce, ek, ka, kami, kou, ku, ky, kdch, kam
has correctly discovered 9 of 10 paradigm’s suffixes,> but
fused together with parts of the stem. Presence of such
scheme cluster in the result is a hint that there may be a c¢/k
alteration and epenthesis in the language.

First phase of the algorithm for deciding whether a
scheme cluster with a c-suffix set f is interesting in this
respect is following:

1. If f contains a c-suffix without a consonant, return
false.

2. ¢, = count of unique initial consonants found in
c-suffixes in f.

3. If ¢, > 2 return false. (Morpheme boundary probably
incorrectly shifted to the left.)

4, If ¢, = 1 and f doesn’t contain any c-suffix start-
ing with a vowel, return false. (No final consonant
change, no epenthesis.)

5. Return true.

If a scheme cluster passes this test, each of its stems’ sub-
paradigms is examined. Subparadigm for stem s consists
of s and f; — all the c-suffixes from f with which s forms

3Except for vocative case singular, which is rarely used.
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a word in the corpus. For example, let’s have a stem s =
mat with f; = {ce, ek, ka, ku, ky}. Now, the morpheme
boundary is shifted so that it is immediately to the right
from the first consonant of the original c-suffixes. In our
example, we get 3 stem variants: matk + a, u, y, matc
+ e, matek + 0. To reduce falsely detected phonological
changes, we check each stem variant’s suffix set whether
it contains at least one of the c-suffixes that Paramor has
already discovered in other scheme clusters. If the condi-
tion holds, rules the with same syntax as the manual data
are created. For example, matk / matc / matek + a, u, y
/e /0. All generated rules are gathered in a file and can
be used in the same way as the manual seed or just for the
induction of phonological rules.

S Experiments and Results

We tested our approach on Czech and Slovene lemma-
tised corpora. For Czech, we used two differently sized
subsets of the PDT 1 corpus. The first, marked as czl,
contains 11k types belonging to 6k lemmas. The sec-
ond, cz2, has 27k types and 13k lemmas and is a su-
perset of czl. The purpose of having two Czech cor-
pora was to observe the effect of data size on perfor-
mance of the algorithm. The Slovene corpus si is a subset
of the jos100k corpus V2.0 (http://nl.ijs.si/jos/
jos100k-en.html) with 27k types and 15.5k lemmas.

The manual seed consisted of inflections of 18 lem-
mas for Czech and inflections of 9 lemmas for Slovene.
In both cases, examples of nouns, adjectives and verbs
were provided. They were obtained from a basic grammar
overview. For Czech, we also added information about the
only two inflectional prefixes (negative prefix ne and su-
perlative prefix nej). The decision which prefixes to con-
sider inflectional and which not is to a certain degree an ar-
bitrary decision (e.g., it can be argued that ne is a clitic and
not a prefix), therefore it makes sense to provide such in-
formation manually. (Prefixes were implemented by a spe-
cial form of stem transformation rules introduced in sec-
tion 4.3 which create deep stems consisting of a stem with
and without given prefix.)

5.1 Evaluation Method

We evaluated the experiments only on types at least 6 char-
acters long which Paramor uses for learning. That means
8.5k types and 4500 lemmas for czl, 21k types and 10k
lemmas for ¢z2 and 21k types and 12k lemmas for si.

Since corpora we used do not have morpheme bound-
aries marked, we could not use the same evaluation
method as authors of Paramor and Morfessor — measuring
the precision and recall of placing morpheme boundaries.
On the other hand, corpora are lemmatised and we can
evaluate whether types grouped to paradigms by the algo-
rithm correspond to sets of types belonging to the same
lemma.

We use the following terminology in this section:
a word group is a set of words returned by our system,
a word paradigm is a set of words from the corpus sharing
the same lemma. Both word groups and word paradigms
are divisions of corpus into disjoint sets of words. An au-
toseed is a seed generated by the heuristic described in
Section 4.3.

Since Paramor only produces schemes and scheme clus-
ters, we need an additional step to obtain word groups.
We generated the word groups by bottom-up clustering
of words using the paradigm distance which is designed
to group together words generated by similar sets of
scheme clusters. To compute paradigm distance for two
words wq, wp, we find the set of all scheme clusters which
generate wi and compute cosine similarity to the analogi-
cal set for wz4. In the simplest case, two forms of a lemma
will be generated just by one scheme cluster and there-
fore get distance 1. For a more complicated example, let’s
take two Czech words: otrdveni “poisoned masc. anim.
nom. pl.” and otrdveny “poisoned masc. anim. nom.
sg.”. The first one was generated by scheme clusters 33
and 41, both with otrdv as a stem. The second word was
generated by scheme cluster 41 with ofrdy as a stem and
by scheme cluster 45 with otrdven as stem. That means
that only scheme cluster 41 generates both words and their
paradigm distance is ﬁ =0.5.

Precision and recall of the word groups can be com-
puted in the following way: To compute precision, start
with p = 0. For each word group, find a word paradigm
with the largest intersection. Add the intersection size to p.
Precision = p / total number of words. For computing re-
call, start with » = 0. For each word paradigm, find a word
group with the largest intersection. Add the intersection
size to r. Recall = r / total number of words. F1 is the
standard balanced F-score.

5.2 Results

Results of the experiments are presented in Tables 2 — 4.
We used the following experiment settings:

1. no seed — the baseline, Paramor was run without any
seeding

2. man. seed — manual seed was used

3. autoseed — autoseed was used for induction of the
stem change rules

4. both seeds — Paramor run with manual seed, stem
change rules were induced from manual and au-
toseed.

5. seed + pref. — manual seed was used together with
additional rules for two Czech inflectional prefixes,
otherwise same as 2.

4We also have to check whether w; and w, have the same stem, so,
in fact we are comparing sets of pairs (scheme cluster, c-stem), to make
sure only words sharing c-stems are grouped together.
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6. both seeds + pref — manual seed was used together
with additional rules for two Czech inflectional pre-
fixes, otherwise same as 4.

Experiment Precision | Recall F1
no seed 97.87 | 84.61 | 90.76
man. seed 9796 | 87.52 | 92.44
autoseed 98.19 | 84.58 | 90.88
both seeds 97.96 | 87.52 | 92.44
seed + pref. 97.84 | 89.40 | 93.43
both seeds + pref. 97.84 | 89.40 | 93.43

Table 2: Results for the ¢z1 corpus.

Experiment Precision | Recall F1
no seed 97.36 | 87.02 | 91.90
man. seed 97.04 | 89.30 | 93.01
autoseed 97.30 | 87.72 | 92.26
both seeds 96.78 | 89.30 | 92.89
seed + pref. 96.68 | 92.35 | 94.46
both seeds + pref. 96.31 | 9249 | 94.36

Table 3: Results for the ¢z2 corpus.

Experiment | Precision | Recall F1
no seed 95.70 | 93.00 | 94.33
man. seed 95.62 | 94.44 | 95.02
autoseed 95.69 93.13 | 94.40
both seeds 95.56 | 94.76 | 95.16

Table 4: Results for the si corpus.

As can be seen from the results, the extra manual infor-
mation indeed does help the accuracy of clustering words
belonging to the same paradigms. What is not shown by
the numbers is that more of the morpheme boundaries
make linguistic sense because basic stem allomorphy is
accounted for.

6 Conclusion

We have shown that providing very little of easily obtain-
able information can improve the result of a purely un-
supervised system. In the near future, we are planning to
model a wider range of allomorphic alternations, try larger
(but still easy to obtain) seeds and finally test the results on
more languages.
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Abstract: 'We present recent developments of Korektor,
a statistical spell checking system. In addition to lexicon,
Korektor uses language models to find real-word errors,
detectable only in context. The models and error proba-
bilities, learned from error corpora, are also used to sug-
gest the most likely corrections. Korektor was originally
trained on a small error corpus and used language models
extracted from an in-house corpus WebColl. We show two
recent improvements:

e We built new language models from freely avail-
able (shuffled) versions of the Czech National Cor-
pus and show that these perform consistently better
on texts produced both by native speakers and non-
native learners of Czech.

e We trained new error models on a manually annotated
learner corpus and show that they perform better than
the standard error model (in error detection) not only
for the learners’ texts, but also for our standard eval-
uation data of native Czech. For error correction, the
standard error model outperformed non-native mod-
els in 2 out of 3 test datasets.

We discuss reasons for this not-quite-intuitive improve-
ment. Based on these findings and on an analysis of errors
in both native and learners’ Czech, we propose directions
for further improvements of Korektor.

1 Introduction

The idea of using the context of a misspelled word to im-
prove the performance of a spell checker is not new [10].
Moreover, recent years have seen the advance of context-
aware spell checkers such as Google Suggest, offering rea-
sonable corrections of search queries.

Methods used in such spell checkers usually employ the
noisy-channel or window-based approach [4]. The system
described here also belongs to the noisy-channel class. It
makes extensive use of language models based on several
morphological factors, exploiting the morphological rich-
ness of the target language.

Errors detected by such advanced spell checkers have a
natural overlap with those of rule-based grammar check-
ers — grammatical errors are also manifested as unlikely
n-grams. Using language models or even complete SMT
approach [8] for grammatical error correction is also be-
coming more common, however all the tasks and publica-
tions on grammar correction we have seen so far expect

pre-corrected text in terms of spelling. See also [15] and
Table 1 in [14] for what types of errors were subject to
correction at the CoNLL 2013 and 2014 Shared Tasks on
English as a Second Language.

‘We make no such optimistic expectations. As we show
in Section 2 there are many types of spelling errors both
in native speakers’ texts and in learner corpora. The error
distributions are slightly different, though.

Richter [12] presented a robust spell checking system
that includes language models for improved error detec-
tion and suggestion. To improve the suggestions further,
the system employs error models trained on error cor-
pora. In this paper we present some recent improvements
to Richter et al.’s work in both respects: improved lan-
guage models in Section 3 and task-dependent, adapted
error models in Section 4. We apply native and non-native
error models on both native and non-native datasets in Sec-
tion 5. We analyze a portion of the systems output in Sec-
tion 6 and provide some insight into the most problematic
errors that various models make. Finally, we summarize
our work and list potential scope for further improvements
of Korektor components in Section 7.

2 Error Distribution for Native vs
Non-Native Czech

Richter [11, p. 33] presents statistics of spelling errors in
Czech, based on a small corpus of 9500 words, which is
actually a transcript of an audio recording of a novel. The
transcription was done by a native speaker. Following [1],
the error analysis in Table 1 is based on the classification
of errors into four basic groups: substitution, insertion,
deletion/omission and swap/transposition/metathesis. Al-
though the figures may be biased due to the small size of
the corpus and the fact that it was transcribed by a sin-
gle person, we still find them useful for a comparison with
statistics of spelling errors made by non-native speakers.
In Table 2 the aggregate figures from Table 1 (in
the last column headed by “Native”) are compared with
figures from an automatically corrected learner corpus
(“SGT”, or CzeSL-SGT) and a hand-corrected learner cor-
pus (“MAN”, or CzeSL-MAN). The taxonomy of errors is
derived from a “formal error classification” used in those
two corpora, described briefly in Section 4.! 1In this ta-
ble we follow [3] in treating errors in diacritics as dis-

ISee [7] for more details about the classification and the http://utkl.
ff.cuni.cz/learncorp/ site, including all information about the corpora.
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Error Type Frequency  Percentage Error type L1 L2
Substitution 224 40.65% Substitution® | 22,695 84.36% | 30,527 84.15%

— horizontally adjacent letters 142 25.77% — Case 1,827 8.05% 5,090 16.67%
— vertically adjacent letters 2 0.36% — Diacritics 14,426 63.56% | 13,367 43.79%
-Z—=8 6 1.09% Insertion 1,274 4.74% 1,800 4.96%
—-s—z 0.18% Deletion 2,862 10.64% 3,809 10.50%
-y —i 10 1.81% Swap 72 0.27% 143 0.39%
—i—y 10 1.81% Total 26,903  100.00% | 36,279  100.00%
— non-adjacent vocals 13 2.36%

_ diacritic confusion 21 3.81% Table 3: Distribution of single edit errors in the training
_ other cases 19 3.45% portion of the CzeSL-MAN corpus on Levels 1 and 2
Insertion 235 42.65%

— horizontally adjacent letter 162 29.40% Substituting...  Frequency | Substituting...  Frequency
— vertically adjacent letter 13 2.36% aford 5255 y for y 780

— same letter as previous 14 2.54% i for 7 3427 dfora 695

_ other cases 46 8.35% e for & 1284 u for i 635
Deletion — other cases 58 10.53% e foré 1169 y for i 482
Swap letters 34 6.17% i fory 1077 i fory 330
TOTAL 551 100.00% i for i 1005 zforz 297

Table 1: Error types in a Czech text produced by native
speakers

SGT MAN PT  Native
Insertion 3.76 352 1045  42.65
Omission 1.39 920 17.12  10.53
Substitution 3130 37.67 1282 36.84
Transposition 0.16 0.19 3.69 6.17
Missing diacritic 50.19 4040 37.66
Addition of diacritic ~ 12.69 8.60 1.67
Wrong diacritic 0.51 0.43 0.92 3.81

Table 2: Percentages of error types in a Czech text pro-
duced by non-native speakers, compared to Portuguese
and Czech native speakers

tinct classes, adding their statistics on native Brazilian Por-
tuguese for comparison in the “PT” column.

The high number of errors in diacritics in non-native
Czech and native Portuguese in comparison with native
Czech can be explained by the fact that native speakers of
Czech are aware of the importance of diacritics both for
distinguishing the meaning and for giving the text an ap-
propriate status. The high number of errors in diacritics
in learner texts is confirmed by results shown in Table 3,
counted on the training portion of the “CzeSL-MAN” cor-
pus by comparing the uncorrected and corrected forms,
restricted to single-edit corrections.> The distribution is
shown separately for the two annotation levels of CzeSL-
MAN: somewhat simplifying, L1 is the level where non-
words (forms spelled incorrectly in any context) are cor-

2].e., without using the “formal error types” of [7].

Table 4: The top 12 most frequent substitution errors in
the CzeSL corpus

rected, while L2 is the level where real-word errors are
corrected (words correct out of context but incorrect in the
syntactic context). For more details about CzeSL-MAN
see Section 4.1.

As an illustration of the prevalence of errors in diacritics
in non-native Czech, see Table 4, showing the 12 most
frequent substitution errors from L1 in Table 3. There is
only one error which is not an error in a diacritic (the use
of the i homophone instead of y).

3 Current Improvements for Native Czech
Spelling Correction

The original language model component of Korektor [12]
was trained on WebColl — a 111 million words corpus of
primarily news articles from the web. This corpus has two
issues: (i) the texts are not representative and (ii) the lan-
guage model from this data could not be distributed freely
due to licensing issues. To obviate this, we evaluate Ko-
rektor using two new language models built from two cor-
pora available from the Czech National Corpus (CNC):
(1) SYN2005 [2] and (ii)) SYN2010 [9]. Both have the
size of 100 million words each and have a balanced rep-
resentation of contemporary written Czech: news, fiction,
professional literature etc.

We use the error model and the test data (only the Audio
data set) described in [12]. Audio contains 1371 words
with 218 spelling errors, of which 12 are real-word errors.

3The two error types below are actually subtypes of the substitution
error.
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qu the CNC corpora, we build 3" order language models LM train data Max. edit distance P R Fl
using KenLM [6]. _ , WebColl 947 90.8 927
The spe?ll. checker accuracy is meas.u.red in terms of stan- SYN200S { 957 90.8 932
dard precision and recall. The precision and recall mea-
sures are calculated at two levels: (i) error detection and SYN2010 947 899 922
(i1) error correction. These evaluation measures are simi- WebColl 94.1 954 948
lar in spirit as in [17]. For both levels, precision, recall and SYN2005 2 950 959 954
other related measures are calculated as: Precision(P) = SYN2010 941 950 945
Titeps Recall(R) = 77-h ., and F — score(F1) = 325K, WebColl 94.1 954 9438
where, for error detection, SYN2005 3 950 959 954
e TP — Number of words with spelling errors that the SYN2010 941 950 945
spell checker detected correctly WebColl 94.1 954 948
SYN2005 4 95.0 959 954
o FP — Number of words i'dentiﬁed as spelling errors SYN2010 941 950 945
that are not actually spelling errors WebColl 041 954 948
e TN — Number of correct words that the spell checker SYN2005 5 95.0 959 954
did not flag as having spelling errors SYN2010 94.1 950 945

e FN — Number of words with spelling errors that the
spell checker did not flag as having spelling errors

and for error correction,

e TP — Number of words with spelling errors for which
the spell checker gave the correct suggestion

e FP — Number of words (with/without spelling errors)
for which the spell checker made suggestions, and for
those, either the suggestion is not needed (in the case
of non-existing errors) or the suggestion is incorrect
if indeed there was an error in the original word

e TN — Number of correct words that the spell checker
did not flag as having spelling errors and no sugges-
tions were made

e FN — Number of words with spelling errors that the
spell checker did not flag as having spelling errors or
did not provide any suggestions

The results for error detection and error correction are
shown in Tables 5 and 6, respectively. Maximum edit dis-
tance, i.e., the number of edit operations per word is set to
values from 1 to 5. In the case of error detection, the best
overall performance is obtained for the SYN2005 corpus
when the maximum edit distance parameter is 2, and there
is no change in results for the edit distance range from 3
to 5. Of the two CNC corpora, SYN2005 consistently pro-
vides better results than SYN2010 corpus. Differences in
the vocabulary could be the most likely reason.

Even in the case of error correction, the best overall per-
formance is obtained for SYN2005 with 94.5% F1-score.
We can also see that WebColl performs better in 3 out of
5 cases, but we should also note that this happens when
we include top-3 suggestions in the error correction. Oth-
erwise the SYN2005 model consistently provides better
scores. We have also experimented with pruned language
models and obtained similar results.

Table 5: Error detection results with respect to different
language models

4 Work in Progress for Improving Spelling
Correction of Non-Native Czech

One of the main hurdle in obtaining a new error model is
the availability of annotated error data for training. Many
approaches are available to somehow obtain error data au-
tomatically from sources such as the web [16]. The error
data obtained from the web may be good enough for han-
dling simple typing errors, but not for the more compli-
cated misspellings a learner/non-native speaker of a lan-
guage makes. However, these approaches can be success-
fully used to obtain general purpose spell checkers. One
resource which could be of some value to spell checking is
the learner corpus. Unlike native error corpus, the learner
corpus of non-native or foreign speakers tend to have more
errors ranging from orthographical, morphological to real-
word errors. In this work, we try to address whether error
models from texts produced by native Czech speakers can
be applied to errors from non-native Czech texts and vice
versa. We also derive error analysis based on the results.

4.1 CzeSL — a Corpus of Czech as a Second
Language

A learner corpus consists of language produced by lan-
guage learners, typically learners of a second or foreign
language. Deviant forms and expressions can be corrected
and/or annotated by tags making the nature of the error ex-
plicit. The annotation scheme in CzeSL is based on a two-
stage annotation design, consisting of three levels. The
level of transcribed input (Level 0) is followed by the level
of orthographical and morphological corrections (Level 1),
where only forms incorrect in any context are treated. The
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LM train data I(;/i[::;'nsglt top-1 top-2 top-3
P R F1 P R F1 P R F1

WebColl 852 899 875 909 905 90.7 933 90.7 920
SYN2005 1 8§7.9 90.1 89.0 923 90.5 914 937 90.7 922
SYN2010 86.0 89.0 875 91.8 89.6 90.7 923 89.7 910
WebColl 842 949 892 91.0 953 9311 932 954 943
SYN2005 2 86.8 955 91.0 918 957 93.7 932 958 945
SYN2010 85.0 944 895 914 948 931 923 949 935
WebColl 842 949 89.2 91.0 953 9311 932 954 943
SYN2005 3 86.8 955 91.0 914 957 935 927 958 942
SYN2010 850 944 895 909 948 928 91.8 948 933
WebColl 842 949 892 910 953 931 932 954 943
SYN2005 4 86.8 955 91.0 914 957 935 927 958 942
SYN2010 85.0 944 895 909 948 928 91.8 948 933
WebColl 842 949 892 91.0 953 931 932 954 943
SYN2005 5 86.8 955 91.0 914 957 935 927 958 942
SYN2010 85.0 944 895 909 948 928 91.8 948 933

Table 6: Error correction results with respect to different language models

result is a string consisting of correct Czech forms, even
though the sentence may not be correct as a whole. All
other types of errors are corrected at Level 2.*

This annotation scheme was meant to be used by hu-
man annotators. However, the size of the full corpus and
the costs of its manual annotation have led us to apply au-
tomatic annotation and find ways of its improvement.

The hand-annotated part of the corpus (CzeSL-MAN)
now consists of 294 thousand word tokens in 2225 short
essays, originally hand-written and transcribed.” A part of
the corpus is annotated independently by two annotators:
121 thousand word tokens in 955 texts. The authors are
both foreign learners of Czech and Czech learners whose
first language is the Romani ethnolect of Czech.

The entire CzeSL corpus (CzeSL-PLAIN) includes
about 2 mil. word tokens. This corpus comprises tran-
scripts of essays of foreign learners and Czech students
with the Romani background, and also Czech Bachelor
and Master theses written by foreigners.

The part consisting of essays of foreign learners only in-
cludes about 1.1 word tokens. It is available as the CzeSL-
SGT corpus with full metadata and automatic annotation,
including corrections proposed by Korektor, using the
original language model trained on the WebColl corpus.b
In the annotation Korektor detected and corrected 13.24%
incorrect forms, 10.33% labeled as including a spelling
error, and 2.92% an error in grammar, i.e. a ‘real-word’
error. Both the original, uncorrected texts and their cor-
rected version was tagged and lemmatized, and “formal
error tags,” based on the comparison of the uncorrected

4See [5] and [13] for more details.

5For an overview of corpora built as a part of the CzeSL project and
relevant links see http://utkl.ff.cuni.cz/learncorp/.

6See http://utkl.ff.cuni.cz/~rosen/public/2014-czesl-sgt-en.pdf.

and corrected forms, were assigned. The share of ‘out of
lexicon’ forms, as detected by the tagger, is slightly lower
-9.23%.

4.2 The CzeSL-MAN Error Models

We built two error models from the CzeSL-MAN corpus
—one for Level 1 (L1) errors and another for Level 2 (L2)
errors. As explained in Section 4.1 above, L1 errors are
mainly non-word errors and L2 errors belong to real-word
and grammatical errors, but still include form errors that
are not corrected at L1 because the faulty form happens to
be spelled as a form which would be correct in a differ-
ent context. Extracting errors from the XML format used
for encoding the original and the corrected text at L1 is
straightforward. The only thing needed is to follow the
links connecting tokens at LO (the original tokens) and L1
(the corrected tokens) and to extract tokens for which the
links are labeled as correction links. In the error extraction
process, we do not extract errors that involve joining or
splitting of word tokens at either level (Korektor does not
handle incorrectly split or joined words at the moment).
L2 errors include not only errors identified between L1
and L2 but also those identified already between LO and
L1, if any. This is because L2 tokens are linked to LO
tokens through L1 tokens, rather than being linked di-
rectly. For example, consider a single token at Levels LO,

L1 and L2: viechy (L0) L22Sn8hmeorBase ¢ chny (L1)
& vichni (L2). The arrow stands for a link between
the two levels, optionally with one or more error labels.
For the L1 error extraction, the extracted pair of an incor-
rect token and a correct token is (vSechy, vSechny) with the
error labels (formSingCh, incorBase), and for the L2 er-
ror extraction, the extracted error and correct token pair is
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CzeSL-L1 CzeSL-L2

Error
train test train test

73.54 7224 67.02 69.30
2646 27.76 3298 30.70

single-edit
multi-edit

Table 7: Percentage of single and multi edit-distance er-
rors in the train/test of L1 and L2 errors.

(vSechy, vsichni) with the error labels (formSingCh, incor-
Base, agr). For the L2 errors, we project the error labels
of L1 onto L2. If there is no error present or annotated
between LO and L1, then we use the error annotation be-
tween L2 and L1. The extracted incorrect token is still
from LO and the correct token from L2.

Many studies have shown that most misspellings are
single-edit errors, i.e., misspelled words differ from their
correct spelling by exactly one letter. This also holds for
our extracted L1 and L2 errors (Table 7). We train our L1
and L2 errors on single-edit errors only, thus the models
are quite similar to the native Czech error model described
in [11]. The error training is based on [1]. Error proba-
bilities are calculated for the four single-edit operations:
substitution, insertion, deletion, and swap.

S Experiments with Native and Non-Native
Error Models

For the native error model (webcoll), we use the same
model as described in [12]. For the non-native error mod-
els, we create two error models as described in Section 4.2:
(i) czesl_LI - trained on the L1 errors (CzeSL-L1 data
in Table 8) and (ii) czesl_L2 — trained on the L2 errors
(CzeSL-L2 data in Table 8). We partition the CzeSL-MAN
corpus in the 9:1 proportion for training and testing.

The non-native training data include more errors than
those automatically mined from web. The training of non-
native error models is done on single-edit errors only (refer
Table 7 for the percentage of errors used for training). For
the language model, we use the best model (SYN2005)
that we obtained from Section 3.

We perform evaluation on all kinds of errors in test data.
We also set the maximum edit distance parameter to 2 for
all our experiments. We arrived at this value based on our
observation in various experiments. We run our native and
non-native models on the test data described in Table 9,
and their results are given in Table 10. Error correction
results are shown for top-3 suggestions.

In error detection, in terms of F1-score, czesl_L2 model
posts better score than the other two models for both native
and non-native data sets. When it comes to error correc-
tion, the native model webcoll seems to perform better in
2 out of 3 data sets, and the next better performer being
the czesl_L2 model. One has to note that, the non-native
models are not tuned to any particular phenomenon such

Train data  Corpus size  #Errors
WebColl 111IM 12,761
CzeSL-L1 383K 36,584
CzeSL-L2 370K 54,131

Table 8: Training data for native and non-native experi-
ments. The errors include both single and multi-edit er-
rors.

Test data Corpus size  #Errors
Audio 1,371 218
CzeSL-L1 33,169 3,908
CzeSL-L2 32,597 5,217

Table 9: Test set for native and non-native experiments.
The errors include both single and multi-edit errors.

as capitalization or keyboard layouts, so there is still some
scope for improvements on the non-native error models.
While webcoll and czesl_L2 models help each other in the
opposite direction, i.e., the performance of native model
on the non-native data and vice versa, the czes/_LI model
works better only on the CzeSL-L1 dataset. In other
words, since L1 error annotation did not involve complete
correction of the test data of CzesL-MAN, they can be
used, for instance, the correction of misspellings that do
not involve grammar errors.

6 Discussion

We manually analyzed a part (the top 3000 tokens) of the
output of Korektor for the CzeSL-L2 test data for all the
three models. We broadly classify the test data as hav-
ing form errors (occurring between the LO and L1 level),
grammar (gram) errors (occurring between L1 and L.2) and
accumulated errors (form+gram, where errors are present
at all levels — between LO and L1, and L1 and L2). The
CzeSL-L2 test data can include any of the above types
of errors. About 23% of our analyzed data include one
of the above errors. More than half of the errors (around
62%) belong to the form errors and about 27% belong to
the gram class. The remaining errors are the form+gram
errors.

In the case of form errors, both the native (webcoll) and
the non-native models (czesl_LI and czesl_L2) detect er-
rors at the rate of more than 89%. Form errors may or
may not be systematic and they are easily detected by all
the three models. Most of the error instances in the data
can be categorized under either missing/addition of dia-
critics, or they can occur in combination with other types
of errors, for instance, pritelkyné was incorrectly written
as pratelkine.
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Error detection

Error correction

Model

Audio CzeSL-L1

CzeSL-L2

Audio CzeSL-L1 CzeSL-L2

P R Fl1 P R F1 P R

F1 P R Fl1 P R Fl1 P R Fl1

webcoll 950 959 954 81.8 817 81.7 910 650
czesl_ L1 950 96.8 959 822 822 822 91.1 644
czesl_ L2 950 96.8 959 812 827 819 909 654

759 932 958 945 717 796 754 780 615 68.8
754 937 967 952 702 798 747 755 600 66.8
76.1 937 967 952 682 800 736 749 609 67.2

Table 10: Error models applied to native and non-native Czech

Error label: "form:formCaronO + formSingCh

+ formY0 + incorBase + incorInfl"

Error token: pratelkine

Gold token: pritelkyné

webcoll: pratelkine

czesl_L1: <suggestions="pfitelkyné|pritelkyne
|ptatelime">

czesl_L2: <suggestions="pfitelkyné|pritelkyne
|ptatelime">

In the case of gram errors, most of the errors are unde-
tected. Out of 193 gram errors in our analyzed data, the
percentage of errors detected by the models are: webcoll
(15.5%), czesl_L1I (9.3%) and czesl_L2 (15.0%). Most of
the grammar errors involve agreement, dependency and
lexical errors. The agreement errors are shown in Table 11.
Except for a few pairs such as jedné — jednou (incorrect
— correct), mé — mé, ktery — kteri, tepli — teply, most
of the error tokens involving agreement errors have not
been recognized by any of the three models.’

Dependency errors (e.g. a wrongly assigned morpho-
logical case, missing a syntactic governor’s valency re-
quirement) such as rokuggy — roce oc ‘year’, kolejacc
— koleji_oc ‘dormitory’, rokusg — rokyp. ‘year’, restau-
raci oc — restauracenoy ‘restaurant’ have not been rec-
ognized by any of the models. The pair mipsr — méxcc
‘me’ has been successfully recognized by all the three
models and the correct suggestion listed in the top:

Error label: "gram:dep"

Error token: mi

Gold token: mé

webcoll: <suggestions="mé|miljilmuli">
czesl_L1: <suggestions="mé|milji|mulsi">
czesl_L2: <suggestions="mé|milji|mulho">

For instance, the pair ve — v ‘in’ (vocalized — unvo-
calized) has been recognized by the webcoll and czesl_L2
models, but not by the czesl_LI model. When it comes
to grammar errors, webcoll and czesl_L2 have better per-
formance than czesl_LI. It was expected, because the
czesl_L1I model was not trained on grammar errors.

When the error involved a combination of form and
gram errors, all the three models tend to perform bet-
ter. Most of the form+gram errors were recognized by

"The category glosses should be taken with a grain of salt: many
forms can have several interpretations. E.g. oslaviliyiasc.axin — oslav-
ilaygyr ‘celebrated’ could also be glossed as oslavilip, masc.anin —
oslavilasg rem.

incorrect usage correct usage category gloss
bavimsg bavimep,, number enjoy

bylsg bylyp;. number was — were
bylsg Bylyp;. number was — were
Chciy st Chcesrp person want — wants
chodimgg chodimep;. number walk
Chtélaggy Chtélyasc gender wanted
divatng divdsgp verb form  to see — sees
dobrégpy dobfiyiasc.anin gender good
dobryyasc dobrdggy gender good
druhyyom druhéhoggy case 2nd, other
hezkép;. hezkysg number nice

Jjesa Jjsoupy. number is — are
Jjednouns jedné, oc case one

Jichgen Jjeacc case them

Jjsemsg Jjsmepy. number am — are
Jjsmepy. Jjsemsg number are — am
Jjsoupy. jesc number are — is
kterysg kteFipL number which
leZeliyasc.aniv leZelyrem gender lay

malysg malép;, number small
malychgen malé ycc case small

mécc minom number my
Mépgrs.pron Méposs.pron POS me — my
milujuisr milujesrp person love — loves
mohliyiasc. aniv mohlyggy gender could
nemocnipy, nemocnyscg number ill

nichyoc Nnéacc case them
oslaviliyasc. anmv oslavilaygyr gender celebrated
pracovniyom pracovnimys case work-related
pracujist pracujeszrp person work — wants
Studovaliyiasc.aniv Studovalyggy gender studied
teplepy cC teplé zp; POS warmly — warm
teplipy. teplysc number warm

tF GENn tFiacce case three

tuhlegpy Tenhleyasc gender this
typickérpym typickdngur gender typical
velkép velkysg number big

Table 11: Some of the agreement errors in the analyzed
portion of the CzeSL-L2 test data

all the three models: webcoll (85%), czesl_L1 (86%) and
czesl_L2 (89%). For instance, the error pair *zajimavy —
zajimavé ‘interesting’ that was labeled at both L1 and L2
level was successfully recognized by all the models, and
the correct suggestions were listed in the top. There were



Improvements to Korektor: A Case Study with Native and Non-Native Czech 79

many errors that were successfully recognized, but the cor-
rect suggestions did not appear in top-3, such as, *nechct
— nechtél ‘didn’t want’, *mym — svym ‘my’, *kamarad
— kamardda ‘friend’, *vzdélany — vzdéland ‘educated’.

Based on the results in Table 10 and the manual error
analysis in this section, we can make the following general
observations:

e Non-native Czech models can be applied to native
test data and obtain even better results than the na-
tive Czech model (Table 10).

e From the manual analysis of the test outputs of both
native and non-native Czech models, the most prob-
lematic errors are the grammar errors due to missed
agreement or government (valency requirements).
Some of the grammar errors involve most commonly
occurring Czech forms such as jsme, byl, dobry, je,
druhy.

e Both native and non-native error models perform well
on spelling-only errors.

e The CzeSL-MAN error data include errors that in-
volve joining/splitting of word forms that we did not
handle in our experiments. We also skipped word or-
der issues in the non-native errors which are beyond
the scope of current spell checker systems.

7 Conclusions and Future Work

We have tried to improve both the language model and
the error model component of Korektor, a Czech statisti-
cal spell checker. Language model improvements involved
the employment of more balanced corpora from the Czech
National Corpus, namely SYN2005 and SYN2010. We
obtained better results for the SYN2005 corpus.

Error model improvements involved creating non-native
error models from CzeSL-MAN, a hand-annotated Czech
learner corpus, and a series of experiments with native and
non-native Czech data sets. The state-of-the-art improve-
ment for the native Czech data set comes from the non-
native Czech models trained on L1 and L2 errors from
CzeSL-MAN. Surprisingly, the native Czech model per-
formed better for non-native Czech (L2 data) than the
non-native models. This we attribute to the rich source
of learner error data, since the texts come from very dif-
ferent texts: Czech students with Romani background, as
well as learners with various proficiency levels and first
languages. Another potential reason could be the untuned
nature of the non-native error models that may require fur-
ther improvement.

As for future work aimed at further improvements of
Korektor, we plan to explore model combinations with na-
tive and non-native Czech models. We would also like to
extend Korektor to cover new languages so that more anal-
ysis results could be obtained. To improve error models

further, we would like to investigate how the more com-
plex grammar errors such as those in agreement and form
errors such as joining/splitting of word forms can be mod-
eled. Further, we would like to analyze non-native Czech
models, so that Korektor can be used to annotate a large
Czech learner corpus such as CzeSL-SGT more reliably.
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Abstrakt: V prispevku sd zhrnuté priebezné vysledky apli-
kovaného vyskumu v oblasti spracovania prirodzeného ja-
zyka v ulohéch orientovanych na vyskum a vyvoj modu-
lov re€ovych rozhrani medzi ¢lovekom a strojom, ktory
prebieha v Laboratériu reCovych a mobilnych technol6-
gif na KEMT FEI TU v KoSiciach. Zahrnutie hovorene;j
reci, ako najprirodzenejSieho komunika¢ného néstroja me-
dzi 'ud’mi, mé svoje nezastupitel’'né miesto aj pri navrhu
a vyvoji interaktivnych reCovych rozhrani. Pri prechode
od rozpozndvania I'udskej reci k jej porozumeniu strojom
je potom nevyhnutné vykonat’ aj dodato¢nu analyzu textu
po automatickom prepise. To zahfna aj proces transfor-
macie textu po rozpoznani na reprezentaciu urcitého typu
znalosti, ktorému dokéze stroj porozumiet’. Tento zlozity
proces vSeobecne pozostidva z tokenizdcie, automatickej
korekcie a dodatocnej morfologickej, syntaktickej a sé-
mantickej analyzy textu. Nami navrhnuté moduly a vy-
sledky automatického spracovania textu v slovenskom ja-
zyku budu postupne predstavené v tomto prispevku.

1 Uvod

S prichodom vypoctovej techniky sa stala potreba pocita-
¢ového spracovania prirodzeného jazyka aktudlnou celo-
svetovou témou. Vedci sa po celom svete snazia podchy-
tit' charakter takmer kazdého jazyka s ciel om zjednodu-
Sit’ interakciu medzi 'ud’mi a strojmi a komunikaciu me-
dzi 'udmi samotnymi. Oblast’ spracovania prirodzeného
jazyka zahfiia Siroku Skdlu disciplin, ako napr. vyhl'ada-
vanie informdcii, Statistické modelovanie jazyka, strojovy
preklad, automatické rozpozndvanie a porozumenie reci
a pod. Jednotlivé discipliny vSak vo vicSine pripadov izko
suivisia, dopfﬁajﬁ sa, a pomocou nich je mozné I'ud’om
ul’ahdit’ précu, Stidium, komunikaciu, ¢i zdbavu. Jednou
z najaktudlnejsich dloh v oblasti spracovania prirodzeného
jazyka je aj automatické rozpozndvanie rec¢i (ARR), kto-
rému sa v naSom laboratdriu intenzivne venujeme. Vd aka
viacerym zlepSeniam v oblasti automatického rozpozna-
vania reCi v slovencine sme schopni rozpoznat' I'udsku
re¢ s dostatocnou presnost’ou v mnohych aplikac¢nych tlo-
hach, avSak komplexné porozumenie vyznamu je v sucas-
nosti jednou z najnaro¢nejsich uloh pri ndvrhu réznych in-
teraktivnych recCovych rozhrani a to nielen v slovencine.
V tomto ¢lanku budu predstavené nami navrhnuté pristupy
na spracovanie prirodzeného jazyka pre interaktivne re-
¢ové rozhrania v slovencine.

2 Zdrojové data

2.1 Dolovanie textu

Rozsiahly korpus pisanych textov pouZity vo viacerych
oblastiach spracovania prirodzeného jazyka v Laboratériu
reCovych a mobilnych technolégii bol vytvoreny pomo-
cou nami navrhnutého systému na dolovanie a spracova-
nie textovych dokumentov z webovych strdnok dostupnych
na sieti Internet s nizvom webAgent [1, 2]. Systém doluje
textové data z réznych domén a elektronickych zdrojov
pisanych v sloven¢ine a pomocou preddefinovanych pra-
vidiel na prepis Cisloviek, symbolov a skratiek ich spra-
ctiva do ich vyslovovanej podoby. Systém je navySe roz-
Sireny o metddy tokenizicie, segmenticie na vety, metody
na kontrolu duplicity na drovni adresy zdroja textu a obsa-
hu dokumentu, a tieZ o metddy filtracie viet obsahuju-
cich vel'ké mnoZstvo gramaticky nespisovnych slov, Cislic,
akronymov, symbolov, skratiek, a inych cudzojazyénych
a mimoslovnikovych slov. Spracovany text je nasledne
rozdeleny do mensich celkov, t.j. podkorpusov, pomocou
ucinnych metdd na kategorizdciu textovych dokumentov.
Sucasny korpus pisanych textov v slovencine obsahuje pri-
blizne 2,25 mld. tokenov obsiahnutych v 125 mil. vetach.

2.2 Kategorizacia textu

S narastajicim mnoZstvom textovych dokumentov stia-
hnutych zo siete Internet a potrebou vytvdrat Coraz
presnejSie doménovo orientované interaktivne recovo-
zalozené systémy a rozhrania, sa vynorila otdzka katego-
rizovat’ textové ddta nielen podl'a adresy (URL) zdroja
textu, odkial' dany textovy dokument pochddza, ale aj na
drovni jeho obsahu. Navyse webovd adresa zdroja textu
nemusi byt hned’ jednozna¢nym identifikdtorom obsahu
dokumentu, vychddzajic tieZ z predpokladu, Ze jeden do-
kument mo6Ze pojedndvat’ o viacerych témach. Kategori-
zdcia textu ma preto vel’ky vyznam pri navrhu a tvorbe ro-
bustnych doménovo orientovanych systémov na automa-
tické rozpozndvanie reci, ale aj v inych dlohach vyuZziva-
jucich textové data ako zdroj informadcii, napr. pri navrhu
a vyvoji interaktivnych reCovo-zaloZenych rozhrani.
Narozdiel od metdod zhlukovania, kde dokumenty s vy-
uzitim Statistickych pristupov spajame do urcitého poctu
zhlukov, v ktorych tému vopred nepozndme, pri kategori-
zdcii dokumentov sa snazime zadelit’” dokumenty do dvoch
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alebo viacerych tried na zdklade ich minimalnej vzdia-
lenosti, resp. sémantickej podobnosti, uddvajiicej prienik
slov alebo celych frdz medzi dokumentami. V oboch pri-
padoch je nutné identifikovat’ t€mu v danom zhluku, resp.
triede, a to bud’ pomocou pristupov zaloZenych na extrak-
cii kI'ti¢ovych slov, pravdepodobnostnych pristupov zalo-
Zenych na vypocte podobnosti dokumentov pomocou dis-
tancnych metrik, alebo ich kombindaciou.

Pociatocny vyskum v oblasti kategorizicie textovych
dokumentov bol venovany metédam zhlukovania po-
mocou iteracnych algoritmov zaloZenych na k-means
a k-medoid zhlukovani a na hierarchickom zhlukovani vy-
uZivajicom aglomeracné a divizivne kritérium [3]. Ako
najvhodnej$im pristupom sa ukazalo hierarchické zhluko-
vanie textu s vyuzitim aglomeracného kritéria pri zhlu-
kovani ¢lankov zo slovenskej Wikipédie. Tento sposob
zhlukovania dokumentov sme porovnali s nami navrhnu-
tou metédou zaloZenou na klasifikdcii textovych dokumen-
tov pomocou kl'icovych frdz vyuZivajicou F-skére ako
hodnotiace kritérium [4]. Nami navrhnuty spdsob klasi-
fikacie sa vysledkami ukdzal porovnatel'ny k hierarchic-
kému zhlukovaniu, avS§ak hlavnou nevyhodou navrhnutej
metddy je nutnost’ mat’ k dispozicii zoznamy kl'icovych
slov, resp. fraz pre jednotlivé domény a v procese klasi-
fikacie textu je nutné spravne (v idedlnom pripade auto-
maticky) nastavit' vhodny prah delenia. Tento typ klasifi-
kacie sme v nasledujicom vyskume zameranom na kate-
gorizdciu textu v dlohe robustného doménovo orientova-
ného modelovania jazyka rozsirili o d’alSie tri metriky ur-
Cujuce vzdialenost’, resp. podobnost’ medzi dokumentami,
konkrétne o Bhattacharyyaov koeficient, Jaccardov index
a Jensenovu-Shannonovu divergenciu. Ako najvhodnejSou
mierou v tlohe klasifikdcie textu sa javi pouZitie Jaccar-
dovho indexu pri vypocte podobnosti dokumentov [5].

Inym sposobom je pouZitie metéd nekontrolovaného
ucenia v tdlohe kategorizicie textovych dokumentov. Vo
viacerych sicasnych vyskumoch zaoberajicich sa mode-
lovanim jazyka sme pri kategorizacii dokumentov siahli
po latentnej Dirichletovej alokdcii (z angl. ,latent Di-
richlet allocation*, skr. LDA). LDA je charakterizovana
ako generativny pravdepodobnostny model, ktory vycha-
dza z multinomického a Dirichletovho rozdelenia prav-
depodobnosti [6]. Zavedenie LDA v tlohe modelovania
slovenského jazyka pri automatickom prepise diktovanych
sudnych rozhodnut{ prinieslo tieZ vyrazné zniZenie perple-
xity modelov a miery chybovosti systému ARR [7].

3 Identifikacia tokenov a vetnych hranic

Prvym krokom v spracovani textu je jeho priprava a prepis
Cislic, symbolov a skratiek do ich vyslovovanej podoby.
Ulohou je pomocou stistavy pravidiel identifikovat’ také
textové jednotky, ktoré s zaujimavé z hl’adiska d’alSieho
spracovania, t.j. uprava na jednotny spdsob zapisu a eli-
mindcia nepodstatnych Casti. Predspracovanie je tak nevy-
hnutnym krokom pre akékol’ vek d’alSie Statistické spraco-
vanie, zvlast’ v pripade textov stiahnutych z Internetu.

NajdolezitejSou Cast’'ou predspracovania textu je jeho
tokenizdcia. Jej ciel' om je identifikdcia jednotlivych slov
a vetnych hranic, ktoré mdzu slizit' ako vstup do dal-
Sieho spracovania. V tomto kroku sa tiez snaZime zjedno-
tit' spdsob zdpisu Cislic, diakritiky, interpunkcie, akrony-
mov, symbolov, skratiek a inych vyznamovych jednotiek.

Tokenizdcia sa zvyCajne vykondva postupnou aplikd-
ciou vhodne zapisanych regularnych vyrazov, ktoré obsa-
huju pravidla pre identifikiciu textovych jednotiek, dolezi-
tych pre d’alSie spracovanie. Nepodstatné Casti textu, ktoré
nie st pokryté pravidlami, sd z textu vynechané. Nami na-
vrhnuty tokenizétor identifikuje tieto Casti textu: diaktri-
tika, slova, akronymy, symboly, skratky, zoznamy, odseky,
Cisla, e-mailové adresy a adresy URL. Identifkdcia vet-
nych hranic je d’alej vykondvana pomocou rozliSenia vy-
znamu bodky, jej desambigudciou. V slovenskych textoch
modZze byt bodka sicast'ou oznacenia ¢iselného poradia,
skratky alebo e-mailovej alebo webovej adresy.

Na zaciatku procesu identifikdcie vyznamovych Casti je
vstupny ret’azec porovnany so vsetkymi pravidlami v da-
tabdze. Pravidlo, ktoré vyhovuje najdlhsiemu textu, je vy-
braté a jeho zodpovedajuci text je prepisany podl’a poZia-
daviek. Tento text je potom odstraneny zo vstupného re-
tazca. Ak nevyhovuje Ziadne pravidlo, vstupny ret’azec
je skrateny o jeden znak a prehl’addvanie bdzy pravidiel
pokracuje. Vysledkom tokenizicie je text, kde su textové
jednotky oddelené medzerou a vety novym riadkom.

Proces identifikacie tokenov je zvyCajne vypoctovo na-
ro¢ny. Pre urychlenie sme vsetky pravidld zapisali v Spe-
cidlnom jazyku Ragel [8] a spojili do jediného stavového
automatu v programovacom jazyku C, z ktorého je zvy-
¢ajnym sposobom vytvoreny spustitel'ny sibor resp. kniz-
nica [9]. Podrobnejsie informacie moZzno najst’ v [1].

4 Anotacia textu

Tam kde to je mozné, vyuZivame pre anoticiu textu pri-
stupy zaloZené na Statistickom modelovani. V trénova-
cej databaze su zvycajne tokenom priradené urcité triedy
alebo morfologické znacky. Statisticky klasifikdtor analy-
zuje trénovaci korpus a je schopny priradit’ najpravdepo-
dobnejsiu znacku aj takym kontextom, ktoré sa v tréno-
vacej databaze nevyskytujd. Slovencina sa vyznacuje re-
lativne vol'nym poradim slov vo vetach, vysokym poctom
morfologickych tvarov slov a gramatickych vynimiek. Po-
¢et moznych kontextov tak moze byt vel'mi vysoky, a to
st’aZuje ulohu natrénovania o mozno najpresnejSieho Sta-
tistického klasifikatora.

4.1 Rozpoznavanie pomenovanych entit

7. dovodu nedostatku trénovacich dat pre rozpoznavanie
pomenovanych entit v sicasnosti vyuzivame systém za-
loZeny na pravidlach. Systém vyuZiva sadu slovnikov, re-
guldrnych vyrazov a viacslovnych pomenovani, ktoré sd
spojené do unifikovaného systému na automaticky prepis
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korpus anotacia TreeTagger Dagger
Nérodny korpus jazyka pol’ ského manudlna 15,63 11,83
Cesky akademicky korpus (v2.0) manudlna 13,10 9,46
Slovenska Cast’ korpusu W2C  automaticka 10,30 4,47
Mad’arsky webovy korpus  automatickd 2,55 1,97

Tabul'ka 1: Miera chybnej klasifikacie [v %] morfologickych analyzatorov TreeTagger a Dagger

pomenovanych entit. Tento na pravidlach zaloZeny sys-
tém pracuje podobne ako tokenizdtor, pomocou stavového
automatu. Rozpoznané pomenované entity je mozné vy-
uzit’ v réznych tlohach spracovania prirodzeného jazyka
v slovencine. Vzhl’adom na to, Ze autorom systému na roz-
poznévanie pomenovanych entit nie je v sti€asnosti znimy
ziaden iny porovnatel ny nastroj vytvoreny pre slovencinu,
ani databaza vhodnd na testovanie, nie je preto mozZné
tento nastroj spravne ohodnotit’ a vycislit’ jeho tspesnost’.

4.2 Morfologicka analyza textu

Morfologické znacky sd jednym z najdolezitejSich pri-
znakov v spracovani prirodzeného jazyka. Z toho dévodu
sme morfologicky klasifikdtor Dagger [10] navrhli tak, aby
bral do dvahy Specifické vlastnosti flektivnych jazykov.
Klasifikator je zaloZeny na skrytom Markovovom modeli
(z angl. ,,hidden Markov model*, skr. HMM) druhého radu
a najpravdepodobnejSia postuponost’ morfologickych zna-
¢iek je vyhl’addvana Viterbiho algoritmom.

Nami navrhnuty HMM Kklasifikdtor Dagger pre morfo-
logicku analyzu flektivnych jazykov sa skladd z nasledu-
jucich Styroch Casti:

1. lexikon, ktory navrhuje mnozinu moznych znaciek na

zdklade slova alebo jeho koncovky;

2. model prechodov, ktory vyjadruje pravdepodobnost’
nasledujicej znacky na zaklade dvoch predchadzaji-
cich,

3. model pozorovani, ktory vyjadruje pravdepodobnost’
slova na zdklade moZnej znackys;

4. av pripade, Ze skiimané slovo sa nenachadza v tréno-
vacej databaze, vyuzije sa dodatocny model pozoro-
vani, ktory vyjadruje pravdepodobnost’ stavu na za-
klade koncovky daného slova.

Je vhodné poznamenat’, Ze algoritmus obsiahnuty v mor-
fologickom analyzatore Dagger vyuZziva vlastny algorit-
mus na automaticku identifikdciu koncoviek slov zaloZeny
na minimélnej opisnej dizke.

Na natrénovanie klasifikdtora pre slovensky jazyk sme
vyuzili pocetnosti trigramov slov z rucne morgologicky
anotovaného korpusu r-mak-2.0 ' a mnoZinu morfologi-
ckych znaciek , ziskanych zo Slovenského narodného kor-
pusu Jazykovedného tstavu Ludovita Stira na Sloven-
skej akadémii vied v Bratislave. Algoritmus sme uplatnili

Uhttp://korpus.sk/ver_r(2d)mak.html
Zhttp://korpus.juls.savba.sk/attachments/morpho/tagset-www.pdf

najma pri morfologickej analyze korpusu pisanych textov
v slovencine a pri trénovani Statistickych modelov jazyka
zalozenych na triedach slov v systémoch na automatické
rozpoznavanie plynulej reci v slovencine [11, 12].

Presnost’ klasifikdcie nami navrhnutého morfologické-
ho analyzitora Dagger sme porovnali s dobre zndmym
slovnodruhovym (z angl. ,part-of-speech®, skr. PoS)
znackovacom TreeTagger [13], ktorého algoritmus je za-
loZeny na rozhodovacich stromoch. Pre porovnanie pres-
nosti klasifikdcie sme morfologické analyzatory vyhodno-
tili na Styroch r6znych manudlne resp. automaticky anoto-
vanych textovych korpusoch, a to na Narodnom korpuse
jazyka pol’ského [14], Ceskom akademickom korpuse, vo
verzii 2.0 [15], Mad’arskom webovom korpuse [16], a na
slovenskej Casti textového korpusu Web to Corpora [17]°.
V Tab. 1 su zndzornené vysledky miery chybne;j klasifik4-
cie, ktoré ukazuju, Ze nami navrhnuty algoritmus morfolo-
gickej analyzy dosahuje porovnatel'nd presnost’ s klasifi-
kaciou obsiahnutou v néstroji TreeTagger.

4.3 Dopliovanie diakritiky

Castym javom pri komunikécii medzi F'udmi prebiehajii-
cej na sieti Internet je vysoky vyskyt preklepov a chyba-
juca diakritika. Hoci ¢loveku to vi¢Sinou pri porozumeni
spravy nerobi problém, pri pocitacovom spracovani priro-
dzeného jazyka je potrebné ndjst’ vhodny sposob pre rozli-
Senie vyznamu nejednoznacnych zapisov na zaklade oko-
littho kontextu. Z toho ddvodu sme sa venovali aj prob-
lému automatického dopliiovania diakritiky slov [18].

Podobne ako pri navrhu morfologického analyzatora
sme pri rekonStrukcii diakritiky vyuZili algoritmus vyuZi-
vajici skryty Markovov model. V tomto pripade je vSak
matica prechodov tvorend trigramovym jazykovym mo-
delom a matica pozorovani je trénovand pomocou algo-
ritmu pre generovanie nespravnych zapisov na texte, ktory
je pokladany za spravny. Uspesnost’ navrhnutého systému
na automatické dopliovanie diakritiky v korpusoch tex-
tov z blogov pisanych v slovenskom jazyku dosahuje tro-
venl az 85%. Podobny néstroj na rekonStrukciu diakritiky
pre slovencinu, vyuzivajuci Statistické modely jazyka vy-
sokého rddu, bol vytvoreny tiez timom pracovnikov v Slo-
venskom ndrodnom korpuse Jazykovedného ustavu LCudo-
vita Stiira na Slovenskej akadémii vied v Bratislave*.

3https://lindat. mff.cuni.cz/repository/xmlui/
“http://korpus.juls.savba.sk/diakritik.html
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Home - NLP Demo

Any Slovak text can be inserted and processed by
the tokenizer for word and sentence boundary
identification and after that can be annotated by
our tools.
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Slovak Language
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Obr. 1: Webové rozhranie k systémom na spracovanie pri-
rodzeného jazyka na KEMT FEI TU v Kosiciach

4.4 On-line webové rozhranie

Pre ticely demonStricie a testovania presnosti tokenizicie,
morfologickej analyzy a automatického dopliovania dia-
kritiky slov sme k nami navrhnutym nastrojom na poci-
tacové spracovanie prirodzeného jazyka v slovencine vy-
tvorili aj jednoduché on-line webové rozhranie’, ktoré je
znazornené na Obr. 1 a opisané v Clanku [11].

5 AKktivity v oblasti aplikovaného vyskumu

5.1 Statistické modelovanie jazyka

Konstrukcia Statistického modelu jazyka pre slovencinu,
ktord patri do skupiny vysoko flektivnych jazykov, je
ovel’a obtiaznejSia, nez vytvorenie Statistického modelu
pre jazyk anglicky. Prvym dovodom je neusporiadanost’
slovenského jazyka, ¢o vedie k vol'nejSim pravidlam re-
t'azenia slov do viet. Druhym je samotnd flektivnost’ ja-
zyka, ktora vytvara predpoklad pre mnohonasobne vicsi
slovnik, nez je to v pripade jazyka anglického.

Sucasny stav v oblasti Statistického modelovania jazyka
v slovencine v doposial’ navrhnutych systémoch na inte-
rakciu ¢loveka so strojom hovorenou re€ou a automatické
rozpoznédvanie a prepis plynulej rei to textu sa opiera
o poznatky z oblasti modelovania pribuznych jazykov, naj-
mi jazyka Ceského, pol’ského, slovinského, srbochorvat-
skeho, & ruského. Co sa tyka samotného modelovania po-
mocou Statistickych metéd, hlavaym predpokladom pri
tvorbe kvalitného jazykového modelu je dosledné pred-
spracovanie textového korpusu, ktory vstupuje do pro-
cesu trénovania. ZvySend pozornost’ je vhodné preto ve-
novat’ najmi prepisu Cisloviek a skratiek, a v neposled-

Shttp://nlp.web.tuke.sk/

nom rade aj generovaniu ohybnych tvarov vlastnych pod-
statnych mien, ktoré tvoria kriticku Cast’ pri tvorbe akého-
kol vek Statistického modelu jazyka. Taktiez slovnik, ktory
vstupuje do procesu trénovania, ale aj samotného rozpoz-
ndvania rec¢i, musi byt v podmienkach redlneho nasade-
nia systému ARR obmedzeny ¢o do poctu slov. Ukdzalo
sa, ze dobré vysledky modelovania slovenského jazyka
sa dosahujui uz pri vel'’kosti 100-150 tisic slov pri domé-
novo orientovanom automatickom prepise diktovanej reci
do textu a 300—400 tisic slov v dloh4ch vSeobecného roz-
pozndvania spontdnnej reci [19].

V oblasti adaptdcie modelov jazyka na vybrand tému
alebo prehovor re¢nika sa ukazalo, Ze metddy, ktoré vyka-
zovali pozoruhodné vysledky pre Statisticky viac zavislé
jazyky (ako napr. angli¢itna), v pripade slovenciny nebolo
pozorované vyrazné zlepsenie. Z toho dovodu je pouZzitie
metddy linedrnej interpoldcie tematicky zameranych mo-
delov jazyka viac neZ postacujice, priCom vypocet inter-
polacnych véah by mal byt urceny minimalizdciou perple-
xity modelov na mnoZine odloZenych ddt. Ako adaptatné
data je vhodné pouZzit’ bud’ textové data ziskané z prepi-
sov recovych nahravok obsiahnutych v reCovych databa-
zach, alebo pisané texty ¢o mozno najviac pribuzné do-
méne, v ktorej rozpoznavanie reci prebieha [20].

Kvalitu jazykového modelu, ako aj dspeSnost’ samot-
ného rozpozndvania reci je mozné zlepSovat mnoZstvom
optimalizacnych technik. Jednou z moznosti je modelovat’
vysoko frekventované javy pomocou viacslovnych vyra-
zov. Takéto vyrazy pokryvaji zvicsa kontext dvoch—troch
slov a zvycCajne su tvorené odbornymi terminmi, resp. spo-
jenim predlozky s podstatnym, ¢i pridavnym menom. Na
zaklade experimentov opisanych v [19] konStatujeme, Ze
viacslovné vyrazy, aj ked’ len v malej miere, dokdzu pris-
piet’ k zlepSeniu presnosti rozpoznavania plynulej reci,
a to najmi na zaciatku recCového prejavu pri rozpozna-
vani kratkych jednoslabi¢nych slov a nadobudaji na vy-
zname aj v Ciastkovych dlohach pri reprezentacii viacslov-
nych pomenovani v jazykovom modeli, a tym prispievaji
aj k postspracovaniu dét po rozpoznani syst¢émom ARR.

DalSou moZnostou je modelovat’ mélopotetné javy
v jazyku pomocou morfémovych modelov. Delenim single-
ténov a javov s vel'mi malym vyskytom vo vybranom ja-
zyku na subslovné jednotky (koreinl a koncovku), je mozné
Statisticky pokryt’ aj také javy, ktoré sa priamo v jazyko-
vom modeli nevyskytuji. Vysledky modelovania sloven-
ského jazyka pomocou morfémovych modelov ukazuji
vyraznud redukciu poctu mimoslovnikovych tvarov a perp-
lexity modelov pribliZne o jednu tretinu [21].

Naopak javy, ktoré sa v danom jazyku menia dyna-
micky a pocet vSetkych moznych tvarov ohybnych slov
nie je v jazyku limitovany, je vhodné modelovat’ pomo-
cou modelov zaloZenych na triedach slov. Medzi takéto
javy mozno zahrnit' najmi vlastné podstatné mend, ako
su krstné mend, priezviskd, geografické nazvy alebo Cis-
lovky. Experimentdlne vysledky modelovania slovenského
jazyka pomocou slovnych tried odvodenych od koncoviek
slov ukazuji mierne zlepSenie presnosti rozpozndvania
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reCi oproti Standardnym modelom priblizne o 5% v relativ-
nej miere a s ur¢itym kompromisom medzi modelmi za-
loZenymi na slovnych druhoch a Standardnymi modelmi,
¢o do poctu slovnych tried, percenta mimoslovnikovych
slov, ¢i perplexity jazykového modelu [22].

Pri tvorbe jazykovych modelov pouZitenych v systé-
moch na automaticky prepis spontdnnej reci je casto ne-
vyhnutné sa vysporiadat’ aj s roznymi mimorecovymi pre-
javmi, ktoré pochadzaji priamo do recnika. Tie su spd-
sobené zlou vyslovnost’ ou, nevhodnou artikul4ciou a ne-
dokonalost’ou recového prejavu. Modely vioZenych pduz
a dysfluentnych javov sa preto snazia podchytit’ a zahr-
nit’ do jazykového modelu rézne suprasegmentdlne javy
obsiahnuté v reCovom prejave, ako napr. zavahanie, pro-
longovanie a opakovanie slov resp. frdz, skomolenie slov,
¢i Casté dychanie. Tieto javy vo vysokej miere vplyvaju aj
na celkovi chybovost’ systému ARR. Bolo dokazané, Ze
vhodnym vyberom a sprdvnou reprezentdciou vybranych
typov vloZenych pduz a dysfluentnych javov v slovniku
vyslovnosti a v modeli jazyka je mozné dosiahnut’ zlepSe-
nie presnosti rozpozndvania reci relativne az do 10%.

V neposlednom rade, kvalitu jazykového modelu je
mozné zvySit’ aj na drovni rozsirovania Statistik pomocou
internetovych vyhl'adavacov [7], prekladom slov alebo
slovnych pérov z pribuznych jazykov a pod.

Oblast’ Statistického modelovania slovenského jazyka
ma za sebou kratku minulost’ a doneddvna jej nebola ve-
novand takd pozornost’ ako napr. v susednej Ceskej repub-
like. Z toho dovodu bolo nevyhnutné pri tvorbe Statistic-
kych modelov slovenského jazyka, ako aj pri samotnom
spracovani textovych dat, ktoré sa pouZivaji najmi v pro-
cese ich trénovania a adaptdcie, podrobne naStudovat’ aj
oblast’ komputacnej lingvistiky, a vytvorit’ tak rad progra-
movych néstrojov na pocitacové spracovanie slovenského
jazyka. Absencia dostupnosti niektorych kI'icovych na-
strojov sldZiacich najmi k morfologickej ¢i syntaktickej
analyze tieZ obmedzili pouzitie jazykovych modelov za-
loZenych na triedach slov v plnom rozsahu, aj ked’ prvé
kroky v tejto oblasti uz boli uskuto¢nené. Napriek tymto
obmedzeniam, modely slovenského jazyka dosahuji vy-
soku uspesSnost’ na drovni 84-95% v redlnych aplikacidch
systému ARR, ktorych vysledky st zhrnuté v Tab. 2, od
jednoduchych hlasovych rozhrani sliZiacich na ovlada-
nie robotickych systémov, cez jednoduché recové dial6-
gové manazéry poskytujice hlasové, interaktivne, ¢i mul-
timodélne sluzby, az ku komplexnym diktaCnym a trans-
kripénym systémom, ktoré pracuji s vel’'mi vel'kymi slov-
nikmi, nezdvisle od re¢nika, dokdzu sa adaptovat’ na vy-
brand tému, ¢i konkretného recnika, su robustné a prebie-
haju v redlnom case [7, 12, 20, 23].

Vd’aka narastajicemu zdujmu o interaktivne reCové
technoldgie v slovenskom jazyku sa d’alSie smerovanie
v tejto oblasti uberd cestou vyuzitia doménovo orientova-
nych modelov jazyka pri tvorbe diktacnych systémov aj
pre taku oblast’ ako je medicina, d’alej systémov na auto-
maticky prepis akademickych prednasok, spravodajskych
relécii, Sportovych prenosov, televiznych, rozhlasovych, ¢i

parlamentnych debat, resp. obchodnych rokovani v ma-
Iych konferen¢nych miestnostiach s viacerymi dcastnikmi,
a to s vyuzitim robustnych algoritmov na adapticiu jazy-
kovych modelov na vybrant tému alebo rec¢nika [20], ale
aj d’alsich aplikdcif urCenych pre robotické systémy.

dloha Acc*[%]

hlasové ovladanie ramena robota (SNR=10dB) 90,19
automaticky prepis diktatu z oblasti sidnictva 95,11
elektronické sluzby Generdlnej prokuratiry 94,65
prepis redlnych parlamentnych debat 90,93

prepis spravodajskych reldcif 84,33

* Presnost’ (z angl. ,,accuracy*, Acc) automatického prepisu vy-
chddza z miery chybovosti slov (z angl. ,,word error rate*), defi-
novanej ako minimdlna vzdialenost’ medzi referencnou sekven-
ciou slov a automatickym prepisom po rozpoznani.

Tabul'’ka 2: Celkova presnost’ jazykovych modelov v do-
posial’ navrhnutych systémoch na automatické rozpozna-
vanie a prepis reci do textu v slovenskom jazyku

5.2 Porozumenie prirodzeného jazyka

K tomu, aby bolo moZné obohatit’ pocitacové systémy
o schopnost’ skutocného porozumenia prirodzenej reci
a jazyka, je potrebné realizovat’ proces sémantickej ana-
lyzy, a ziskany vyznam tak vhodnym spdsobom zachytit’
a zostladit' s databazou znalosti. Je mozné konStatovat’,
Ze ide o nel'ahku tdlohu, vzhI’adom na komplexnost’ slo-
venského jazyka, jej sémantiky a ostatnych faktorov, ktoré
stvisia s porozumenim. Aj ked’ sémantickd analyza nie je
hlavnym zameranim né4sho laboratéria, pre vyuZitie sys-
tému ARR v aplikédcidch interakcie ¢loveka so strojom ho-
vorenou recou, je nevyhnutné sa vysporiadat’ s interpreta-
ciou vyjadreni tieZ v prirodzenom jazyku.

V systéme IRKR [24] sme na tento tcel implementovali
v jednotke riadenia dialégu podporu jazyka pre séman-
tickd analyzu — W3C SISR, ktory umoziiuje vloZit' inter-
pretacné inStrukcie priamo do deterministickych gramatik,
napisanych podl'a W3C odportdcania SRGS. V danom pri-
pade sa jednalo iba o limitované porozumenie, ktoré bolo
zamerané skor na naplnenie doménovo Specifickych sé-
mantickych slotov hodnotami ziskanymi z reCoveho pre-
javu pouZivatel’a. Takéto rieSenie bolo v tom Case pomerne
komfortné a postacujice pre cely rad reCovych aplikdcii
a rozhrant, ktoré poskytuju tzv. recovo-zalozené dialogové
systémy.

Pri rieSeni projektu zameraného na implementiciu hla-
sového ovladania do robotickej platformy, kde kvoli kom-
paktnosti a rychlosti systému na limitovanom hardvéri ne-
bolo moZzné pouzit' recové gramatiky, ked’Ze komplex-
nost’ riadiacich povelov bola omnoho vécsia, implemen-
tovali sme pre tento ucel tzv. ,.keyword-spotting* techniku
sémantickej analyzy. Vytvorili sme viacero doménovo-
Specifickych sémantickych slotov, ktoré zachytévali pred-
definované slova z recového dopytu pouZzivatel'a [23].
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Spolu s navrhom a vyvojom systémov ARR, nielen pre
rozpoznavanie jednoduchych povelov a frdz, ale aj pre dik-
tovand a spontdnnu re¢, vzrastali ndroky na ich interpre-
taciu a predchadzajice pristupy pre ne neboli pouZitel né.
Pre potreby rozpozndvania plynulej reci sa namiesto deter-
ministickych gramatik zacali vo vel'’kom vyuZivat’ Statis-
tické modely jazyka, nakol'ko plynula re¢ poskytuje pod-
statne vdc¢siu vyrazovu variabilitu.

Zv1ast dolezZitou sa sémantickd analyza a interpreticia
ukdzala pri experimentovani s virtudlnym konverzacnym
agentom, ktory ma I'udsky zjav [25]. Pri takomto druhu
komunikdcie ma c¢lovek tendenciu ocakdvat’ od virtudl-
neho konverzacného agenta podobné vyrazové prostriedky
ako majud l'udia, predovsetkym v oblasti komunikacnych
schopnosti a porozumenia, ktoré spolu tizko siivisia. Dal-
$im Specifikom je, Ze systémy s hlasovym rozhranim sa
stavajd viac doménovo nezavislymi, teda umoznuja dial6-
govi interakciu v rdmci mnoZstva tém (ako napr. Apple
SIRI® a pod.), &o postva interpretdciu vyznamu d’alej, od
relativne ,,bezpecnych* doménovych sémantickych slotov
k viac v§eobecnym sémantickym roliam.

T. E. Payne v [26] definuje sémantické roly nasledovne:
»Sémantickd rola predstavuje zdkladny vzt'ah, ktory dand
entita md k hlavnému slovesu vo vete.“ Dalej vysvet-
Tuje, Ze: ,,.Sémantickd rola je aktudlna rola, ktord partici-
pant hrd v nejakej redlnej alebo imagindrnej situdcii, bez
ohl’'adu na lingvistickii realizdciu danej situdcie.

Aj ked’ je tedria sémantickych rolf a s nimi stivisiacich
valencnych rdmcov slovies pomerne dobre rozpracovand
pre rozne jazyky, neexistuju vSak Ziadne systémy na auto-
matické urcovanie sémantickych roli (z angl. ,,automatic
semantic roles labeling*, skr. ASRL) v slovenCine. Za
vel'mi dodlezitd pracu v oblasti automatického urCovania
sémantickych roli pre slovencinu moZno povazovat’ pracu
E. Palesa, ktory detailne opisal proces porozumenia pri-
rodzeného jazyka na jednotlivych vrstvich a vyvinul prvy
systém SAPFO — Parafrazovac slovenciny, ktorého sicas-
t'ou bol aj modul pre ur€ovanie sémantickych roli [27].
Tento systém vSak nie je podl'a naSich vedomosti vol'ne
dostupny. Navyse sa jedna o deterministicky systém, ktory
ako konstatuje M. Laclavik [28], nie je moZné uspokojivo
skonStruovat’ pre analyzu slovenského jazyka, z dovodu
vel'’kého mnoZstva vynimiek. Z tohto pohl’adu su Statis-
tické metddy jednoznacne lepSou vol' bou.

Statistické metédy pre systémy ASRL vyuZivaji tzv.
Statistické modelovanie typické pre rozne dlohy v oblasti
spracovania prirodzeného jazyka. Pre natrénovanie Statis-
tickych modelov je potrebnd textovd databdza anotovand
na trovni sémantickych roli, ktord v pripade slovenciny
doposial’ prakticky neexistovala. Oznacenie vetnych par-
ticipantov pomocou sémantickych roli je ndrocnd tloha
a vyzaduje tieZ dobré lingvistické znalosti.

Vzhl'adom na neexistenciu databazy pre slovencinu
anotovanej na trovni sémantickych roli, sme sa rozhodli
vytvorit’ aj takyto druh korpusu. Korpus SEMIENKO [29]

Shttps://www.apple.com/ios/siri/

aktudlne obsahuje tristo viet v slovenskom jazyku anoto-
vanych podl'a nami modifikovanej dvojiiroviiovej schémy
na oznacovanie sémantickych roli, prevzatej z anotacnej
schémy podl’a E. Palesa [27] a upravenej pre potreby auto-
matickej sémantickej analyzy. Sémantickd anotécia korpu-
su SEMIENKO je ilustrovand na nasledujicom priklade:

AGSIKOG [/dn] yRrB [spoznal] paciFeN[Mdriu] .

Uloha automatického uréovania sémantickych roli vie-
obecne pozostdva z dvoch zdkladnych Casti, a to z roz-
delenia viet na vetné participanty a ndsledného prirade-
nia sémantickych roli danym participantom. Pre klasifi-
kdaciu vetnych participantov sme experimentdlne vyskuisali
dve techniky. Prvd metéda modeluje jednotlivé pravdepo-
dobnosti nepriamo pomocou r-gramovych modelov [30],
pricom ucinnost’ klasifikdcie na danom korpuse dosahuje
uspeSnost’ na urovni 48%. Druhd metéda vyuZiva modi-
fikovany HMM Kklasifikator, obsiahnuty v ndstroji Dag-
ger [10], ktory v procese prehl’addvania vystupnej sekven-
cie implementuje Viterbiho dekédovanie. Uspesnost’ tohto
typu klasifikicie v sti¢asnosti dosahuje droven az 56%, ¢o
je vzhl'adom na vel’kost’ trénovacej mnoziny adekvatne.
Na zédklade predbeznych vysledkov sémantickej analyzy
v slovenskom jazyku mdZeme konstatovat’, Ze pre d’alSie
zlepsenie je nevyhnutné vyznamne rozsirit manuélne ano-
tovany korpus, €o je vSak nel’ahkd a vel'mi pracna uloha.

6 Zaver

V tomto prispevku boli predstavené tlohy z oblasti spraco-
vania a modelovania slovenského jazyka, ktorym sa v La-
boratériu recovych a mobilnych technolégii na KEMT
FEI TU v Kosiciach v sucasnosti intenzivne venujeme. Je
mozné konStatovat’, Ze ispeSnost’ nami navrhnutych algo-
ritmov stdle dobieha droven svetovych vyskumov, avSak
sicasné vysledky je mozné uz teraz aplikovat’ v roznych
systémoch na rozpozndvanie a porozumenie reci, ale aj
v inych systémoch intrakcie cloveka so strojom hovorenou
recou, ktoré na naSom pracovisku vyvijame.
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Abstract: We present a pilot study in web-based annota-
tion of words with senses coming from several knowledge
bases and sense inventories. The study is the first step in
a planned larger annotation of “grounding” and should al-
low us to select a subset of these “dictionaries” that seem
to cover any given text reasonably well and show an ac-
ceptable level of inter-annotator agreement.
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1 Introduction

Annotated resources are very important for training, tun-
ing or evaluating many NLP tasks. Equipped with experi-
ence in treebanking, we now move to resources for word
sense disambiguation (WSD) and entity linking (EL). By
EL, we mean the task of attaching a unique ID from some
database to occurrences of (named) entities in text [1].
Both entity linking and word-sense disambiguation have
been extensively studied, see for example [2—4]. Although
only a few researches consider several knowledge bases
and sense inventories at once [1, 5], the convergence be-
tween these two task is apparent, for example, the 2015
SemEval Task 13 promoted research in the direction of
joint word sense and named entity disambiguation [6].

We understand the terms ontology, knowledge base and
sense inventory in the following way:

e Ontology is a formal representation of a domain of
knowledge. It is an abstract entity: it defines the vo-
cabulary for a domain and the relations between con-
cepts, but an ontology says nothing about how that
knowledge is stored (as physical file, in a database,
or in some other form), or indeed how the knowledge
can be accessed.

e Knowledge base is a database, a repository of infor-
mation that can be accessed and manipulated in some
predefined fashion. Knowledge is stored in knowl-
edge base according to an ontology.

e Sense inventory is a database, often build based on a
corpus, and providing clustered senses for the words
or expressions in the corpus.

However, we recognize the blending of knowledge bases
and sense inventories, so we will use very generic terms
dictionary or resource interchangeably for either of them.

In this pilot study, we examine several such dictionaries
in terms of their coverage and annotator agreement. Un-
like other works on “grounding”, which try to link only
the most important words in the sentence [7, 8], we aim at
complete coverage of a given text, i.e. all content words or
multi-word expressions regardless their part of speech or
role in the sentence. Some of the examined resources have
a clear bias towards some parts of speech, for example, va-
lency dictionaries cover only verbs. We nevertheless ask
our annotators to annotate even across parts of speech if
the matching POS is not included in the resource. For
instance, verbs can get nominal entries in Wikipedia and
nouns get verb frames.!

In Section 2, we describe the sense inventories included
in our experiment. Section 3 provides a unifying view on
these sources and introduces our annotation interface. We
conducted two experiments with English and Czech texts
using the interface, slightly adapting interface for the sec-
ond run. Details are in Section 4 and Section 5.

2 Resources Included

Sense inventories and knowledge bases are plentiful and
they differ in many aspects including the domain coverage,
level of detail, frequency of update, integration of other re-
sources and ways of accessing them. Some of them imple-
ment Resource Description Framework, the metadata data
model designed by W3C for the better data representation
in Semantic Web, while others are simply collections of
links in the web.

We selected the following subset of general resources
for our experiment:

BabelNet [10] is a multilingual knowledge base,
which combines several knowledge resources including
Wikipedia, Wordnet, OmegaWiki and Wiktionary. The
sources are automatically merged and accessible via of-
fline Java API or online REST API. An added benefit is
the multilinguality of BabelNet: the same resource can
be used for genuine (as opposed to cross-lingual) annota-
tion for both languages of our interest, English and Czech.

I'The conversion of nouns to predicates whenever possible is explic-
itly demanded in some frameworks, e.g. in Abstract Meaning Represen-
tation (AMR, [9]).
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Move the mouse cursor to the beginning of the blank page and press the DELETE key as often as needed until the text is in the desired spot .
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Delete key - Wikipedia. the free encyclopedia
When struck on a computer keyboard during text or command editing. the delete
key ( Delete or Del . known less ambiguously as forward delete) discards the ..

What is Delete kev? A Webopedia Definition

Tlus page describes the term Delete key and lists other pages on the Web where
you can find additional information

DeleteKey method of the StdRegProv class (Windows)

DeleteKey method of the StdRegProv class. The DeletelKev method deletes a
subkev in the specified tree. This topic uses Managed Object Formar (MOF)
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What is delete?

Delete key 3. DEL is also a common abbreviation for delete and 1s a description
of a keyboard key commonly used when describing shortcut keys. For example ..
The Mac OS X Delete Key: It Goes Both Ways

May 18. 2011 ... One of the biggest pet peeves for users who switch to Mac from Windows is the
Delete key. because it feels backwards. To make matters worse, ...

Figure 1: Annotation interface, annotating the words “DELETE key” in the sentence “Move the mouse cursor...” with

Google Search “senses”.

The main limitation is that BabelNet is not updated con-
tinuously, so we also added both live Wikipedia and Wik-
tionary as separate sources. BabelNet provides informa-
tion about nouns, verbs, adjectives and adverbs, but as
stated above, we are interested also in cross-POS anno-
tation.

Wikipedia? is currently the biggest online encyclopedia
with live updates from (hundreds of) thousands of contrib-
utors so it can cover new concepts very quickly. Wikipedia
tries to nest all possible concepts as nouns. For exam-
ple, en.wikipedia.org/wiki/funny redirects to
the page “Humour”.

Wiktionary? is a companion to Wikipedia that covers
all parts of speech. It includes multilingual thesaurus,
phrase books, language statistics. Each word in Wik-
tionary can have etymology, pronunciation, sample quo-
tations, synonyms, antonyms and translations, for better
understanding of the word.

PDT-VALLEX and EngVallex (Valency lexicons for
Czech and English): Valency or subcategorization lexi-
cons formally capture verb valency frames, i.e. their syn-
tactic neighborhood in the sentence [11, 12]. We use the
valency lexicons for Czech and English in their offline
XML form as distributed with the tree editor TrEd 2.0*.

Google Search’® (GS): From our preliminary experi-
ments, we had the impression that no resource covers all

2http://wikipedia.org
3http://wiktionary.org
“http://ufal.mff.cuni.cz/tred/
Shttp://google.com

expressions seen in our data, but searching the web pro-
vides some explanation almost always. We thus include
the top ten results returned by Google Search as a special
kind of dictionary, where the “concept” is a query string
and each result is considered to be its’ “sense”.

Aside from coverage and frequency of updates, another
reason to include GS is that it provides “senses” at a very
different level of granularity than others. For instance, the
whole Wiktionary page can appear as one of the options in
GS “senses”. It will also often be a very sensible choice,
despite it actually covers several different meanings of the
word.

We find the task of matching senses coming from dif-
ferent ontologies and providing a different angle of view
or granularity very interesting. The current experiments
serve as a basis for its further investigation.

3 Annotation Interface

To provide a unified view on the various resources, we use
the terms query, selection list and selection. Given an ex-
pression in a text, which can be a word or a phrase, even a
non-continuous one, and a resource which should be used
to annotate it, the system construct a query. Querying the
resource, we get a selection list, i.e. a list of possible
senses.

The process of extracting the selection list depends on
the resource. It is straightforward for Google Search (each
result becomes an option) and complicated for Wiktionary,
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One or more senses selected

Source Total Whole page  Bad List  None 1 2 3 4 or more
Babelnet 28 - 1 3 23 1 0 0
Google Search 71 - 1 9 36 15 5 5
CS Vallex 38 - 0 2 29 6 1 0
EN Vallex 19 - 1 0 18 0 0 0
CS Wikipedia 38 - 9 12 15 1 0 1
EN Wikipedia 114 - 26 16 63 3 0 6
CS Wiktionary 21 - 1 3 7 4 5 1
EN Wiktionary 21 - 0 0 18 2 1 0
Babelnet 98 24 0 10 54 6 2 2
Google Search 93 0 (0] 26 19 16 11 21
EN Vallex 15 4 0 3 6 2 0 0
EN Wikipedia 103 23 7 36 35 2 0 0
EN Wiktionary 98 17 23 4 40 9 2 3

Table 1: Selection statistics, the first (upper part) and second (lower part) annotation experiments

see Section 3.1 below. In principle and to include any con-
ceivable resource, even field-specific or ad hoc ones, the
annotator should be free to select the selection list prior to
the annotation.

Our annotation interface allows to overwrite the query
for cases where the automatic construction does not lead
to a satisfactory selection list.

Finally, the annotator is presented with the selection list
to make his choice (or multiple choices). Overall, the an-
notator picks one of these options:

Whole Page means that the current URL is already a
good description of the sense and no selection list
is available on the page. The annotators were asked
to change the query and rather obtain a selection list
(e.g. a disambiguation page in Wikipedia) whenever
possible.

Bad List means that the extraction of selection list failed
to provide correct senses. The annotators were sup-
posed to try changing the query to obtain a usable list
and resort to the “Bad List” option only if inevitable.

None indicates that the selection list is correct but that it
lacks the relevant sense.

One or more senses selected is the desired annotation:
The list, for the particular pair of selected word(s) and
selected resource, was correct and the annotator was
able to find the relevant sense(s) in the list.

Our annotation interface (Figure 1) shows the input sen-
tence, tabs for individual sense inventories, the selection
list from the current resource and also the complete page
where the selection list comes from. The procedure is
straightforward: (1) select one or more words in the sen-
tence using checkboxes, (2) select a resource (we asked
our annotators to use them all, one by one), (3) check if
the selection list is OK and modify the query if needed,
(4) make the annotation choice by marking one or more of
the checkboxes in the selection list, and (5) save the anno-
tation.

3.1 Queries and Selection Lists for Individual
Resources

This is how we construct queries and extract selection lists
for each of our dictionaries given one or more words from
the annotated sentence:

BabelNet We search BabelNet for the lemma of the se-
lected word (or the phrase of lemmas if more words
are selected). The selection list is the list of all ob-
tained BabelNet IDs.

Google Search We search for the lemmas of the selected
words and return the snippets of the top ten results.
The selection list is the list of snippets’ titles.

Wikipedia We search for the disambiguation page for the
selected words and, if not found, we search for the
page with the title matching the lemmas of the se-
lected words. The selection list for disambiguation
pages is constructed by fetching hyperlinks appear-
ing within listings nested in particular HTML blocks.
For other pages we fetch links from the Table of Con-
tents and the first hyperlink from each listing item.

Wiktionary We search for the page with the title equal to
the lemmas of the selected words. The selection list
is created using the same heuristics as for Wikipedia.

Vallex We scan the XML file and return all the frames
belonging to the verb with the lemma matching the
selected word’s lemma.

4 First Experiment

The first experiment was held in March 2014. The 7
participating annotators (none of whom had any experi-
ence in annotation tasks) were asked to annotate the sen-
tences from PCEDT 2.0 ® with Czech and English sources:
Wikipedia and Wiktionary for both languages, BabelNet,

Shttp://ufal.mff.cuni.cz/pcedt2.0/en/index.
html
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Part-of-Speech per source

Babelnet CS Vallex EN Vallex

B I e

CS Wikipedia

W N(329)
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B X(8) - Other
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Figure 2: Annotations from a given dictionary in the first experiment broken down by part of speech of the annotated

words.

Google Search, and the Czech and English Vallexes. Each
annotator was given a set of sentences in English or Czech
and they were asked to annotate as many words or phrases
in each sentence as possible, with as many reasonable
meanings as they can. We required the annotators to anno-
tate across parts of speech if possible (for instance to an-
notate the noun “teacher” with the corresponding verb “to
teach”). This requirement appeared because we wanted to
evaluate the possibility of using more abstract senses as
used, for instance, in works with AMR.

4.1 Gathered Annotations

In total, we collected 507 annotations for 158 units. 75 of
these units had more than one annotation.

The upper part of Table 1 provides details on how of-
ten each of the annotation options was picked for a given
source in the first annotation experiment. Note that in the
first experiment, we did not offer the “Whole Page” option.

We see that the sources exhibit slightly different patterns
of use. Wikipedia has lots of “Bad List” options selected
due to the issue described in Section 4.2. GS is the most
ambiguous resource, the user has picked two or more sense
in about one half of GS annotations. The highest num-
ber of “Bad Lists” was received by the English Wikipedia
(18 out of 40).

Figure 2 shows the distribution of different POS per
source. Google Search seems to be the most versatile re-
source, covering all parts of speech well. The relatively
low use of BabelNet was due to the web API usage limit.
Vallexes work well for verbs but cross-POS annotation is
only an exception. Wikipedia and Wiktionary are indeed
somewhat complementary in covered POSes.

4.2 Bad List vs. None Issue

The “Bad List” annotations should be used in two cases:
(1) when the system fails to extract the selection list from

Source Annotations  2-IAA | Annotations  2-IAA
Babelnet 29 0.69 29 0.69
GS 120 0.24 120 0.24
CS Vallex 46 0.58 46 0.58
EN Vallex 19 1.00 19 1.00
CS Wikipedia 47 0.32 43 0.35
EN Wikipedia 183 0.05 181 0.10
CS Wiktionary 38 0.29 38 0.35
EN Wiktionary 25 0 25 0
Total: 507 0.21 501 0.24

Table 2: Inter-annotator agreement in the first experiment,
before (left) and after (right) the “Bad List” fix.

a good page, and (2) when the whole page is wrong, for ex-
ample when the system shows the Wikipedia page “South
Africa” for the word “south”. “None” was meant for cor-
rect selection lists (matching domain, reasonable options)
but the right option missing. The guidelines for the first
experiment were not very clear on this so some annota-
tors marked problems with selection list as “Bad List” and
some used the label “None”.

Manual revision revealed that only 10 out of 40 “Bad
List” annotations were indeed “Bad List” in one of the two
meanings described above. The right hand part of Table 2
shows TAA after changing wrongly annotated “Bad Lists”
into “None”.

4.3 Inter-Annotator Agreement

Inter-annotator agreement is a measure of how well two
annotators can make the same annotation decision for
a certain item. In our case it is measured as the percent-
age of cases when a pair (2-IAA) of annotators agree on
the (set of) senses for a given annotation unit. The mea-
surement was made pairwise for all the annotations, which
had more that one annotator. The results are presented in
Table 2, before and after fixing the “Bad List” issue.

In general, the TAA estimates should be treated with
caution. Many units were assigned only to a single anno-
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Part-of-speech per source, second experiment
70.00
60.00
50.00
B N(315)
= V(174)
40.00 ADJ(26)
= m ADV/(16)
30.00 W X(44) - Other
20.00
0.00

Babelnet

EN Vallex

Wikipedia Wiktionary

Figure 3: Annotations from a given dictionary in the second experiment broken down by part of speech of the annotated

words.

tator, so they weren’t taken into account while computing
IAA.

The extremely low IAA for English Wikipedia was
caused by the following issue. For several units, one an-
notator tried to select all the senses to show that the whole
page can be used, while others have picked one or only
a few senses. We resolved the issue by introducing a new
option “Whole page” in the second experiment.

Interestingly, we see a negative correlation (Pearson
correlation coefficient of -0.37) between the number of
units annotated for a given source and the 2-IAA.

We also report Cohen’s kappa [13], which reflects the
agreement when disregarding agreement by chance. In our
setting, we estimate the agreement by chance as one over
the length of the selection list plus two (for “None” and
“Bad List”). This is a conservative estimate, in principle
the annotators were allowed to select any subset of selec-
tion list. We compute kappa using K = 1 P , where P,
was the total 2-IAA and P, was the arithmetical average of
agreements by chance for each annotation. Kappa for the
first experiment was 0.13.

To assess the level of uncertainty for the estimates,
we use bootstrap resampling with 1000 resamples, which
gives us IAA of 0.2540.1 and kappa of 0.135+0.115 for
95% of samples.

S Second Experiment

The second experiment was held in March 2015 with an-
other group of 6 annotators. One of the annotators had
experience in annotating tasks, while others had no such
experience. The setting of the experiment was slightly dif-
ferent. The annotators were asked to annotate only English
sentences from QTLeap project’ using BabelNet, Google

"http://qtleap.eu/

Search, English Wikipedia, English Wiktionary and ENG-
VALLEX. The guidelines were refined, asking the anno-
tators to mark the largest possible span for each concept
in the sentence, e.g. to annotate “mouse cursor’” jointly as
one concept and not separately as “computer pointing de-
vice” for the word “mouse” and “graphic representation of
computer mouse on the screen” for the word “cursor”. The
option “Whole page” was newly introduced to help users
indicate that the whole page can be used as a sense.

5.1 Gathered Annotations

We collected 570 annotations for 35 words, 32 of which
had annotations from more than one annotator. The num-
ber of units here is lower that in the first experiment, be-
cause all our annotators used the same sentences. Also,
for the second experiment we required the annotators to
use all the resources for each unit, so we have more results
per unit.

During the second experiment, the system processed
147 unique (in terms of selected word(s) and selected re-
source) queries. All the resources got nearly equal num-
ber of queries (about 30), except for Vallex, which got
only 10 queries. The annotators changed the queries
59 times, but this also includes cases, when Wikipedia
used its own inner redirects, which our system did not
distinguish from users’ changes. BabelNet was changed
9 times, Google Search — 2, Vallex — 8, Wikipedia — 21
and Wiktionary — 19. Based on these numbers, GS may
seem more reliable but it is not necessary true. One reason
is that some of part of the changes for Wikipedia was made
automatically by Wikipedia itself. The other argument is
that users could limit their effort and after examining the
first 10 GS results for the query they just picked “Bad List”
option and moved on, not trying to change the query.

The POS per source distribution (see Figure 3) for the
second experiment is similar to the first one, except for the
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Content words Annotators

Source Attempted  Labeled Al A2 A3 A4 AS A6
Babelnet 100% 91% 53% 20% 67% 66% 19% 40%
GS 100% 85% 50% 13% 53% 46% 76% 20%
Vallex 32% 26% 7% 6% 10% 40% 0% 0%
Wikipedia 100% 58% 39%  20% 35% 53% 50% @ 26%
Wiktionary 100% 88% 53% 20% 32% 40% T76% 26%
Total content words 34 34 28 15 28 15 34 15

Table 3: Coverage per content word (second experiment). The left part reports the union across annotators, the right part
reports the percentage of content words receiving a valid label (Labeled) for each annotator separately.

Source Annotations number  2-IAA
Babelnet 114 0.49
GS 217 0.45
Vallex 17 0.60
Wikipedia 105 0.61
Wiktionary 117 0.28
Total: 570 0.46

Table 4: Inter-annotator agreement, second experiment

BabelNet, which did not reach any technical limit this time
and was therefore used more often across all POSes.

5.2 Coverage

In Table 3, we show the coverage of content words in the
second experiment. By content words we mean all the
words in the sentence, except for auxiliary verbs, punc-
tuation, articles and prepositions. The instructions asked
to annotate all content words. Each annotator completed
a different number of sentences, so the number of words
annotated differs. The column Content words Attempted
shows the total number of words with some annotation at
all, while Labeled are words which received some sense,
not just “None” or “Bad List”. Both numbers are taken
from the union over all annotators. Babelnet get the best
coverage in terms of Labeled annotations. The right hand
side of the table shows how many words each annotator
has labeled. Since the union is considerably higher than
the most productive annotator, we need to ask an impor-
tant question: How many annotators do we need to have
a perfect coverage of the sentence.

5.3 Inter-Annotator Agreement

Results presented in Table 4 are overall better than in the
first experiment. The kappa was computed as in Sec-
tion 4.3 with the only one difference: we added 3 instead
of 2 options when estimating the local probability of the
agreement by chance (for the new “Whole Page” option).
Kappa for the second experiment was 0.40. Bootstrapping
showed TAA 0.39 +0.055 and kappa 0.32 4 0.06 for 95%
central resamples. Again, the 2-IAA is negatively corre-
lated with the number of units annotated (Pearson correla-
tion coefficient -0.22).

6 Discussion

Comparing first and second experiment, one can see, that
we managed to improve IAA by expanding the set of avail-
able options and refining the instructions, but TAA is still
not satisfactory.

For resources where IAA reaches 60% (Vallex and
Wikipedia), the coverage is rather low, 26% and 58%. Ba-
belNet gives the best coverage but suffers in IAA. Google
Search seems an interesting option for its versatility across
parts of speech, on par with established knowledge bases
like BabelNet in terms of inter-annotator agreement but
with much more ambiguous “senses”. The cross-POS
annotation does not seem very effective in practice, but
a more thorough analysis is desirable.

7 Comparison with Other Annotation Tools

Several automatic systems for sense annotation are avail-
able. Our dataset could be used to compare them empir-
ically on the annotations from the respective repository
used by each of the tools. For now we provide only an
illustrative comparison of these three systems: TAGME?,
DBpedia Spotlight® ,and Babelfy!'?

Figure 4 provides an example of our manually collected
annotations for the sentence “Move the mouse cursor to
the beginning of the blank page and press the DELETE
key as often as needed until the text is in the desired spot.”.

For this sentence, the TAGME system with default set-
tings returned three entities (“mouse cursor”, “DELETE
key” and “text”). DBpedia Spotlight with default settings
(confidence level = 0.5) returned one entity (“mouse”).
Babelfy showed the best result among these systems in
terms of coverage, failing to recognize only the verb
“move” and adverbs “often” and “until”, but it also pro-
vided several false meanings for found entities.

8 Conclusion

In this paper, we examined how different dictionaries can
be used for entity linking and word sense disambiguation.

8http://tagme.di.unipi.it/
http://dbpedia-spotlight.github.io/demo/
lohttp://babelfy.org/
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BabelNet Wikipedia TAGME Spotlight Babelfy
Move bn:00087012v,bn:00090948v Motion_(physics) - - -
bn:00056033n, bn:00056155n
mouse bn:00021487n,bn:00090942v mouse_(disambiguation), mouse_cursor Mouse_(computing) ~ Mouse_(computing)  bn:00024529n,bn:00021487n
bn:00024529n
cursor bn:0002452%n mouse_cursor, cursor_(disambiguation) mouse_cursor - bn:00024529n
beginning  bn:00009632n,bn:00009633n beginning, beginning_(disambiguation) - bn:00083340v
bn:00009634n,bn:00009635n
blank bn:00098524a blank_page_(disambiguation) - bn:01161190n,bn:00098524a
page bn:00060158n blank_page_(disambiguation) - bn:01161190n,bn:00060158n
press bn:00091988v,bn:00091986v press_(disambiguation) - - bn:00046094n
DELETE bn:01208543n Delete_key, DELETE Delete_key - bn:01208543n, bn:00045088n
key bn:01208543n, bn:00048996n  Delete_key, key_(disambiguation) Delete_key - bn:01208543n, bn:00048985n
often bn:00114048r, bn:00115452r often - - -
bn:00116418r
needed bn:00107194a Need_(disambiguation) - bn:00082822v
until - until - - -
text bn:00076732n text_(disambiguation) Plain_text - bn:00076732n
desired bn:00100580a, bn:00026550n Desire_(disambiguation), desired - bn:00086682v
bn:00100607a
spot bn:00062699n spot_(disambiguation) - bn:00062699n

Figure 4: Our BabelNet and Wikipedia manual annotations and outputs of three automatic sense taggers for the sentence
“Move the mouse cursor to the beginning of the blank page and press the DELETE key as often as needed until the text is
in the desired spot.” Overlap indicated by italics (BabelNet and Babelfy) and bold (Wikipedia and TAGME).

In our unifying view based on finding the best “selection
list” and selecting one or more senses from it, we tested
standard inventories like BabelNet or Wikipedia, but also
Google Search.

We proposed and refined annotation guidelines in two
consecutive experiments, reaching average inter-annotator
agreement of about 46%, with Wikipedia and Vallex up
to 60%. Higher agreement seems to go together with lower
coverage, but further investigation is needed for confirma-
tion and to find the best balance of granularity, coverage
and versatility among existing sources.
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Abstract: This work focuses on aspect-based sentiment
analysis, a relatively recent task in natural language pro-
cessing. We present a new dataset for Czech aspect-based
sentiment analysis which consists of segments from user
reviews of IT products. We also describe our work in
progress on the task of aspect term extraction. We believe
that this area can be of interest to other workshop partic-
ipants and that this paper can inspire a fruitful discussion
on the topic with researchers from related fields.

1 Introduction

Sentiment analysis (or opinion mining) is a field related
to natural language processing (NLP) which studies how
people express emotions (or opinions, sentiments, evalu-
ations) in language and which develops methods to auto-
matically identify such opinions.

The most typical task of sentiment analysis is to look at
some short text (a sentence, paragraph, short review) and
determine its polarity — positive, negative or neutral.

Aspect-based sentiment analysis (ABSA) refers to dis-
covering aspects (aspect terms, opinion targets) in text and
classifying their polarity. The prototypical scenario are
product reviews: we assume that products have several as-
pects (such as size or battery life for cellphones) and we
attempt to identify users’ opinions on these individual as-
pects.

This is a more fine-grained approach than the standard
formulation of sentiment analysis where the goal would be
to classify the polarity of entire sentences (or even whole
reviews) without regard for internal structure.

Recently, ABSA has been gaining researchers’ interest,
as evidenced e.g. by the two consecutive shared tasks or-
ganized within SemEval in 2014 and 2015 [7, 6].

ABSA can be roughly divided into two subtasks:
(i) identification of aspects (or aspect term extraction) in
text, i.e. marking (occurrences of) words which are evalu-
ated; (ii) polarity classification, i.e. deciding whether the
opinions about the identified words are positive, negative
or neutral.

In this work, we introduce a new Czech dataset of prod-
uct reviews annotated for ABSA and describe a prelimi-
nary method of aspect term identification which combines
a rule-based approach and machine learning.

2 Dataset of IT Product Reviews

We downloaded a number of user product reviews which
are publicly available on the website of an established
Czech online shop with electronic devices. Each review
consists of negative and positive aspects of the product.
This setting pushes the customer to rate its important char-
acteristics.

The dataset consists of two parts: (i) random short seg-
ments and (ii) longest reviews. The difference in length is
reflected also in the use of language.

The first part of this dataset contains 1000 positive and
1000 negative reviews which were selected from source
data and their targets were manually tagged. These tar-
gets were either aspects of the evaluated product or some
general attributes (e.g. price, ease of use). The polarity
of each aspect is based on whether the user submitted the
segment as negative or positive. These short reviews often
contain only the aspect without any evaluative phrase.

The second part of dataset consists of the longest
reviews. We chose 100 of them for each polarity.
These reviews represent more usual text and they tend to
keep proper sentence structure. The longest review has
7057 characters.

The whole dataset provides a consistent view of lan-
guage used in the on-line environment preserving both
specific word forms and language structures. There is also
a large amount of domain specific slang due to the origin
of the text.

Dataset part ‘ #itargets  #reviews Avg. length
Random, positive 640 1000 34.17
Random, negative 508 1000 39.72
Longest, positive 484 100 953.35
Longest, negative 353 100 855.04

Table 1: Statistics of the annotated data.

The data was annotated by a single annotator. The basic
instruction was to mark all aspects or general characteris-
tics of the product. The span of the annotated term should
be as small as possible (often a single noun). For eval-
uation, the span can be expanded e.g. to the immediate
dependency subtree of the target. Any part of speech can
be marked; e.g. both “funkcnost” (“functionality’) and
“funk¢ni” (“functional”) should be marked.
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Figure 1: Dependency tree for the sentence “The fried rice
is amazing.” Morphological tags (such as NN for nouns)
and analytical functions (e.g. Sb for sentence subject) are
shown in the parse tree. The positive evaluative word
“amazing” triggers a rule which marks “rice” as a possible
aspect.

The whole dataset contains 1985 target tags; 1124 of
these are positive and 861 are negative. Detailed target
statistics are shown in Table 1.

The dataset is freely available for download at the fol-
lowing URL.:

http://hdl.handle.net/11234/1-1507.

3 Pipeline

Our work is inspired by the pipeline of [15]. We run mor-
phological analysis and tagging on the data to identify the
parts of speech of words and their morphological features
(e.g. case or gender for Czech). We also obtain depen-
dency parses of the sentences. Then, we use several hand-
crafted rules based on syntax to mark the likely aspects in
the data. Figure 1 shows a sample dependency parse tree
and rule application.

Unlike [15], the core of our approach is a machine-
learning model and the outputs of the rules only serve as
additional “hints” (features) to help the model identify as-
pects.

3.1 Syntactic Rules

We use the same rules as [15], Table 2 contains their de-
scription. Here, we categorize the rules somewhat dif-
ferently, their types correspond to the actual features pre-
sented to the model.

The rules are designed for opinion target identification,
i.e. discovering targets of evaluative statements.! They
are based on syntactic relations with evaluative words, i.e.

'The underlying assumption of this approach is that opinion targets
tend to be the sought-after aspects.

words listed in a subjectivity lexicon for the given lan-
guage.

In the example in Figure 1, the rule vbnm_sb_adj is
triggered because “amazing” is an evaluative word and it
is a predicate adjective — the word “rice”, as the subject
of this syntactic construction, is then marked as a likely
aspect term.

Originally, the rules were written for English. Their
adaptation to Czech proved very simple. We modified ex-
pressions which involved morphological tags to work with
the Czech positional tagset [1]. Some of the rules included
lexical items, such as the lemma “be” for identifying the
linking verbs of predicate nominals. Simple translation of
these few words to Czech sufficed in such cases.

3.2 Model

We chose linear-chain conditional random fields (CRFs)
for our work [2]. In this model, aspect identification is
viewed as a sequence labeling task. The input x are words
in the sentence and the output is a labeling y of the same
length: each word is marked as either the beginning of an
aspect (B), inside an aspect (I) or outside an aspect (0).2

A linear-chain CREF is a statistical model. It is related to
hidden Markov models (HMMs), however it is a discrim-
inative model, not a generative one — it directly models
the conditional probability of the labeling P(y|x). Linear-
chain CRFs assume that the probability of the current label
(B, I or O) only depends on the previous label and on the
input words X.

Formally, a linear-chain CRF is the following condi-
tional probability distribution:

T K
PiYR) = o exp{Y Y Ahilryent0) (D)
Z(x) i=1k=1

Roughly speaking, P(y|x) is the score of the sentence
labeling y, exponentiated and normalized.

The score of y corresponds to the sum of scores for
labels y; at each position ¢ € {1,...,T} in the sentence.
The score at position ¢ is the product between the values
of feature functions fi(y;,y—1,¢,X) and their associated
weights Ay, which are estimated in the learning stage.

Feature functions can look at the current label y;, the
previous label y;_; and the whole input sentence x (which
is constant).

Z(x) is the normalization function which sums over all
possible label sequences:

T K

Z(X) ZZeXp{Z Z)“kfk(y;vyiflvtvx)} 2)
y 1=1k=1

To train the model, we require training data, i.e. sen-

tences with the labeling already assigned by a human an-

notator. During CRF learning, the weights A; are opti-

mized to maximize the likelihood of the observed labeling

2This “BIO” labeling scheme is common for CRFs. In practice, it
brings us a consistent slight improvement as opposed to using only binary
classification (inside vs. outside an aspect).
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1D Description

Example

adverb

but_opposite Words coordinated with an aspect with “but”.
coord Words coordinated with an aspect are also aspects.
sub_adj Nouns modified by subjective adjectives.
subj_of_pat Subject of a clause with a subjective patient.

Patient of a transitive evaluative verb.
Actor of an intransitive evaluative verb.
Predicative nominal (patient).

Subject of predicative adjectives.

verb_actant_pat
verb_actant_act
vbnm_patn
vbnm_sb_adj

Actor or patient of a verb with a subjective adverb.

The pizza tastes so good.

The food is outstanding, but everything else sucks.
The excellent mussels, goat cheese and salad.

A very capable kitchen.

The bagel have an outstanding taste.

I liked the beer selection.

Their wine sucks.

Our favourite meal is the sausage.

The fried rice is amazing.

Table 2: List of syntactic rules.

in the dataset. Gradient-based optimization techniques are
usually applied for learning.

At prediction time, the weights Ay are fixed and we are
looking for such a labeling §¥ which is the most probable
according to the model, i.e.:

§ = argmax P(y|x) 3)
y

¥ can be found efficiently using a variant of the Viterbi
algorithm (dynamic programming). In our work, we use
the CRF++ toolkit® both for training and prediction.

3.3 Feature Set

We now describe the various feature sets evaluated in this
work.

Surface features. We use the surface forms of the cur-
rent word, two preceding and two following words as sep-
arate features. Additionally, we extract all (four) bigrams
and (three) trigrams of surface forms from this window.
We also use the CRF++ bigram feature template without
any arguments; this simply produces the concatenation of
the previous and current label (y;_1,yr).

Morpho-syntactic features. We extract unigrams, bi-
grams and trigrams from a limited context window (iden-
tical to the above) around the current token but instead of
surface forms, we look at:

e lemma,
e morphological tag,
e analytical function.

Analytical functions are assigned by the dependency
parser and their values include “Sb” for subject, “Pred”
for predicate etc.

Sublex features. We mark all words in the data whose
lemma is found in the subjectivity lexicon. For each to-
ken in the window of size 4 around the current token (in-
cluded), we extract a feature indicating whether it was
marked as subjective. We also concatenate these indica-
tor features with the surface form of the current token.

3http://taku910.github.io/crfpp/

Rule features. Finally, for each type of rule, we ex-
tract features for the current token, the preceding and the
following token, indicating whether the rule marked that
token. Again, these features have two versions: one stan-
dalone and one concatenated with the surface form of the
current token.

4 Experiments

We analyze our data using Treex [8], a modular NLP
toolkit. Sentences are first tokenized and tagged using
Morphodita [12]. Then we obtain their dependency parses
using the MST parser [4]. We use Czech SubLex [14] is
our subjectivity lexicon both for the CRF sublex features
and for the rules. The rules are implemented as blocks
within the Treex platform.

4.1 Results

Table 3 shows the obtained precision (P), recall (R) and
f-measure (F1) for both parts of the data set. The results
in all cases were acquired using 5-fold cross-validation on
the training data.

Random segments. The baseline (surface-only) fea-
tures achieve the best precision but the recall is very low.

Morpho-syntactic features lower the precision by a sig-
nificant margin but push recall considerably. As the review
data come from the “wild”, they are quite noisy; many seg-
ments are written without punctuation, reducing the bene-
fit of using morphological analysis, let alone dependency
parsing.*

Often, the segments are rather short, such as “Rychlé
doddni” (“fast delivery”) or “Fotky fakt parddni.” (“Pho-
tos really awesome.”). This also considerably limits the
benefit that a parser can bring — there is a major domain
mismatch both in the text topic and types of sentences be-
tween the parser’s training data and this dataset, so we can-
not expect parsing accuracy to be high.

Most of the improvement from adding morpho-
syntactic features thus probably comes from the availabil-
ity of word lemmas — this allows the CRF to learn which

“4This issue could perhaps be addressed by using a spell-checker, we
leave that to future work.
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Random segments (2000) | Longest reviews (200)
Feature set P R F1 P R F1
surface 85.22 36.85 51.45 47.18 8.05 13.76
+morpho-syntactic | 75.88 54.17 63.21 40.17 23.08 29.31
+sublex 78.19 55.09 64.64 58.74 18.99 28.70
+rules 76.54 57.69 65.79 51.74 21.39 30.27

Table 3: Precision, recall and f-measure obtained using various feature sets on the two parts of the dataset.

words are frequently marked as aspects in this domain
and to generalize this information beyond their current in-
flected form.

Adding the information from the sentiment lexicon fur-
ther improves performance, though not as much as we
would expect. We could possibly further increase its im-
pact through more careful feature engineering — so far, the
features only capture whether a subjective term is present
in a small linear context. For example, the lemma of the
evaluative word could be included in the feature.’

Finally, adding the output of syntactic rules further im-
proves the results. Due to the uncommon syntactic struc-
ture of the segments, most rules were not active very often,
so the space for improvement is quite limited. Yet the re-
sults show that when the rules do trigger, their output can
be a useful signal for the CRF.

The observed improvement in recall at the slight ex-
pense of precision is in line with the results of [15] where
the system based on the same rules achieved high recall
and rather low precision.

Long reviews. It is immediately apparent that the long
reviews are a much more difficult dataset than review seg-
ments — the best f-measure achieved on the short segments
is 65.79 while here it is only 30.27. This can be explained
by the lower density of aspect terms compared to random
review segments and a much higher sentence length — af-
ter sentence segmentation, the average sentence length is
over 29 words, compared to only 6 words for the random
segments.

When using only the baseline features, the recall is ex-
tremely low. Adding morpho-syntactic features has a sim-
ilar effect as for the random segments — precision is low-
ered but recall nearly triples.

Interestingly, adding features from the subjectivity lexi-
con changes the picture considerably. This feature set ob-
tains the highest precision but recall is lower compared to
both +morpho-syntactic and +rules. It may be that due to
the high sentence length, sublex features help identify as-
pects within the short window but their presence pushes
the model to ignore the more distant ones. A more thor-
ough manual evaluation would be required to confirm this.

Finally, the addition of syntactic rules leads to the high-
est f-measure, even though neither recall nor precision are
the best. In this dataset, possibly again thanks to the length

SCRF++ feature templates do not offer a simple way to achieve this
without also generating a large number of uninformative feature types.

of sentences, the rules are trigged much more often than
for the random segments. Rule features can therefore have
a more prominent effect on the model.

5 Related Work

In terms of using rules for ABSA, our work is inspired
by [15]. Such rules can also be used iteratively to ex-
pand both the aspects and evaluative terms using the dou-
ble propagation algorithm [10]. Other methods of discov-
ering opinion targets are described, inter alia, in [3, 9, 5].
Linear-chain CRFs have been applied in sentiment analy-
sis and they are also well suited for ABSA, they were used
e.g. by the winning submission by [13] to the SemEval
2014 Task 4.

For Czech, a dataset for ABSA was published by [11].
This dataset is in the domain of restaurant reviews and
closely follows the methodology of [7]. Our work focuses
on reviews of IT products, naturally complementing this
dataset. It should further support research in this area and
enable researchers to evaluate their approaches on diverse
domains.

6 Conclusion

We have presented a new dataset for ABSA in the Czech
language and we have described a baseline system for the
subtask of aspect term extraction.

The dataset consists of segments from user reviews of
IT products with the annotation of aspects and their polar-
ity.

The system for aspect term extraction is based on
linear-chain CRFs and uses a number of surface and
linguistically-informed features. On top of these features,
we have shown that task-specific syntactic rules can pro-
vide useful input to the model.

Utility of the syntactic rules could be further evaluated
on other domains (such as the Czech restaurant reviews)
or languages (e.g. using the official SemEval data sets)
and the impact of individual rules could be thoroughly an-
alyzed across these data sets.
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Abstract: DeriNet, a new database of lexical derivates,
is being developed at the Institute of Formal and Ap-
plied Linguistics. Since it is a wordnet containing
large amounts of trees, it is hard to visualize, search
and extend without specialized tools. This paper de-
scribes a program which has been developed to dis-
play the trees and enable finding certain types of er-
rors, and its query language. The application is web-
based for ease of use and access. The language has
been inspired by CQL, the language used for search-
ing the Czech National Corpus, and uses similar key-
words and syntax extended to facilitate searching in
tree structures.

1 Introduction

1.1 DeriNet

DeriNet! is a database of lexical derivates.[5] It con-
tains lexemes structured into oriented trees that ex-
press derivational relations — the nodes are lexemes
and edges are child—parent relations. Each lexeme
represents one lemma with its meaning (word sense)
partially disambiguated — several lexemes may repre-
sent the same lemma in different senses, if they differ
in their derivational history — that is, they’re derived
from different words? or they have different descen-
dants?.

The database is stored in a tab-separated-values
file using a simple format; see table 1 for an excerpt.
Each line contains one lexeme. The meanings of the
columns are: ID is a nonnegative integer which serves
as a unique identifier; lemma is the base form of a
word; techlemma is the lemma plus additional anno-
tation in the style of the m-layer of the Prague Depen-
dency Treebank[2]. POS is part of speech — A for ad-
jectives, D for adverbs, N for nouns, V for verbs. Par-
ent is the ID of the direct derivational parent. Every
lexeme has at most one parent, which simplifies the
structure, although it doesn’t allow representing com-
pounding. Version 0.9, released in December 2014,
contains 305,781 lexemes sampled from the Czech Na-
tional Corpus and 117,327 oriented edges.

Thttp://ufal.mff.cuni.cz/derinet

2such as “sladit” (to sweeten / to harmonize) from “sladky”
(sweet) or “ladit” (to tune)

3as in the case of “hnat” (vulgar form of limb / to drive)
whose child is either “hndtek” (diminutive from hnét) or
“hnany” (the chased one)

Table 1: Excerpt from the DeriNet database showing
four lexemes.

ID lemma techlemma POS parent
177751 nosni  mnosni A 177725
177752 nosnik  nosnik N 177753
177753 nosny  nosny A
177754 nosné  mnosné “(*ly) D 177751

1.2 Requirements

Since DeriNet is a graph database contained in a TSV
file, it’s very hard to visualize the structure without a
specialized tool. Therefore, we’ve decided to create a
specialized application which would use a simple lan-
guage for searching. Ideally, this application should
be accessible and usable by both skilled linguists and
random visitors. The requirements were to support:

e Searching for lemmas, techlemmas and parts-of-
speech using regular expressions.

e Querying of ancestor-descendant and sibling-
sibling relations.

e Displaying the trees. The largest trees in DeriNet
0.9 contain 31 lexemes, the deepest are 7 levels
deep, but most of them are smaller. This means
that the visualization can be straightforward.

2 Related work

We've decided to survey the available query languages
and either choose a suitable one or create a custom
domain-specific language while drawing inspiration
from existing sources. Our criteria were

1. support for searching within tree structures:
specifying criteria for ancestors, descendants and
siblings,

2. familiarity within our target group of Czech lin-
guists — nonprogrammers; or at least a shallow
learning curve,

3. easy and effective writing of new queries, and

4. simple implementation.
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The first two points ruled out relational database
query languages such as SQL, since they have no pro-
visions for searching in trees. We’ve examined XPath,
PML-TQ and CQL in more detail.

XPath[1] is a long-established language designed
specifically for tree querying and it has an existing im-
plementation in Javascript[6]. DeriNet has an XML
version which could be used as a backing database
with just a few changes. Unfortunately, testing has
shown that existing web browsers cannot handle XML
files the size of DeriNet. Loading the database easi-
ly took several minutes on weaker machines and any
XPath query took tens of seconds to process. The
latter could be overcome by using an external XPath
library such as Wicked Good XPath, but the problem
with representing the XML in a browser remains.

PML-TQ (Prague Markup Language — Tree
Query[4]) is a language used for querying the Prague
Dependency Treebank. It has many options, but it
is also very complex and hard to implement. There-
fore, it could only be reasonably used with the exist-
ing implementation as a server-side backend. Writ-
ing queries by hand is not very convenient, they are
mostly edited using an offline application which we
wouldn’t be able to replicate in a web application.
There is a web interface?, but it doesn’t offer the in-
teractive editor. Also, many of its features would be
unused in our simple system.

CQL (Corpus Query Language[3]) is a language
used for searching the Czech National Corpus®. It
only supports searching in sentences, i.e. linearly or-
dered sequences of nodes, but the syntax is simple
and easy to modify and expand. It could be easily
extended to handle basic tree queries as well. Also,
its syntax supports using bare keywords as a query,
while XPath and PML-TQ require a richer construc-
tion even for the simplest cases.

3 Query language

We’ve decided to go for maximum simplicity and fa-
miliarity and base our language on CQL. We wrote
our own implementation using Jacob%, an alternative
of Flex and Bison for JavaScript, which creates an
LALR parser from an EBNF grammar.

The simplest query is the attribute expression,
which describes attributes of a single node in the
database. Its results are all nodes that match the
attributes. It has the following general form:

[attribute="value" ..]

Multiple attributes can be specified at once — the
query then matches iff all of them match. We current-

ly support the following comparison operators: “="

“https://lindat.mff.cuni.cz/services/pmltq/

Shttps://kontext.korpus.cz/first_form?
queryselector=cqlrow

Shttps://github.com/Canna71/Jacob

for RegExp comparison, “==" for string comparison

and “!=" and “!=="" as their negations. The follow-
ing attributes may be used: “lemma”, “techlemma”,
“pos”, “id” and “parent”. There is a special syntax
for matching nodes without a parent: parent=="-1"
matches all nodes without a parent. This special case
is guaranteed not to clash with any actual IDs, since
normal IDs are nonnegative integers.
Examples:
[lemma="stroj"]
Matches all nodes whose lemma contains “stroj”.
[lemma=""stroj$"]
Matches all nodes whose lemma is exactly “stroj”.
[lemma=="stroj"]
The same as the previous one.

(]
Matches any node.
[id=="12345"]

Matches nodes whose ID is exactly “12345”.

[pos=="A" lemma="kyj$"]

Matches adjectives ending in “ky”.

[parent=="-1"]

Matches all nodes without a parent.

Attribute expressions also have shorthand
forms: By selecting the appropriate “default at-
tribute”, you can write just "stroj" instead of
[defaultattribute="stroj"] and stroj instead of
[defaultattribute=="stroj"].

Attribute expressions can be combined to form a
tree expression. The standard CQL was designed
for querying sentences, which contain totally ordered
nodes and so the only higher-order expression it sup-
ports is a linear sequence. However, nodes in our
database are only partially ordered, so we had to de-
fine an extension which would allow querying of non-
linearly ordered sets of nodes. To do this, we’ve in-
troduced parentheses. The sequence of attribute ex-
pressions encodes parent—child relation, with mul-
tiple children enclosed in a parenthesis and separat-
ed by commas: car carskyj (carsky, carismus,
carstvi)

4 Implementation

The application is a web-based program written in
JavaScript and runs entirely client-side; the server
is only used for storing the databases and the pro-
gram itself. After the page loads, a background task
downloads and parses the selected database. You can
change the database used for searching by selecting a
new one from a drop-down menu.

After you enter a search query into the text field,
your query is processed and the results are displayed
as SVG trees. Possible larger amounts of results are
split into several pages. You can view the techlem-
ma and part-of-speech of a single node by hovering
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over it with the pointer, or, alternatively, you can en-
able the detailed display for all nodes by selecting the
,Show additional information* checkbox. The results
can be exported to the same tab-separated-values for-
mat that DeriNet uses for storage and stored to a file.

A screenshot of the application is included in fig-
ure 1 and a running version of the search engine is
available at http://jonys.cz/derinet/search/.

Search Derinet With new grammar!

Search query

Show all clusters for a given CQL query. Need help? Consult the

Q | [lemma="vavat$" parent="-1" pos="V"]

manual in English or in Czech.
More options:

Default attribute

lemma j

Default database

Derinet 0.9 j

Results per page: 2 v
Show additional information

Ignore case

31 results.

Prev 1 2 3 4 6 7 8 9 Next

odminovavat

odplivavat

odplivavaci odplivavajici odplivavani

Prev 1 2 3 4 6 7 8 9 Next
Save SVG Save data

Figure 1: Screenshot of the application.

5 Detecting errors

The main reason for creating this application was
enabling a quick way of searching for certain com-
mon errors that were present in the then-current ver-
sion of DeriNet. DeriNet is built from the source
lexicon using a series of scripts based on handwrit-
ten rules. Many of the rules have the form of pat-
tern+exceptions, for example the pattern “A-acény
N-a¢nost” which connects (among others) the noun
“lac¢nost” to the adjective “la¢ny”, or “jednoznac¢nost”
to “jednoznacny”, has an exception of “senzac¢nost”,
which is derived from “senza¢ni” instead. These rules
often have overlooked exceptions.

In addition, there are several systematic errors in
0.9 that have been discovered by this search tool. For
example:

e [techlemma="_\".*\(.*\*[0-9].%\)"
parent="-1"]
Many techlemmas contain derivational informa-
tion, which is not parsed correctly in version
0.9.

o "ag" "y
Matches female and male variants of names that
have the derivation order reversed. The female
variant ending in “4” should be derived from the
male one.

e [lemma="(ovat|it)$" pos=="A"]
These words are not adjectives, but errors in the
source lexicon. These endings are both typical
for verbs.

e [lemma!="(il|§lost)$"] "ost$"
Bad derivations. Words ending in “ost” that
aren’t derived by prefixation should be nearly al-

144 [1Ea)

ways derived from adjectives ending in “i” or “y

6 Problems

6.1 Performance

An important issue is performance. A loaded webpage
with DeriNet Search can easily consume over 100 MiB
of RAM and complex queries (especially queries with
many siblings with few constraints on a single lev-
el, such as [1 ([1,01,01,01,0] )) may take over a
minute to complete. However, although the search-
ing isn’t instantaneous, for simpler queries it is rea-
sonably fast. Even a dated laptop (CPU: Intel Atom
7520, 1.33 GHz) is able to complete simple searches
in under a second.

The design of the application is well suited to paral-
lelization, but JavaScript has only limited provisions
for parallel execution. Its threading model is based
on message-passing with no shared data structures,
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so speedup can only be achieved at the expense of us-
ing more memory, because each thread either needs
its own copy of the whole database, or we have to
split the DB into clusters (connected components)
and allocate these clusters to search threads. The
latter design would highly complicate displaying the
results. This means that if we want to avoid com-
plexity and needless copying of data, we are limited
to single threaded execution only.

However, if there are multiple search windows open,
each one runs in its own thread. It would be possible
to create a global execution thread or a pool with user-
determined amount of threads, delegate all work to it
and keep only a single database copy in memory, but
not all browsers support these techniques and we’ve
decided not to complicate the design for small gains.

6.2 Compatibility

Apart from large memory requirements, which may
be a problem on mobile devices, the application re-
quires support for ECMAScript 5.1, HTML5, CSS3
and SVG. All modern desktop browsers (less than
three years old) should pass these requirements, with
the exception of Internet Explorer before version 11,
but support on browsers for mobile devices is poor.
Tested browsers include Firefox 31, Konqueror 4.14
and Chrome 36. The application is only partially us-
able in Opera 12.16, which doesn’t support the history
manipulation method needed to switch between pages
of results and so only the first page is ever shown.

6.3 Scalability

Another set of problems was uncovered when test-
ing the application with the newest version of Deri-
Net, 0.10, which is as of 2015-06-14 not yet publicly
available. Version 0.10 is four times larger than 0.9
(45 MiB uncompressed and 9.6 MiB when compressed
with gzip, as opposed to 12 MiB uncompressed and
3 MiB compressed) and downloading a database of
this size is problematic for users without a broadband
network connection.

Search times have also increased, because Deri-
Net 0.10 contains 968,929 lexemes — over three times
more than 0.9. To test the scalability of our appli-
cation with increasing database size, we’ve prepared
six progressively smaller datasets by cutting 500,000,
250,000, 100,000, 50,000 and 10,000 lexemes with the
lowest IDs out of DeriNet 0.10. We’ve then measured
the time needed to parse a query, search the database
and draw the resulting SVG. Each measurement was
repeated five times, the results averaged and the error
expressed using standard deviation.

Three queries were selected for testing: Absolén,
which produces a single result; [], which match-
es all nodes; and [pos!=="A"] ([pos="[ADNV]$"],

[0 [0, [I) as a test of more complex queries. Fig-
ure 2 shows that the time needed for parsing and dis-
play is approximately constant and that the search-
ing time quickly dominates. Figure 3 indicates that
the query [pos!=="A"] ([pos="[ADNV]I$"], [1 (1,
[1) scales supralinearly, but figure 4 shows that for
the other queries the algorithm is, in fact, linear. The
explanation for why the complex query behaves dif-
ferently lies in the structure of the database, as ev-
idenced by the number of results. The database is
scanned from the beginning to the end without us-
ing any acceleration technique such as an index, and
the beginning (low IDs) contains lemmas that start
with capital letters. These are typically names which
contain fewer derivational links than the rest of the
database. This causes the complex query to abort
quickly, just after discovering that the node doesn’t
have enough children to satisfy the requirements.

7 Future work

Due to the problems encountered with DeriNet 0.10,
we plan on switching to server-side searching. This
is feasible with few changes thanks to Node.js, which
allows running arbitrary JavaScript code on the serv-
er. Doing so would allow us to support even primi-
tive browsers on devices with little processing power
— the demands for modern JavaScript features could
be dropped; support for SVG would be sufficient.

Another needed change is optimization of the search
routines. Queries such as [1 ([1, [0, [0, 0O, [0)
(find all trees with at least five siblings on a single
level) take a very large amount of time, sometimes
even minutes. The current algorithm goes through
all the possible combinations, which is not needed,
since many of the results will be duplicates of each
other. Stopping at the first match is not a solution,
though, because advanced features of CQL such as
“within” and “containing” clauses rely on this behav-
ior to work.

The third possible area of improvement is introduc-
ing new language features.

e A way of marking “no more nodes here”. We have
the [parent=="-1"] syntax for finding nodes
that don’t have a parent, but there should be
a better way of specifying this, that would also
allow searching for trees that are smaller than a
certain limit, as opposed to larger than a limit.
The latter can be done using [1 ([pos="A"],
(1, [1) (find all adjectives with more than two
siblings).

o Support for iteration: “*7 “47 «77 “fx i
The last type partially satisfies (and depends on)
the previous point.

e Support for “within” and “containing”.
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Figure 2: A graph showing the increase of time needed to process query [pos!=="A"] ([pos="[ADNV]$"], []

[1, [1) with increasing database size. The error bars represent one standard deviation over five trials.
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Figure 3: Graph showing that when processing [pos!=="A"] ([pos="[ADNV]$"], [J [I1, [1), the time needed
increases supralinearly. The number of results has been included for comparison. The error bars represent one

standard deviation over five trials.
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Figure 4: Graph showing that processing Absolén and [] scales linearly with increasing database size. The

error bars represent one standard deviation over five trials.
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The application itself could be improved, too. The
following would be useful:

o User-friendlier handling of erroneous input.
When you enter [lemma!="icki$" [lemma=
"iénost$"], instead of “Unexpected token Isbra
"[” at (0:16)” the parser should probably report
“Missing close-bracket before position 16” and
show the query with the offending part highlight-
ed in red. Unfortunately, Jacob, the tool we use
for building the parser, doesn’t have any sup-
port for returning structured error information
and printing useful messages.

e A method of exporting the SVG to a file that
produces a useful image. Currently, the SVG im-
ages are styled using CSS, which gives us a flexi-
ble way of coloring the nodes and showing/hiding
technical information. This method doesn’t work
outside of browsers, though, which means that
the exported SVG is black-and-white only and,
unless the user had the “Show additional infor-
mation” checkbox checked, contains overlapping
text.

e A more compact style of drawing trees. Even in
the current database there are some trees that
are too wide to fit on screen without horizontal
scrolling. Trees in DeriNet 0.10 are even larger,
which makes this a big problem.

8 Conclusion

The stated goals were to build an application that
would enable users to easily search DeriNet and help
its creators discover both systematic and random er-
rors. The utility fulfilled our expectations with the
second part — error searching — since several mistakes
and faults have been detected with its help. The query
language is only very basic so far, but extensions are
possible.
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Abstract: 1In this paper we propose a clustering process
which uses a multi-objective evolution to select a set of
diverse clusterings. The selected clusterings are then com-
bined using a consensus method. This approach is com-
pared to a clustering process where no selection is applied.
We show that careful selection of input ensemble members
can improve the overall quality of the final clustering. Our
algorithm provides more stable clustering results and in
many cases overcomes the limitations of base algorithms.

1 Introduction

Clustering is a popular technique that can be used to reveal
patterns in data or as a preprocessing step in data analysis.
Clustering tends to group similar objects into groups that
are called clusters and to place dissimilar objects into dif-
ferent clusters. Its application domains include data min-
ing, information retrieval, bioinformatics, image process-
ing and many others.

Many clustering algorithms have been introduced so
far, an extensive overview of clustering techniques can be
found in [1]. Since we have the No Free Lunch Theo-
rem [36], which states that there is no single, supreme al-
gorithm that would optimally run on all datasets, it is com-
plicated for a user to decide which algorithm to choose.

Ensemble methods have been successfully applied in
supervised learning [25] and similar attempts appeared in
the unsupervised learning area [32], [14], [34]. Cluster
ensemble methods should eliminate the drawbacks of indi-
vidual methods by combining multiple solutions into one
final clustering.

2  Cluster Ensembles

The main objective of clustering ensembles is to combine
multiple clusterings into one, preferably high-quality so-
lution.

Let X = {x1,x2,...,X,} be a set of n data points, where
each x; € X is represented by a vector of d attributes. A
cluster ensemble is defined as IT = {m;,m,..., 7, } with
m clusterings. Each base clustering 7; consists of a set
of clusters m; = {C},C%, ... ,C,’;l_}, such that UI;L'ZIC;- =X,
where k; is the number of clusters in a given ensemble
member (it does not have to be the same for all members).

The problem is how to obtain a final clustering 7* =
{C7,C5,...,Cx}, where K is the number of clusters in the
result and 7* summarizes the information from ensem-
ble IT.

The process consists of two major steps. Firstly, we
need to generate a set of clustering solutions and secondly
we need ti combine the information from these solutions.
A typical result of the ensemble process is a single clus-
tering. It has been shown in supervised ensembles that the
best results are achieved when using a set of predictors
whose errors are dissimilar [25]. Thus it is desirable to
introduce diversity between ensemble members.

2.1 Ensemble Generation Strategies

Several approaches have been used to initialize clustering
solutions in order to create an ensemble.

e Homogeneous ensembles: Base clusterings are cre-
ated using repeated runs of a single clustering algo-
rithm. This is quite a popular approach, repeated runs
of k-means with random center initialization have
been used in [14]. When using k-means the number
of clusters is typically fixed to [/n], where n is the
size of the dataset [22].

e Varying k: Repeated runs of k-means with random
initialization and k [15], a golden standard is using k
in the range from 2 to \/n.

¢ Random subspacing An ensemble is created from
base clusterings that use different initial data. This
could be achieved by projecting data onto differ-
ent subspaces [13], [16] choosing different subsets
of features [32], [37], or using data sampling tech-
niques [10].

e Heterogeneous ensembles: Diversity of solutions is
introduced by applying different algorithms on the
same dataset.

2.2 Consensus Functions

Having multiple clusterings in an ensemble, many func-
tions have been proposed to derive a final clustering.
When only one solution is considered as the result, it is
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usually referred as a consensus function, unlike meta clus-
tering where the output is a set of multiple clusterings [6].

There are several approaches as to how to represent in-
formation contained in base clusterings, some use matrices
while others use graph representation.

e Pairwise similarities: A pairwise similarity matrix
is created and afterwards a clustering algorithm (e.g.
hierarchical agglomerative clustering) is applied to
group together items that were most frequently to-
gether in the same cluster in all the base cluster-
ings [14]. the Cluster-based Similarity Partitioning
Algorithm (CSPA) from Strehl and Ghosh [32] uses
METIS [24] for partitioning a similarity matrix into k
components.

e Feature-based approach: The ensemble problem is
formulated as categorical data clustering. For each
data point an m-dimensional vector containing labels
in base clusterings is created. The goal is to find a
partition * which summarizes the information gath-
ered from the partitions IT [28], [33], [4].

e Graph based: Many methods use graph represen-
tation for capturing relationships between base clus-
terings. Strehl and Ghosh [32] also proposed the
HyperGraph-Partitioning Algorithm (HGPA), where
vertices correspond to data points and a hyperedge
represents clusters. Another approach chooses CO-
MUSA [27] which increases the weight of the edge
for each occurrence of data pairs in the same clus-
ter. Afterwards the nodes are sorted by the attach-
ment score, which is defined as the ratio between the
sum of the node’s weights and its number of inci-
dent edges. The nodes with the highest attachment
score are then used as a foundation for new clusters.
This approach is relatively fast to compute, however
it might fail to capture complex relationships between
very diverse clusterings.

3 Multi-Objective Clustering

Multi-objective clustering usually optimizes two objective
functions. Using more than a few objectives is not usual
because the whole process of optimization becomes less
effective.

The first multi-objective evolutionary clustering algo-
rithm was introduced in 2004 by Handl and Knowles [18]
and is called VIENNA (the Voronoi Initialized Evolution-
ary Nearest-Neighbour Algorithm).

Subsequently, in 2007 Handl and Knowles published a
Pareto-based multi-objective evolutionary clustering algo-
rithm called MOCK [19] (Multi-Objective Clustering with
automatic K-determination). Each individual in MOCK is
represented as a directed graph which is then translated
into a clustering. The genotype is encoded as an array of
integers whose length is same as the number of instances

in the dataset. Each number is a pointer to another instance
(an edge in the graph), since it is connected to the instance
at a given index. This easily enables the application of
mutation and crossover operations.

As a Multi-Objective Evolutionary Algorithm (MOEA),
MOCK employs the Pareto Envelope-based Selection Al-
gorithm version 2 (PESA-II) [7], which keeps two popula-
tions, an internal population of fixed size and a larger ex-
ternal population which is exploited to explore good solu-
tions. Two complementary objectives, deviation and con-
nectivity, are used as objectives in the evolutionary pro-
cess.

A clear disadvantage of MOCK is its computation com-
plexity, which is a typical characteristic of evolutionary
algorithms. Nevertheless, the computation time spent on
MOCK should result in high-quality solutions. Faceli et
al. [12] reported that for some high-dimensional data it is
not guaranteed that the algorithm will complete, unless the
control front distribution has been adjusted for the given
data set.

Faceli et al. [12] combined a multi-objective approach
to clustering with ensemble methods and the resulting al-
gorithm is called MOCLE (Muli-Objective Clustering En-
semble Algorithm). The objectives used in the MOCLE
algorithm are the same as those used in MOCK [19]: de-
viation and connectivity. Unlike MOCK, in this case the
evolutionary algorithm used is NSGA-II [9].

4 Our Approach

There are many ways to produce a final consensus,
nonetheless in this work we focus on the selection of high-
quality and diverse clusterings.

In order to optimize ensemble member selection, we
apply a multi-objective optimization. The whole process
is shown in Fig. 1. In our previous work [3] we have
shown that introducing multiple objectives into the cluster-
ing process can improve the quality of clustering, specifi-
cally using the Akaike information criterion (AIC) [2] (or
BIC [31]) with another criterion leads to better results. The
second criterion is typically based on computing a ratio
between cluster compactness and the sum of distances be-
tween cluster centres.

AIC is typically used in supervised learning when trying
to estimate model error. Essentially it attempts to estimate
the optimism of the model and then add it to the error [20]:

n n

Jarc = -2
where L, (k) is the maximum likelihood of a model
with k parameters based on a sample of size n.

The SD index was introduced in 2000 by Halkidi
et al. [17] and it is based on concepts of average cluster
scattering and total separation of clusters which were pre-
viously used by Rezaee et al. [29] for evaluation of fuzzy
clusterings.
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Figure 1: Cluster Ensemble Process: Firstly using the
same input dataset we generate multiple clusterings, then
select m best clusterings for the ensemble and combine
them into a single solution.

The average scattering is defined as:

Scatt (k) = 2)

where  ||x]| is the norm of a vector,
C; is the centroid of the i-th cluster,
o(X) is the variance of the input dataset.

0(X) € R™ with m being the number of dataset dimen-
sions. Variance for a dimension d is defined as:

The total separation is given by:

Dk [k -1

Dis(k) = D’"‘fx ) < Héi—éjH> 3)
min j—1 \ j=1

where D, is the maximum distance and D,,;, is the min-

imum distance between cluster centers (¢;) and k is the

number of clusters.

Dmax = i,jel?le,l.).(.,k}(Héi - é]H) (4)
i#j

D,yin = i,je?lli?.,k}(Héi - éJ||) 5
i#]

Then we can define the SD validity index as follows:
fsp = o+ Scat (k) + Dis(k) (6)

where a should be a weighting factor equal to Dis(cpay)
with ¢4 being the maximum number of clusters [17].
This makes perfect sense for fuzzy clustering (as was pro-
posed in [29]), however it is rather unclear how to compute
Cmax 1N the case of crisp clustering, when cy,qx > k with-
out running another clustering with ¢, as the requested
number of clusters. Nonetheless, [17] mentions that “SD
proposes an optimal number of clusters almost irrespec-
tive of ¢4y, the maximum number of clusters”, thus we
consider the special case where ¢4 = k:

fsp = Dis(k) - Scat (k) + Dis(k) (7
= Dis(k) - (Scat (k) +1) (8)

The idea of minimizing inner cluster distances and max-
imizing distances between cluster centres it not really
new. In fact most of the clustering objective functions
use this idea. Instead of the SD index we could have
used C-index [21], Calinski-Harabasz Index [5], Davies-
Bouldin [8] or Dunn’s index [11], just to name a few. Each
of these indexes might perform better on some dataset,
however it is out of scope of this paper to compare which
combination would be better. We considered

As an evolutionary algorithm we use NSGA-II [9] while
using only the mutation operator and a relatively small
population (see Table 2). Each individual in the popula-
tion contains a configuration of a clustering algorithm. For
this experiment we used only the basic k-means [26] algo-
rithm with random initialization. The number of clusters k
is the only parameter that we change during the evolution-
ary process. For k we used a constraint in order to keep
the number of clusters within reasonable boundaries. For
all test datasets we used the interval (2,/n).

In order to evaluate the effect of Pareto optimal solu-
tions selection for the ensemble bagging process, we com-
pare two strategies for generating base clusterings. The
first one generates 10 k-means clusterings with random
initialization with k within the interval (2,,/n). The sec-
ond method uses multi-objective evolution of clusterings
where each individual represents a k-means clustering.

As a consensus function we use either a graph based
COMUSA algorithm or a hierarchical agglomerative clus-
tering of the co-association matrix. Both approaches have
their drawbacks, the COMUSA algorithm is locally con-
sistent, however fails to integrate the information con-
tained in different base clusterings, thus final clustering
does not overcome limitations of base clustering algo-
rithms. The latter could be very slow on larger datasets
(complexity O(n?)) and might produce noisy clustering in
case of very diverse base clusterings.
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Dataset d n | classes | source
aggregation | 2 | 788 7 [15]
atom 3 800 2 [35]
chainlink 3 | 1000 2 [35]
complex8 2 | 2551 8 [30]
complex9 2 | 3031 9 [30]
diamond9 2 | 3000 9 [30]
jain 2| 373 2 [23]
longl 2 | 1000 2 [18]
longsquare | 2 | 900 6 [18]
Isun 2 | 400 3 [35]
target 2 770 6 [35]
tetra 3 400 4 [35]
trianglel 2 | 1000 4 [18]

Table 1: Datasets used for experiments.

Parameter Setting

Number of generations 5

Population size 10

Mutation probability 30%

Mutation Polynomial mutation

Table 2: Parameter settings for NSGA-II evolution

To evaluate clustering quality we use NMI' (Normal-
ized Mutual Information) [32]. NMI has proved to be
a better criterion than the Adjusted Rand Index (ARI) for
the evaluation of datasets with apriori known labels. How-
ever it does not capture noise in clusters (which does not
occur in the case of traditional k-means), which might be
introduced by some consensus methods. Another limita-
tion of these evaluation metrics is apparent from Figure 6,
where clustering with obvious 50% assignment error gets
lowest possible score. Both indexes do not penalize cor-
rectly higher number of clusters, thus algorithms produc-
ing many small clusters will be preferred by these objec-
tives.

5 Results

Most of the datasets used in these experiments come from
the Fundamental Clustering Problems Suite [35]. We have
intentionally chosen low dimensional data in order to be
able to visually evaluate the results. An overview of the
datasets used can be found in Table 1.

As objectives during the multi-objective evolution we
used AIC and SD index in all cases. The advantage is com-
bination of two measures that are based on very different

IThere are several versions of this evaluation method, sometimes it
is referred as NM Iy

Dataset C-RAND | C-MO | k-means
aggregation 0.75 0.84 0.84
atom 0.39 0.61 0.28
chainlink 0.07 0.50 0.07
complex8 0.59 0.64 0.59
complex9 0.64 0.66 0.65
diamond9 1.00 0.87 0.97
jain 0.36 0.51 0.37
longl 0.00 0.49 0.03
longsquare 0.83 0.86 0.80
Isun 0.54 0.69 0.54
target 0.67 0.57 0.69
tetra 1.00 0.86 0.99
triangle1 0.95 0.78 0.94

Table 3: NMI,,,; score from various artificial dataset clus-
terings. C-RAND uses bagging of 10 k-means runs with
a fixed value k that corresponds to the number of classes in
the given dataset. The same approach is used in the case of
k-means, but without bagging. C-MO is a NSGA-II based
algorithm with criteria AIC and SD index; the number of
clusters is randomized during evolution within the inter-
val 2 to /n. Both C-RAND and C-MO use the COMUSA
algorithm to form final (consensus) partitioning. The NMI
values are averages from 30 independent runs.

grounds. We tried using Deviation and Connectivity, as it
was proposed by Handl [19] (and later used by [12]), but
for all tested datasets, our approach was better or at least
comparable with these objectives.

In the case of the COMUSA approach, the multi-
objective selection either improved the final NMI score
or it was comparable with the random selection. There
were only a few exceptions, especially in case of compact
datasets like the 9 diamond dataset which contains a spe-
cific regular pattern that is unlikely to appear in any real-
world dataset (see Table 3). The number of clusters pro-
duces by COMUSA approach was usually higher than the
correct number of clusters and clustering contains many
nonsense clusters. Despite these facts the NMI score does
not penalize these properties appropriately.

Agglomerative clustering of the co-association matrix
despite its high computational requirement provide pretty
good results. Nonetheless in the case of the chainlink
dataset there is over 50% improvement in NMI. It is im-
portant to note, that for HAC-RAND and HAC-MO we
did not provide the information about the correct number
of clusters. Still these methods manages to estimate num-
ber of clusters or at least provide result that is very close
to the number of supervised classes.
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Dataset HAC-RAND | HAC-MO
aggregation 0.74 0.71
atom 0.44 0.68
chainlink 0.47 0.99
complex8 0.72 0.71
complex9 0.71 0.70
diamond9 0.83 0.75
jain 0.61 0.60
longl 0.73 0.81
longsquare 0.73 0.89
Isun 0.66 0.71
target 0.40 0.40
tetra 0.75 0.99
triangle1 0.78 0.89

Table 4: NMI,,, score from the clustering of various
artificial datasets. As a consensus method, hierarchical
agglomerative clustering (with complete linkage) of co-
association matrix is used. In the case of HAC-RAND
we run 10 independent k-means clusterings with a ran-
dom number of clusters (between 2 and /n), then form
a co-association matrix and finally run agglomerative clus-
tering of the matrix. HAC-RAND works in very similar
manner, but instead of the first step a multi-objective evo-
lution of k-means is performed. 10 dominating solutions
are selected and the rest of the algorithm is the same.
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Figure 2: Typical clustering longsquare dataset using
k-means (k = 6). K-Means algorithm fails to reveal non-
spherical clusters (Ajusted Rand Index = 0.94, NMI =
0.85).

6 Conclusion

During our experiments we have shown that careful se-
lection of clusterings for the ensemble process can signif-
icantly improve overall clustering quality for non-trivial
datasets (measured by NMI).

It is interesting that non-spherical clusters could be dis-
covered by consensus function when agglomerative hier-
archical clustering is used (compare Fig. 2 and 3).

Using a multi-objective optimization for clustering se-
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Figure 3: Consensus of 10 independent k-means runs on
the longsquare dataset using k = 6. The co-association
matrix obtained was clustered using hierarchical clustering
(average linkage). The resulting clustering is qualitatively
better than a single k-means run, however it contains noise
in all clusters (Ajusted Rand Index = 0.99, NMI = 0.95).
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Figure 4: Consensus of 10 independent k-means runs on
the longl dataset using k = 6. On many datasets setting
the correct k does not improve the quality of the resulting
clustering. The co-association matrix obtained was clus-
tered using hierarchical clustering (average linkage).

lection improved the overall quality of clustering results,
however ensemble methods might produce noisy cluster-
ing with a higher evaluation score. Noisy clusterings are
hard to measure with current evaluation metrics, therefore
it might be beneficial to include an unsupervised score in
the results. In further research we would like to exam-
ine the process of selecting optimal objectives for each
dataset.

Acknowledgement

The research reported in this paper was supported by the
Czech Science Foundation (GACR) grant 13-17187S.



Using Multi-Objective Optimization for the Selection of Ensemble Members

113

Y *e . K
o
12 S S * :.0
. . * 4 37
w| *% . e
Sl 23
L3 A4

Figure 5: Consensus of 10 independent k-means runs on
the trianglel dataset using k = 6. In this case the consen-
sus produces a nonsense cluster that mixes items from 3
other clusters together.

Figure 6: Single k-means runs on the longl dataset using
k = 2. K-Means algorithm fails to reveal non-spherical
clusters. Both supervised indexes Ajusted Rand Index and
NMI assigns this clustering score 0.0, even though there is
50% assignment error.
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Abstract: This paper presents a strategy for the optimi-
sation of the operational conditions of the catalytic trans-
formation of Bioethanol into Olefins (BTO) process. The
variables to optimise are the main operating variables of the
process (temperature, space-time and water content in the
feed), and the objective function is to maximise the total
production of olefins. The proposed strategy is based on
evolutionary algorithms guided by surrogate models used to
simulate the process behaviour under different experimen-
tal conditions. This paper compares the optimisation results
of the BTO process obtained using an existing mechanistic
model with those obtained with a surrogate model. The
results suggest that the proposed methodology achieves
similar results than those using mechanistic models but
43 times faster. This is a preliminary study where only
constant set points have been tested; further research will
include dynamic optimisation of the operational conditions
by testing expected dynamic trajectories for each operating
variable.

1 Introduction

Nowadays, we are becoming aware that crude oil is a finite
source of energy and raw material. Therefore, our society
begins to impulse the sustainable development using alter-
native sources of energy and raw materials, such as coal
or biomass. In nature, being 170 billions tones of biomass
annually produced, only the 3-4 % is exploited. Thus, there
is a huge quantity of biomass available for its valorization
as raw material to obtain biofuels and other chemical prod-
ucts [6]. Consequently, the scientific developments in this
field are very important in order to advance in a future
post-petroleum society and to reduce our dependency from
the petroleum and its derivatives. The development of new
tools to study the optimal operation of biomass transforma-
tion processes for a future scaling up to industrial level is a
new interesting research line.

An important biomass transformation process is the
Bioethanol-To-Olefins (BTO) process. The use of biomass
as raw material has a great interest as an alternative to
the petrochemistry for the production of light olefins like
ethylene and propylene. The use of the computational intel-
ligence in this research field can improve the optimisation
procedures and allow faster developments in the design and
optimal operation of the production processes.

The optimal control laws of biorefinery production pro-
cesses are mainly unknown. Therefore, it is necessary to
test several operational conditions over the whole opera-
tional range to study the influence of each manipulated
variable on the final production objectives.

One of the key points for the implementation of the
BTO process is to perform an advanced control strategy
by adjusting the operating variables to maintain product
quality while extending the lifespan of the catalyst. Due
to the influence of multiple variables simultaneously over
the reaction kinetics and the catalyst deactivation, it is nec-
essary to develop advanced optimisation strategies of the
operational conditions that guarantee specific production
objectives without exceeding the operation limits to avoid
an irreversible deactivation of the catalyst.

Therefore, the search of the parameters and operational
conditions that allow to reach those production objectives
give rise to optimisation problems in which the calcula-
tion of an analytic solution can present some difficulties
with conventional search techniques [19]. While these tech-
niques require characteristics of the process or from the
optimisation problem, such as gradients, Hessians or linear-
ities, to calculate the next points; there are stochastic search
techniques as the Evolutionary Algorithms (EA) that solve
the optimisation problems only with stochastic rules.

In the field of chemical engineering, there are several
applications where these algorithms have been employed
for the design, optimisation and optimal control of chemi-
cal reactors and plants [8, 1], such as in fermentation pro-
cesses with fed-batch reactors [19] or to optimise the opera-
tional conditions of industrial scale reactor [ 18] or chemical
plants [16].

To perform a dynamic optimisation of a process or reac-
tor, one of the problems is that each cost function evalua-
tion may require from minutes to hours of calculation time,
and when using EA hundreds of evaluations are generally
needed [14]. Therefore, as knowledge models use to be
non linear (and hence difficult to be solved, even numer-
ically), surrogate models are commonly used to simulate
the real process during its optimisation [13, 10]. Thanks
to their characteristics, Artificial Neural Networks (ANN)
are being increasingly used as a modelling technique for
process simulation using evolutionary optimisation tech-
niques [2, 5].

ANN attempt to mimic the structural principles of the
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biologic brains to learn the existing relations inside input-
output datasets. They have been able to successfully model
any type of complex models and chemical reactors, such
as batch reactors [7, 12], laboratory or industrial scale re-
actors [15] or even catalytic reactions as in the case of the
BTO process [11].

The present work has the objective of performing an
optimisation of the Bioethanol-To-Olefins (BTO) process
in order to maximise the olefins total production while ex-
tending the catalyst lifespan. The BTO process, as other
biomass transformation processes, uses a specific catalyst
to stimulate the formation of a specific product at the reac-
tor output. This catalyst is deactivated with time depending
on the operational conditions. Therefore, in the design
and optimisation of new catalytic transformation processes,
such as the BTO process, there are two aspects to take into
account in order to maximise the production of the desired
product: the composition of the catalyst and the operational
conditions. In the first case, different approaches based
on soft computing techniques have been proposed to op-
timise the catalyst composition [17]. For the operational
conditions, we can find some studies for different processes
but without catalyst deactivation [16] or only in a discrete
way [9]. In this work, we proposed a strategy to study the
optimal dynamic operational conditions (with a specific
catalyst composition) to achieve the optimal production
results, taking into account the catalyst deactivation to de-
sign an optimal operation policy that not only maximise
the production objectives but it is also able to counteract
the catalyst deactivation.

This paper presents the preliminary results for the opti-
misation of constant operation set points. The optimisation
objectives are the operating conditions that govern the BTO
process. The optimisation process has been implemented
using computational intelligence algorithms. An EA ex-
plores the possible optimal solutions guided by a surrogate
model of the process based on ANN that is integrated in its
evaluation function.

The paper is organized as follows: Section 2 presents
the BTO process. Next, Section 3 describes the proposed
methodology for the optimisation of the BTO process. Sec-
tion 4 presents the obtained results. The conclusions and
future works are finally summarized in Section 5.

2 BTO Process

The BTO process consists in the catalytic transformation
of bioethanol into olefins over an acid catalyst. This is a
key process in the concept of sustainable refinery, incor-
porating biomass or derivatives as an alternative feedstock
to petroleum. This process uses a very selective catalyst
to maximise the olefins conversion rate (Xp). However,
this catalyst is deactivated due to the accumulation of coke.
Therefore, when the catalyst reaches a minimum activity
value, it is necessary to stop the production step and carry
out the catalyst regeneration phase. In addition, the regen-
eration does not achieve the total catalyst recovery, so the

number of possible cycles of production-regeneration is
also limited. Depending on the operational conditions, both
the production and the catalyst deactivation reversibility
will be affected.

Therefore it is necessary to explore experimentally those
operational conditions that fulfill the desired objectives,
which would be very costly and complicated. The use
of EA and surrogate models to explore those operational
conditions is much more practical and reasonable.

The following variables are the main operating variables
that govern the behaviour of the BTO process:

e Operating variables:

T: reaction temperature (K).

X,,: mass fraction of water based on the equivalent
mass of ethylene in the reactor feed (gwwerg_l).

‘/VFI:TO1 : space—time (gcatalysth7 ! (gethanol )) .
e Activity level:

a: catalyst activity. The activity has been consid-
ered as a disturbance that quantifies the rate of
catalyst deactivation by coke.

In previous works, experimental runs of this process
were carried out in an automated device equipped with an
isothermal laboratory scale fixed bed reactor connected on-
line to a gas chromatograph and a micro-GC for the analysis
of the reaction product (see Figure 1). Details about the
reaction equipment, catalyst preparation and experimental
methodology can be found in previous works [3, 4].

Figure 1: Diagram of the reaction equipment used to obtain
the experimental data.

3 Methodology

This section presents the proposed dynamic optimisation
strategy using Soft Computing techniques. An EA guided
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by an ANN based surrogate model of the process is pro-
posed. The surrogate models are used in the evaluation op-
erator to simulate the process behaviour under each opera-
tional condition proposed by the EA. The results will be val-
idated with an existing mechanistic model (MECH) [3, 4],
since the experimental validation is not technical or eco-
nomically viable.

The EA and the BTO process models (both the MECH
and the surrogate) have been implemented using the pro-
gramming package MATLAB™ (version 8.0, 2012b, Math-
works Company). Simulation and optimisation have been
carried out in an PC with an Intel® Core™ i5-2467M
CPU at 1.6 GHz and 4.0GB of physical memory (RAM).

3.1 Surrogate Model

Chemical knowledge models are generally computationally
very demanding to be used in evolutionary approaches [14].
Thus, in this work, an ANN based surrogate model is pro-
posed to dynamically simulate the process behaviour.

A nonlinear autoregressive with exogeneous inputs
(NARX) neural network topology has been selected to
model the BTO process. The developed ANN model esti-
mates the olefins conversion rate at the reactor output (Xp)
using as inputs the previously mentioned process operat-
ing variables (T, Xw ,W Fy)), the catalyst activity level ()
and the previously estimated output values in a recursive
loop Xo).

An iterative methodology modifying the number of lay-
ers and neurons in each layer has been carried out in order
to select the neural model structure that better fits the pro-
cess using the Leave-One-Out Cross-Validation (LOOCYV)
technique. This technique consists of setting aside a set of
experiments (representing unique operational conditions)
from the model training phase and only using them for
the validation phase. The process is repeated until every
single set of experiments is used in the validation stage.
These type of techniques test the generalization capability
of a model structure.

Consequently, the available data are divided into training,
validation and test datasets. The training and validation
datasets are used in the model structure selection. The
first ones are used to train several models with different
structures. Aspects such as the number of hidden layers, the
neurons in each layer or the connections between neurons
are iteratively modified. The performance of each model is
tested and compared following the LOOCYV procedure.

Once the neural model structure is selected, the final
model is trained with all the available data except from
the test dataset which is used to validate the fitted model.
The Levenberg-Marquardt Algorithm has been used for the
training and the main comparison criterion has been the
Root Mean Squared Error (RMSE) of the model (Equa-
tion (1)).

n

1 N
;Z(XO_X0)2~ (L

i=1

RMSE =

A first ANN model, trained only with experimental data,
was able to describe correctly the process behaviour for the
experimentally tested operating conditions (see Section 4).
However, for optimisation purposes, it is necessary to test
several operating conditions where limited experimental
data are available. In particular, the dataset does not contain
any experiment describing the dynamic behaviour of Xy
and WF, E(;- To provide the ANN with the required infor-
mation about the process behaviour in the whole operating
range, some experiments were simulated with the MECH
model and introduced in the training dataset.

3.2 Optimisation Problem

The aim of this optimisation problem is to obtain the oper-
ational conditions that achieve the best production results
per amount of catalyst needed. Due to the catalyst deacti-
vation, is important to bear in mind the deactivation rate,
keeping in the whole simulation time the catalyst activity
and the olefins production rate over the established mini-
mum value of 0.10. Therefore, the Equation (2) defines the
objective function in order to maximise the total production
of olefins.

/TXO (T, X, WF;,)dt
0

max —
Wk,

T.Xw,WFgo

2)

Please note that there are two stopping criteria (T constant
in the upper bound of the integral):

e The catalyst involves a major process cost. Therefore,
to maximise the production per amount of catalyst
we have set a lower bound on the activity in order to
reduce the total production costs. This bound has been
set to 0.10 (a < 0.10).

e In order to maintain the production, it is needed that
the olefins conversion rate does not decrease below
the 0.10 (Xp < 0.10).

If any of the above criteria are passed over, we consider that
the production has reached its maximum span and should
be stopped to proceed with a catalyst regeneration phase.

The operating variables to optimise are bounded based
on the physical-chemical properties of the process. In
fact, for the temperature (7'), 573K is the inferior bound
where the complete dehydration of the ethanol happens
and 673K is the upper bound to avoid the irreversible de-
activation of the catalyst. The variable Xy will range
between [0.0821,4.8889] and WF,, will range between
[0.068,1.525] respectively. Please note that those inter-
vals have been chosen as are the ones used to adjust the
mechanistic model [3, 4].

As previously stated, in order to solve the optimisation
problem an EA has been used. In particular we have im-
plemented a Genetic Algorithm (GA). Table 1 summarizes
the principal parameters of the EA used. The surrogate
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Parameter  Value
Individuals  Vector of real numbers
Population 50 individuals
Generations 200 generations

Olefins Production

Random (uniform) initialization
4-Tournament

Arithmetic crossover

Adaptive mutation

True

Fitness Operator
Genesis Operator
Selection Operator
Crossover Operator
Mutation Operator
Elitism

Table 1: Main parameters of the GA used to optimise the
operational conditions.

model previously developed will be used now to simulate
the temporal behaviour of the process under the operating
constant set points provided by the GA.

4 Results

In this section the results obtained for the modelling and
optimisation of the BTO process are shown. Following
the modelling procedure mentioned above, an ANN based
surrogate model, with the topology showed in the Figure 2,
has been implemented.

Figure 2: Feed-Forward ANN topology for the BTO pro-
cess model.

Table 2 shows the mean estimation errors of the mecha-
nistic and surrogate models for the experimental data. The
discrepancy between both models is rather low, but the
surrogate model simulates the process behaviour 43 times
faster.

Model RMSE (g,g~ 1)
MECH 0.0323
ANN 0.0387

Table 2: Root mean square error of the mechanistic
(MECH) and surrogate (ANN) model to experimental data.

1

waterd MECH
~—ANN

!

Xw =0.888 g
gl T=673K
. WIF_ =025g

\

-1
calalysth(gethanol)

' Production (ANN) = 61.5311 9, g;;taw
| Production (MECH) = 60.3583 g, g

catalyst

time on stream (h)

Figure 3: Comparison of the estimation generated by the
MECH and ANN models for a test experiment.

-1 -1
MECH (gogcatalyst) ANN (gn gcamlyst)
HProduction OProduction HProduction OProduction
70.2204 0.6385 63.7376 1.6946

Table 3: Comparison of the mean production results for the
“optimal” operational conditions when repeating several
times the evolutionary optimisation using the mechanistic
(MECH) and surrogate (ANN) models.

Figure 3 represents the estimates of the process be-
haviour calculated with both models for a test operational
conditions that were excluded for the training procedure.
The ANN model has been validated using the testing dataset
(see Section 3), obtaining a root mean squared error of
0.0323 g,g~! for the whole test experiments. These results
show the capacity of the ANN to properly assimilate and
reproduce the BTO process dynamics in the same way as
the mechanistic model.

Once the surrogate model has been validated, the evolu-
tionary optimisation has been carried out. Table 3 shows
the mean production results obtained with the “optimal”
operational conditions generated by the EA. Being the opti-
misation procedure stochastic, it has been launched several
times to guarantee its convergence to a local optimum. No-
tice the small deviations repeating all the procedure 50 and
100 times for the mechanistic and surrogate approaches
respectively. Although the standard deviation using the
surrogate model doubles the deviation that results from
using the mechanistic model, in both cases they are still
very small. So we can conclude that the proposed approach
is converging to a local optimum.

Finally, Figure 4 shows the behaviour of the process
under the optimum solution provided by the evolutionary
optimisation using the surrogate model. The maximum pro-
duction has been 68.05 g, g;; alyst” Please note that the max-
imum production using the surrogate model only differs
a5.67 % over the optimisation carried out using the mech-
anistic model, but with much less computation cost. This
maximum is reached by operating the reactor at 645K with
a high content of water in the feed (Xy = 4.875gwme,g_1)
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Figure 4: BTO process performance under the best solution
provided by the evolutionary optimisation guided by the
surrogate model.

and a space-time of 1.293g,/(gerhanor) ~' This water quan-
tity attenuates the catalyst deactivation, which allows the
extension of the production phase.

5 Conclusions

An optimisation strategy for the catalytic transformation
of Bioethanol-To-Olefins (BTO) process based on com-
putational intelligence has been presented. The proposed
evolutionary optimisation guided by an Artificial Neural
Networks based surrogate models has been able to opti-
mise the process obtaining similar results than those ob-
tained when using a mechanistic model but 43 times faster.
A clear optimum has been defined. The optimum opera-
tional conditions have shown to be, temperature: 645K;
water quantity in the feed: 4.875g,uerg”'; space-time:
1.293g,/(gehanot) ' These operational conditions allow
to extend the catalyst lifespan maximising the production
phase and hence the total production.

The presented results are a preliminary study on the op-
timisation of the BTO process looking only for constant
set points that maximise the production objectives. This
has been the first step for a more complex dynamic op-
timisation of the process, in which the optimal dynamic
trajectory for each operating variable will be described. In
this line, several trajectory types will be defined for each
of the operating conditions to study the process dynamic
behaviour.
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Abstract: Over fairly recent years the concept of an ar-
tificial sport trainer has been proposed in literature. This
concept is based on computational intelligence algorithms.
In this paper, we try to extend the artificial sports trainer
by planning fitness training sessions that are suitable for
athletes, especially during idle seasons when no competi-
tion takes place (e.g., winter). The bat algorithm was used
for planning fitness training sessions and results showed
promise for the proposed solution. Future directions for
development are also outlined in the paper.

1 Introduction

Sport becomes highly addictive for many people in the
world. A few decades ago, people around the world spend
their free time doing different activities, like: short walks
through the park, visiting the cinema or galleries, fish-
ing, visiting a thermal spa and also meet friends. A lot
of leisure studies also proved this. However, over recent
decades, lifestyles have been substantially changed espe-
cially because of globalization that has transformed the
whole earth into a global village. Due to a lack of time
as well as personal willingness, people do not want to live
like they used to. For this reason, different kind of new
activities have emerged over recent past years. One of
the bigger revitalizations has been sport which has became
extremely in popular because of the emergence of differ-
ent mass sports events. For instance, the main mass sport
events are:

e Triathlon - This discipline consists of three sports:
swimming, cycling and running. Additionally, there
are different distances which vary from short via
medium to long distances. One of the more famous
distances is the Ironman triathlon [1, 2, 3], which is
also known as the hardest one day sport event. Iron-
man consists of 3.8 km of swimming, 180 km of cy-
cling and 42.2 km of running.

e Road marathons - A road marathon [4] consists of
42.2 km pure running and is a challenge for myriad
of people. Big city marathons especially are the most
popular and attract large numbers of runners. Some
marathons can accommodate more than 40,000 run-
ners [5, 6].

e Recreational cycling marathons - This kind of
mass [7, 8] sports events was very popular approxi-
mately 10 years ago but still represents a challenge
for numerous participants. The current world eco-
nomic problems increased the prices of cycles and
consequently less participants could participate on
cycling marathons.

Participants of the mentioned events participate mostly
because of two goals. The first goal is to enjoy (in other
words: to have a nice time) and the second is to finish the
trial. Usually, finishers are awarded with medals which
are big stimulants for participants. In this case, every year
many more participants have also began to take these com-
petitions more seriously, i.e., semi professional. In line
with this, they invest much more time in preparations for
competitions. Unfortunately, there is a long way for good
preparations for such kinds of competitions. This good
preparation consists of proper sports training, good eat-
ing and also good resting. To maintain all these factors as
high as possible is very hard for numerous athletes, since
they do not have enough experience. Newbie athletes es-
pecially suffer from the unwanted effects of irregular train-
ing called over-training syndrome [9, 10, 11] which is re-
flected in reduced form. One of the possible solutions for
avoiding this is to hire a personal trainer or join diverse
training groups. However, these cost a lot of money and
therefore many of them can not afford them.

In order to break this barrier, we began the development
of an artificial sport trainer. An artificial sports trainer
was presented recently in [12] and is based on computa-
tional intelligence [13] algorithms that are able for plan the
sports training over both short-term and long-term. This
trainer is also able to discover the different habits of ath-
letes, avoid over-training, etc. Data for the artificial sports
trainer are obtained from sports trackers [14] and sports
watches like Garmin.

This paper, extends the artificial sport trainer with plan-
ning fitness training sessions. These kinds of training ses-
sions are very important for athletes especially during idle
seasons. In Europe, the idle season is usually during win-
ter months when the athletes prepare their form for the
whole season. Planning fitness sessions were performed
using a bat algorithm [15, 16] which is a member of the
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computational intelligence family. The planning of the
fitness sessions was defined as a constraint satisfaction
problem, where the bat algorithm searches for feasible so-
lutions arising when the number of constraint violations
achieved the value of zero.

Organization of the remainder of this workshop paper
is as follows: in section 2 we discuss about characterists
of fitness training, while section 3 presents swarm intelli-
gence algorithms and bat algorithm. Experiments and re-
sults are presented in section 4, while section 5 concludes
the paper.

2 Characteristics of Fitness Training

This study, focused on fitness training in regard to cycling.
Incorporation of strength training in cyclists preparatory
periods has received more attention over the last two
decades. Most of the serious and competitive cyclists also
include strength training in their training programs. It is
also evident in some previous research that adding strength
training to an endurance training program can increase en-
durance performance [17, 18].

A combination of endurance and strength training (con-
current training) might therefore be a potential training
strategy for promoting muscle oxidative capacity. It might
be related to an improved cycling economy, as observed
after adding strength training to the ongoing endurance
training, namely because a stronger muscles at a certain
intensity operates longer with a lower percentage of max-
imum capacity. It is well-known that adding strength
training to endurance training can increase the maximal
strengths and rate of force developments in cyclists. In
theory, this may improve pedaling characteristics by in-
creasing peak torque in the pedal stroke, reducing time
to peak torque and reducing the pedaling torque relative
to maximal strength, which in turn may allow for higher
power output and/or increased blood flow.

The most important thing for developing a cycling
strength program is to know, which muscle groups are
the most active during the pedal stroke. Some previous
studies have detected a strong correlation between cycling
performance and some strength exercises, like leg presses,
squats, and deadlifts [17, 18, 19, 20]. Some of the more
useful exercises for fitness training are presented in Figs. 1
to 3.

Figure 1: Deadlift exercise

Figure 2: Squats exercise

Figure 3: Lunge exercise

For the smart planning of sports training, quantifica-
tions, regulating the intensity of a workout is the key for
success as indicated as basic knowledge in sports training
literature. This fact also holds for fitness training. As an
estimate of the intensity of a fitness workout, two main
measures are employed like a:

e the number of repetitions per set of exercises (NR),

e the maximum amount of weight that can be generated
in one maximum contraction (1RM).

The logic behind the first measure is as follows. The heav-
ier the weight, the higher the intensity and the fewer rep-
etitions (also reps) an athlete will be able to lift it for. On
the other hand, the 1RM determines the desired load for
an exercise (typically as a percentage of the IRM). Let us
notice that a coach determines the measure of 1RM for
a definite athlete using tests at the beginning of the fitness
training and then calculates the number of repeats (NR) in
regard to this characteristic value.

3 Swarm Intelligence Based Algorithms

Swarm intelligence (SI) is a paradigm that belongs to com-
putational intelligence (CI). According to the [21], SI con-
cerns the collective, emerging behavior of multiple, inter-
acting agents that are capable of performing simple ac-
tions. While each agent may be considered as unintel-
ligent, the whole system of multiple agents shows some
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self-organizational behavior and thus can behave like some
sort of collective intelligence. The basic pseudo-code of
SI-based algorithms is presented in Algorithm 1. Nowa-
days, the bat algorithm is one of the promising members
of the SI family. It is very easy to implement and shows ef-
ficient results especially when solving small dimensional
problems.

Algorithm 1 Swarm Intelligence
initialize_population_with_random_candidate_particles;
eval = evaluate_each_particle;
while termination_condition_not_meet do
move_particles_towards_the_best_individual;
eval += evaluate_each_particle;
select_the_best_individuals_for_the_next_generation;
end while

AN G

Next subsection describes the mentioned algorithm in
detail.

3.1 Bat Algorithm

The bat algorithm was developed by Yang in 2010. The
main purposes of this algorithm were to be: simple, effi-
cient and applicable to varios problem domains. The inspi-
ration for the bat algorithm came from the phenomenon of
the echolocation characteristics of some types of micro-
bats. Developer used a three simplified rules describing
the bat behavior, as follows [22]:

e All bats use echolocation to sense distance to target
objects.

e Bats fly randomly with the velocity v; at position x;,
the frequency Q; € [Qmin, Omax| (also the wavelength
A), the rate of pulse emission r; € [0, 1], and the loud-
ness A; € [Ag,Amin]. The frequency (and wavelength)
can be adjusted depending on the proximities of their
targets.

e The loudness varies from a large (positive) Ap to a
minimum constant value A,;,.

The algorithm’s pseudo-code is presented in Algorithm 2.
The main bat algorithm components [23] are summa-
rized as follows:

e initialization (lines 1-3): initializing the algorithm
parameters, generating the initial population, evalu-
ating this, and finally, determining the best solution
Xpes: 10 the population,

e generate_the_new_solution (line 6): moving the vir-
tual bats in the search space according to the physical
rules of bat echolocation,

e local_search_step (lines 7-9): improving the best
solution using random walk direct exploitation
(RWDE) heuristic,

Algorithm 2 Bat algorithm

Input: Bat population x; = (x;1,...,x;p)7 fori=1...Np,
MAX_FE.
Output: The best solution Xp. and its corresponding
value fii;, = min(f(x)).

1: init_bat();

2: eval = evaluate_the_new_population;

3: fmin = find_the_best_solution(X,); {initialization}
4: while termination_condition_not_meet do

5. fori=1toNpdo

6: y = generate_new_solution(x;);

7: if rand(0,1) > r; then

8: y = improve_the_best_solution(Xp,y)

9: end if{ local search step }

10: Jfaew = evaluate_the_new_solution(y);

11: eval = eval + 1;

12: if fuew < fiand N(0,1) < A; then

13: Xi =Y; fi = fnews

14: end if{ save the best solution conditionally }
15: fmin=find_the_best_solution(Xp;);

16:  end for

17: end while

e cevaluate_the_new_solution (line 10): evaluating the
new solution,

e save_the_best_solution_conditionaly (lines 12-14):
saving the new best solution under some probability
Aj,

e find_the_best_solution (line 15): finding the current
best solution.

Generating the new solution is governed by the follow-
ing equation:

Ql(t) = Qmin + (Qmax - Qmin)N(Oa 1)7

v = v 4 (x — best)Q\"), (1)
Xl(t+l) _ X,@ —I—VEZ-H),
where N(0, 1) is a random number drawn from a Gaussian
distribution with zero mean and a standard deviation of
one. A RWDE heuristic implemented in the function im-
prove_the_best_solution modifies the current best solution
according to the equation:

x(® = best + 4" N (0, 1), &

where N(0,1) denotes the random number drawn from
a Gaussian distribution with zero mean and a standard de-
viation of one, € being the scaling factor, and Ait) the loud-
ness.

Contemporary work on bat algorithms captures many
variants and application domains. Some recent works are
presented in papers [24, 25, 26, 27, 28]
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3.2 Bat Algorithm for Planning Fitness Sessions

Based on the original bat algorithm, we have developed
a modified bat algorithm for planning fitness sessions. De-
velopment of this algorithm demanded the following four
steps:

e determining the fitness exercises,

e defining constraints,

e modifying the original bat algorithm,

e representing the results and their visualizations.

In the remainder of this paper, all these steps are described
in detail.

Selecting Fitness Exercises. We need to determine spe-
cific exercises for different muscle groups before the fit-
ness training can start. Although sports medicine recog-
nizes more than 15 muscle groups that must be included
within fitness training, we focus on four groups (i.e., legs,
core, arms and back) in this preliminary study. Further-
more, some of these groups can be repeated during the
training. Each muscle group is associated with three pre-
scribed exercises as presented in Table 1.

’ Muscle groups H Exercise ‘

LEGS LEG PRESS, SQUATS, LUNGE
CORE LEG SCISSORS, PLANK, LEG LIFTS
ARMS PULLDOWN, PUSH UPS,
UNDERARM ISOMETRIC EXERCISE
LEGS LEG PRESS, SQUATS, LUNGE
BACK BACK EXTENSION, DEADLIFT,
BAR ROWS
CORE LEG SCISSORS, PLANK, LEG LIFTS
LEGS LEG PRESS, SQUATS, LUNGE
ARMS PULLDOWN, PUSH UPS,
UNDERARM ISOMETRIC EXERCISE

Table 1: Muscle groups and associated exercises

On the other hand, the intensities of the exercises must
be determined in a fitness training plan. This intensity is
associated with a measure 1RM measured for a specific
athlete. Here, three levels of intensity are supported in our
study, where each level is mapped according to the 1RM,
as can be seen in Table 2.

Intensity H 1RM measure
HIGH IRM > 80%
MEDIUM || 60% < 1RM < 80%
LOW IRM < 60%

Table 2: Intensity mapping

Note that the data in Tables 1 and 2 were specified ac-
cording to the suggestions of fitness trainers.

Defining constraints The purpose of the fitness training
plan is to prescribe sufficient numbers of exercises for each
of the prescribed muscle groups, their number of repeats
(NR) and the proper intensities (% 1RM) such that an ath-
lete simultaneously develops all the muscle groups needed
for building the cyclist’s basic form. Therefore, trainers
determine the proper amount of a specific exercise in the
plan in regarding to the others. In order to regulate the re-
lations between exercises in the fitness training plan, the
following constraints are defined:

e at least four exercises must have the number of re-
peats over 25 times (i.e., NR>25),

e cach training plan should have at least two exercises
of high intensity,

e cach muscle group repeating in Table 1 more than
once does not have the same exercise,

o if the last exercise in the fitness training plan was
of higher intensity, the next exercise should be of
medium or high intensity.

In the remainder of this paper, these constraints were
captured within the algorithmic structure of the original
bat algorithm for planning the fitness training plan.

Modifying the original bat algorithm Each solution in
the modified bat (MBA) algorithm consists of 24 floating-
point elements representing the fitness training plans for
some athlete. The elements of the solution are divided into
three groups of elements. In other words, the solution is
expressed as

T
Xi = (Xils- 5 Xi8,Xi05 - - -1 Xil65 Xi17, - -, Xi24) 5, (3)

where elements x;1,...,x;3 denote exercises from Table 1,
X9, - .., Xj16 are the number of repeats NR and x;17, . ..,Xi4
the corresponding intensity, respectively. This means,
each fitness training plan consists of eight exercises with
an assigned number of repeats and corresponding intensi-
ties. While the number of repeats is selected from inter-
val NR € [1,40], parameters exercises and intensities are
drawn from the interval [0, 1], and their proper values are
encoded as indices into a discrete set of features according
to the following equations

ex(x,-.j) = (3.0~x,-,ﬂ,
int<xi,j) = B.O-X,’)ﬂ,

for j=1,...,8, “)
for j=17,...,24, (5)

where ex(x; j) and int(x; j) determine the element in the
feature sets as represented in Tables 1 and 2. For instance,
the function intensity can obtain the following values from
the feature set

HIGH, if0<ux;<1,

int(x; ;) = { MEDIUM, if 1 <x;; <%,
LOW, if £ <ux;; <1,
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respectively. The planning of the fitness training sessions
is defined as a constraint satisfaction problem that is for-
mally defined as

k<4
Minimize f(x;) = ) xx(xi),
k=1

15
subject to Z v >4,

j=8
24
Z Zj 2 25
=16
Xil # Xia F Xi7 NXi2 # Xig NXi3 7 Xig,
int(xi7j) = HIGH = in[(xi,j+1) 75 HIGH,

where
o +1 ifxi7j225,
YIT 140 otherwise,
and
41 ifint(x; ;) = HIGH,
“7+0 otherwise,

The proper solution to the problem is found, when the

f(x)=0.

Representation of Results. Although the results could be
visualized, the numerical results in the tables are presented
only in this preliminary version of the modified bat algo-
rithm.

4 Experiments and Results

The results of our experiments are illustrated in Tables 3
to Table 5, where the tables represent the three sets of ex-
ercises. An athlete has some free time for resting after
finishing each set. We run algorithm 25 times and after the
run we selected three generated training sessions which
were successfully found by bat algorithm.

| Exercise | RepsINR] [ Intensity[IRM] |
LUNGE 26 HIGH
LEG SCISSORS 23 LOW
PULLDOWN 18 MEDIUM
SQUATS 27 HIGH
BAR ROWS 40 MEDIUM
LEG LIFTS 22 HIGH
LEG PRESS 35 MEDIUM
PUSH UPS 39 LOW

Table 3: First set of fitness workouts

The obtained results were evaluated by human trainer
who evaluated and approved it. The obtained results con-
firm that the idea of automatic fitness training sessions was
worth investigation and the promising results also show
the potentials of the solution when used in practice. On
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’ Exercise H Repeats H Intensity
SQUATS 34 LOW
LEG SCISSORS 22 MEDIUM
UNDERARM ISOMETRIC 40 HIGH
LEG PRESS 15 LOW
BAR ROWS 36 HIGH
LEG LIFTS 27 LOW
LUNGE 15 MEDIUM
PULLDOWN 22 LOW

Table 4: Second set of fitness workouts

Exercise H Repeats H Intensity
LEG PRESS 21 HIGH
LEG LIFTS 29 MEDIUM
UNDERARM ISOMETRIC 28 MEDIUM
LUNGE 39 MEDIUM
BACK EXTENSION 15 LOW
PLANK 35 MEDIUM
SQUATS 25 HIGH
PUSH UPS 38 MEDIUM

Table 5: Third set of fitness workouts

the other hand, we would also like to present some prob-
lems and bottlenecks which we encountered during devel-
opment. Firstly, it seems that it will be good to test our idea
with evolutionary algorithms in the future. Experiments
showed that the success of the bat algorithm in satisfying
all constraints was about 25% of runs only. The problem
is that the bat algorithm is highly dependent on the best
solution. From this reason, our algorithm went into local
optimum a lot of times. We believe that advanced mech-
anisms e.g. arithmetic crossover would behave much bet-
ter. Moreover, using adaptive and self-adaptive bat vari-
ants could also be suggested since we spent a lot of time
tuning parameters. On the other hand, many more con-
straints should be defined in order to have very precise
solutions which should be very similar to those solutions
created by the human sport trainer.

5 Conclusions

In this workshop paper, we presented a simple, yet effi-
cient solution for planning fitness training sessions auto-
matically. The bat algorithm was employed in order to
tackle this problem. This algorithm successfully generated
training sessions which were evaluated and confirmed by a
human trainer who had more than 20 years of experience.
In the future, there are many tasks to do in this direction
like for example testing with other nature-inspired algo-
rithms, employing arithmetic crossover and taking more
constraints and exercices into account.
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Abstract: Researching artificial intelligence (Al) is a big
endeavour. It calls for agile collaboration among research
teams, fast sharing of work between developers, and the
easy testing of new hypotheses. Our primary contribution
is a novel simulation platform for the prototyping of new
algorithms with a variety of tools for visualization and de-
bugging. The advantages of this platform are presented
within the scope of three Al research problems: (1) mo-
tion execution in a complex 3D world; (2) learning how
to play a computer game based on reward and punish-
ment; and (3) learning hierarchies of goals. Although there
are no theoretical novelties in (1,2,3), our goal is to show
with these experiments that the proposed platform is not
just another ANN simulator. This framework instead aims
to provide the ability to test proactive and heterogeneous
modular systems in a closed-loop with the environment.
Furthermore, it enables the rapid prototyping, testing, and
sharing of new Al architectures, or their parts.

1 Introduction and Related Work

The recent boom in the field of artificial intelligence (AI)
was brought on by advances in so-called narrow Al, rep-
resented by highly specialized and optimized algorithms
designed for solving specific tasks. Such programs can
even sometimes surpass human performance when solv-
ing the single problem for which they were created. But
these narrow Al programs lack one feature which has been
so far widely omitted, partly due to its overwhelming dif-
ficulty: generality.

In order to compensate for this deficiency, the field of
artificial general intelligence (AGI) is bringing the focus
back to broadening the range of solvable tasks. The ul-
timate goal of AGI is therefore the creation of an agent
which can perform well (at human level or better) at any
task solvable by a human. For a more detailed description
of AI/AGI, see e.g. [23].

Pursuing such a goal is a hard task. According to the
scientific method — the only guideline we have — we need
to come up with new theories, design experiments for test-
ing them, and evaluate their results. Such a cycle needs
to be repeated often, because it can be expected to reach
more dead ends than breakthroughs. We don’t know how
to increase the rate of coming up with new ideas, but what
can be improved is the efficiency of research. What we
need is better tools which will simplify the implementa-
tion of new theories, speed up experiments, and help us
understand the results better by visualizing obtained data.

"""" Se e st

foco

Figure 1: Print-screen of our simulation platform.

In this article, we would like to present our attempt to
create such a tool. We here introduce a platform which
allows:

e Easy prototyping of new models and fast sharing of
existing ones (Sec. 4.1)

e Control of an agent in an environment on top of clas-
sic data processing (Sec. 3.3)

e Modular approach — seamless connecting of models
inside a greater architecture (Sec. 2.1)

e Various tools for the visualization of data (Fig. 2)
e Simplified debugging (Sec. 2.2)

e User Friendly GPU programming (Sec. 2.1)

e Scalable due to GPU parallel computation

e Support of several scenarios such as an agent in an
environment, classification, tic-tac-toe etc.

Our platform also includes a variety of visualization
tools and enables easy access to diverse data sets not only
for tasks such as image classification or recognition, but
also scenarios where an agent interacts with its environ-
ment. Last but not least, it is open source and freely avail-
able under a non-commercial license!. The primary goal
of this tool is easy collaboration among both specialists
and laymen for developing novel algorithms, especially in
the field of AL

There are tools, languages, and libraries that are good
in particular areas. In the research community, widely

IThe platform is available as Brain Simulator at http://www.
goodai.com/brainsimulator



128

P. Hro$80, J. Knopp, J. Vitkd, D. Fedor¢ak

used are Matlab [9] and Python [17] for prototyping by
code, platforms that aim at high level graphical model-
ing (Simulink [20], Software Architect [8]), data analy-
sis (Azure [10], Rapid Miner [18]), advanced visualization
(ParaView [15]), rich graphical user interface (Blender [2],
Maya [1]), modular computation (ROS [19]), or specific li-
braries for sharing [7] and parallel computation [3]. Each
of these instruments is important in their specific domain,
but there is none which would cover under one roof the
most prominent features of all of those mentioned. Our
platform is an attempt to fill this niche, and offers both
high-level graphical coding and possibly, but not neces-
sarily, also low-level (i.e. CUDA [3]) programming.

There are several tools for simulating neural networks
(NN). Nengo [11] or OpenNN [14] focus on experiment-
ing with all possible modifications of NN. Unfortunately,
they either lack in visualization or focus on over-specific
design approaches. Moreover, usage of these tools often
requires extensive programing knowledge and installation
of extension packages [4, 13]. In contrast, other tools that
provide rich visualization focus purely on the functions of
our brain. For example, PSICS [16] uses 3D synapse vi-
sualization to show data flow in parts of the brain, Digi-
Cortex [6] nicely visualizes spike activations of the whole
brain in time, and Cx3D [5] simulates growth of the cor-
tex in 3D. Extensive comparison of various neural network
simulators, including our platform (Brain Simulator), can
be found in [12].

It is worth noting that the proposed platform is not lim-
ited to the design of neural networks only. Any algorithm
useful for Al, machine learning, or control can be incorpo-
rated (various mathematical transformations, filters, PID
controller, image segmentation, hashing functions, dictio-
nary, etc., are already included). The heterogeneous char-
acter of the platform is its main advantage.

Throughout this work, we describe our platform in the
following Sec. 2. In Sec. 3, tasks where we show advan-
tages of the platform are introduced. In Sec. 4, we discuss
the experience with our tool and its advantages and weak-
ness in the testing scenarios. The paper is concluded in
Sec. 5.

2 Simulation Platform

Our modus operandi reflects our goals - we are aiming for
a modular cognitive architecture, so we needed an environ-
ment which would efficiently support the whole life-cycle
of experiments, starting with the testing of already existing
algorithms, going through the design of a new algorithm,
and ending with a results evaluation. We developed a plat-
form where various algorithms from machine learning and
narrow Al are available. It is easy to pick some, connect
them, and start experimenting effortlessly. Agile develop-
ment requires frequent testing of new hypotheses, which
is facilitated by an easy way of prototyping new modules
for the platform as well as their fast training and evalua-
tion (accelerated on GPU) on data. After the experiment is

(a)
(b)

©
(d)

Figure 2: Visualization of data. Left: memory block
of a 1 x 3 matrix can be visualized as: (a) value,
(b) color-map, (c) value of each element in time, or
(d) value as a color-map in time. Right: more compli-
cated task-specific visualizations can be implemented too,
i.e.growing neural gas [26].

running, it often happens that its outcome is not what was
expected. Such a simulation platform could not be imag-
ined without a tool for runtime analysis of algorithms.
For this purpose various data observers can be displayed so
the experimenter can visualize the computed data, evalu-
ate performance of the model, and change its parameters
during runtime if needed.

Our platform is tailored to suit two different points of
view of the architecture development process:

e A user who desires quick architecture modeling and
needs fast access to already existing state-of-the-art
modules (such as PCA, NN, image pre-processing
etc.) to experiment with. This perspective requires
no coding and it’s done through graphical modeling.
Furthermore, it is often crucial to have good insight
into the running model, and thus a large set of visual-
ization tools is available (Fig. 2).

e On the other hand, a researcher/developer often re-
quires the creation of a new module or the import of
an already existing library. Our API provides an easy
way for such a module to be created and added to
the inner shared repository. Moreover, the API offers
an opportunity to hook the code to the GUI and bring
needed interactivity. Finally, the API defines a rigid
interface, ensuring that the new module will be com-
patible with other modules.

The platform was designed to meet both needs. It is im-
portant to distinguish between them as a user can be a per-
son interested in machine learning, but less experienced in
programming. Our platform can be a good starting point,
and the learning curve should therefore be smooth enough
to bring the person in effortlessly.

From the experienced researcher/developer point of
view, the platform should provide a convenient set of tools
that can help with the development of novel algorithms
and/or be able to envelope existing work into module that
can be easily shared among a team.

Finally, the community-driven approach renders itself
very powerful and we believe that it can speed up the re-
search vastly. For this reason, we are planning to in-build
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a “module market” to allow for the sharing of state-of-
the-art research results between many co-working teams.

2.1 Platform Meta Model

There are three basic concepts defined in the meta model:
a node, a task and a memory block. The node encapsulates
a functional block or algorithm that can “live” on its own
(e.g. matrix operations, data transformations, various ma-
chine learning models, efc.). A node needs a memory for
its function. The memory is organized into a set of mem-
ory blocks that are aggregated inside the node. Some of
these memory blocks can be designated as output blocks
and others as input blocks. The connection between input
and output memory blocks is provided by the user.

From the functional point of view, the node behaviour
can usually be divided into a set of tasks where each
task is a part of the realized algorithm. Both nodes and
tasks can define a set of parameters. Usually, node pa-
rameters describe structural properties (i.e. size of mem-
ory blocks) whereas task parameters affect behavior. At
present, the memory model is constant during the simula-
tion, and therefore structural properties are editable only in
design time. On the other hand, it is useful to change task
parameters during simulation and observe changes in
behavior of the algorithm/node.

Memory blocks are located at GPU (device memory)
and every task can be seen as a collection of kernel calls
(methods executed on GPU). If two nodes are connected
in the GUI, it means that they have a pointer to the same
memory block (input in one node, output in the other).

If one requires dynamically allocated memory, the user
can either define a memory block that is large enough, or
implement the node only for the CPU (which is more flex-
ible than GPU) using all data structures supported by C#.
The only mandatory requirement is usage of input/output
memory blocks.

All concepts described above can be easily implemented
through rich API that is provided. The actual implemen-
tation relies heavily on annotated code describing various
aspects of the model (UI interactivity, constraints, persis-
tence, efc.). It allows the user to be extremely efficient in
creating model prototypes. Sometimes, this can lead to
unreadable, over-annotated code which is hard to maintain
but this can be eliminated by applying standard software
design patterns like MVC when needed.

2.2 Computation

As described above, the prototyped model forms an ori-
ented graph with nodes and data connection edges. As the
connections between nodes can be any of M — N and re-
current connections are also possible, the resulting graph
can be very complex. Moreover, the usual model is con-
nected to the world node from which “perception” inputs
are taken, and control outputs are passed, forming the main
loop of the simulation.

Before running the simulation, the order of nodes exe-
cution needs to be evaluated. There are other aspects that
level the problem up (e.g. inner cycles, clustering and bal-
ancing of the model in HPC environment) but it usually
boils down to various forms of dependency ordering, cy-
cle detection, or the job shop problem [34]. Solving these
tasks is automated and user/developer assistance is usually
discouraged, but there are use cases where user aid is nec-
essary or can simplify the problem substantially.

There is also another view of the problem of execution
order when faced in the area of machine learning. It turns
out that many of ML methods are surprisingly noise resis-
tant (i.e.neural nets). Therefore, if approached with cau-
tion, one can run the model asynchronously and let inner
parts of the model deal with sometimes temporally incon-
sistent data. We made some experiments and the prelim-
inary results show that relatively complex models can be
run completely without synchronization.

Another aspect of the model execution is GPU enhanced
computation which can speed up the simulation substan-
tially. The main purpose of our simulation platform is fast
prototyping and testing of hypotheses. With increasing
generality the efficiency usually decreases, so one should
not expect top execution speed from our simulation plat-
form. The devised practice is to design, test, and analyze
new architectures, and once the final model is tested and
working, it can be replaced by a specialized, highly op-
timized implementation still within the platform environ-
ment. Finally, it can be argued that the overall time neces-
sary to get from an idea to the final product is much shorter
compared to the classic approach of writing a specific pro-
gram from scratch for each new experiment.

An important part of the development process is the
easy visualization of what is happening at each part of the
designed system. This is especially important for debug-
ging as the most frequent problem is due to the difference
between what the programmer thinks the program should
do and what it does in reality. In addition to the variety
of observers that have already been discussed (Fig. 2), the
platform contains its own debugger, where one can walk
through the execution of all components used in the model.

3 Testing Scenarios

Whether the ultimate goal of AGI (a general autonomous
machine) is achievable or not [35], researchers focus on
its sub-goals such as learning how to play games [37],
etc. One of the prominent building blocks for these sub-
goals are neural networks in the form of deep learning
and CNN, and which have recently made big progress
in speech recognition [40], computer vision [33], med-
ical analyses [43], or language translation [28]. Le and
colleagues [36] used a deep network to learn in unsuper-
vised manner what an ordinary “cat” looks like only by
watching youtube videos. While NN can also learn how to
play simple games [32,37], they usually fail in structured
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problems which demand learning hierarchies or chains of
goals. From this perspective, it seems promising to fo-
cus on machines which can control another machine, such
as NN that learn how to control a Turing Machine [27].
They designed a neural network which learns a procedure
to control a Turing Machine to sort numbers.

As the goal of this paper is to provide a tool that short-
cuts the research path to an autonomous machine, we
will show how it performs on three selected Al tasks
solved by our team: learning motion control, game play-
ing of the Atari game Breakout, and learning hierarchies
of goals. Our solutions are highly inspired by current ma-
chine learning literature with a stress on the usage of neu-
ral networks, which are one of the basic building blocks
for bigger architectures.

The first experiment (Sec. 3.1) will demonstrate how
our platform can be connected to an external source of
input data and how various modules of narrow Al can be
combined together to form a functioning system which can
drive a robot in a virtual world with simulated physics.

The second experiment (Sec. 3.2) will be situated in
much simpler simulation environment — an Atari [38]
game called Breakout. In this experiment a more advanced
adaptive system will be showcased. The system works di-
rectly on raw image input. It takes advantage of the se-
mantic pointer architecture [25] for representing its per-
ceptions and for converting them into a long term memo-
ries such as goals. This knowledge is then used for learn-
ing necessary actions for playing the game.

In the third experiment (Sec. 3.3), we move a bit higher
in the level of abstraction. The presented problem con-
sists of an agent in a simple 2D environment which needs
to satisfy a chain of preconditions before reaching a re-
ward, such as if the agent wants to turn on a light, it needs
to press a switch, but to get to the switch he also needs
to overcome an obstacle (a door controlled by another
switch). The task is solved by hierarchical reinforcement
learning [30].

To clarify why we selected these experiments, one could
imagine the three systems as parts of a future higher-order
cognitive architecture where they will work together. The
system from the first experiment could be thought of as
a basic motoric and sensory system driven by reflexes and
higher-level commands. These would come from the sys-
tem used in the second experiment, which would allow the
agent to learn how to reach a specific goal. And finally, the
third system should discover the hierarchy of goals and
preconditions, and thus could resemble a simplified ver-
sion of the agent’s central executive. Such connection of
the systems remains for our future work.

3.1 SE Robot

We took advantage of a sandbox game called Space En-
gineers [21], which provides a physically realistic 3D en-
vironment where various structures can be built. We built

a six-legged robot within the game and connected it bi-
directionally with our simulation platform. In one direc-
tion the game sends visual data from the robot’s view and
a description of the state of the robot’s body. In the other
direction motoric commands from our control module in-
side the simulation platform are sent to the robot, which
executes them in the game.

| control |

A

The control mod-
ule was trained to
associate visual
input with motor
commands in a
o supervised way.

symbols —)' Action L. I The associative

A J memory was im-

[ Goalw. | plemented with a
Self-Organizing

Figure 3: Overall architec- Map [31], which
ture. Raw visual signals are found the most sim-
processed into symbols, which ilar representative of
are then added to the working the received input in
memory. States corresponding the visual memory
to reward and punishment are and returned the
accumulated and later used as associated high-level
teaching signals for training the motoric  command
action selection network. (turn left/right, move

forward/backward). These high-level commands were
then unrolled into sequences of body states consisting of
joint angles of all of the robot’s limbs using a recurrent
neural network (RNN) [39]. These body states were
afterwards used as waypoints for a control RNN which
was trained to act as an inverse dynamics model of the
robot’s body. In order to reach a specified waypoint, the
control network generated full motoric inputs to the robot
- the desired angular velocities of joints.

body

bitmap

segments

Visual WM

The training
phase consisted
of a mentor
leading the
robot from
various  start-
ing locations
towards a goal
location in the
environment, which was identified by an easily distin-
guishable 3D symbol located on that position. The mentor
was implemented by a hard-coded navigation system. In
this way the hexapod was trained to look for the goal
symbol and when it appeared in the robot’s field of view,
to navigate successfully towards the destination through
the environment.

3.2 Atari Game

The Breakout game was chosen as our second testing
scenario. The game consists of a ball, a paddle, and
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attention

CNN features

segmentation

Figure 4: Top: Image processing. First, an input image is
segmented into super-pixels (SP) using SLIC [22]. Sec-
ond, each SP is connected with its neighbors and nearby
SP are assigned into the same object id. Third, the at-
tention score (s4) is estimated for each object. Fourth,
features are estimated for the object with the highest s4
by a hierarchy of convolutions and fully-connected lay-
ers. Fifth, the object features are clustered into Visual
Words [41] to constitute a “Working Memory”. Bottom:
Corresponding implementation in our platform.

bricks. The ball bounces from walls, can destroy bricks,
and can fall to the ground, for which the player is pe-
nalized by losing a life. After losing 4 lives, the game
is over. When all bricks are destroyed, the player
successfully finishes the level and
enters the next one consisting of
a different arrangement of bricks.
The player has three actions avail-
able which accelerate the paddle to
the right, to the left, or decelerate.
Even though our modular approach
uses pure unstructured data input
(raw image as in [37]), it later extracts the structure, so
we can understand the inner workings of the model as op-
posed to the cited work. The architecture of the system
consists of four main parts: image processing, working
memory, accumulators of reward and penalty, and an ac-
tion selection network (Fig. 3).

Relevant information about the objects is extracted from
the raw bitmap in the Vision System (Fig. 4).

Working memory (WM) is the agent’s internal repre-
sentation of the environment. It contains all of the objects
detected by vision. WM is kept up to date by adding new
objects which haven’t been seen yet, and by updating those
already seen. The identity of objects is detected through
a comparison of visual features. Contents of the work-
ing memory are transformed into a symbolic representa-
tion and passed to the goals memory and action selection
network.

The goals memory is trained by accumulating states as-
sociated with reward and punishment in their respective
semantic pointers, goal® and goal". These are then used
for evaluating the quality of game-states, which is neces-
sary for training the action selection network.

BESEEEEEE=

Do

agent

wall

HH(] door (closed/openad)
[#] light {on/off)

light switch (on/off)
IE‘ door switch (onfoff)

(b) Legend

(a) The goal

Figure 5: Multiple goals. (a) The agent’s current goal is to
reach the light switch and turn on the lights. (b) objects of
the environment

Details of the vision system and semantic point archi-
tecture are described in Appendix II.

3.3 2D World with Hierarchical Goals

In previous testing scenarios we wanted to test if our sys-
tem was able to coordinate complex motoric commands
in a 3D environment, learn simple goals, and act towards
maximizing the received reward. Our goal for the third
scenario is to increase the generality of the designed sys-
tem to enable identification and satisfaction of chained
preconditions before the final goal can be reached.

We present a task, consisting of a simple 2D world,
where a single source of reward is located — a light bulb,
which starts in the “off” position and should be turned on
by the agent. This can be achieved by pressing a switch,
but the switch is hidden behind a locked door. The door
can be unlocked through a switch, but this switch is hid-
den behind another locked door. It would be possible to
chain the preconditions further in this manner, but without
the loss of generality we use only two locked doors with
two matching switches. The setup can be seen in Fig. 5.

We approached this problem by employing HARM (Hi-
erarchical Action Reinforcement Motivation system) [30].
It is an approach based on a combination of a hierarchical
Q-learning algorithm [42] and a motivation model. The
system is able to learn and compose different strategies in
order to create a more complex goal.

Q-learning is able to “spread information about the re-
ward” received in a specific state (e.g. the agent reaching
a position on the map) to the surrounding space, so the
brain can take proper action by climbing the steepest gra-
dient of the Q function later. However, if the goal state is
far away from the current state, it might take a long time
to build a strategy that will lead to that goal state. Also,
a high number of variables in the environment can lead to
extremely long routes through the state space, rendering
the problem almost unsolvable.

There are several ideas that can improve the overall per-
formance of the algorithm. First, this agent rewards itself
for any successful change to the environment. The motiva-
tion value can be assigned to each variable change so the
agent is constantly motivated to change its surroundings.
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Figure 6: Learnt strategy. Visualization of the agent’s
knowledge for a particular task, which changes the state
of the lights. It tells the agent what to do in order to
change the state of the lights in all known states of the
world. The heat map corresponds to the expected utility
(“usefulness™) of the best action learned in a given state.
A graphical representation of the best action is shown at
each position on the map.

Second, for each variable that the agent is able to
change, it creates a Q-learning module assigned to the
variable (e.g. changing the state of a door). Therefore, it
can learn an underlying strategy defining how this change
can be made again. In such a system, a whole network
of Q-learning modules can be created, where each module
learns a different strategy.

Third, in order to lower the complexity of each sub-
problem (strategy), the brain can analyze its “experience
buffer” from the past and eventually drop variables that
are not affected by its actions or are not necessary for the
current goal (i.e. strategy to fulfill the goal).

A mixture of these improvements creates a hierarchical
decision model that is built online (first, the agent is left to
(semi-)randomly explore the environment). After a suffi-
cient amount of knowledge is gathered, we can “order” the
agent to fulfill a goal by manually raising the motivation
that corresponds to a variable that we want to change. The
agent then will execute the learned abstract action (strat-
egy) by traversing the network of Q-learning modules and
unrolling it into a chain of primitive actions that lie at the
bottom.

4 Discussion

Throughout the work on the testing scenarios (Sec. 3) we
have observed several advantages and weakness of the
platform. In this section, our experience with the usage
of the platform is discussed. The discussion is focused es-
pecially on the end-user experience, i.e. experience of a
person that did not develop the platform but wants to use
it for solving her problem.

First, a list of identified features is presented, and then
further experience is described.

+ Fast and easy online observation and interaction with
the simulation.

+ Created modules can be easily understood and shared
with collaborators due to the same interface. Moreover,

the persistence capabilities allow easy sharing of whole
models (projects) and merging of them together.

+ It is easy to replace an existing module with its im-
proved version, as the architecture is separated from the
implementation. As the backward compatibility becomes
crucial at this point, the inner versioning system was im-
plemented.

+ Provided interface drives users to follow design pat-
terns when developing low-level optimized modules.

- Current version runs on MS Windows only, but a port
to MacOS and Linux is planned for the future.

- The user has an option to either develop optimized
modules in code (CUDA [3] or C#) or use the graphical
interface for connecting existing modules into bigger ar-
chitectures. There is no middle layer which would support
scripting.

4.1 Experience of Newcomers

The expertise of people that have started to use our plat-
form varies from C++ experts to Matlab users only. We
found that users with a very short training can connect ex-
isting modules into simple architectures (like neural net-
work MNIST image recognizer) as the graphical model-
ing is somehow natural and easy to understand. The linear
learning curve of newcomers is supported by a video tu-
torial as well as several examples of how to implement
simple and more advanced tasks?.

For development of new modules, it is necessary to un-
derstand a programming language (C#, C++, CUDA) at
the basic level at least. Once the definitions of inputs, out-
puts, tasks, and kernels (four lines of code each) are un-
derstood, developers soon start creating their own nodes.
Their learning curve then equals learning how to use a new
library.

4.2 Our Observations on the Testing Scenarios

In the first scenario (Sec. 3.1), we have shown that our
platform successfully connects with the open source game
Space Engineers [21]. Modules created in the platform
controlled the hexapod in the world of the game. It was
the understanding of the game’s communication module
that took the most time in this case. Otherwise the devel-
opment of the controller did not raise any challenges for
the platform.

The second scenario (Sec. 3.2) consisted of several
modules that were developed independently. We found
it extremely useful that each module communicates with
others using only the pre-defined interface (memory
blocks) that correspond to a sketched diagram (i.e. Fig. 4).
Modules were merged into one big architecture right be-
fore the deadline without any complications. As the fi-
nal model was quite large and performance-demanding,

2Documentation  available  at

brainsimulator/

http://docs.goodai.com/
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we were forced to profile, find bottlenecks, and optimize
in the process. It was extremely useful to visualize data
flowing between (and inside) the modules.

In the third scenario (Sec. 3.3), HARM constituted a
single module with complex insides. Therefore this sce-
nario presented an ideal example for designing a num-
ber of task-specific visualization tools (for example, the
agent’s knowledge in Fig. 6).

5 Conclusion

We have presented a platform for prototyping Al architec-
tures. The platform is tailored both for users with no math-
ematical/programming background but with a high desire
to experiment with Al modules, and for researchers/de-
velopers who want to improve and experiment with their
existing state-of-the-art techniques.

To show the usage of our platform we have presented
three development scenarios: linkage with a 3D game
world and controlling an agent there; playing an Atari
game using the raw bitmap input processed by computer
vision techniques, attention model, and semantic pointer
architecture; and learning a complex hierarchy of goals.

The proposed platform opens up possibilities to share
ideas not only within the community but also with non-
experts who can boost the research via rapid testing, or
utilize fresh, out-of-the-box solutions. There is also the
prospect of support from the open source community - if
not directly in the development, then at least in assessing
missing features, so we can incorporate them and thus pro-
vide a tool that can be used at many levels of expertise.

We believe that by providing an open platform for Al
and ML experiments along with a smooth learning curve,
we can bring together many enthusiasts across different
fields of interest, potentially leading to unexpected ad-
vancements in research.
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Appendix I: Details of Image Processing

Unlike the major stream of Computer Vision, our approach
has to be unsupervised without any training data. Thus, we
have no prior knowledge and the system has to learn every-
thing on-the-fly. Our system is a pipeline visualized and
implemented in Fig. 4. It consists of the following parts:
The input image is first
segmented into a set ©
of super-pixels [22] “

(SP). Then, each SP & f\
is connected to its

vicinity constituting a ’ 20 o w0 w0 o
graph where nodes are

SPs and edges connect
neighboring SPs. SPs
with similar color are
merged into connected
components. Note that
while more SP speeds up the segmentation, it slows down
the graph optimization algorithm, see Fig. 7. Once we
have object proposals, we estimate an attention score (s4)
for each object, $4(0;) = Wrime(0;) + Wimove(0;), Where
Wime(0;) is time since we have focused on the object o;,
Winove (0;) is the object’s movement. The object with the
highest s4 is selected’ and its position together with its
size define an image patch. The image patch is processed
into a CNN features [29], and this feature representation

80

speed [Hz]

Figure 7: Performance of SLIC
(blue) and SLIC+graph optimiza-
tion (red) w.r.t the number of seg-
ments.

30nce the object is selected, its y;ime is decreased and then it won’t
be selected in the next time step.

Goal+ Goal-

action
w.m. 'E: FF Net >
delayed W.M. vl

Quality Eval.

Figure 8: Left: Goal® and goal. States associated with
received reward and punishment are accumulated in semantic
pointers goal* and goal’, respectively. Right: Action learning.
Actions selection is learnt in a supervised way with fitness com-
puted from goal* and goal™ as a teaching signal.

is then clustered into a “Working Memory” (WM). The
WM stores feature id together with the object position for
the last 10 seen objects.

For CNN features, we used two convolutions layers of
8 and 5 neurons and patch sizes 5 x 5 followed by a fully-
connected layer of 16 neurons. Learning converged in
6K iterations. We observed no performance improvement
with bigger networks. WM was implemented as a simple
K-means [24].

Appendix II: Semantic Pointer Architecture

As was already mentioned in section 1, one of the main
features of our method is the semantic pointer architecture
(SPA), which merges the symbolic and connectionist ap-
proach. Artificial neural networks are very powerful adap-
tive tools, but their usage usually comes at the expense of
losing detailed insight into how exactly the task is solved.
Such a drawback can be mitigated by using the SPA and
its variable binding. It introduces composite symbols of
the form X bind x, where X is the name of the variable
and x is its value. It is then possible to train a network to
perform complicated transforms such as:

VRXex+YRy) = C® (Y ®x) (1)

which could be interpreted as an action selection rule for
the pong game:

Visual ® (Ball ® x| + Paddle @ x,) —
— Move® (Paddle®x1) (2)

If ball is seen at position x; and paddle at x;, execute
command 'move paddle to position x;’. Without SPA it
would be much harder to maintain understanding of the
transformed symbols, if not entirely impossible.

Goals Memory. The accumulated states g+ and g~ are
used for calculation of quality ¢ of the state x, using dot
product’-’, g =g" -x— g~ -x, see Fig. 8 left.

Action Learning. Training of action selection
(Fig. 8 right) is delayed by one simulation step to
allow the system to observe results of its actions. Actions
leading to higher quality states are labeled as correct,
otherwise incorrect.
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Abstract: The paper compares several non-linear regres-
sion methods on synthetic data sets generated using stan-
dard benchmarks for continuous black-box optimization.
For that comparison, we have chosen regression methods
that have been used as surrogate models in such optimiza-
tion: radial basis function networks, Gaussian processes,
and random forests. Because the purpose of black-box
optimization is frequently some kind of design of exper-
iments, and because a role similar to surrogate models
is in the traditional design of experiments played by re-
sponse surface models, we also include standard response
surface models, i.e., polynomial regression. The methods
are evaluated based on their mean-squared error and on
the Kendall’s rank correlation coefficient between the or-
dering of function values according to the model and ac-
cording to the function used to generate the data.

1 Introduction

In this paper, we compare non-linear regression meth-
ods that could be used as surrogate models for optimiza-
tion tasks. The methods are compared on synthetic data
sets generated using standard benchmarks for continuous
black-box optimization, for which we used implementa-
tions based on definitions from Real-Parameter Black-Box
Optimization Benchmarking 2009 [8].

A continuous black-box optimization is a task where we
try to minimize a continuous objective function f : X C
R" — R for which we do not have an analytical expres-
sion. Such problems arise, for example, if the values of
the objective function are results of experimental measure-
ments.

For that comparison, we have chosen regression meth-
ods that have been used as surrogate models in such op-
timization: radial basis function networks [3] [18], Gaus-
sian processes [6] [11], and random forests [4].

We measure the accuracy of each methods based on
mean square error and Kendall’s rank coefficient and based
on the results we suggest which methods work better as
surrogate models. We are interested in properties of each
method to be used as a surrogate model, though our exper-
iments do not replace a direct evaluation in optimization or

in evolutionary algorithms. This is a subject of two other
papers included in this proceedings.

Other comparisons of non-linear models have been pre-
sented. A numerical comparison of neural networks and
polynomial regression has been performed in [2] and
in [16], in the latter one also classification and regression
tree (CART) model has been compared. An evaluation
of Gaussian processes with other non-linear methods has
been done in [15] and in [10]. These studies compared
accuracy of each model for prediction and have not paid
attention to surrogate models for optimization. Example
of such works can be found in [7], where they have com-
pared quadratic polynomial regression with other methods
based on prediction accuracy and mean-squared error, and
in [13], where is polynomial regression compared with ra-
dial basis function networks based on accuracy and also on
optimization results. In this paper, we compare the meth-
ods by means of mean-squared error and also Kendall’s
rank coefficient.

We briefly describe the theoretical background for each
of these methods: how the corresponding models are be-
ing induced and how they are used to predict new values.
For the synthetic data, we added an overview of how the
functions look like in a 3-dimensional space (Figure 1).

The paper is organised as follows. In Section 2, we re-
call the theoretical fundamentals of the employed regres-
sion methods. In Section 3, we describe the setup of our
experiments and summarise the results, before the paper
concludes in Section 4.

2 Regression Methods in Data Mining

With a continuously increasing amount of gathered data,
data mining techniques allow us to search for patterns in
the data sets and model the underlying reality. Various
models have been introduced in the past, starting from a
linear regression to complex nonlinear methods such as
neural networks, or Gaussian processes. These models are
used to approximate a function that describes the relation-
ship between target and input values.

We now introduce the methods compared in this paper.
Each of these methods has its strengths and weaknesses
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Parameters Hyper-parameters Strengths Weaknesses Complexity
Polynon.nal order of X fast and simple too simple O(M>N)
regression the polynom
. covariance function, depends on cov. fun. . .
Gaussian . robust, time complexity, 3
rocesses mean function length-scale (1) eneralising well black box o)
P (usually constantly zero) noise-level (SN) & S
# of trees (NT), interpretability,
Random min. data in leaves (ML), X allows parallel slower to compute O(MKN1og?N) [12]
forests . . predictions
# of randomly selected variables computations
. . spread constant (CS) .
Rifdlal basis maximum of neurons (MAX) X robust black box P (?lynomlal
functions network time [17]
error goal (EG)

Table 1: Summary of regression methods. N = # of samples, N = 0.632N, M = # of variables, K = # of variables

randomly drawn at each node (in random forests)

which we point out in Table 2 and later we will discuss
them in the context of results of our experiments.

We assume to have a pair ((X),Y), where X is p-
dimensional data set with »n points, i.e. X is a matrix
p X n, or it is a vector X = (X1,X2,...,Xn), where X; is
a column vector of size p, i.e. Xj = (Xi1,Xp2,...,Xip), and
Y = (Y1,Ya,...,Y,) is a vector of size n of target values to
corresponding rows in matrix X. We use ||x|| as the Eu-
clidean norm of vector x. In the paper, we use following
notation:

e X Y, are vectors with elements X;,Y;, 3;, respec-
tively, also B« is a scalar denoting a parameter in
polynomial regression for interaction x jx,

e fis a function and f(x) is an output of the functions
corresponding to input x, for multivariate function f,
we have either matrix notation ¥ = f(X), or vector
notation ¥; = f(x;),

e f(X) is an average output over f(x;),Vi € {1,...,N}.

2.1 Polynomial Regression

The most simple form of polynomial regression (PR) is
linear regression in which the model is described by p + 1

parameters B, Bi, ..., Bp.
P
fX) =Po+ D _xiB;
=1

which can be computed by [9]

B = (Bo.---.Bp) = (X'X)"'X"y (1)

Polynomial regression is still part of the linear regres-
sion family, because the dependence on the model param-
eters is linear. However, we consider also higher powers
of input variables. For example, in the quadratic case we

add both x? form for i € {1,...,p}, and also as an interac-
tion x;x; for i, j € {1,...,p},i # j. Consequently we have
(p?+ p)/2 new variables.

For our experiments, we will restrict attention to
quadratic regression,

P P PP
FX) =Bo+ Y _xiBi+ Y XBpri+ D> xixiBi
j=1 j=1 j=1 k=1
k<j
This is also the standard restriction in response surface
modeling [14].

2.2 Random Forests

Random Forests (RF) is a model proposed by Breiman [5],
and it is based on ensembles of decision trees. Due to
our interest in surrogate models for continuous black-box
optimization, we are interested in ensembles of regression
trees.

A regression tree is a function defined by means of a bi-
nary tree with inner nodes representing predicates, and
edges from a node to its children representing whether
the predicate is or is not fulfilled. The leaf nodes give
the predicted target value. The tree is built recursively
starting with a root node and searching for an optimal bi-
nary predicate over the input variables. Regression trees
can be applied to data sets with both categorical/discrete
variables, and real-valued variables. Since we focus on
surrogate models for continuous black-box optimization,
we only consider real-valued predicates. For a real-valued
variable, the data set is split into two parts through mini-
mizing following formula

Yo i—e)’+ ). Gi—e)
X €ER(],8) Xi€R2(J.5)

where R|,R; are the two linearly bounded regions with
axes-perpendicular borders into which the data set is split
using a j-th variable x; and its splitting point s, and ¢y, c>
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are the averages of function values of points belonging
to Ry, Ry, respectively. After finding the optimal splitting
point we recursively apply this process to both regions R
and R,, and for each of them, only the data points in the
region are considered. This process continues until a stop-
ping criterion is met. This can be either the minimum num-
ber of data points in leaves or inner nodes, or the depth of
the tree.

If the regression tree finally splits the input space into
the regions Ry,...,R,, we can compute the prediction for
a new data point using the following formula:

M
flx)= Zcml(x €Ry)
m=1
where ¢, is an average target value of data points in region
Ry

An ensemble of regression trees averages the predic-
tions when presented with a new data point.

There are several options how to induce a number of
trees over the same data set that will lead to low corre-
lation. In traditional bagging, independent subsets of the
original data used for individual trees are obtained by sam-
pling from the data set uniformly and with replacement. In
addition, random subsets of input variables can be used. In
Matlab implementation of random forests, a square root of
number of input variables are selected by default, which is
also a setting we have used for our experiments.

The model parameters are number of trees (NT) which
are added to the ensemble and the minimum number of
data in leaves (ML).

2.3 Gaussian Processes

A Gaussian process (GP) is a random process such
that its restriction to any finite number of points has a
Gaussian probability distribution. A Gaussian process
GP(u(x),k(x,x')) is defined by its mean function p(x)
and a covariance function k(x,x’).

f(x) ~ GP(u(x), k(x,x')) 2)

These functions determine the mean and covariance of the
process because

Elf(x)] = u(x),
Cov[f(x), ()] =E[(f(x) = u(x))(f(x)) —u(x)] 3)
= Kk(x,x)

The important part of modelling functions with Gaus-
sian processes is choosing the covariance function. An
important feature of covariance functions is that they can
be combined together using addition and multiplication,
i.e. for k, k' covariance functions, k¥ X k' and x + k' are
again covariance functions. Frequently used covariance
functions are: linear, periodic, squared-exponential, and
rational quadratic.

Linear:

Kiin(x,X') = xx'

Periodic:

2 . r
Kper(r) = exp(—l—zsmz(ﬂ:;))

Squared-exponential:
2

Ksg(r) = exp(—ﬁ)

Rational Quadratic:

72

Kro(r) = (1+ W)fa

where r = |x — x| and ¢,/, p, o are parameters of the co-
variance function (because the covariance function itself
is a parameter of the Gaussian process, they are called
hyper-parameters of the process). [ is a length-scale, p de-
fines period, and o changes the smoothness of rational
quadratic function. An additional parameter in the model
is the noise level (SN) which is an additive Gaussian noise
in the model.

When working with multivariate data sets, the covari-
ance functions which have the length-scale as a parame-
ter, can either apply the same length-scale / to all dimen-
sions, or i-th dimension has its length-scale /;. In the first
case, the covariance functions have isotropic distance mea-
sure, the latter case uses automatic relevance determina-
tion (ARD).

2.4 Radial Basis Network Functions

Radial basis network functions (RBF) is a feed-forward
neural network with one hidden layer in which the nodes
have radial transfer function p. The output of the network
is given by

N
o(x) =Y _aip(|[x—ci|) )
i=1

or its normalized version:
N
> 4ip(|[x —cil])
N
i Pl —cil])
where p(||x —¢;||) is usually in form of gaussian:

X — G 2
p<||x—ci|>—exp(" ”),

207

o(x) = 5)

¢; is a center vector of the respective neuron, a; is a weight
of the neuron, and ||x — ¢j|| is a norm, typically the Eu-
clidean norm. The model parameters are the spread con-
stant O'l-2 (SC), the maximum of neurons (MAX) that can be
added to network during iterative learning process, and the
error goal (EG) which is a mean-squared error on training
set. The maximum neurons or the error goal are stopping
criteria for the network induction.
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2.5 Model Selection and Evaluation

The parameters for regression models were selected by
10-fold cross validation based on the mean-squared er-
ror (MSE)

__ 1 F )2
o7 = MSE = Z;(Y,» - F(X))
i=
The cross validation is suited for limited data samples,
but it is also justified method for synthetic data.

3 Experiments with Synthetic Data

As we are interested primarily in the suitability of the
considered regression methods for surrogate models in
black-box optimization, we compared them on synthetic
data generated using standard benchmarks for continuous
black-box optimization [8].

All performed experiments were implemented in Mat-
lab. For each function, we have sampled 5000
p-dimensional data points where p € {5,10,20,40} and
used it for a 10-fold cross-validation to compare the con-
sidered models. The result of cross validation is MSE for
training set, MSE for testing set and the Kendall’s rank
correlation coefficient. The significance of the difference
between results obtained for two models m,m’ was tested
using independent sample t-test

= ﬁ;sm —resyy (6)
i(cn+oy)

which we compare for a significance level a € (0,1)
against the (1 — )-quantile of the Student distribution
with 2(k-1) degrees of freedom, where k is the number of
cross-validation folds, degrees of freedom, and 7es,,, G;,
are computed as follows:

k

1
resS; = — E resm.i
k t)

i=1

Om =

1 k
e

For a comparison of two models, it would have been
better to use paired t-test, which provide better estimates,
but since we have decided to use unpaired t-test at the be-
ginning of our experiment, we haven’t had necessary sub-
results to perform it.

We have used MSE together with Kendall’s rank cor-
relation coefficient [1] between the ordering of function
values according to the model (yy,...,y,) and according
to the function used to generate the data (¢1,...,f,)

__ (# of concordant pairs) — (# of discordant pairs)
" In(n—1)

(N

where for (¢;,y;) and (#,yx) different pairs of target value
t and predicted value y, (¢;,y;) and (,yx) are concordant
ift; <tyandy; <y, ort; >t and y; > yi, and discordant
otherwise.

3.1 Selection of Model Parameters

For each dataset, we have searched for optimal model pa-
rameters (in the case of a Gaussian process, these are its
hyper-parameters) minimizing the MSE. With regression
trees, we have considered different settings for the num-
ber of trees and minimum number of data points in leaves.
With Gaussian processes, we have tried rational quadratic
and squared exponential in their isomorphic form, and also
the ARD version of squared exponential. With radial basis
function networks, as a radial function, we have consid-
ered different settings of the parameters: spread constant,
MSE goal, maximum of neurons. As to polynomial re-
gression, we have used quadratic regression. See Table 3
for overview of selected parameters for each model.

3.2 Results

We will now present the results of our experiments. First,
we have included a detailed Table 3 with measured values
of the MSE and the Kendall’s coefficient for each dataset
and each model. We can see how optimal combinations of
values of parameters for each model change with higher
dimensions. Random forests have lower number of trees
(NT) and higher minimum number of data in leaves (ML).
The comparison of the performance of each method across
different dimensions of the data sets follows.

Table 4 shows the results of our experiments where we
have compared four different models across 40 different
data sets. For each model, we entered the number of times
the model was better than the other model and we also
added how many times the result was significantly better
on the significance level 0.05.

A summary of the results can be seen in Table 2 and ad-
ditional comments on the results follow. With 10 dimen-
sions, the radial basis functions started performing better,
although not significantly. With 20 dimensions, there are
even less methods that outperforms polynomial regression
significantly according to MSE and random forests were
the weakest model from the triple of models RBF, GP and
RT. With 40 dimensions, there is a surprising result since
MSE values are much lower comparing to lower dimen-
sions and we would expect the MSE to be growing with
higher dimensions. This may be an artifact of the func-
tion definitions which suppress higher dimensions and that
may lower the MSE values.

In summary, when comparing the MSE over all dimen-
sions, the Gaussian processes were the best model for our
data followed by radial basis functions and random forests
before polynomial regression at the last position. With
Kendall’s coefficient, the results are not that clear. Even
though the Gaussian processes have the most wins, they do
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Figure 1: Benchmark functions for continuous black-box optimization. The graphs has been created in accordance
with [8]. Since we has been focused on multimodal functions, we chose functions 15 to 24.

Dimension Mean squared error Kendall’s rank correlation coefficient

GP outperformed other models in most of the cases,
5 all methods performs better most of the time
comparing to polynomial regression

less conclusive results,
the best performing model were RF

less conclusive results,

10 GP outperformed other models the best performing model were RF
RBF was the weakest model
20 GP outperformed other models outperformed even by PR
40 GP still outperformed others, GP
but with smaller difference outperformed others

Table 2: Results summary. For each dimension, we briefly describe the outcome.
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Dataset Random forests Gaussian Processes Polynomial Radial basis functions
atasel
NT ML MSE Kendall CF SN MSE Kendall MSE Kendall SC EG MAX MSE Kendall

f15-05d {1000 1 2.1+0.2¢2 7.1+0.1e-1 | SEiso 1 2.6+0.1e2 6.6+0.2e-1 3.1£0.2¢2 6.4+0.2¢-1 8el 1 500 2.5+0.1e2 6.7+0.2e-1
f15-10d | 1600 1 6.9+0.5¢2 6.4+0.2¢-1 | SEiso 1 5.8+0.5¢2 6.7+0.2¢-1 6.2+0.3e2 6.5+0.2e-1 Sel 1 250 5.7+0.4e2 6.6+0.1e-1
f15-20d {1200 1 1.9+0.2e3 5.740.2e-1 |RQiso Se-1 1.4+0.1e3 6.3+0.1e-1 |1.31£0.07¢e3  6.4+0.2¢-1 le2 1 150 1.28+0.06e3 6.4+0.2e-1
f15-40d | 800 2 5.1+0.2¢3 4.940.2¢-1 |RQiso Se-1 340.2e3 6.1+0.1e-1 340.2e3 6.1+0.2e-1 Sel 1 75 2.7+0.2¢3 6.3+0.1e-1
f16-05d|1600 1  1.1+0.1e3  5.340.1e-1 | SEiso 1 1.840.1e3  3.4403e-1 | 1.940.1e3  2.740.3e-1 |75el 1 800 1.7+02e3  3.5+0.4e-l
f16-10d| 800 1  7.1+0.5¢2  4.310.3e-1 | SEiso 1 9.440.08¢2 241e-1 8.6+£0.6e2 2.7402e-1 |1.8e1 1 40 94+1e2  2.540.3e-1
f16-20d| 800 2  4.1+0.4e2  3.640.2e-1 | SEiso le2  7.840.2¢3 4ide2 | 4.6403e2  23+02e-1 [32e1 1 60  5+£03e2  1.3+04de-l
f16-40d| 400 5  2.3+0.2e2  2.940de-1 |RQiso Se-1  2.540.2¢2 843e2 | 2.74£02¢2 17402e-1 | 75 1 50  2.5402e2  7+42e-2
f17-05d | 1800 1 2.34+0.3el 4.6+0.2e-1 | SEiso 1.3 3.24+0.3el 2.24+0.3e-1 3.3+0.2el 2.1£0.2e-1 4.8 1 60 3.3+0.2¢el 2.1+0.2e-1
f17-10d | 800 1 1.35+0.07el 3.2+0.3e-1 | SEiso 1 1.540.1el 2.240.2e-1 |1.484+0.09el 2.24+0.4e-1 4el 1 50 1.4+0.1el 2.4+0.3e-1
f17-20d | 800 1 6.8+0.4 2.6+0.3e-1 | SEiso 1le-2 6.5+0.2¢el -1.31+0.3e-1 6.94+0.5 2.24+0.3e-1 |6.4el 1 250 7.240.4 24+0.3e-1
f17-40d | 400 1 3.440.2 2.24+0.3e-1 |RQiso Se-1 3.240.2 2+0.4e-1 4.1£0.3 1.31+0.2e-1 8el le-3 40 3.3+0.2 2.34+0.3e-1
f18-05d {1200 1 5.2+0.3e2 4.940.3e-1 | SEiso 2 8+1le2 2.44+0.2e-1 8.5+0.7e2 2.3+0.3e-1 Sel 1 500 9.24+0.08¢2  2.340.2e-1
f18-10d | 800 2 2.7+0.2¢2 3+0.2e-1 SEiso 1 2.940.2e2 2.3+0.3e-1 2.940.3e2 2.3+0.2e-1 6el 1 50 2.940.2e2 2.3+0.3e-1
f18-20d | 1200 1 1.26+0.06e2 2.4+0.4e-1 | SEiso le-2 1.06+0.03¢3  -1.3+0.3e-1 | 1.41+0.05¢2 2.2+0.2e-1 le-3 1le-3 20 1.54+0.1e2 0+0
f18-40d | 400 2 6.4+0.5¢l 2.14+0.2e-1 |RQiso Se-1 6.5+0.4el 1.940.2e-1 7.610.6el 1.54+0.3e-1 8el le-3 40 6.41+0.5¢el 240.2e-1
£19-05d| 800 50  5403e2  52402e-1 |RQiso Se-1  4.4403e2  54402e-1 | 4.8403¢2  5+02e-1 | le2 1 500 1.08+0.08¢3 040
£19-10d 2000 1  4.5403¢2  3.8403e-1 |RQiso Se-1  4.440.3e2  3.9403e-1 | 44403¢2  38+03e-l |le2 1 500 6.8+0.4e2 040
£19-20d| 800 50 4.6402¢2  2.3402e-1 |RQiso Se-l  4.340.3e2  2.7402e-1 | 44403e2  2.7403e-1 | le-l 1 1000 5.9+0.3e2 040
£19-40d| 800 50 4.3403e2  1.6403e-1 |RQiso Se-l1  4.240.0e2  1.8402e-1 | 574032 13+04e-1 | 5 1 50 45+£02e2 -1.3+0.3-1
£20-05d [ 2000 1 1.240.8e-2  9.2340.04e-1 | SEiso 1 1.1+£0.8e-2  9.35+0.04e-1 7+3e-2 8.54+0.06e-1 | 45 1le-3 1000 1.14+0.6e-2 9.13£0.06e-1
£20-10d | 1800 1 8+1e-3 8.3+0.1e-1 | SEiso le-1 3.54+0.7e-3  9.18+0.03e-1| 71.2+0.2¢-2 8.98+0.05e-1| 8.6 1le-4 1150 3.84+0.5¢-3 8.92+0.07e-1
£20-20d | 1800 1 8.6+0.6¢-3 7+0.1e-1 RQiso Se-1 1.5+0.2¢-3  9.01£0.04e-1 | 2.44+0.3e-3 9.1+0.05e-1 | 1.5¢1 le-4 800 1.840.2e-3 8.8440.06e-1
f20-40d | 800 5  6.940.5¢-3 5.9940.07e-1 | RQiso 5e-1 7.7+0.6e-4  9.03+0.05e-1| 8.3+0.7e-4 9.03+0.06e-1| 8¢l 1le-4 700 8.1+£0.6e-4 9.02+0.06e-1
f21-05d | 1600 1 1.440.2e2 5.7£0.3e-1 |RQiso Se-1 6.7+0.6el 6.9+0.2¢-1 2.540.3e2 1.940.5¢-1 2 1 1800 9.6+0.09el  6.1£0.2e-1
f21-10d | 800 5 340.6el 4.1£0.3e-1 | SEiso 1 2.440.4el 5.1+0.2¢-1 3.1£0.6el 3.940.2e-1 8 1 600 2.5+0.3el 4.9+0.2e-1
f21-20d | 800 10 34+0.4 3.5+0.3e-1 | SEiso le-2 7.187+0.009e3 -2.1+0.1e-1 2.6+0.4 4.6+0.3e-1 8 1 800 2.4+0.4 4.4+0.3e-1
f21-40d | 200 20 2.5+0.9¢-1  2.9+0.3e-1 |RQiso Se-1 1.84+0.7e-1 5.3+0.3e-1 240.6e-1 4.8+0.3e-1 |1.5el 1e-3 400 240.7e-1 4.6+0.3e-1
£22-054|1800 1  5.140.7el  7.140.1e-1 | SEiso 1 3.540.5e1  7.4402e-1 | 1.3402¢2  4.1+03e-] | 3 1 700 3.8+05el  740.2e-1
£22-10d | 800 2 940.3 53+03e-1 | SEiso le-l 843 5940.0e-1 | 1.1403¢]  5.14+03e-1 | lel 1 500 943 5.240.1e-1
£22-20d| 800 10  7+le-l  4.5+0.1e-1 | SEiso le2 7.38540.005e3 -2.1+0.2¢-1 | 6+le-1 6402e-1 | 58 le2 1500  64le-l  5.9+0.1e-1
£22-40d| 200 20  5+le2  3.5402¢-] |RQiso Se-l1  3+0.8e-2 640.2e-1 | 3.6£08¢-2 5.5+02e-1 | 2el le-3 400 3.7409e2  5.240.le-1
£23-05d[1200 1  6.7+03el  3.7+0.2e-1 |SEiso Se-l  8.5+0.5el 0+0 84:+04el  -I£3e-2 | le3 le3 200  8.4+0.5el 0+0
£23-10d 1000 1  4.140.2e1  2+0de-1 |[SEiso 12  4.5+0.2e] 14£40e-2 | 4.4+0.1el 1430e2 | 12 le-3 100 4.4+03el 0-+300
£23-20d | 200 2 2.740.2e1  1+0.3e-1 |SEiso le-2 2.634+0.07¢2  -1+30e-2 | 2.940.2¢l 2+44e2 | le3 le3 5 2.740.2el 00
£23-40d | 800 10 1.4940.09¢1  6+2e-2 |RQiso Se-1  1.5440.07¢l 2:+42e-2 1.8+0.1el 3+43e-2 5 1 50 1.5+0.del  I430e-2
f24-05d {1200 1 4.54+0.4e2 7.240.1e-1 | SEiso 1.2 2.7+0.2¢2 7.67+0.1e-1 | 4.1+0.4e2 7.2+0.1e-1 |5.5el 1e-3 400 2.8+0.2e2 7.6+0.1e-1
f24-10d | 800 2 2.3+0.1e3 6.4+0.1e-1 | SEiso 7.5e-1 9+5e2 7.8+0.4e-1 9+0.05e¢2 7.7+0.1e-1 |1.2el 1e-3 300 7+0.5¢2  7.944-0.09e-1
f24-20d | 800 2 8.9+0.7e3 5.940.2e-1 |RQiso Se-1 1.8+0.1e3 840.1e-1 1.8+0.1e3 8+0.1e-1 8el 1 300 1.8+0.2¢3 8+0.1e-1
f24-40d | 400 5 2.8+0.2¢4 5.240.3e-1 | RQiso 1 4.6+£0.3e3 7.940.1e-1 4.54+0.4e3 7.94+0.1e-1 8el le-3 400 5.8+0.4e3 7.6+0.1e-1

Table 3: The values of MSE and Kendall’s rank correlation coefficient for each dataset and that combination of model

parameters used in each considered method that lead to the minimal test-data MSE for the performed crossvalidation
of the respective dataset. The best results are shown in bold, the worst results in italics. Random forests parameters:
NT = number of trees, ML = minimum of data in leaves. Gaussian Processes parameters: CF = covariance function,
SN = noise level (hyperparameter, additional hyperparameters for GP covariance functions were omitted). Radial basis
functions parameters: SC = spread constant, EG = error goal, MAX = maximum neurons.
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Figure 2: An overview how long does it take to compute 10-fold cross validation for each regression model and each
of the considered dimensions of data. (a) Polynomial regression (quadratic) (b) Random forests (number of trees: 800,
minimum number of data in leaves: 1) (c) Radial basis function networks (spread constant: 5.5, mean square error goal:
1, maximal number of neurons: 500) (d) Gaussian processes (covariance functions: rational quadratic (isomorphic), noise
level: sn = 0.5, length-scale: ell = log(1.1), signal variance sf2 = log(1), shape parameter: o0 = log(1.1))
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. ) Mean squared error Kendall’s rank correlation coefficient
Dimension | Method
GP RBF RF  Polynom| GP RBF RF Polynom
GP X 93) 50 10 (6) X 8(55) 44 10 (6)
5 RBF| 1(0) X 503) 8 (6) 2 (0) X 2(2) 8 (6)
RF| 5(5) 5 X 8(8) 6(5) 8(6) X 9 (8)
Poly| 0(0) 2(0) 2(0) X 00) 20) 1(0) X
GP| x 62 54 8@&) X 73) 505 9(6)
10 RBF| 4(0) X 6(4) 94 3(0) X 54 10 (3)
RF| 512) 4@3) X 8(5) 54 5@ X 7(7)
Poly| 2(0) 1) 22 X 10) 00) 3(®2) X
GP X 62 6(01) 6(3) X 8(K5) 55 5(2)
20 RBF| 4(1) X 6(4) 7(1) 2(1) X 5(05) 2(0)
RF| 4(3) 4(3) X 503) 503) 5(4) X 5@4)
Poly| 4(1) 3(2) 503 X 52 83B) 55 X
GP X 7(1) 75 8 (6) X 53 5(0) 6 (4)
40 RBF| 3 (1) X 7(3) 8 (6) 503) X 6 (5) 4(3)
RF| 3(0) 3(1) X 5(05) 54 42 X 5(5)
Poly | 2(0) 2(1) 5@03) X 4(1) 6(2) 5(05) X
GP X 28(8) 23(17) 32(19) X 28 (16) 19(19) 30(17)
S RBF| 12(2) x 24(14) 32(17) | 12(4) x 18(16) 24(12)
ummary RF|17(10) 16(12) x  26(21) |21(16) 22(16)  x 26 (24)
Poly| 8(1) 8(3) 14(8) X 103) 16(5) 14(12) X

Table 4: Results of experiments comparing 4 different models across 40 different data sets. For each model (in a row), we
entered the number of times the model was better than the other model (in a column) and we also added how many times

the result was significantly better on the significance level 0.05 (in the brackets).

not have the most significant wins. Based on the signifi-
cant wins, the best performing model were random forests.

With higher dimensions, when comparing the models
based on the MSE, we may notice that the results for
Gaussian processes and random forests are less significant.
Which is also the case with Kendall’s coefficient, where
the polynomial regression gets more wins with higher di-
mension.

Now we have a look at how long does it take to evaluate
10-fold cross validation for selected parameters settings
for each model (see Figure 2). With higher dimensions,
each method takes more time to evaluate. All the compu-
tations were performed on PC (x86-64) Intel Core i7 920
(4x 2.66 GHz + HyperThreading), 6 GB RAM.

4 Discussion and Conclusion

The figures and tables presented in Results compared four
different regression methods over 40 synthetic data sets
(10 functions x 4 different dimensions) generated using
standard benchmark functions for continuous black-box
optimization. We have shown how the performance of
these methods changes with increasing dimensionality and
how the time to cross-validate the models grows. We have
compared the methods based on the MSE and on Kendall’s
coefficient. We will now comment on each of them.
Gaussian process is probably the most complex method.
With its time complexity O(N?) it takes the longest time to
compute, some of the cross-validations, i.e. 10 construc-
tions of the model, took up to 24 hours. This model was

better then the others according to both MSE and Kendall’s
coefficient comparison.

Random forests ended up with poorer results for 40 di-
mensional data and overall they were slightly behind
Gaussian Processes based on the MSE. According to
Kendall’s coefficient results, they were comparable with
Gaussian processes and, according to the number of sig-
nificant wins, they even outperformed GP. With some data
sets (f19-10d, f20-05d), we have learnt 2000 trees out of
4500 samples. In these cases, we could have compare the
results with nearest neighbor method.

Radial basis functions network has the clearly poorer re-
sults compared to Gaussian processes and random forests
according to both the MSE and the Kendall’s coefficient.

Even though the polynomial regression was included
due to its importance as traditional response surface
model, the method was not always worse then all other
methods. For the dimensions 20 and 40, their MSE was
comparable to that of random forest. Also with higher di-
mensions, the results based on the Kendall’s coefficient
are comparable to both GP and RBF and it even outper-
formed RBF.

In this paper, we have compared a selection of non-
linear methods on synthetic data sets based on their mean-
squared error and on the Kendall’s rank correlation coeffi-
cient. We have chosen regression methods that have been
used as surrogate models in such optimization: radial ba-
sis function networks, Gaussian processes, random forests,
and polynomial regression. A better accuracy of the mod-
els suggests better applicability of the models as a surro-
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gate model for optimization. From the results we have
learnt that Gaussian processes had better results in most
cases, thus, would be better surrogate model compared to
the others, although random forests were only slightly be-

hind.
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Abstract: Discovering anomalies within data is nowadays
very important, because it helps to uncover interesting
events. Consequently, a considerable amount of anomaly
detection algorithms was proposed in the last few years.
Only a few papers about anomaly detection at least men-
tioned why some samples were labelled as anomalous.
Therefore, we proposed a method allowing to extract rules
explaining the anomaly from an ensemble of specifically
trained decision trees, called sapling random forest.

Our method is able to interpret the output of an arbi-
trary anomaly detector. The explanation is given as con-
junctions of atomic conditions, which can be viewed as
antecedents of association rules. In this work we focus on
selection, post processing and evaluation of those rules.
The main goal is to present a small number of the most
important rules. To achieve this, we use quality measures
such as lift and confidence boost. The resulting sets of
rules are experimentally and empirically evaluated on two
artificial datasets and one real-world dataset.

Keywords: Anomaly detection, anomaly interpretation, as-
sociation rules, confidence boost, random forest

1 Introduction

According to an IBM research [13] there were 2,7 zetta-
bytes of data in the digital universe at April 2012 and this
amount is doubling approximately every 40 months.

Not only it is almost impossible to process such huge
amounts of data, we are actually not interested in the
raw data, but rather in the salient knowledge and inter-
esting patterns contained in them. This is the reason why
anomaly detection, especially unsupervised anomaly de-
tection, becomes more and more important [1, 23]. De-
spite it can be formalised as a binary classification, it en-
tails different issues and challenges than those in super-
vised classification. For example, anomalous events of-
ten adapt to appear normally and even normal behaviour
evolve over time. Furthermore, defining a normal regions
is very difficult, especially when the boundary between
normal and anomalous is not always precise.

For the purposes of this paper consider anomalies equal
to outliers as defined by Hawkins [11]: “ An outlier is an
observation which deviates so much from the other obser-
vations as to arouse suspicions that it was generated by
a different mechanism.”

The more formal definition would necessarily reduce
the amount of plausible anomaly detectors and/or applica-
tion domains. This is in conflict with our goal to provide
a solution as general as possible.

Even though anomaly detection techniques are aimed at
only a minority of samples, the importance and demand
for them grows rapidly. The real world applications range
from the network security [10], bioinformatics [24] or fi-
nancial fraud detection [22] to the astronomy and space
exploration [9].

The identification of anomalies is only a half of the
whole task. The second and equally important half is the
interpretation. In high dimensional domains, like the net-
work security or bioinformatics, where hundreds or even
thousands of features are common, the proper interpreta-
tion is crucial. Therefore, anomalies have to be interpreted
clearly, as a feature subset that explains its deviation from
ordinary data, or even better as a set of association rules.

In [21] we proposed method of anomaly explanation
based upon specifically trained ensembles of decision trees
called sapling random forest (SRF). The main idea be-
hind it is to view the explanation as a feature selection
and classification problem. Specifically, the goal is to find
features in which the margin between1 anomalous sample
and the normal samples is maximised. Therefore, SRF
returns subset of features, respectively rules on these fea-
tures describing why this sample has been identified as an
anomaly.

The main drawback of the direct rule extraction from
our sapling random forests is the big number of rules with
some of them introduced by unfortunate training set selec-
tion. Partially, these issues can be solved by confidence
and / or support thresholds. But for our ultimate goal to
present the minimal number of rules containing the maxi-
mal amount of useful information, such a simple approach
is insufficient. Therefore, in this paper we focus on proper
selection, post processing and evaluation of rulesets ex-
tracted from sapling random forests during anomaly expla-
nation. We tested association rules quality measures such
as lift and confidence boost. This paper is work in progress
and we would like to extend the number of tested quality
measures by some subjective measures like novelty.

The rest of this paper is organised as follows. The next
section briefly reviews related work. Section 3 describes
the SRF principles and its training followed by the rule
extraction process in Section 4. The selected quality mea-
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sures of association rules are presented in Section 5. Ex-
perimental evaluation is described in Section 6 and Sec-
tion 7 concludes the paper.

2 Related Work

For more information about the anomaly detection we re-
fer to the recent book of Aggarwall [1]. This book pro-
vides an exhaustive listing of anomaly detection algo-
rithms and their applications in different domains. An-
other source may be [5], which is briefer but very well
written. To our best knowledge, there have been only few
works addressing not only identification of anomalies, but
also their explanation.

Knorr et al. [15] focused on what kind of knowledge
should be extracted and provided to the user. Strong and
weak outliers were defined and searched within data by
distance-based algorithms described in detail in [14].

Dang et al. [7] presented an algorithm identifying and
explaining anomalies. The algorithm starts by selecting
a set of neighbouring samples based on quadratic entropy
that are presented to a Fisher linear discriminant classi-
fier to seek for an optimal half-space, in which a detected
anomaly is well separated. The process of interpretation
is entangled with the presented method of identification
of anomalies. The difference to our work is that SRF can
be used after an arbitrary anomaly detection algorithm to
interpret its results.

The most similar to our approach and most recent
is [20]. Their approach, as well as ours, can interpret out-
put of an arbitrary anomaly detector as a subset of fea-
tures. They use classification accuracy for outlier ranking.
The main drawback of this approach is that it needs bal-
anced training sets which are created by sampling artificial
samples around the anomalous point. With respect to this
work, our approach can handle unbalanced training sets
easily and returns not only feature subsets but feature sub-
sets with rules on them, providing even more information
about the anomaly. Furthermore, we simplify the analysis
by clustering, which enables to interpret similar anomalies
at once [16].

On the other hand, there are many papers about associ-
ation rules. This paper was inspired mainly by [3], which
is about measuring redundancy and information quality
of sets of association rules. The author presents a mea-
sure called confidence boost and an algorithm to produce
a small set of association rules using this measure. A re-
ally extensive list of interestingness measures can be found
in [12]. There is a lot of inspiration for our future work.

An alternative approach, well described in [6], may be
so called subjective measures. A typical example is the
novelty, sometimes called unexpectedness, of a rule with
respect to user provided domain knowledge or against the
another rule set. Because these terms are ambiguous there
are multiple approaches of measuring them. An approach
in [18] inspired us for our future work.

3 Sapling Random Forest

This section outlines principles of sapling random forests.
SRF is a method able to explain an output of an arbi-
trary anomaly detector, proposed by us in [21]. It is
a random forest of specifically trained decision trees. Be-
cause produced trees are small they are called saplings
rather than trees. Produced explanations show features in
which inspected samples differ the most from the rest of
data. These features are used to produce association rules,
which are more informative than only a set of features. An
outline of the whole method is at Algorithm 1.

Algorithm 1 Algorithm summary

y < anomalyDetector(data)

for all data(y ==anomaly) do
T < createTrainingSet (size,method)
t + trainTree(T)
SRF +t

end for

extractRules(SRF)

3.1 Training Set Selection

Dataset X = {x,x2,...,x}, where x € R, can be split
into two disjoint sets X'¢, containing anomalous samples,
and X" containing normal samples. Then, a training set 7~
contains the anomaly x“ as one class and a subset of X"
as the other. The first strategy of creating training sets is
to select k nearest neighbours of x* from X™. This strat-
egy is sensible for algorithms detecting local anomalies,
as according to [8] they are more general than algorithms
detecting global anomalies. The drawback of this strategy
is a computational complexity.

The second strategy is to select k samples randomly
from X" with uniform probability. The advantage of this
approach is a possibility to generate more than one train-
ing set per anomaly by repeating the sampling process.
More training sets lead to more saplings per anomaly and
to more robust explanation, but at the expense of the more
complicated aggregation of rules extracted from them (see
Section 4). A comparison of both approaches can be found
in [21].

3.2 Training a Sapling

For simplicity consider sapling a binary decision tree with
typical height 1-3. In the SRF method, there are always
two leaves at the maximal depth, one of which contains
only an anomaly x* and the other containing only normal
samples. The saplings small height has two reasons. First,
training sets are relatively small. Second, according to the
anomaly isolation approach [19], if the analysed sample
is an anomaly, it should be separated easily from the rest
of data, resulting again into small trees. Therefore, if the



Evaluation of Association Rules Extracted during Anomaly Explanation

145

height of a sapling is higher than expected it should be
taken into consideration that the explained sample may not
be an anomaly.

The standard procedure, to find the splitting function &
for a new internal node, is maximising an information gain
over the space of all possible splitting functions H as

|S” ()]

H(SY), 1
S| (S8”) (1)

argmax —

heH L IRy

where S is the subset of the training set 7 reaching the
leaf being split, SE(h) = {x € S|h(x) = +1} and S®(h) =
{x € S|h(x) = —1} and H(S) is an entropy of S.

The second commonly used approach involves minimis-
ing the Gini impurity.

arg min

R (is) - ((QZZIL)))Z @

For experiments presented in this paper we used infor-
mation gain.

4 Extraction and Evaluation of Rules

Once a sapling is grown, it is used to explain the
anomaly x“. Let hj, g,,...,h;j, 0, be the set of splitting
functions, with features ji,..., j; and threshold 6y,...,6,,
used in the inner nodes on the path from the root to the leaf
with the anomaly x“. Then x“ is explained as a conjunction
of atomic conditions :

c:(le>91)/\(sz>92)/\.../\(xjd>9d), 3)

which is the output of the algorithm. This conjunction can
be read as “the sample is anomalous because it is greater
than threshold 0, in feature j; and greater than 6, in fea-
ture j, and ... than majority (or nearest neighbour) sam-
ples.” Because resulting trees are very small, the explana-
tion is compact.

The situation is more difficult, when more saplings per
anomaly have been grown, as each sapling provides one
conjunction of type (3). Using more than one sapling per
anomaly improves robustness for training sets created by
uniform sampling. The problem is that returning set of
all conjunctions C is undesirable, as the primary objective
— explanation of the anomaly to a human — would not be
met. Hence, the algorithm needs to aggregate conjunctions
inC.

For simplicity of the following notation consider 2d
items, in such a way that 2 items are assigned to each fea-
ture, one for "<" rules, the other for ">" rules. Denote this
2d set of items F. Then we can group rules into the rule
sets R s according to the item set f C JF they share.

Based on | R ¢| the algorithm discards groups of low im-
portance by sorting them in descend order, and then us-
ing only the first k groups such, that their cumulative fre-
quency is greater than a threshold 7, which we recommend

to be 0.90 or 0.95. Using the adopted notation, k is deter-
mined as

1 k
k=argmin—— ) |Ry|>T, 4)
k Zfef|73f|i§i ’

where it is assumed, that R ¢ are sorted according to their
size to simplify the notation. We have also investigated
the complementary approach, where groups are selected,
if they were used with a frequency higher than a specified
threshold. But the presented strategy based on the cumu-
lative frequency showed more consistent results in our ex-
periments.

Once the set of groups with decision rules is selected,
we create one rule 7y for every rule set R y.Thresholds for
each item f; are calculated as an average of all thresholds
within the rule set R .

IR

%= 1R, N )

i=1
By this approach we obtain one representative rule for
each feature set f as:

Cr=xj > 9_1 AXxj, > Q_QA...AXJ'[ > 9_;. (6)

S Measuring Quality of Rules

This section reviews selected quality measures of asso-
ciation rules. Typical association rules are in the form
A — Y, where A, are item sets. In rules extracted from
SREF, items are atomic conditions and Y always means: “‘is
anomalous”. Therefore, our rules are in the form:

rg=cy Y, (7)

where c is a conjunction of atomic conditions like (3), y =
x€ X*and f C F. The ry in its full form then look as:

rf(x) =Xxf > efl ANxg > efz/\.../\xjvn > efn —xe X,

(8)
where n is a maximal index in the itemset f.
For this kind of rules support [2] is calculated as:
{er(o)lx € X}

supp(cy) = — ; )

! x|

x|
supp(y) = “—r- (10)

X

and gives the proportion of data points which satisfy the
antecedent c, respectively the consequent y. It is used to
measure the importance of a rule or as a frequency con-
strain. The disadvantage of support is that infrequent rules
are often discarded. This is much bigger problem than it
could seem because we are generating rules for anomalies,
which are rare by definition.
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Another frequently used measure is confidence [2]:

supp(cy — y)

conf(cy —y) = supp(c)

Y

It estimates the conditional probability of the consequent
being true on condition that the antecendent is true. The
trouble with confidence is caused by its sensitivity to the
frequency of y. Because all rules extracted from SRF
have the same consequent the rule ranking produced by
lift a confidence would be the same.

The third measure we used is lift [4]:

conf(cy —y)

lift(cy —y) = supp ()

; (12)
which measures how many times more often the an-
tecedent ¢ and consequent y occur together than expected
if they were statistically independent. Lift does not suffer
from the rare items problem. Because in our experiments
the consequent will always the same frequency there is no
need to measure both

Finally, confidence boost introduced by Balcazar [3] is
calculated as:

conf(ry)

Plry)= max{conf(r' p)[supp(r' y1) > o,rp Z ' p, f' C f}
13)
where o is support threshold and ry # r/  denotes the
inequivalence of rules 7 and r’.,, which for our simple case
where all consequents are the same, means that f # f'.
From (13) is evident that f' C f.
If the set of confidences in denominator is empty, the
confidence boost is by convention set to infinity.

6 Experiments

For the experimental evaluation we used the synthetical
three layer donut, the well known Fisher’s iris and the Let-
ter recognition data set from the UCI repository [17].

6.1 Three Layer Donut

The three layer donut dataset contains 1000 normal sam-
ples forming the two dimensional toroid (donut). There
are 200 anomalies, one half inside the toroid and the sec-
ond half out of it. For this dataset we created 10 rules
per anomaly, using SRF, resulting in 2000 rules. After the
simple aggregation, described in Section 4, only 8 rules
left. All of them printed in Table 1, sorted by their respec-
tive support. All rules before aggregation were used to
calculate confidence boost. Otherwise, many rules would
have confidence boost equal to infinity because there are
no rules defined on any subset of their item sets f.

The fact is that rules rs — rg have quite small support
but, according to the other measures and our intuition, they
are very important. The small supports is due to the small

rule supp  lift B

rp=x1 >—-033Ax, >—-039 | 038 1.64 0.27
rp =x1 > —0.33Ax; <0.3 0.37 1.60 0.27
r3=x1 <0.4Axy <0.34 037 149 0.25
rg =x1 <0.37Axp > —0.37 037 1.57 0.26
rs =xp > 2.2 0.02 6.00 1.00
re =x1 > 2.3 0.02 6.00 1.00
rr=x<-24 0.01 6.00 1.00
rg=x1 < —24 0.01 6.00 1.00

Table 1: Aggregated rules with their quality measures for
the three layer donut dataset, sorted by their respective
supports.

rl
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Figure 1: Three layer donut dataset with plotted rules
ri —rg. Rules | —r4 are plotted as filled squares and rules
rs —rg as half-planes delimited by solid lines.

number of data points explained, lets recall that anomalies
are only one sixth of all data points in this dataset. Both,
lift and confidence boost, mostly reflects our subjective ex-
pectations.

All rules are depicted at Figure 1. Its evident that pre-
sented rules cannot separate anomalies from normal sam-
ples perfectly. Especially difficult are anomalies inside
the donut. To separate those inner anomalies perfectly it
would be necessary to combine more rules together, for
example r; and 3 or rp and r4.

6.2 Iris

The virginica species were selected as anomalous class for
the iris data set. Five rules per anomaly were produced us-
ing SREF, resulting in 250 rules. After aggregation we have
got 6 rules. They are written in Table 2 with their respec-
tive quality measures. Confidence boost was calculated
using all 250 rules.

The main problem with all those rules is that almost ev-
ery one of them can sufficiently separate anomalies from
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rule supp lift B

rp=x1 >6Axq4>1.7 0.25 3.00 1.00
rn=x4>2 0.19 3.00 1.00
r3=x3>5.5 0.17 3.00 1.00
rg=x <2.8Ax4>1.6| 0.06 3.00 1.00
rs=x>173 0.05 3.00 1.00
re =xp <2.2 0.03 0.75 0.25

Table 2: Aggregated rules with their quality measures for
the iris dataset , sorted by their respective supports.

Figure 2: The iris dataset with r| plotted as a filled rect-
angle, and rules r, and r5 as half-planes delimited by solid
lines.

normal samples. No one of presented measures could help
in selecting the most informative, yet small as possible, set
of rules. Because presented rules are seen informationally
equivalent by all quality measures. This doesn’t say much
about difference between the quality measures but it justi-
fies the rule extraction process, because all generated rules
have high score.
Figure 2 shows the iris dataset with rules r, 7, and rs.

6.3 Letter Recognition

This dataset was created as a classification problem with
26 classes, one class for each letter in the English alphabet.
The charactersO were obtained from 20 different fonts and
randomly distorted to produce 20,000 unique samples pre-
sented as 16 dimensional numerical vectors. Letter X was
selected as the anomaly class. SRF produced more than
15,000 rules, which were reduced by aggregation to 1955.
Aggregated rules with support higher than 0.10 are pre-
sented in Table 3. The ranking of those rules is plotted
at Figure 3. Its evident that the ranking given by lift and
confidence boost differs substantially.

It is nearly impossible to evaluate all rules. Therefore,
we have selected only those with confidence boost higher
than one (202 rules) and those with lift higher than one

25 T T T T

confidence boost

rules

Figure 3: Ranking (higher number means better ranking)
of rules from Table 3 by its lift and confidence boost.

rule supp lift f

x> 14 0.29 1.44 0.29
x11 < 0.62 024 027 1.82
X9 >88Ax10<5.2 021 1.67 0.96
x3>10 0.183 0.89 0.35
x; <0.38 0.17 0.19 0.14
x13 > 6.2Ax5 > 8.6 0.16 0.21 0.17
X6 >9.8Nxg < 1.2 0.15 2.39 191
x1>95Ax > 14 0.15 1.10 0.22
x> 13 Axp9 > 12 0.15 0.44 0.04
x4 >T8Nx3 <1.2Ax9>7.2 0.15 5.75 0.71
xs < 1.2Ax16<5.2 0.14 1.62 0.39
x2>11Ax4 >7.8Ax9 > 6.4 0.13 5.32 0.88
x3 < 1.2Ax9 > 8.8 0.13 8.06 1.80
X9 > 8Axj0 <5.2Ax15 > 6.8 0.13 2.20 1.31
X1 >95Ax3>9 0.12 1.04 0.06
X9 > 8.8 Ax12 < 5.5 0.12 0.78 0.22
x3>6.1Ax14 <62Ax15>72 | 0.12 291 1.09
X1 >42Ax3 <1.2Ax120<6.8 0.12 0.55 0.05
x; >85Ax10> 12 0.12 0.84 0.10

X1 >55Ax7>T.8Axg<1.2 0.11 3.39 0.22
Xy < 1.5Ax9>T7.5Ax15>5.5 0.11 343 0.84
x1>7.8ANx6>88Ax7>6 0.11 0.29 0.02
Xe>82Ax15>T9Ax16<6.2 | 0.11 0.29 0.24
x> 11Ax3>7.6 Ax10<5.2 0.11 1.21 0.05
x3>10Ax5 > 6.2 0.11 0.61 0.24

Table 3: Rules extracted from Letter recognition by SRF
with support higher than 0.10 with their quality measures
sorted by their respective supports.

(446 rules). The confidence boost selected the smaller rule
set where almost all rules looked plausible. On the other
hand, they missed some really interesting ones most highly
rated by lift. The confidence boost tend to choose shorter
more similar rules, whereas lift prefer richer and more het-
erogenous rules. Therefore, from our point of view the
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top 10 lift rules

xg < 1.8 Ax15>7.8

xp < 1.8Ax3>4.5Ax9 > 8.8
x5 >6.8Axg <1.8Ax;5>7
X5 >5Ax9 >82Ax19<5.2
X4 <2.2Ax6>82Ax9>7.8
Xp <5.6Ax3>T2Axg<1.2
X1 >45ANx3 <1.8Ax15>7.8
X7 <5.8Axg<2.5Ax15>7.8
Xy <4.8Ax9>8Ax11 >9.8
xX11 > 9Ax14 > 13

top 10 B rules

x4 <1.2Ax9>8

X3 < 1.5Ax9 > 8.8
xg < 1.2Ax9 > 8.8
X9 > 8Axiy <52
x11 > 12Ax16 < 4.5
X >9.8Axg < 1.2
X4 > 8.8Ax14 <52
x5 >85Ax14 <52
xg < 1.2Ax16 >9.9
X120 > 10Ax16 < 5.2

Table 4: Comparison of top 10 rules extracted from the
Letter recognition dataset by SRF selected by lift and con-
fidence boost.

best selection strategy is choosing top & rules according to
the lift ranking. The top 10 rules chosen from the whole
set by lift and confidence boost, regardless their support,
are in Table 4.

Still there are too much rules to make some conclusions,
in our future work we are going to investigate more mea-
sures of interestingness and novelty, which will hopefully
help us to reduce the amount of extracted rules even more.

7 Conclusion

In this paper, we presented a novel approach for the ex-
planation of an output of an arbitrary anomaly detector us-
ing sapling random forests. The explanation is given as
conjunctions of atomic conditions, which can be viewed
as antecedents of association rules. Due to an extraction
method, the individual rules are short and comprehensi-
ble. The main drawback was that the rule sets for the big-
ger dataset were large and redundant. Therefore, we ap-
plied multiple quality measures to evaluate them and se-
lect those rules with desired properties. Performed exper-
iments showed that no one of presented measures reflect
our expectation. From the considered measures the lift
looks the most promising. But this paper is just a work
in progress and we don’t view this observation as a final
conclusion.

For our future work we would like to have a measure
that will rate the novelty of a rule with respect to the set of
previously selected rules. The first idea is to chose those
rules that describe anomalies not covered by the already
selected rules. The second idea is to select rules which
may describe already covered anomalies but using com-
pletely different set of features. The last thing we would
like to work on is finding a way of concatenating mined
rules to make smaller yet precise rule sets.
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Abstract: With the quickly rising popularity of multime-
dia, especially of the audiovisual data, the need to under-
stand the inner structure of such data is increasing. In
this case study, we propose a method for structure discov-
ery in recorded lectures. The method consists in integrat-
ing a self-organizing map (SOM) and hierarchical clus-
tering to find a suitable cluster structure of the lectures.
The output of every SOM is evaluated by various levels
of hierarchical clustering with different number of clus-
ters mapped to the SOM. Within these mapped levels we
search for the one with the lowest average within-cluster
distance, which we consider the most appropriate number
of clusters for the map. In experiments, we applied the
proposed approach, with SOMs of four different sizes, to
nearly 16 000 slides extracted from the recorded lectures.

1 Introduction

In the past few decades, the amount of audiovisual data has
grown rapidly. Every day, modern technology is accessi-
ble to more and more people. With these modern devices,
such as smartphones or cameras, people are able to create
large amounts of audiovisual data. Growing popularity of
audiovisual data is the main reason why many new sites
containing such data are created. From the consumer’s
point of view, the main purpose of such a site is to find
a video concerning the topic they are interested in.
Usually, any video file that is being uploaded to some
video sharing site is annotated with some keywords by the
uploader. Beside that, it also contains some metadata such
as resolution, frame rate or length of the video. Conse-
quently, any search in the site is restricted to the keywords
provided by the uploader and/or some technical data about
the video. It does not rely on any relationship between the
contents of the videos themselves. This would need to first
discover some structure in the data available at the site.
We investigated the use of a self-organizing map
(SOM) [1], which is a kind of artificial neural network, for
clustering the videos with respect to their content. First,
some features are extracted from the videos and then the
map is built as a two-dimensional grid of neurons, so it can
be easily visualized. According to the training principle of
SOMs, the videos which are similar in their features are
placed close to each other in the map. Consequently, the

closer the videos represented by their respective vectors in
the map are, the more similar they should be.

The most simple clustering of the original data would
be based on individual neurons, i.e., all feature vectors
mapped to the same neuron would form one cluster. How-
ever, there is more information involved in the SOM than
could be represented by such a simple clustering. To have
a clue what SOM-based clustering would be most suitable,
we complement SOM with hierarchical clustering.

2 Related Work

Studies for utilizing SOM as a tool for clustering multime-
dia data were proposed in [3, 4]. In the PocketSOM [3],
the SOM is utilized for a creation of the map of songs.
The songs are characterized by their acoustic attributes us-
ing Rhythm Patterns [5]. These attributes are used for the
creation of a high dimensional vector of features which
represents the original song. The PocketSOM utilization
of the song’s acoustic attributes leads to the extraction of
many of these features. In [3], the extraction of the acous-
tic attributes generated more than thousand features. This
is quite similar to our approach to the multimedia cluster-
ing proposed in this paper. However, we included even
more features describing the content of multimedia files
because we were able to use more than one kind of fea-
tures due to the multimodality of our audiovisual data.

There are also some other differences, in particular be-
tween the main purpose of the PocketSOM and our clus-
tering method. The main purpose of the PocketSOM is
to provide the user with an ability to build his or her own
playlists. The user can choose the songs by virtually draw-
ing a path in the map. The songs which are mapped to the
nodes (neurons) on the path, are selected to be included
in the playlist and the user has to decide which of them
will be selected for the final playlist creation. It is quite
obvious that the user is involved a lot in the generation of
the playlists. However, our structure discovery method is
user-independent.

Till the SOM has been trained, PocketSOM and our ap-
plication of SOM proceed in a similar way. However, after
the map has been trained, PocketSOM starts involving the
user, whereas our application integrates the SOM with hi-
erarchical clustering.
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Our method has also some similarities with the Music
Map [4], which also utilizes SOM for the music playlist
generation. Both, the Music Map and our application uti-
lize SOM to create a two dimensional map of similarities
in the input data. However, the purpose of each of both
applications is rather different. The Music Map is used
for playlist generation from a collection of songs. The
user’s preferences for the songs that should be included
in the playlist are transformed to an optimization criterion
for the path planing. Then the algorithm that traverses the
map and optimizes the criterion is executed, and the re-
sulting optimal path determines the generated playlist. Al-
though the user is not involved in the Music Map playlist
generation as much as in the PocketSOM playlist genera-
tion, the main idea remains the same — to provide the user
a possibility to create a playlist that corresponds to his or
her demands. In the Music Map, the trained SOM is used
as a background layer which is able to discover and pre-
serve some structure in the data, although the main pur-
pose is to traverse the map and generate the final product
— the playlist. Differently to the Music Map and Pocket-
SOM, our application does not primarily focus on any final
product generated from the map. It rather tries to discover
structure in the employed data.

There is also another difference between the Music Map
and our method — the dimensionality of the feature vector.
In the Music Map, every song is described by nine fea-
tures. However, in our application we use more than five
thousands features. This also means that the training of the
map takes much more time.

Studies utilizing SOM as a clustering tool were also pro-
posed in [6, 7]. In [6], a SOM is used as a one of the
clustering tools for the analysis of embryonic stem cells
gene expression data. The important difference compared
to our approach is that each neuron represents one cluster
with a strict boundaries, so there are as many clusters as
neurons in the SOM. Then it is easy to measure the within
cluster distance and between cluster distance to provide an
information about the overall clusters’ quality.

The study[7] deals with cluster quality evaluation. Sim-
ilarly as in [6], a SOM is used as a clustering tool where
every neuron corresponds to a one cluster and it is treated
this way when quality of a clustering solution is being
measured. Thus, the overall number of clusters is deter-
mined by the size of the 2-D map.

Our approach, on the other hand, relies on combining
the information from SOM with information from hierar-
chical clustering.

3 Case Study Audiovisual Data

The data in which we would like to search structure has
been created over the period of several years during the
Weeks of Science and Technology, a two-week science
festivals organized by the Czech Academy of Sciences.
Altogether, the data includes more than 100 hours of mul-
timedia content. For the purposes of further preprocessing

and data consistency, only lectures and their related con-
tent in the Czech language have been chosen.

All lectures were recorded with Mediasite recorder,
a platform maintained by Sonic Foundry, Inc. The idea be-
hind the Mediasite platform is to enable streaming of lec-
tures as easy as possible. The main element of the system
is Mediasite server which stores the lectures and streams
them to the internet. On the side of the lecturer, only audio
and video sources are connected to the device.

The data consist of three main modalities — synchro-
nized video with sound and slides from lecturer’s pre-
sentation. The slides are captured directly from the lec-
turer’s presentation through the VGA/DVI card of Media-
site, which is supplied with the same signal as the projec-
tor.

The signal input for the slides is continuously monitored
and any change to it above given threshold is considered as
a new slide. Mediasite stores the image alongside with the
timestamps of slide transition used for the synchronization
during playback.

Audio is recorded through Mediasite just as lecturer
speaks. It is synchronized with the video and slides by
the use of timestamps of slide transitions.

The Mediasite platform only provides a video signal in
the resolution up to 240 rows and the bitrate of 350Kbps.
However, for purpose of the lectures the high-definition
video is not necessary, because we have the slides in
a good resolution synchronized with the videos. Also, dur-
ing the lecture, there are usually not many changes hap-
pening on the scene, since only the lecturer is supposed to
move significantly.

4 Proposed Structuring Approach

4.1 Data Preprocessing

The multimedia data described in the previous section is
saved by the Mediasite system as audio, video and slides
files in their respective formats. However, for the purposes
of knowledge discovery in that data, including the discov-
ery of its inner structure, we need all the data to be prepro-
cessed to a suitable form. Because we have three modali-
ties in the data, we treated each one separately, so we can
apply appropriate feature extraction tools.

First, we used Optical Character Recognition (OCR)
system for the slides. The slides usually contain some text
related to the topic or the subtopic of the lecture, so an
OCR can give us a good insight into the content of the
slides. The downside of this approach are slides, which
contains, for example, just an image. For these slides OCR
often returns nothing. However, we still have the other
modalities we can rely on.

To this end, we used the OCR system Tesseract, which
is an open-source software made publicly available by
Google. The problem of the OCR output is that it some-
times contains a lot of unrecognized characters and mis-
spelled words, so a basic text processing was applied. All
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punctuation is removed. To reduce the dimensionality of
the data before further processing, only the words found in
the spellchecking dictionary are considered. Also, a stem-
mer is applied.

Second, a speech recognition tool was used for the audio
files. Because we consider only lectures in the Czech lan-
guage, Google’s API for speech recognition, which sup-
ports this language, was used. The result of the API call
is a recognized speech converted to a text. To reduce mis-
spelled words and the dimensionality of the data, the same
methods as for OCR are applied, resulting in a text doc-
ument for every slide, aggregated from the OCR and the
speech recognition.

The text data returned from the speech and slide recog-
nition have to be transformed into term-by-document ma-
trices. For term weighting on cleaned text data, a tf-idf
(term frequency — inverse document frequency) scheme
has been used [9]:

Wia = (ny,a/max;(n; q)) - loga(np/np,) (D

where n, 4 is the count of term ¢ in document d, np de-
notes the number of documents in the employed corpus
and np, is count of documents from the corpus that con-
tain at least one occurrence of term ¢. Logarithmic weight-
ing in idf part is used to not penalize relatively frequent
terms as much.

As the resulting matrices had tens of thousands of
columns and we would like to minimize the impact of the
curse of dimensionality, the Latent Semantic Analysis [8]
has been used. To this end, the k largest eigenvalues of
the term-by-document matrix of weights (1), correspond-
ing to the most significant concepts, and their associated
eigenvectors are found first. Let Uy, X; and V; be the ma-
trices resulting from the singular value decomposition of
the term-by-document matrix, and k denotes the number
of the largest eigenvalues.

To obtain dense matrices of significantly lower dimen-
sions, a concept-by-document matrix [10] is then com-
puted as:

=S AAl 2)

Third, the video is used by two different extraction
methods — Speeded Up Robust Features (SURF) and color
histogram. Both methods work with an image, so just one
frame from the center of the video’s time span related to
a slide is taken. SURF is used to find visual descriptors
in the image. We have almost 16 000 slides, therefore the
same number of images taken from the videos, and each of
these images produced nearly a hundred SURF descriptors
— summing up to over a million descriptors in total. To re-
duce the dimensionality, a dictionary of SURF descriptors
concepts was created by k-means clustering of the origi-
nal SURF descriptors with k empirically set to 400. Be-
cause the matrix of these 400 descriptor concepts was still
very sparse, we decided to cluster it even further, by hi-

erarchical clustering. This resulted in 32 final descriptor
concepts.

The histogram describes each image (taken from the
video) by count of pixels with certain color value in each
color channel. We use the RGB coding with 1 byte depth.
Each color count is relatively scaled to the size of the im-
age.

All three kinds of features are combined into feature
vectors, their resulting dimension is 5800 features.

4.2 Hierarchical Clustering

General purpose of clustering is grouping objects that are
similar into same group. There are 2 main kinds of clus-
tering — the number of clusters is a priori known or it is
unknown, in which case the clusters are formed hierarchi-
cally. Hierarchical clustering can also capture all levels of
similarities, with respect to how the similarity is defined.

The result of hierarchical clustering is a multilevel hier-
archy of clusters, where two clusters at one level are joined
as a cluster at the next level. At the bottom level every sin-
gle cluster corresponds to a single observation.

Decision, which clusters will be joined on the higher
level, is based on a similarity between these clusters,
which is measured in respect of a chosen distance met-
ric between observations / clusters at the previous level of
the cluster hierarchy and a linkage criterion. The distance
metric determines how similarity between two observation
is calculated, while the linkage criterion determines how
the distance metric is employed to calculate the similar-
ity between two clusters. The Euclidean distance and the
Ward’s criterion were chosen as the metric and the linkage
criterion in all our experiments. The Euclidean distance
was chosen because it the most common distance metric
being used. The Ward’s criterion (also called the minimum
variance criterion or the inner squared distance) was cho-
sen because it minimizes the total within-cluster variance
after a potential merge of the two clusters. This variance is
calculated as a weighted Euclidean distance between clus-
ters’ centers. The weight w is calculated as:

2n,ng

(ny+ny) )

Wrs =

where n, and n, are the number of elements in clusters r
and s.

4.3 SOM Clustering

Self-organizing map (or Self-organizing feature map)[1]
is a kind of an artificial neural network. The main idea
behind SOM is that it can preserve topological relations
of the input space, which is typically high-dimensional, in
a low dimensional map (typically 2-D). That means the
data which is similar in their original high-dimensional
input space is also similar in the map. Due to this char-
acteristics, the high-dimensional data whose relationships



Search for Structure in Audiovisual Recordings of Lectures and Conferences 153

are often very hard to visualize in the original high-
dimensional space can be relative easily visualized in the
low-dimensional map. SOM does not only learn the dis-
tribution of the input data, but it also learns a topology.

Since in all our experiments we used a 2-D map, which
is also the most common type of SOM, the following de-
scription will be restricted just to that specific case.

SOM consists of one layer of neurons which are orga-
nized in some regular topology according to a topology
function, which determines how the neurons in the map
are organized. Most common are the grid, hexagonal and
random topology. Also, a distance function, which mea-
sures some kind of distance between neurons needs to be
selected. Common distance functions are Euclidean dis-
tance, Manhattan distance or the length of the shortest path
between neurons.

Each neuron in the map is assigned a weight vector
which is of the same dimension as the input vectors. The
weight vectors are first initialized, most easily with sam-
ples from the input data or with small random values.

Training the SOM is an iterative process. In each itera-
tion, one sample vector X is selected and it is presented to
the map. A similarity between the selected feature vector
and all weight vectors in the map is calculated, usually as
Euclidean distance. The neuron that has the most similar
weight vector is selected as a winning neuron c.

When the winning neuron is found, the weight vectors
of the winning neuron and its neighbors are updated. They
are moved closer to the presented input vector, with de-
creasing magnitude of changes according to the growing
distance from the winning neuron. The update rule for
a neuron { with weight vector W;(¢) is:

Wit +1) = Wi(t) + a(1)6(c,i,0) (X (1) =Wi(1))  (4)

where o(¢) is learning rate, which is from the interval
(0,1) and it is decreasing with increasing iterations, and
0(c,i,t) is the neighborhood function which depends on
the distance between the winning neuron ¢ and the neu-
ron i, and may depend also on the iteration ¢.

Another possibilty for SOM training is the batch
algorithm[2]. In each epoch, this algorithm presents the
whole training data set to the network at once. The win-
ning neurons for all the input data are selected and each
weight vector is modified according to the position of all
the input vectors for which it is a winner or for which it is
in the neighborhood of a winner.

In our experiments with SOM, we used the MATLAB’s
Neural network toolbox implementation of SOM, which
uses the batch algorithm by default.

4.4 Integrating Hierarchical Clustering with SOM

During each epoch of the batch algorithm that is used in
the training process of the SOM, each vector of values of
input features is assigned to the neuron that is the win-
ner for that input feature vector. Thus, after the training

process is completed, each neuron in the map could be in-
terpreted as a cluster which is formed by a subset of the
input feature vectors, those for which it is a winner.

In many scenarios, for example in studies [6] and [7],
the output of SOM is interpreted in that way. However,
this means that every neuron in the map is interpreted as a
single cluster.

In this case study, we use a different approach — an in-
tegration of SOM and hierarchical clustering. First, we
train SOM with all the input feature vectors. The result-
ing map serves as a reference for all clustering solutions
obtained by cutting the cluster hierarchy. These solutions
are mapped to that reference SOM and then evaluated. Al-
gorithm 1 and the following paragraphs describe how the
average withing cluster distance of a clustering solution is
calculated.

Algorithm 1 An average within-cluster distance
map < trained SOM
S + clustering solution obtained by cutting cluster hier-
archy
for all c € Sdo
WCD|c] <~ WITHINCLUSTERDISTANCE(map,c)
end for
SolutionAvgW CD <+ avg(WCD) /lover all clusters ¢

function WITHINCLUSTERDISTANCE(map,c)
for each pair p of input vectors u,v € ¢ do
N,, +— FINDNEURON(u,map)
N, <~ FINDNEURON(v,map)
Dist[p] « dist(N,,N,)
end for
return avg(Dist) between all pairs
end function

function FINDNEURON(v, map)
return Neuron N in the map map to which the input
vector v is mapped.

end function

After the reference SOM has been created, hierarchi-
cal clustering is performed. The cluster hierarchy is cut
at many different levels and the clusters at the respective
level are used as a starting point to calculate the distance
between their respective vectors positioned in the map.
When evaluating a solution, all feature vectors that form
a cluster by hierarchical clustering are taken, the positions
of their respective neurons in the map are found and the
distance between each pair of them is calculated accord-
ing to the distance function used in the map. From these
distances between all pairs, we calculate the average dis-
tance, which is interpreted as a within-cluster distance.

From those within-cluster distances, an average dis-
tance of the whole solution is calculated. That average
distance is used as a measure of quality of each clustering
solution obtained by cutting the cluster hierarchy. We also
interpret it as a measure of similarity between the map out-
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put and the hierarchical clustering output — the smaller the
within-cluster distance is, the more similar the outputs of
SOM and hierarchical clustering are. We also consider that
the more similar they are (the smaller the within-cluster
distance is), the better the number of clusters produced
from cutting the tree suits the map.

S Experimental Evaluation

5.1 Evaluation Methodology

For our experimental evaluation, we need to train several
differently sized SOMs first. Data from all available lec-
tures has been used for the training to make the SOMs as
precise as possible. However, with 5800 features, the data
dimensionality is quite high and so is the number of fea-
ture vectors — 15953. Due to the time complexity of SOM
training and also with respect to the size of our data, only
relatively small maps were used. Namely, we considered
only the squared maps with sizes of § x 8, 12x 12, 16 x 16
and 20 x 20 neurons. The number of training epochs was
set empirically, taking into account the time taken by the
training process, to 200 for the three smaller maps and 150
for the largest one.

Even though we need outputs from many levels of
the hierarchical clustering, the cluster hierarchy was con-
structed only once. It is important to realize that the hi-
erarchy must be constructed from the same set of feature
vectors as the SOMs to make the comparison possible. In
all considered clustering solutions, the same cluster hier-
archy was considered, cut at an appropriate level to obtain
a solution with the desired number of clusters.

A different number of clustering solutions for different
sized SOMs was used. We started comparison with hierar-
chical clustering output containing just a few clusters and
ended with an output containing three or for times more
clusters than the number of neurons present in the respec-
tive map. We also introduced different steps for increasing
the number of clusters, depending on the map size.

In Table 1, the empirically chosen values for of our ex-
periments are shown. The number of clusters range is an
interval which determines, together with the step size, how
many clustering solutions produced by cutting the tree
were evaluated.

SOM size | # of clusters range | step | # of solutions
8x8 16 — 256 4 61
12x 12 16 — 500 4 122
16 x 16 32 -800 8 97
20 x 20 32 - 1000 8 122

Table 1: Settings used in the performed experiments

5.2 Evaluation Results

In this section we are going to use three types of figures to
illustrate the measured results. Because these figure types
are used repeatedly, their interpretation will be first shortly
described.

The first type shows the map topology (which is hexag-
onal in all our experiments) with a relative distribution of
the input feature vectors. Each neuron is represented as
a white hexagon with a blue patch. The bigger the blue
patch at each neuron is, the more feature vectors has been
mapped to that neuron. Also in smaller maps, the numbers
representing the total number of feature vectors mapped to
the neurons are shown in each hexagon.

The second type is a neighbor distances map. It shows
the distances between weight vectors of the neurons. The
small regular hexagons are the neurons and the lines con-
necting them represents their direct neighbor relations.
The colored patches between the neurons show how close
each neuron’s weight vector is to the weight vectors of its
neighbors. Color range varies from yellow to black, where
the darker color means the greater distance between the
weight vectors.

The third type is a figure showing an average within-
cluster distance depending on the number of clusters
produced from the hierarchical clustering, which were
mapped to the SOM as described in Section 4.4.

We started the evaluation with the smallest, 8 x 8 map.
A relative distribution of the input feature vectors onto the
map is shown in Figure 1.

A 0 1 2 3 4 5 6 7 8

Figure 1: Relative distribution of the input feature vec-
tors alongside with the total numbers of vectors mapped to
each neuron in the 8 x 8 map.

From the distribution of feature vectors shown in Fig-
ure 1 we can see that from the total number of 15953 fea-
ture vectors, there are 1854 feature vectors mapped to
a single neuron. That indicates that there are many quite
similar input vectors in the data. This is even more evident
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when we look at the neurons in its neighborhood, which
are also quite a lot populated with the input vectors in con-
trast with the lower-left part of the map.

The neuron with the most mapped feature vectors has
them mapped more than twice as many as any other neuron
in this map. When we look at the input data, we find that
many different slides are mapped to this neuron.

Another reason for the large number of feature vectors
mapped to this neuron is that these feature vectors pro-
vide just one modality of the available input data. Namely,
nearly a half of input data mapped to this neuron seems
to be slides created from video playback or they are just
images without text. So, even though these slides look
different, the OCR produces little to no text, which can re-
sult in great similarity between them, depending on other
modalities.

These feature vectors also have in common that there
is little of recognized speech, thus they are very similar
in the speech-to-text modality. The only really important
difference in feature vectors is due to the SURFs and his-
tograms produced from one frame taken from the video,
but this difference can also be just a small one. In the case
of lectures, the majority of lecture halls seem very similar
— white walls and brown desks accompanied by projection
screen.

However, there are also some inputs mapped to this neu-
ron that seem to be typical examples of a lecture — a slide
with some text, video from lecture hall and an average
speech-recognized audio.

Quite interesting is that usually not the whole sequence
of similar input data from one lecture is mapped to this
neuron. However, the input data from the sequences,
which are not present in this neuron, are in the most cases
mapped to its direct neighbours. This behaviour supports
the idea of large clusters spread over more neighbouring
neurons.

In Figure 2, which shows the distances between neigh-
bors, we can see that the distances are the shortest be-
tween the neurons with the highest number of vectors.
Conversely, neurons in the lower-left corner are the most
distant from each other. When we look at the input data,
we find that the segments of video-recordings and associ-
ated slides projected during that segment indeed substan-
tially differ from the remaining segments of all recorded
lectures. First, the camcorder during the time span of re-
spective segment was set to shoot only the projected slide,
instead of the whole lecture hall. Second, the projected
slides in most cases were examples of web pages. More-
over, in 35 out of 42 slides mapped to the neuron in the
bottom-left corner, the examples of web pages were taken
from the Wikipedia, so they contain a lot of text and hy-
perlinks. The image taken from the video, containing just
a slide instead of the whole lecture hall, caused the visual
features and histogram to be very different. A lot of text
on a Wikipedia page instead of only few lines of text on
a typical slide caused the main difference in OCR.

Figure 3 shows that in the map of size 8 x 8 neurons,
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Figure 3: A within-cluster distance, measured as the
length of the shortest path between neurons, dependent
on the number of clusters produced from the hierarchical
clustering, mapped to the 8 X 8 map.

an average within-cluster distance drops down to its local
minimal value when the cluster hierarchy is cut at an ap-
propriate level to form about a hundred clusters. It means
that the hierarchical clustering should produce more clus-
ters than the number of neurons in the map, which is
only 64.

Let us now pass to the 12 x 12 and 16 x 16 maps. In
Figures 4 and 7 we can see similar, one highly populated
neuron, like in the 8 x 8 map. In bigger maps, the total
number of vectors mapped to that neuron is lower, but in
comparison to other neurons, the relative count is the same
or even higher.
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Figure 4: Relative distribution of the input feature vec-
tors alongside with the total numbers of vectors mapped to
each neuron in the 12 x 12 map.

Figure 5: The neighbor distances in the 12 x 12 map.

In Figures 5 and 8, we can see that there are some
neurons, mostly on the left side of the map 5 and in the
top-center, lower-left and top-right corners in 8, that have
a large distance to their respective neighbors. The situation
is quite similar to that of the smaller map in Figure 2. The
darkest areas just moved around to another physical loca-
tion in each of those two maps, but the relationships seems
to be similar and those neurons tend to stay together.

It is also interesting, that in those larger maps a few neu-
rons are more distant from their respective neighbors than
others in their neighborhoods, which indicates that there
is some input data which is quite different from the rest in

0.8 I I 1 I | 1 I 1 I
a 50 100 150 200 250 300 350 400 450 500

number of clusters

Figure 6: A within-cluster distance, measured as the
length of the shortest path between neurons, dependent
on the number of clusters produced from the hierarchical
clustering, mapped to the 12 x 12 map.

Figure 7: Relative distribution of the input feature vec-
tors alongside with the total numbers of vectors mapped to
each neuron in the 16 x 16 map.

the most features. This can be seen in the map as a darker
“star” in a lighter neighborhood.

In Figures 6 and 9, which show the within-cluster dis-
tance dependence on the number of clusters formed by
cutting the cluster hierarchy, we can not find a clear lo-
cal minimum. The value of distance drops down quickly
with the increasing number of clusters, forming an elbow
in the figure, which is at just about a few less clusters than
is the number of neurons in the map.

Even though the most suitable number of clusters in the
map could not be define precisely this way when there is
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Figure 8: The neighbor distances in the 16 x 16 map.
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Figure 9: A within-cluster distance, measured as the
length of the shortest path between neurons, dependent
on the number of clusters produced from the hierarchical
clustering, mapped to the 16 x 16 map.

no distinct local minimum, locating an elbow on the curve
gives us a great possible candidate when we are searching
for a solution with a good average within-cluster distance
and the least number of clusters.

Finally, let us pass to the largest, 20 x 20 map. Figure 10
shows that there is still one neuron with significantly more
input vectors mapped to it than to any other neuron. A
great part of the map is low populated with feature vectors,
even though there are some neurons with small neighbor-
hoods which are populated a little more.

In Figure 11, we can see that the small area of neurons

Figure 10: Relative distribution of the input feature vec-
tors alongside with the total numbers of vectors mapped to
each neuron in the 20 x 20 map.
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Figure 11: The neighbor distances in the 20 x 20 map.

distant from each other is still present, situated at the top
of the map, almost in the right corner. Alongside with
Figures 1, 4 and 7, we can also see that as the map grows,
there are more distant neurons and the whole map becomes
darker. This is due to the higher number of neurons which
allows more distinct input feature vectors to form their
own clusters.

The 20 x 20 map also has other interesting characteris-
tics. In Figure 12, there is once again a local minimum,
though in this case it can be found within the interval of
400 and 500 clusters. It seems that clustering solutions
produced by hierarchical clustering and clusters formed in
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Figure 12: A within-cluster distance, measured as the
length of the shortest path between neurons, dependent
on the number of clusters produced from the hierarchical
clustering, mapped to the 20 x 20 map.

the map are very similar in that interval, because there is
exactly 400 neurons in this map.

6 Conclusion

The objective of this paper was to provide a proof of
concept for the possibility to improve structure discov-
ery in complex multimedia data through the integration of
two unsupervised approaches — hierarchical clustering and
self-organizing maps. For that proof of concept, we have
used a case study of more then 100 hours of audiovisual
recordings of lectures from several years of a Czech sci-
ence festival called Week of Science and Technology. The
approach we propose relies on the one hand on the flexibil-
ity and universality of hierarchical clustering, on the other
hand on the suitability of SOM for multimedia data, con-
vincingly documented by Pitoyo Hartono. Our approach
has been much inspired by his paper [4]. However, the
need to integrate SOM with hierarchical clustering is a
consequence of the fact that our data are much more com-
plex, both from the point of view of involved modalities,
and from the point of view of the number of attributes.
We have tested the proposed approach with 4 differently
sized self-organizing maps. Although space limitations
allowed us to present only two examples of the interpre-
taion of the obtained results in the context of the original
audio-visual data, even these examples indicate that SOMs
indeed help to recognize structure in that data. In the
first provided example, the SOM organized the most com-
mon data into a large cluster spread over few neighbour-
ing neurons and in the second example, the SOM discov-
ered a specific group among the nearly 16000 considered

segments of video-recordings and their associated slides,
which substantially differs from the others.

In the future, we want to further elaborate our approach,
taking into account the results obtained in the case study
presented here. We also intend to apply it to further com-
plex multimedia data sets, in particular to data nowadays
being collected within the project Open Narra at the Film
and TV School of the Academy of Performing Arts in
Prague.
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Abstract: Minimizing the number of function evaluations
became a very challenging problem in the field of black-
box optimization, when one evaluation of the objective
function may be very expensive or time-consuming. Gaus-
sian processes (GPs) are one of the approaches suggested
to this end, already nearly 20 years ago, in the area of gen-
eral global optimization. So far, however, they received
only little attention in the area of evolutionary black-box
optimization.

This work investigates the performance of GPs in the
context of black-box continuous optimization, using mul-
timodal functions from the CEC 2013 competition. It
shows the performance of two methods based on GPs,
Model Guided Sampling Optimization (MGSO) and GPs
as a surrogate model for CMA-ES. The paper compares
the speed-up of both methods with respect to the number
of function evaluations using different settings to CMA-
ES with no surrogate model.

1 Introduction

Evolutionary computation became very successful during
the past few decades in continuous black-box optimiza-
tion. In such optimization, we have no mathematical def-
inition of the optimized function available, thus we can
calculate analytically neither that function itself, nor its
derivatives. In such cases, there is no option but to em-
pirically evaluate the objective function through measure-
ments, tests or simulations.

In various real-world optimization problems, the eval-
uation of the objective function is very expensive or
time-consuming, e.g., protein’s folding stability optimiza-
tion [6], computer-assisted design [1] and job allocations
in a computational grid [13]. In such cases, we need to
keep the number of function evaluations as low as possi-
ble, without impairing the quality of expected results.

In this paper, we employ two approaches addressing that
task. The first, called Model Guided Sampling Optimiza-
tion (MGSO) [2], is one of the recent implementations of
GPs. The second employed approach is surrogate model-
ing, recalled in Subsection 2.2, which we will use in con-
junction with CMA-ES.

This work investigates the performance of both methods
on the set of niching functions from the CEC 2013 compe-
tition [10], characterized by a high number of local optima,

which makes evolutionary search for the global optimum
difficult because evolutionary algorithms (EAs) tend to get
trapped in one of the local optima.

The following section describes the theoretical funda-
mentals of GPs and introduces the MGSO method. It also
explains surrogate modeling and using GPs as a surrogate
model for CMA-ES. Section 3 presents results of exper-
imental evaluation of the considered methods. Section 5
summarizes the results and concludes the paper.

2 Gaussian Processes in Optimization

GP is a random process such that any finite sequence
X1,...,X; of the involved random variables has a multi-
variate Gaussian distribution. GP is defined by its mean
value and covariance matrix described by a function with
relatively small number of hyper-parameters, which are
usually fitted by the maximum likelihood method. Firstly,
GP is trained with N data points from the input space X,

Xy = {X,’|X,’ € RD}é\;l

with known input-output values (Xy,yx), then it is used
for predicting the (N + 1)-st point. The conditional den-
sity of the extended vector yy+1 = (¥1,...,YN,YN+1), CON-
ditioned on Xy+1 = Xy U {Xy+1} is

exp(—3¥n 1 Cyliyn+1)
V@O det(Cy 1)

where Cpy4 is the covariance matrix of a (N + 1)-
dimensional Gaussian distribution. The covariance matrix
can be expressed as

Cy k
CN+1 = (k'll'\" K'> ’

where K is the variance of the new point itself, k is is the
vector of covariances between the new point and training
data and Cy is the covariance of the Gaussian distribution
corresponding to the N training data points [5].

Covariance functions provide prior information about
the objective function and express the covariance be-
tween the function values of each two data points x;,
x; as cov(f(x;), f(x;)) = k(x;,x;). Because the matrix
X1,...,Xy SErves as a covariance matrix, it has to positive
semidefinite.

pyn+1Xny1) =
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2.1 Model Guided Sampling Optimization

MGSO has the ability to use a regression model for pre-
diction and error estimation in order to get the probabil-
ity of obtaining a better solution. It was inspired by two
previously proposed methods in the field of black-box op-
timization. The first method, Estimation of Distribution
Algorithms [9], creates a new set of solutions for the next
generation using estimated probability distribution from
previously selected candidate solutions. The second ap-
proach is surrogate modeling, described in Section 2.2.

MGSO was proposed as an alternative method for
Jones’ Efficient Global Optimization (EGO) [8]. Unlike
EGO, MGSO produces not a single solution, but a whole
population of solutions. The selection of candidate solu-
tions is performed by sampling the probability of improve-
ment (Pol) of the GP model, which serves as a measure of
how promising the chosen point is for locating the opti-
mum. Pol is determined by means of a chosen threshold T
and the estimation of the objective function shape by the
current GP model.

The crucial step in the MGSO algorithm is the sampling
of Pol, which is determined by the predicted mean f(x) =
9 and the standard deviation §(x) = s, of the GP model f
in any point x of the input space

T — f(x) R
potr(x) =@ (T2 ) —p(jix< 1),
which corresponds to the value of cumulative distribution
function of the Gaussian for the value of threshold 7. Al-
though all the variables are sampled from Gaussian distri-
bution, PoI(x) is not Gaussian-shaped as it depends on the
threshold 7" and the modelled function f.

2.2 GP as Surrogate Model for CMA-ES

Surrogate modeling is a technique used in optimization in
order to decrease the number of expensive function eval-
uations. A surrogate model, which is a regression model
of suitable kind (in our case a GP), is constructed by train-
ing with known values of the objective function for some
inputs first, and then it is used by the employed evolution-
ary optimization algorithm instead of the original objective
function (in evolutionary optimization usually called fit-
ness) during the search for the global optimum. Although,
creating and training a model increases time complexity
of the optimization algorithm, using a model instead of
the original fitness function decreases the number of its
evaluations, which is a crucial objective in expensive opti-
mization.

Every regression model approximates the original fit-
ness function with some error. To prevent the optimiza-
tion from being mislead from such an erroneous approxi-
mation, it is necessary to use the original fitness function
for some subset of evaluations. That subset is determined
by the evolution control (EC) strategy [5].

An individual-based EC strategy consists in determin-
ing the subset of individuals evaluated by the original fit-
ness function in each generation. The following descrip-
tion is illustrated by Figure 1. Denote A to be the size
of the population provided by CMA-ES. First, " = al
points are sampled from N (m,5>C), where & € [0, 1], m is
the mean, o is the step-size and C stands for the covariance
matrix (1). These A” points are evaluated by the original
fitness function and included in training the model. Then,
the extended population A’ = (A —A"), where f € [1,0),
is sampled by a model using the same distribution (2). The
extended population is required by the model for choosing
promising points for re-evaluation by the original fitness
function. Subsequently, y(A —A”) points, where y € [0, 1],
are chosen according to some criterion from among the ex-
tended population, e.g. fitness value, and used in the evalu-
ation by the original fitness function (3). The complement
to A points is gathered from the rest of the extended popu-
lation by dividing it into k = (1 —7)(A — A”) clusters and
selecting the best point from each cluster, which are also
evaluated by the original fitness function and added to the
final population (4) [3].

. A
(1)
MV=ar  A—2
A=A"
@) | ——
— B(A—2")
B(A—2")
(3)  — |
A" (=2
k
Fq
) — —
A" YA =2A") (1=-7)(A—-21")
A

W best points from each cluster
best points from the extended population
extended population

B pre-sampled points

Figure 1: Individual-based EC

A generation-based EC strategy determines the num-
ber of model-evaluated generations between two genera-
tions evaluated by the original function. After a generation
is evaluated by the original fitness function, the model is
trained using the obtained values. The number of consec-
utive model-evaluated generations can be determined also
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dynamically, as introduced in so-called adaptive EC stra-
tegy [11], when the deviation between the original and the
model fitness function is assessed and then it is decided
whether to evaluate using the original fitness or the model.

Determining the most suitable EC parameters, however,
is an open problem, which depends on the properties of
the fitness function and the current performance of the
surrogate model. Moreover, the most suitable parameters
change during the optimization process.

3 Experimental Evaluation

Previous investigations compared the performance of
MGSO [2] and CMA-ES with GP surrogate model [4]
(denoted hereafter S-CMA-ES) with CMA-ES without
amodel, using the standard black-box optimization bench-
marks [7]. In this work, we compare those methods using
an additional set of 12 multimodal fitness functions from
the CEC 2013 competition on niching methods for multi-
modal function optimization [10]:

e f1: Five-Uneven-Peak Trap (1D),

e {2: Equal Maxima (1D),

e f3: Uneven Decreasing Maxima (1D),

e f4: Himmelblau (2D),

o f5: Six-Hump Camel Back (2D),

e f6: Shubert (2D, 3D),

e f7: Vincent (2D, 3D),

e f8: Modified Rastrigin - All Global Optima (2D),
e f9: Composition Function 1 (2D),

e f10: Composition Function 2 (2D),

e f11: Composition Function 3 (2D, 3D, 5D, 10D),
e f12: Composition Function 4 (3D, 5D, 10D, 20D).

3.1 MGSO Performance

MGSO performance was examined using two covari-
ance functions, isotropic squared exponential (Kissg) and
squared exponential with automatic relevance determina-
tion (Kgrli:i), with parameters shown in Table 1. The results
in Tables 2 and 3 show the speed-up of MGSO with respect
to CMA-ES. As can be seen, the Kls*]‘s’ covariance function
performed better among these two in more than the half of
cases. Table 1 shows used parameter settings in our evalu-
ations.

3.2 S-CMA-ES Performance

The speed-up results are shown in Tables 2 and 3. In per-
formed evaluations, four covariance functions in the GP
surrogate model were used, two types of the squared ex-
ponential covariance function, the isotropic version

S0

1
S20) = oFexp (~ a5 x) (5 x) ) (D)

S-CMA-ES
covariance cov e
functions {KMatern’ Kexp; KISS](E)N I(ESHIE1
180
starting values (0.1,10) for Kgg
(0.05 x J1 p,0.1) for K&d
(Gf 76) . SE
(0.5,2) otherwise
starting values of o7 0.01
MGSO
covariance i
functions cov € {Kig, K§g
starting values (0.1,10) for Kg2
of (67,0) (0.05 % (J1 p),0.1) for K&d
starting values of o2 0.01

Table 1: Model parameter settings for S-CMA-ES and
iso

MGSO performance testing. The symbols Kgg, Kgrg,

Kexp, KMatem, denote, respectively, the isotropic squared

exponential, squared exponential with automatic relevance

determination, exponential and Matérn with parameter
5

v = 5 covariance functions. Jip denotes the vector of

ones of length equal to the dimension D of the input space.

and the version using automatic relevance determination

K‘S‘rg(x,,xj) = of exp ( %(Xi ij)T}LfZ(x,» Xj)) ,
2)
where A stands for the characteristic length scale which
measures the distance for being uncorrelated along x;. The
covariance matrices 1 and 2 differ only when A is a diag-
onal matrix instead of a scalar. Two types of the Matérn
covariance function were used,

_1
V=2

1 r
Ky (1) = exp (7). 3)
which is better known as exponential covariance function
(Kexp)a and

KKaZémU):G%( fr+3€2> exp (—fr>, 4)

where r = (x; —X;) and the parameter ¢ is the characteris-
tic length-scale with which the distance of two considered
data points is compared and G]% is the signal variance. The
description of the listed covariance functions can be found
in [12]. The considered covariance functions parameters
are shown in Table 1.

In the performed experiments, different variants of the
chosen EC strategies, described in Section 2.2, were exam-
ined, generation-based and individual-based. The result
are discussed in the following sections.

3.3 Generation-Based EC Strategy

Apart from covariance function selection, generation-
based EC strategy was determined by two other param-
eters, the number of model-evaluated generations and the
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multiplication factor of CMA-ES’ step size o, which is
used in the original-evaluated generations in order to pro-
vide points for model training from a broader region of the
input space. In the implementation, the first parameter was
varied among the values 1, 2, 4 and 8 consecutive model-
evaluated generations and the second parameter was varied
among the values 1 and 2.

3.4 Individual-Based EC Strategy

Apart from covariance function selection, three other pa-
rameters, described in Section 2.2, were examined in the
case of individual-based EC strategy. The first parameter
o € [0, 1] determines the proportion of the original popula-
tion to be pre-sampled and evaluated by the original fitness
function. The second parameter 8 € [1,e0) is a multiplica-
tor determining the size of extended population. The third
parameter 7y € [0, 1] determines the amount of points with
the best model-fitness chosen from the extended popula-
tion to be re-evaluated by the original fitness function to
become a part of the final population. This parameter also
determines the number of clusters, where the best point is
chosen from each cluster and added to the final population.

In performed evaluations, the parameter o was varied
among the values 0, 0.0625, 0.125, and 0.25, the parameter
B was varied among the values 5 and 10 and y was varied
among the values 0, 0.1 and 0.2.

4 Results and Their Assessment

4.1 Result Tables

Tables 2 and 3 show the speed-up of S-CMA-ES and
MGSO, compared to CMA-ES without a surrogate model.
For the respective targets (distances to the true optimum
A fopt), the speed-up of the expected running time (ERT) is
shown. ERT is the number of function evaluations needed
to reach the target divided by the ratio of the successful
runs, which reached the target. Stopping criteria: the dis-
tance 108 to the true optimum and 100D original fitness
function evaluations.

The first column in each box corresponds to the over-
all best settings (described in Section 4.2), the covari-
ance function and EC settings of S-CMA-ES using the
generation-based EC strategy in terms of the average
speed-up. The second column corresponds to the best co-
variance function and generation-based EC settings for
the respective function-dimension combination, if there
was any better than the overall best observed settings.
Analogously, the third and fourth columns show results
for S-CMA-ES using individual-based EC strategy. Simi-
larly, the last two columns in each box show the speed-up
of the MGSO.

Signs “-” instead of the speed-up values mean that, un-
like the CMA-ES, no run of the considered method (S-
CMA-ES or MGSO) was able to reach that target. Signs

“+” mean that, unlike the employed method, no CMA-
ES run was able to reach the target. Signs “*” mean that
neither the considered method nor CMA-ES were able to
reach the target. Speed-ups written in bold mark cases
where the S-CMA-ES’ or MGSO’s median of the ERT is
significantly lower than the median of the CMA-ES ac-
cording to the one-sided Wilcoxon’s test on the signifi-
cance level o = 0.05.

4.2 Observations

The MGSO method brought the highest speed-up in the
case of 2, f4, 3D version of f7, 2D version of f11 and
5D version of f12. The worst results were observed in the
case of f1, 2D version of 10 and 3D and 10D versions of
f12. The best results were achieved using K‘§§ covariance
function, however, in the case of f4 and 2D version of f7
Kgfg covariance function brought much better results.

In the case of the generation-based EC, the overall best
settings with respect to the median values are (K&2,8,1)
— 8 consecutive model-evaluated generations with un-
modified step size in combination with K‘S“]‘E’ covariance
function. The overall best generation-based EC settings
showed to be also the best generation-based EC settings
of the respective functions, except for 3D version of f12,
where S-CMA-ES performed better using larger step size.
Using different covariance functions didn’t bring much
better results than the overall best covariance function.

The individual-based EC strategy achieved the best re-
sults with the overall settings (K&9,0,5,0.1) — squared ex-
ponential covariance matrix with automatic relevance de-
termination, no pre-sampling before training the model, 5
as the multiplicator determining the size of extended pop-
ulation and 0.1 as a multiplicator determining the amount
of best points chosen from the extended population. The
best results using described parameters were achieved in
the case of functions f3 and 2D and 3D version of f6.
However, the overall performance of the individual-based
EC strategy lags far behind the generation-based EC stra-
tegy, MGSO and even CMA-ES itself.

4.3 Best-Fitness Progress Diagrams

Figure 2 shows examples of the best-fitness progress with
the best observed settings (see Table 2 for details). Me-
dians and the first and third quartiles of the best fitness
reached are shown; medians and quartiles measured for
MGSO and S-CMA-ES on 15 and 10 independent runs
(for both EC strategies), respectively.

The optimization progress of the individual-based EC
strategy showed to be the slowest in comparison to other
methods. MGSO outperformed CMA-ES in most cases
and the highest speed-up was achieved in the later phase of
the optimization process. The generation-based EC stra-
tegy achieved the highest speed-up in the middle phase of
the optimization process. However, the generation-based



Investigation of Gaussian Processes in the Context of Black-Box Evolutionary Optimization 163
f1 (1-D) 2 (1-D)
Afopi | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO Afopi | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO
Tel 00.90 01.00 01.00 00.17 00.14| Te-I 01.00 01.44 00.76 00.13 01.30
1e0 00.90 01.00 01.00 00.06 00.14| le-2 01.41 02.54 00.30 00.10 03.30
le-1 00.90 01.00 01.00 00.06 00.08| le-3 01.85 02.54 00.12 00.86 01.08
le-2 00.90 01.00 01.00 - 00.05| le4 03.11 03.75 - 01.73 01.73
le-3 00.90 01.00 01.00 - 00.05| le-5 04.04 04.49 - - 02.25
le-4 00.90 01.00 01.00 - - le-6 04.34 04.83 - - 02.37
le-5 00.90 01.00 01.00 - - le-7 12.95 13.57 - - 08.05
le-6 00.90 01.00 01.00 - - le-8 12.21 15.23 - - 16.78
le-7 00.90 01.00 01.00 - -
le-8 00.90 01.00 01.00 - .
- - - =3 -
param: | (K2, 8, 1)  (K¥,8,1) |(K¥,0,5,0.1) Ki K3 | param: | (Ki, 8, 1) (K& 8,1) |(K¥,0,5,0.1) Ky 272 10,0.2)| Kis2
3 (1-D) f4 (2-D)
Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO Afop | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO
le-1 02.44 00.52 00.45 01.83 le2 00.54 01.00 00.16 00.11 00.35 00.35
le-2 05.71 01.44 01.51 02.13 lel 01.24 01.63 00.17 00.44 01.55 01.55
le-3 21.36 07.12 17.80 09.49 1e0 02.59 03.52 - 01.26 02.20 04.00
le-4 18.41 07.12 - 08.63 le-1 02.74 03.47 - - 01.97 02.62
le-5 20.07 07.76 - 09.41 le-2 02.99 03.66 - - 02.44 03.25
le-6 20.07 07.76 - 09.41 le-3 03.91 05.00 . . 03.58 04.57
le-7 * * * * le-4 04.45 05.22 - - 04.52 04.68
le-8 * * i le-5 13.44 14.83 - - 00.67 13.23
le-6 17.63 20.10 - - - 1812
le-7 + + * * * +
le-8 + + b * * +
param: | (K5, 8, 1) (K&, 0,5,01) (Kexp, 0,5,02) | Kig param: | (K52, 8, 1)  (Kexp, 8, 1) | (K&, 0,5,0.1) (Kexp, 2 %,5,0.) | Kip  Kag
5 (2-D) f6 (2-D)
Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO Afop | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO
1e0 01.00 00.12 00.09 00.65 00.65| 1e2 01.18 01.18 - 01.74 03.04 02.03
le-1 01.72 00.05 00.08 00.80 00.80| lel 04.97 04.20 - - 00.36 02.21
le-2 03.28 - 00.70 01.52 01.52| 1e0 07.16 08.40 - - - 01.80
le-3 02.95 - - 01.51 01.92| le-1 + + * # * +
le-4 03.27 - - 01.96 02.48| le-2 + + i i #* +
le-5 03.74 - - 02.55 03.23| le-3 + + * * * +
le-6 * * * * * le-4 + + * * * +
15*7 * * * * * 16*5 * * * * * *
16-8 * * * * * 16-6 * * * * * *
le-7 * *® * * * *
16-8 * * * * * *
param: | (Ki2, 8, 1) (K¥4,0,5,0.1) (KM:j 0,10,0.2)| Ki¢ K% | param: | (K2, 8, 1) (K¥,4,1) |(K¥,0,50.1) (K¥%,0,10,0) Ki K
6 (3-D) 7 (2-D)
Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO
le4 01.00 01.00 01.00 00.27 le-2 03.28 02.93 00.05 00.43 00.14 01.02
le3 17.55 07.42 04.53 le-3 04.42 04.81 - - 00.27 00.54
le2 07.72 - - 04.06 le-4 05.63 06.09 - - - 00.52
lel 05.96 - - - le-5 07.91 07.91 - - - 0145
1e0 + * * * le-6 16.24 16.24 - - - 0339
le-1 + * * * le-7 65.25 68.62 - - - 1129
le-2 + * * * le-8 + + * * * +
le-3 + * * *
le-4 + #* #* *
le-5 + i * #
le-6 + ¢ * B
le-7 + * *
param: | (K5, 8, 1) (K¥d,0,5,0.1) (K¥,0,10,0.1) | K param: | (K52, 8, 1)  (Kep, 8, D [(K¥E,0,5,0.1) (K&, 27710,0) [ K Kid
7 (3-D) 8 (2-D)
Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO Afop | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO
le-1 03.15 00.03 01.28 01.14 1e0 02.68 02.68 : 00.96 01.68 01.68
le-2 05.26 - - 01.56 le-1 03.91 03.91 - - 02.22 02.22
le-3 10.36 - - 03.16 le-2 04.46 04.79 - - 03.20 03.20
le-4 1333 - - 04.95 le-3 07.15 07.65 - - 03.29 03.29
le-5 64.47 - - 22.83 le-4 12.95 13.74 - - 05.61 06.73
le-6 + i * + le-5 22.40 24.85 - - 11.39 13.53
le-7 + * * + le-6 + + * * + +
le-8 + * * + le-7 + + * * + +
le-8 + + * * + +
param: | (Ki52, 8, 1) (K4, 0,5,0.1) Ky 0, 10,0) | Kisg param: | (Ki2, 8, 1) Ky 8 1) | (K3, 0,5,0.)  (Kexp, 274,5,0) Kie Ky

Table 2: Speed-up of S-CMA-ES using individual- and generation-based strategies and MGSO, compared to CMA-ES
without a surrogate model — functions f1— f10 (see Section 4.1 for details). Empty columns signify that the best observed

settings for the respective function-dimension combination are identical with the overall best observed settings.
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9 (2-D) 10 (2-D)

Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO Afopr | S-CMA-ES - generation EC| S-CMA-ES - individual EC | MGSO
lel 03.40 02.74 - 00.10 01.06 le2 01.98 01.76 00.03 00.26 00.39
le0 03.38 03.11 - 00.07 01.15 lel 02.29 02.62 - - 00.46
le-1 03.82 03.82 - - 01.53 1e0 03.01 03.21 - - 00.07
le-2 04.35 04.35 - 01.52 le-1 03.71 04.00 -
le-3 07.80 07.80 - - 02.68 le-2 06.15 07.02 - - -
le-4 22.40 23.56 - - 08.54 le-3 18.28 21.88 - - -
le-5 + + * * + le-4 + + * * *
le-6 + + * * + le-5 + + * * *
le-7 + + * * + le-6 + + * * *
le-8 + + * * * le-7 + + * * *

le-8 + + * * *
param: | (K§p. 8, 1) (K§, 8, 1) |(K§, 0,501 (Kg27%50 | Ky param: | (K2, 8, 1) (Kypiey 8, 1) | (K&9,0,5,0.1) (K&, 0, 10,0) | Kig
f11 (2-D) f11 (3-D)

Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO Afopr | S-CMA-ES - generation EC| S-CMA-ES - individual EC | MGSO
le2 03.92 03.38 00.04 01.06 01.24 le3 00.53 01.00 01.00 01.00 00.27
lel 03.69 03.69 - - 01.43 le2 02.51 03.04 - - 01.33
1e0 04.63 05.01 - - 02.32 lel 03.04 03.38 - - 01.41
le-1 05.19 05.19 - - 03.18 1e0 03.12 03.47 - - 01.85
le-2 08.70 09.23 - 02.51 le-1 03.90 04.33 01.71
le-3 12.06 14.04 - - 03.72 le-2 05.95 07.21 - - 02.19
le-4 59.40 65.25 - - 18.46 le-3 27.83 32.15 - - 11.06
le-5 + + * * + le-4 + + * * +
le-6 + + * * * le-5 + + * * +
le-7 + + * * * le-6 + + * * +
le-8 + + * * * le-7 + + * * *

le-8 + + ® ® *
param: | (KE2, 8, 1) (K&, 8, 1) [(K&,0,50.1) (Kip,27%10,0) | K& param: | (K52, 8, 1)  (Kexp, 8, 1) | (K&9,0,5,0.1) (K¥,0,5,0) | K&
12 3-D) f11 (5-D)

Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC | MGSO
le2 02.05 01.72 00.37 00.27 0091 00.46| 1le2 03.02 - 01.36
lel 01.42 02.27 - 00.67 00.31 00.63 | lel 03.24 - 01.51
1e0 - 02.28 - - 00.48 00.65| 1e0 04.37 - 01.96
le-1 - 02.76 - le-1 09.79 03.12
le-2 - 03.78 - - - - le-2 27.12 - 07.51
le-3 - 19.56 - - - - le-3 47.82 - 13.17
le-4 * + * * * | led + * +
le-5 * + * * x| les + * *
le-6 * + * * o] le6 + * *
le-7 * + * * * | 1e7 + * *
le-8 * + * * * # | le-8 + * *

5
param: | (K2, 8, 1) (K¥.8,2) | (K#, 0,5,0.1) (Ky2 . 0,10,0.1)| K K& | param: | (Kisg, 8, 1) (K4, 0,5,0.1) Kix
11 (10-D) 12 (5-D)

Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC | MGSO
le3 00.89 01.14 00.17 00.64 00.27 le2 01.64 01.70 00.04 00.78
le2 03.65 04.11 - - 01.05 lel 05.60 06.61 - - 04.73
lel 08.51 09.35 - - 02.61 1e0 19.24 33.01 - - 28.86
1e0 | 09.78 10.59 - - 02.10 le-1 + + * * +
le-1 20.02 21.50 - - - le-2 + + * * +
le-2 + + * * * le-3 + + * * +
le-3 + + * * * le-4 + + * * *
le-4 + + * * * le-5 + + * * *
le-5 + + * * * le-6 + + * * *
le-6 + + * * * le-7 + * * * *
le-7 * + * * * 16-8 * * * * *

] C-S ES ES * * ES

param: | (Ki?, 8, 1) (K{jim, 8, 1) |(K¥,0,501) (Kip,2%50 | K5 param: | (K§2,8,1) (K&, 4, 1) |(K¥,0,5,0.1) (Kip,27%5,0)] Kip
12 (10-D) 12 (20-D)

Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC MGSO Afopr | S-CMA-ES - generation EC S-CMA-ES - individual EC | MGSO
le2 08.98 - 01.88 02.02| 1e3 01.39 00.05 00.18 00.42
lel 06.83 - - 01.05| 1e2 02.73 - - 00.03
1e0 17.61 - - - lel 07.24 - - -
le-1 + * * * 1e0 59.06 - - -
le-2 + * * * le-1 + * * *
le-3 + * * | 1e2 + * * *
le-4 + * * ] 1e3 + * * #
le-5 + i i # | led + o s i
le-6 * * S B I 1 + * * *
le_7 kS kS ES ES l e_6 * & ES kS
16—8 * * * * 16-7 * * * *

1 e_8 * * ES ES
param: | (K5, 8, 1) (K29,0,5,0.1) K5y Kag | param: | (K5g, 8, 1) (K29,0,5,0.1) (Ksp,0,10,0) | Kig
Table 3: Speed-up of S-CMA-ES using individual- and generation-based strategies and MGSO, compared to CMA-ES

without a surrogate model — functions f11 — 20 (see Section 4.1 for details). Empty columns signify that the best
observed settings for the respective function-dimension combination are identical with the overall best observed settings.
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EC strategy generally brought the best results, it was out-
performed by MGSO in the case of 2D version of f8 and
5D version of f12 in the later phase of the optimization
process.

5 Conclusion

In this paper, two optimization approaches based on Gaus-
sian processes were tested on the set of multimodal fitness
functions from the CEC 2013 competition [10], and were
compared to the state-of-the-art evolutionary approach in
black-box optimization, CMA-ES. One of them is Model
Guided Sampling Optimization [2], the other approach, S-
CMA-ES [5], consists in using GP as a surrogate model
for CMA-ES. The performance of the methods was com-
pared with respect to the number of function evaluations.

In the case of S-CMA-ES, two evolution control strate-
gies were used, the individual- and generation-based. Al-
though S-CMA-ES using generation-based EC strategy
outperformed MGSO, both methods showed the perfor-
mance improvement in most cases. On the other hand,
the individual-based EC strategy brought the worst re-
sults of all considered methods. We also observed, that S-
CMA-ES performs better using generation-based EC set-
ting with more consecutive model-evaluated generations.
Isotropic squared exponential covariance function showed
to be the most suitable for the optimization from all tested
covariance functions.

This is a work in progress that is a part of a broader
ongoing research. Terefore, it would be premature to draw
deeper conclusions at this stage. We hope to be able to
draw such conclusions after further investigations will be
performed in the future.
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Abstract: Limitations of one-hidden-layer perceptron net-
works to represent efficiently finite mappings is investi-
gated. It is shown that almost any uniformly randomly
chosen mapping on a sufficiently large finite domain can-
not be tractably represented by a one-hidden-layer per-
ceptron network. This existential probabilistic result is
complemented by a concrete example of a class of func-
tions constructed using quasi-random sequences. Analo-
gies with central paradox of coding theory and no free
lunch theorem are discussed.

1 Introduction

A widely-used type of a neural-network architecture is
a network with one-hidden-layer of computational units
(such as perceptrons, radial or kernel units) and one lin-
ear output unit. Recently, new hybrid learning algorithms
for feedforward networks with two or more hidden layers,
called deep networks [9, 3], were successfully applied to
various pattern recognition tasks. Thus a theoretical anal-
ysis identifying tasks for which shallow networks require
considerably larger model complexities than deep ones is
needed. In [4, 5], Bengio et al. suggested that a cause
of large model complexities of shallow networks with one
hidden layer might be in the “amount of variations” of
functions to be computed and they illustrated their sug-
gestion by an example of representation of d-dimensional
parities by Gaussian SVM.

In practical applications, feedforward networks com-
pute functions on finite domains in R? representing, e.g.,
scattered empirical data or pixels of images. It is well-
known that shallow networks with many types of com-
putational units have the “universal representation prop-
erty”, i.e., they can exactly represent any real-valued
function on a finite domain. This property holds, e.g.,
for networks with perceptrons with any sigmoidal acti-
vation function [10] and for networks with Gaussian ra-
dial units [15]. However, proofs of universal representa-
tion capabilities assume that networks have numbers of
hidden units equal to sizes of domains of functions to be
computed. For large domains, this can be a factor limit-
ing practical implementations. Upper bounds on rates of
approximation of multivariable functions by shallow net-
works with increasing numbers of units were studied in
terms of variational norms tailored to types of network
units (see, e.g., [11] and references therein).

In this paper, we employ these norms to derive lower

bounds on model complexities of shallow networks rep-
resenting finite mappings. Using geometrical properties
of high-dimensional spaces we show that a representa-
tion of almost any uniformly randomly chosen function on
a “large” finite domain by a shallow perceptron networks
requires “large” number of units or “large” sizes of output
weights. We illustrate this existential probabilistic result
by a concrete construction of a class of functions based on
Hadamard and quasi-noise matrices. We discuss analogies
with central paradox of coding theory and no free lunch
theorem.

The paper is organized as follows. Section 2 contains
basic concepts and notations on shallow networks and dic-
tionaries of computational units. Section 3 reviews vari-
ational norms as tools for investigation of network com-
plexity. In Section 3, estimates of probabilistic distribu-
tions of sizes of variational norms are proven. In section 4,
concrete examples of functions which cannot be tractably
represented by perceptron networks are constructed using
Hadamard and pseudo-noise matrices. Section 5 is a brief
discussion.

2 Preliminaries

One-hidden-layer networks with single linear outputs
(shallow networks) compute input-output functions from
sets of the form

n
span, G := { wigi|lwi €R, g € G},
i=1

where G, called a dictionary, is a set of functions com-
putable by a given type of units, the coefficients w; are
called output weights, and 7 is the number of hidden units.
This number is sometimes used as a measure of model
complexity.

In this paper, we focus on representations of functions
on finite domains X C RY. We denote by

FX):={f|f:X—R}

the set of all real-valued functions on X. On .7 (X) we
have the Euclidean inner product defined as

(f.8) =) flu)g(u)

ueX

and the Euclidean norm

1A= /A5 1)
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To distinguish the inner product (.,.) on .# (X) from the
inner product on X C R9, we denote it -, i.e., for u,veXx,

d
u-v.— Zu,-v,-.
i=1

We investigate networks with units from the dictionary
of signum perceptrons

Py(X):={sgn(v-.+b): X = {-1,1}|veR? bc R}

where sgn(z) := —1 for r < 0 and sign(¢) := 1 for ¢ > 0.
Note that from the point of view of model complexity,
there is only a minor difference between networks with
signum perceptrons and those with Heaviside perceptrons
as

sgn(f) =209()—1

and .
5(1) = sgn(r) + ’
2
where ¥(¢) :=0fort < 0and ¥(r) =1 forz > 0.

3 Model Complexity and Variational Norms

A useful tool for derivation of estimates of numbers of
units and sizes of output weights in shallow networks is
the concept of a variational norm tailored to network units
introduced in [12] as an extension of a concept of varia-
tion with respect to half-spaces from [2]. For a subset G of
a normed linear space (£, ||.| 2°), G-variation (variation
with respect to the set G), denoted by ||.||, is defined as

Ifllc :==inf{c € Ry | f/c € clg conv(GU—-G)},

where clg- denotes the closure with respect to the norm
Iz~ on 2, —G:={-g|g€ G}, and

k k
convG := {Zaigi |a; € [O,l],Za,- =1,g,€Gke N}
i=1 i=1

is the convex hull of G. The following straightforward
consequence of the definition of G-variation shows that in
all representations of a function with “large” G-variation
by shallow networks with units from the dictionary G, the
number of units must be “large” or absolute values of some
output weights must be “large”.

Proposition 1. Let G be a finite subset of a normed linear
space (Z,||.|| 2°), then for every f € X,

k
Iflls —min{;w,w s

k

1

Wigi7WiER7gi€G}-
1

Note that classes of functions defined by constraints on
their variational norms represent a similar type of a con-
cept as classes of functions defined by constraints on both

numbers of gates and sizes of output weights studied in
theory of circuit complexity [16].

To derive lower bounds on variational norms, we use the
following theorem from [13] showing that functions which
are “not correlated” to any element of the dictionary G
have large variations.

Theorem 2. Let (2,||.|| 2°) be a Hilbert space with inner

product (.,.) - and G its bounded subset. Then for every
feZ -Gt

112

flle > —F7——-
H H SungG|<fag>%

The following theorem shows that when a dictio-
nary G(X) is not “too large”, then for a “large” do-
main X, almost any randomly chosen function has large
G(X)-variation. We denote by

S/(X):={f e ZX)|Ifll =r}

the sphere of radius r in % (X) and for f € .7 (X), f°:=
ﬁ. The proof of the theorem is based on geometry of
spheres in high-dimensional Euclidean spaces. In large
dimensions, most of areas of spheres lie very close to their
“equators” [1].

Theorem 3. Let d be a positive integer, X C RY with
cardX = m, G(X) a subset of F (X) with card G(X) =n
such that for all g € G(X), || f|| < r, u be a uniform prob-
ability measure on Sy(X), and b > 0. Then

w{f €S:X) | fllox) = bY) > 1 —2ne 7.

Proof. Denote for g € S,(X) and € € (0,1),

C(g.€) = {he S [(n’,8°) > €}.

As C(g,€) is equivalent to a polar cap in R whose

measure is exponentially decreasing with the dimension m,

we have R

me

[J(C(g,{-})) <e 2
(see, e.g., [1]). By Theorem 2,

{f €S, Iflloe) =0} = 5,X)— | C(g. 1/0).

geG

Hence the statement follows. a

Theorem 3 can be applied to dictionaries G(X) on do-
mains X C R? with cardX = m, which are “relatively
small”. In particular, dictionaries of signum and Heavi-
side perceptrons are relatively “small”. Estimates of their
sizes can be obtained from bounds on numbers of linearly
separable dichotomies to which finite subsets of R can be
partitioned. Various estimates of numbers of dichotomies
have been derived by several authors starting from results
by Schléfli [17]. The next bound is obtained by combining
a theorem from [7, p.330] with an upper bound on partial
sum of binomials.
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Theorem 4. For every d and every X C R¢ such that
cardX = m,

d
-1
card Py(X) < 22 (m . ) < Zm—.
i=0 \ !

Combining Theorems 3 and 4, we obtain a lower bound
on measures of sets of functions having variations with
respect to signum perceptrons bounded from below by
a given bound b.

Corollary 1. Let d be a positive integer, X C R with
cardX = m, {1 a uniform probability measure on S /(X),
and b > 0. Then

md __m_
RASESm@X)Ifllp ) 2 b}) 21 —d—re 22

For example, for the domain X = {0,1}¢ and b = 2%, we
obtain from Corollary 1 a lower bound

2 d
2d +267(2771)

- d!
on the probability that a function on {0,1}¢ with the
norm 2¢/2 has variation with respect to signum percep-

trons greater or equal to 2%, Thus for large d almost any
uniformly randomly chosen function on the d-dimensional
Boolean cube {0,1}¢ of the same norm 24/2 a5 signum
perceptrons, has variation with respect to signum percep-
trons depending on d exponentially.

4 Construction of Functions with Large
Variations

The results derived in the previous section are existen-
tial. In this section, we construct a class of functions,
which cannot be represented by shallow perceptron net-
works of low model complexities. We construct such func-
tions using Hadamard matrices. We show that the class of
Hadamard matrices contains circulant matrices with rows
being segments of pseudo-noise sequences which mimic
some properties of random sequences.

Recall that a Hadamard matrix of order m is an m X m
square matrix M with entries in {—1, 1} such that any two
distinct rows (or equivalently columns) of M are orthog-
onal. Note that this property is invariant under permutat-
ing rows or columns and under sign flipping all entries in
a column or a row. Two distinct rows of a Hadamard ma-
trix differ in exactly m/2 positions.

The next theorem gives a lower bound on variation with
respect to signum perceptrons of a {—1,1}-valued func-
tion constructed using a Hadamard matrix.

Theorem 5. Let M be an m x m Hadamard matrix,
{xili=1,...om} CRY, {y;|j=1,....m} CRY X =
{xili=1,...omyx{y;|j=1,....m} CR* and fy : X —
{—1,1} be defined as fu(xi,y;) =: M; ;. Then

N

logom’

I fmllp,x) >

Proof. By Theorem 2,

| fmllpyx) = Lk = i
alX) = Supgepd(x)<fM7g> SUPgep,(X) (fu.8)

For each g € P;(X), let M(g) be an m x m matrix defined
as M(g)i; = g(xi,y;). It is easy to see that

(fu,8) =Y Mi;M(3)i;.

Using suitable permutations, we reorder rows and
columns of both matrices M(g) and M in such a way that
each row and each column of the reordered matrix M(g)
starts with a (possibly empty) initial segment of —1’s fol-
lowed by a (possibly empty) segment of 1’s. Denoting M
the reordered matrix M we have

(fm,8) = ZMi,jM(g)i,j = ZMi,jM(g)i,j-
L L,

As the property of being a Hadamard matrix is invariant
under permutations of rows and columns, we can apply
Lindsay lemma [8, p.88] to submatrices of the Hadamard
matrix M on which all entries of the matrix M(g) are ei-
ther —1 or 1. Thus we obtain an upper bound m+/m on
the differences of +1s and —1s in suitable submatrices of
M. Tterating the procedure at most log, m-times, we obtain

an upper bound m\/ﬁlogzm on ):i,j MLjM(g)i,j =(fu,8)-
Thus 2
m Vm
> = ’
1 fmllpy) = my/mlogym  logym
O

Theorem 5 shows that functions whose representations
by shallow perceptron networks require numbers of units

or sizes of output weights bounded from below by lo‘g/fm
can be constructed using Hadamard matrices. In par-

ticular, when the domain is d-dimensional Boolean cube
{0,1}4, where d is even, the lower bound is %. So the
lower bounds grows with d exponentially.

Recall that if a Hadamard matrix of order m exists, then
m =1 orm="2 or mis divisible by 4 [14, p.44]. It is con-
jectured that there exists a Hadamard matrix of every order
divisible by 4. Listings of Hadamard matrices of various
orders can be found at Neil Sloane’s library of Hadamard
matrices.

We show that suitable Hadamard matrices can be ob-
tained from pseudo-noise sequences. An infinite sequence
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ag,di,...,da;,... of elements of {0, 1} is called k-th order
linear recurring sequence if for some hy, ..., h € {0,1}
k
a; = ai,jhk_j mod 2
j=1

for all i > k. It is called k-th order pseudo-noise (PN) se-
quence (or pseudo-random sequence) if it is k-th order lin-
ear recurring sequence with minimal period 2 — 1.

A 2 x 2K matrix L is called pseudo-noise if for all i =
1,....25 L;;=0and L;; =0and forall i = 2,...,2% and
j=2,...2¢

Lij=Li1j

where the (2% — 1) x (2¥ — 1) matrix L is a circulant matrix
with rows formed by shifted segments of length 2K — 1 of
a k-th order pseudo-noise sequence.

PN sequences have many useful applications because
some of their properties mimic those of random sequences.
A run is a string of consecutive 1’s or a string of consec-
utive 0’s. In any segment of length 2% — 1 of k-th order
PN-sequence, one-half of the runs have length 1, one quar-
ter have length 2, one-eighth have length 3, and so on. In
particular, there is one run of length k of 1’s, one run of
length k — 1 of 0’s. Thus every segment of length 2X — 1
contains 2¥/2 ones and 2¥/2 — 1 zeros [14, p.410].

Let 7:{0,1} — {—1,1} be defined as 7(x) = —1* (i.e.,
7(0) =1 and 7(1) = —1). The following theorem states
that a matrix obtained by applying 7 to entries of a pseudo-
noise matrix is a Hadamard matrix.

Theorem 6. Let L be a 2F x 2% pseudo-noise matrix and
L; be the 2% x 2% matrix with entries in {—1,1} ob-
tained from L by applying T to all its entries. Then L.
is a Hadamard matrix.

Proof. We show that inner product of any two rows of L.
is equal to zero. The autocorrelation of a sequence
ao,ai,...,a;,... of elements of {0,1} with period 2f — 1
is defined as

1 2l
P = 3y L 17
2k—1 =0
For every pseudo-noise sequence,
1

2k—1

for every t = 1,....2x—2 [14, p. 411]. Thus the inner
product of every two rows of the matrix L; is equal to —1.
As all elements of the first column of L; are equal to 1,
inner product of every pair of its rows is equal to zero. O

p(t) =~

Theorem 5 implies that for every pseudo-noise matrix L
of order 2¥ and X  R9 such that card X = 2k x 2%, there
exists a function fz, : X — {—1,1} induced by the ma-
trix L; obtained from L by replacing 0’s with 1’s and 1’s
with —1’s such that

Zk 2
I fellp,x) > =

So the variation of f;, with respect to signum percep-
trons depends on k exponentially. In particular, setting
X = {0, l}d , where d = 2k is even, we obtain a function of
d variables with variation with respect to signum percep-
trons growing with d exponentially as
2d /4
e llpyx) = a2

Representation of this function by a shallow perceptron
network requires number of units or sizes of some output
weights depending on d exponentially.

It is easy to show that for each even integer d, the func-
tion induced by Sylvester-Hadamard matrix

_ uv
Mu,v =-1 )

where u,v € {0,1}%/?, can be represented by a two-
hidden-layer network with d/2 units in each hidden layer.

5 Discussion

We proved that almost any uniformly randomly chosen
function on a sufficiently large finite set in R? has large
variation with respect to signum perceptrons and thus it
cannot be tractably represented by a shallow perceptron
network.

It seems to be a paradox that although representations
of almost all functions by shallow perceptron networks
are “untractable”, it is difficult to construct such functions.
The situation can be rephrased in analogy with the title
of an article from coding theory “Any code of which we
cannot think is good” [6] as “representation of almost any
function of which we cannot think by shallow perceptron
networks is untractable”. A central paradox of coding the-
ory concerns the existence and construction of the best
codes. Virtually every linear code is good (in the sense
that it meets the Gilbert-Varshamov bound on distance ver-
sus redundancy), however despite the sophisticated con-
structions for codes derived over the years, no one has
succeeded in demonstrating a constructive procedure that
yields such good codes.

The only class of functions having “large” variations
which we succeeded to construct is the class described
in section 4 based on Hadamard matrices. Among these
matrices belong quasi-noise (quasi-random) matrices with
rows obtained as shifts of segments of quasi-noise se-
quences. These sequences have been used in construc-
tion of codes, interplanetary satellite picture transmission,
precision measurements, acoustics, radar camouflage, and
light diffusers. Pseudo-noise sequences permit design of
surfaces that scatter incoming signals very broadly mak-
ing reflected energy “invisible” or “inaudible”.

It should be emphasized that similarly as “no free lunch
theorem” [18], our results assume uniform distributions of
functions to be represented. However, probability distribu-
tions of functions modeling some practical tasks of interest
(such as colors of pixels in a photograph) might be highly
non uniform.
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Abstract: The presented paper describes a methodology,
how to perform benchmarking, when classifier perfor-
mance measurements are sparse. The described methodol-
ogy is based on missing value imputation and was demon-
strated to work, even when 80% of measurements are
missing, for example because of unavailable algorithm im-
plementations or unavailable datasets. The methodology
was then applied on 29 relational classifiers & proposi-
tional tools and 15 datasets, making it the biggest meta-
analysis in relational classification up to date.

1 Introduction

You can’t improve what you can’t measure. However, in
some fields the comparison of different approaches is de-
manding. For example, in the field of relational classi-
fiers, essentially each classifier uses different syntax and
requires data in different format, making the comparison
of relational classifiers difficult. Despite these obstacles,
each author of a new relational classifier attempts to prove
that his algorithm is better than some previous algorithm
and takes the burden of comparing his algorithm to a small
set of algorithms on a limited set of datasets. But how can
we compare the algorithms, if they are not evaluated on
the same set of datasets?

1.1 Literature Review

The biggest meta-analysis of relational classifiers (to
our best knowledge) is “Is mutagenesis still challeng-
ing?” [27], where 19 algorithms are examined. While this
analysis is highly interesting, it limits itself on comparison
of the classifiers on a single dataset.

The biggest analysis in the regard of used datasets is
from Dhafer [21], where a single algorithm is tested on
10 datasets and 20 tasks (some datasets have multiple tar-
gets).

If we are interested into comparison of multiple algo-
rithms on multiple datasets, the counts are comparably
smaller. For example, in the article from Bina [2] 6 al-
gorithms on 5 datasets are examined.

This meta-analysis presents comparison of 29 algo-
rithms on 15 datasets.

1.2 Baseline

Traditionally, a set of algorithms is evaluated on a set of
datasets. And then the algorithms are ordered with one (or

Algo. 1 Algo. 2 Algo. 3
Dataset A 0.55 0.5 0.45
Dataset B 0.65 0.6 0.55
Dataset C 0.95 1 0.9
Average accuracy 0.72 0.7 0.63
Average ranking 1.33 1.67 3
# Wins 2 1 0

Table 1: Hypothetical evaluation of classifiers based on
accuracy (bigger is better) with three ordering methods.
In this scenario, all the methods are in agreement (Algo-
rithm 1 is always the best).

Algo. 1 Algo. 2 Algo. 3
Dataset A 0.55 0.5 -
Dataset B 0.65 0.6 -
Dataset C - 1 0.9
Average accuracy 0.6 0.7 0.9
Average ranking 1 1.67 2
# Wins 2 1 0

Table 2: With sparse measurements, average measure pre-
dicts that Algorithm 3 is the best while the rest of the meth-
ods predict that Algorithm 1 is the best.

multiple) of the following methods:

e Average measure
e Average ranking
e Count of wins

The different ordering methods [6] are illustrated on an
example in Table 1. In this hypothetical scenario 3 algo-
rithms are evaluated on 3 datasets with accuracy. Based
on each ordering method, the first algorithm is the best
and the third algorithm is the worst.

But what if not all the measures are available? With the
same data, but some missing, we can get different results
(Table 2). Based on average accuracy the third algorithm
is the best. But we are getting this result only because the
third algorithm was evaluated on the datasets with high
average accuracy (i.e. easy datasets), while the rest of the
algorithms were evaluated on datasets with lower average
accuracy (i.e. hard datasets).

Average ranking and count of wins are more robust
to missing values. However, neither of them is infalli-
ble. Imagine that someone publishes an algorithm and its



Benchmarking Classifier Performance with Sparse Measurements

173

weaker version and measures the accuracy not only on the
common datasets but also on thousands of randomly gen-
erated datasets that are never ever going to be classified by
any other algorithm. Then the stronger version of the clas-
sifier is going to score at least a thousand wins and place
on the first position on the leaderboard regardless of the
score on the few common datasets.

If all the algorithms were evaluated on at least one com-
mon dataset, we could also order the algorithms just based
on the common datasets. But if there isn’t any dataset on
which all the algorithms are evaluated, we have to come
out with another solution.

The solution is to perform missing value imputation and
convert the problem to the problem we can already solve.

2 Imputation

The proposed missing value imputation iteratively approx-
imates: NN
acc =~ algxdat D

with following pseudocode:

acc pivot (input, @mean)

alg rowmean (acc)

dat ones (1, ncol(acc))

for i = 1:nit
dat = dat + colmean(acc — alg=xdat)
alg = alg + rowmean(acc — alg=xdat)

end

Where:

input: Matrix with three columns: {algorithm name,
dataset name, measured accuracy}.

acc: Matrix with accuracies, where algorithms are in rows
and datasets in columns.

alg: Column vector with average accuracy of the algo-
rithms over all the datasets. Initialized to average al-
gorithm accuracy.

dat: Row vector with relative difficulty of the datasets.
Initialized to a vector of ones.

nit: Parameter describing the count of iterations. 10 iter-
ations are commonly sufficient.

2.1 Evaluation on a Dense Dataset

To assess the ability of the proposed imputation to prop-
erly order relational classifiers, a test on a related task was
performed. Arguably the closest task to relational classifi-
cation, which is well benchmarkable, is propositional clas-
sification - the most common type of classification, where
a single table is classified.

Conveniently, accuracies of 179 propositional classi-
fiers on 121 datasets were published in a recent study by
Fernandez-Delgado [8]. Since not all the examined algo-
rithms always finished successfully, e.g. due to colinearity
of data, a dense submatrix of 179 algorithms on 14 datasets

Evaluation of propositional classifiers
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Figure 1: Correlation of the predicted algorithm order with
the ground truth based on the proportion of missing data.

Evaluation of propositional classifiers
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Figure 2: RMSE of the sampled and imputed submatrix
with the dense submatrix.

was extracted. The dense submatrix was then randomly
sampled with a variable count of measurements. The
missing values were then imputed. The resulting learning
curve, depicted in figure 1, suggests, that once 20% of all
combinations algorithm X dataset are used, a fairly good
estimate of the actual ordering can be estimated.

A comparison of the proposed imputation method to
other imputation methods in regard to Root Mean Square
Error (RMSE) is in figure 2. The reference methods are
from RapidMiner and their parameters were optimized
with grid search.

2.2 Theoretical Evaluation

According to the No-Free-Lunch theorem [41], the best
classifier will not be the same for all the data sets. Hence
we shouldn’t even attempt to measure and average classi-
fier’s performance over a wide set of datasets. But merely
describe strengths and weaknesses of different classifiers.
In this respect, the selected imputation method fails be-
cause it is not able to model interactions between datasets
and algorithms. Nevertheless, in the practice, some classi-
fiers appear to be systematically better then other [8]. If all
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we want is to order classifiers based on their expected ac-
curacy on a set of datasets, the absence of ability to model
interactions is irrelevant.

Another property of the used methodology is that it
doesn’t permit mixture of measures. That is unfortunate
since some articles [18] report only accuracy, while other
articles [10] report only precision, recall and F-measure.

A special attention is necessary when we are comparing
results from several authors, because not only the evalua-
tion methodology can differ (e.g. 10-fold cross-validation
vs. single hold-out sample), but also datasets can differ de-
spite the common name. For example, the canonical ver-
sion of East-West dataset (further abbreviated as Trains)
contains 10 instances [30]. However, some authors prefer
an extended version of the dataset with 20 instances [35].
Nevertheless, data quality is the pitfall common to all anal-
yses. To alleviate the problem with different datasets in the
future, a new (and the first) relational repository was based
at relational.fit.cvut.cz. Further discussion about
the collected data is provided in the next section.

The final limitation of the method is that it doesn’t pro-
vide trustworthy confidence intervals. The first reason is
that measures for the same algorithm and dataset are aver-
aged and treated as a single measure. The second reason
is that the algorithm performs missing value imputation,
violating the assumption of sample independence.

A list summarizing the advantages and constrains of the
proposed method follows:

Advantages:

e Permits benchmarking with sparse measures.

e Respects that some datasets are tougher than others.

e Allows conflicting measurements (for example, by
different authors).

Disadvantages:

e Neglects interactions between datasets and algo-
rithms.

e Requires one common measure (e.g. we cannot mix
accuracy and F-measure).

e Requires comparably prepared datasets (e.g. using
the same instance count).

e Doesn’t provide confidence intervals.

3 Classification of Relational Data

The proposed methodology how to benchmark with sparse
measurements is applied on relational classifiers, includ-
ing propositional tools. In the following paragraphs de-
scription of the collected measures, benchmarked algo-
rithms and datasets follow. The collected data can be
downloaded from motl.us\benchmarking.

Algorithm Algorithm type Reference
Aleph ILP [35]
CILP++* Neural Network [9]
CrossMine ILP [42]
E-NB* Probabilistic [37]
FOIL ILP [23]
FORF-NA Decision Tree [40]
Graph-NB Probabilistic [26]
HNBC* Probabilistic [37]
kFOIL Kernel [23]
Lynx-RSM* Propositionalization [29]
MLN Probabilistic [36]
MRDTL-2 Decision Tree [25]
MRNBC* Probabilistic [37]
MVC* Multi-View [11]
MVC-IM* Multi-View [12]
MulSVM* Propositionalization [43]
nFOIL* Probabilistic [22]
PIC* Probabilistic [37]
RELAGGS Propositionalization [17]
RPT* Probabilistic [28]
RSD Propositionalization [18]
RollUp Propositionalization [16]
SINUS Propositionalization [18]
SimFlat* Propositionalization [12]
SDF* Decision Tree [2]
TILDE Decision Tree [37]
TreeLiker-Poly ILP [20]
TreeLiker-RelF ILP [20]
Wordification* Propositionalization [35]

Table 3: List of 29 relational classifiers and propositional
algorithms used in the meta-analysis. A star by the algo-
rithm name marks algorithms, for which measurements by
someone else than by the algorithm authors was not found.

3.1 Measure Selection

Since almost all relational classifiers in the literature are
evaluated on classification accuracy (with exceptions like
CLAMEF [10], ACORA [34] or SAYU [4], which are eval-
uated in the literature only with measures based on preci-
sion & recall) but only a few were evaluated with a dif-
ferent measure (like precision & recall, F-measure, AUC
or AUC-PR), the meta-analysis limits itself to classifica-
tion accuracy. The methods how to measure accuracy may
differ, but only testing accuracies (not training) were col-
lected.

Other interesting measures, like runtime or memory
consumption, were not evaluated, as they are rarely pub-
lished. And even if they were published, they would be
hardly comparable as the measurements are platform de-
pendent.
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Dataset Target #Instances Reference
Alzheimer acetyl 1326 [15]
Alzheimer amine 686 [15]
Alzheimer memory 642 [15]
Alzheimer toxicity 886 [15]
Carcinogenesis  carcinogenic 329 [38]
ECML insurance 7329 [19]
Financial loan status 682 [1]
Hepeatitis biopsy 690 [35]
IMDb ratings 281449 [2]
KRK depth-of-win 1000 [18]
Mondial religion 185 [39]
MovieLens age 941 [2]
Musk-small musk 92 [7]
Musk-large musk 102 [7]
Mutagenesis mutagenic 188 [5]
Thrombosis degree 770 [3]
Trains direction 10 [30]
UW-CSE advisedBy 339 [36]

Table 4: List of 15 datasets with their targets (Alzheimer
dataset has multiple targets) used in the meta-analysis.

3.2 Algorithm Selection

The selection of relational classifiers and propositionaliza-
tion tools was restricted to algorithms, which:

e Were published in conference or journal paper.
e Were benchmarked on at least four datasets.
e Were evaluated on classification accuracy.

The list of compared algorithms is in table 3.

3.3 Dataset Selection

Datasets were selected based on the following criteria:

e The dataset has a defined classification target.
e The dataset consists of at least two tables.
e The dataset is used by at least four algorithms.

The used relational datasets are listed in table 4.

4 Results

Box plot in Figure 3 depicts estimated average classifica-
tion accuracies of 29 algorithms on 15 datasets (18 tasks).
The input data consists of 26% of all combinations algo-
rithm x dataset, making the estimates solid (recall fig-
ure 1). The accuracies were estimated with 1000 bootstrap
samples. Whiskers depict 1.5 IQR.

Comparison of relational classifiers
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Figure 3: Box plot with expected accuracies.

4.1 Validation

The ordering of algorithms from the meta-analysis should
roughly correspond to the ordering of the algorithms in
the individual articles. Differences in the orderings are
evaluated with Spearman correlation in table 5.

As we can see, the orderings in the literature can con-
tradict — once RELLAGS is better than CrossMine, once
CrossMine is better than RELLAGS.

5 Discussion

Summary of figure 3 based on algorithm type is in figure 4.
Interestingly, kernel and multi-view approaches are aver-
agely the most accurate algorithms. But some proposition-
alization algorithms, namely Wordification, Lynx-RSM
and RPT (Relational Probabilistic Tree) beat them. Never-
theless, note that propositionalization algorithms are over-
represented in the meta-analysis, making it more likely
that some of them place at extreme positions.

Also note, that performance of algorithms is influenced
by their setting. While algorithms in figure 3 are ordered
based on the average accuracy per combination of algo-
rithm X dataset, algorithms in figure 5 are ordered based
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Ordering Spearman Correlation Reference
TILDE < FORF-NA < Graph-NB < RelF < Poly < SDF 0.89 [2]
MRNBC < TILDE < E-NB < HNBC < PIC 0.9 [37]
TILDE < RELLAGS < CrossMine < MVC-IM 1.0 [12]

FOIL < TILDE < CrossMine < RELLAGS < MVC 0.9 [31]

Table 5: Comparison of algorithm ordering in the literature with ordering from the imputation.

Comparison of approaches

Multi-View 1]
Kernel I
Propositionalization
DecisionTree q I
Probabilistic
ILP ol I
NeuralNetwork I

0.7 0.75 0.8 0.85 0.9
Classification accuracy

Figure 4: Estimated accuracies by algorithm type.

on the maximal known accuracy per combination of al-
gorithm X dataset. Notably, with the right setting, RSD
improves its ranking by 5 positions.

Finally, it is trusted that each individual author mea-
sured accuracy correctly. For example, in the article
from 2014 [24] authors of Wordification applied cross-
validation only on the propositional classifiers, leaving
discretization and propositionalization out of the cross-
validation. This design can lead to overly optimistic
estimates of the accuracy. In the follow up article
from 2015 [35] the authors of Wordification are al-
ready applying cross-validating on the whole process flow.
Wordification accuracies used in this article are exclu-
sively from [35].

5.1 Fairness of Comparison

The comparison solely based on the classification accu-
racy can be unfair. For example, CLAMF* [10] and Co-
MoVi* [32] are designed to work with temporal datasets.
Hence in Financial dataset they estimate probability of
a loan default only from the data before the time of
a loan application, while classifiers designed for the stati-
cal datasets also use data at and after the time of the loan
application. All classifiers used in the meta-analysis treat
all the datasets as if they were statical.

Validation of temporal datasets can be furthermore com-
plicated by repeated target events. For example, a cus-
tomer may apply for a loan many times. And now there are
two perfectly plausible goals - we may want to calculate
probability of default of a current customer with history of

*The algorithm is not included in the meta-analysis because it’s ac-
curacy wasn’t measured on enough datasets.

loans or probability of default of a new customer. Gen-
erally, the second task is tougher because one of the best
predictors of customer’s behavior is the customer’s past
behavior. Nevertheless, all datasets in the meta-analysis
have exactly one target value per classified object (includ-
ing Financial dataset). Note that difference between with-
in/across classification in IMDb and MovielLens datasets
is another issue [33].

Also the goals of modeling can differ. For example
Markov Logic Network™ in [14] is evaluated as genera-
tive model, so accuracies reported are over all predicates,
not just the target one. And accuracies can vary substan-
tially with respect to the chosen target predicate. All the
algorithms in the meta-analysis are evaluated in a discrim-
inative setting.

Additionally, not all classifiers are designed to perform
well on a wide spectrum of datasets. Indeed, there are
algorithms like MOLFEA [13] that are designed to work
only on a narrow subset of datasets. A possible specializa-
tion of the algorithms in the meta-analysis is not taken in
the consideration.

At last different authors may have different ethos. Algo-
rithms that were evaluated only by the algorithm authors
(to our best knowledge) were marked with a star in table 3.
And many algorithms that place at the top of the ranking
are stared algorithms. However, this trend can also be ex-
plained with following hypotheses:

e Recent algorithms tend to be better than the old al-
gorithms. And recent algorithms (like Wordifica-
tion [35]) did not have enough time to accumulate
references.

e New algorithms tend to look better in comparison to
mediocre algorithms than in comparison to the best
algorithm in the field. Hence authors prefer to com-
pare their algorithms against mediocre algorithms.

e Third-party evaluators do not have the knowledge and
resources to find the best algorithm setting. Hence
popular algorithms have, on average, low accuracy.
This problem is partially mitigated by considering
only the best reported accuracies in figure 5.

Overall, comparison of measurements from several
sources is not a simple task at all.
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Figure 5: Box plot with optimistic accuracies.

6 Conclusion

Based on

the performed analysis, Wordification,

Lynx—RSM and Relational Probabilistic Tree on av-
erage outperform other 26 algorithms for relational
classifications. Other promising categories of relational
classifiers are multi-view and kernel based approaches.
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Abstract: In this paper, we address the problem of terrain
classification using a technically blind hexapod walking
robot. The proposed approach is built on top of the ex-
isting method based on analysis of the feedback from the
robot’s actuators and the desired trajectory. The formed
method uses features for the Support Vector Machine clas-
sification method that assumes a regular time-invariant gait
to control the robot. However, such a gait does not allow
the robot to traverse rough terrains, and therefore, it is nec-
essary to consider adaptive motion gait to deal with small
obstacles, which is, unfortunately, not a regular gait with
some fixed predefined period. Therefore, we propose to al-
ter the features extraction process to utilize the terrain clas-
sification method also for an adaptive motion gait, which
enables the robot to traverse rough terrains. The proposed
method has been experimentally verified on several ter-
rains that are not traversable by a default regular gait. The
achieved results not only confirmed the high accuracy of
the terrain classification as the existing approach, but also
expanded the area of operation of a hexapod walking robot
into more challenging terrains.

1 Introduction

Crawling robots can operate in a much greater scope in
terms of terrain diversity than classical wheeled robots.
The control complexity is, however, much greater due to
the high number of degrees of freedom (DOF). One way
to handle a high DOF is to generate a walking pattern—a
gait [1]. A simple regular gait gives the robot predefined
trajectories for all legs, which are therefore alternating in
their support and transfer phases.

In order to increase the robot’s perception of the
environment—for example to classify the terrain the robot
is traversing—one can employ the robot with a variety
of sensors. There can be found two complementary ap-
proaches based on exteroceptive and interoceptive sensors.
In the case of exteroceptive sensing, we can utilize cam-
era [2, 3] or laser-based range measurements [4] for terrain
classification.

However, if the robot is technically blind and depen-
dent solely on interoceptive sensing, we can use force,
torque [5, 6], or other tactile sensors to gather data about
the interaction of the robot with the terrain. Moreover, we
can utilize the robot’s actuators themselves and develop a
classifier based on the differences between the expected
and real trajectories of the robot servo drives [7] without
the need of any additional sensor.

Figure 1: Used hexapod walking robot for the terrain clas-
sification

The existing method [7] uses a default robot motion gait
with regular and periodic phases of the leg movements,
and therefore, it is suitable only for flat terrains without
significant obstacles. Based on this method, we consider
several terrains with obstacles or stairs and their classifica-
tion using an adaptive motion gait [8] that allows a smooth
transition while reducing the workload of the servos and
thus avoiding overheating. Such a gait does not preserve
the predefined trajectories of each leg as a default motion
gait does. Hence, the existing method of feature extrac-
tion proposed in [7] is not directly applicable because it
assumes a regular time-invariant gait with fixed trajecto-
ries. Therefore, in this paper, we propose a modification
of the feature extraction process of [7] to enable the terrain
classification based only on the servo drive feedback also
in crawling rough terrain using the adaptive motion gait.
Therefore, the method can be used in more challenging
terrains up to the structural limits of the hexapod walking
robot.

The paper is organized as follows. A brief overview
of the adaptive motion gaits for rough terrains and ter-
rain classification methods is provided in the next section.
A description of the considered robotic platform and def-
inition of the problem is presented in Section 3. The uti-
lized adaptive motion gait is briefly described in Section 4.
The proposed feature extraction method is presented in
Section 5 and experimental results in Section 6. The con-
cluding remarks are in Section 7.

2 Related Work

Adaptive motion of a walking robot to traverse a rough ter-
rain has been addressed by many researchers and several
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approaches can be found in literature. A complex control
architecture of quadruped walking robot to traverse chal-
lenging terrains has been presented in [9] using several
sensors attached to the robot and a precise map created
off-line. The off-line scanning can be avoided by using
an elevation map created from an on-board laser scanner
and used further to alter the gait according to the terrain
structure [10].

Another existing direction of the adaptive motion gaits
are based on approaches that do not utilize a terrain map.
They are based on a tactile information from force sen-
sors [11] (or torque-based estimation of the force [12])
utilized to adapt the gait according to the terrain and to
ensure the leg reaches the foothold. A passive actuator
to measure the ground reaction force has been proposed
in [13] to substitute direct force or torque sensors, which
is a suitable approach for the deployment of cheap robotic
platforms. In [8], we proposed a similar approach that is
even more minimalist since it does not need additional ser-
vos and thus it is solely based on the robot’s actuators.

The problem of terrain classification is widely investi-
gated also regarding on-board processing. A camera can
be used to estimate the terrain class based on extracted
features [3] that can be further used to select an energy
efficient motion gait [2]. Authors of [14] used a laser
range finder for distinguishing between twelve terrains and
achieved promising results; however, under specific labo-
ratory conditions only.

Focusing on a structural point of view, an off-line scan
of the terrain from a precise external laser-scanning system
was used in [15] to generate a database of terrain templates
that are used for proper foothold planning. Authors of [4]
proposed an approach to avoid building a large database
of templates. Their idea is based on a creation of a set
of several templates that define good and poor footholds
based on local concavity and sloppiness, which are useful
attributes for predicting slipperiness of the terrain.

Beside exteroceptive sensing, tactile sensors are used to
classify the terrain based on the direct measurements of
the robot interaction with the terrain. In [5], authors used
features extracted from the measurements of force sensors
placed at the tip of the leg that are combined with the mea-
surements of the motor current of the knee joint of a sin-
gle vibrating robot leg detached from the body. A 6-DOF
torque-force sensor was used in [16] (under the same lab-
oratory conditions as in [14]) for a discriminant analysis
between six types of terrain. However, all of these ap-
proaches are based on additional sensors, and therefore,
they increase a complexity of the robot.

A slightly different approach that utilizes only intero-
ceptive sensors built within the actuators was presented
in [7]. The actuators consist of position controllers that can
send both the desired and the current position of the servo.
The difference in these positions is then analyzed in time
and frequency domains to extract a 660-dimensional fea-
ture vector from the two front legs during each gait cycle.
This method is limited by using a periodic time-invariant

gait and thus it is applicable almost exclusively on flat ter-
rains without obstacles.

In this paper, we proposed a combination of the terrain
classification method [7] with the adaptive motion gait [8].
Both these approaches are based solely on interoceptive
sensing using active actuators and we propose a new fea-
ture extraction procedure to overcome limitations of [7]
and enable on-line classification of rough terrains.

3 Problem Statement

The main problem being addressed in this paper is to ex-
tend the existing terrain classification approach [7] to the
adaptive motion gait [8] and thus generalize terrain classi-
fication also for traversing rough terrains. A new feature
extraction method is needed to deal with rough terrains
because the adaptive motion gait does not preserve the re-
quired condition on the motion gait of [7], i.e., a time-
invariant motion gait. In the proposed approach, we con-
sider a relatively cheap and easy-to-use platform Phan-
tomX Hexapod Mark II with Dynamixel AX-12A actua-
tors, see Fig. 1, which is further described in the next sec-
tion. An overview of the terrain classification method [7]
is provided in Section 3.2 to provide a background for the
proposed approach.

3.1 Hexapod Structure

The used hexapod platform has six legs each with three
joints formed from the Dynamixel actuators. The schema
of the leg and the description of its parts is depicted in
Fig. 2. All joints (¢, 6, and 67) are controlled with a po-
sition controller that provides every 33 ms the following
information:

e Desired position §9¢;
e Current position 6"

e Error in position e = |99¢ — §<r|.

Using the adaptive motion gait [8], the robot can tra-
verse small obstacles up to the limits of the robot structure.

Figure 2: Schema of the leg consisting of three parts
(links)—Coxa, Femur, and Tibia. The three joints (6¢, 6,
and Or) are indexed according to the next respective link.
The joint ¢ is fixed to the body with a vertical rotation
axis while the other two joints have a horizontal axis.
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We consider the robot is operating in an environment that
satisfies the robot’s structural limits and there is not a large
obstacle that the robot cannot traverse. Hence, we are not
addressing obstacle avoidance and other high-level navi-
gation problem in this paper. Thus we are strictly focused
on the problem of terrain classification and its practical
validation in real experiments.

3.2 Terrain Classification

The method of the terrain classification [7] has been pro-
posed for the same hexapod platform as we are using;
however, a regular time-invariant gait is utilized for robot
motion. The very general idea of the terrain classification
is based on the small errors in position control (e) of all
servo drives of the front legs (i.e., six servos) that are mea-
sured in the time domain at a non-uniform sample rate of
approximately 20 Hz.

In order to obtain a more dense data and to get a uniform
sample rate for the FFT used in the feature extraction, the
signal is interpolated using a cubic Hermite spline inter-
polation method that creates a continuous function with
a continuous first derivative. The interpolated function is
then resampled at the frequency of 100 Hz. After that,
a feature vector for the classification is created from the
sampled data and computed characteristics of the signal.

Having the default regular gait, the data is windowed
using a uniform window that contains the last three full
gait cycles; so, each terrain-class prediction is based on the
past three gait cycles worth of data. Given the motivation
that different terrain surfaces induce a specific behavior in
different sections of the gait cycle, the data are divided
into 16 equally wide segments within a gait cycle to form
a gait-phase domain. Respective segments from the last
three gait cycles are joined together and basic statistics of
all data samples that fall within are computed yielding in
5 values (features) for each segment (i.e., minimum, max-
imum, mean, median, and standard deviation). Repeated
for each servo, we obtain a total of 480 gait-phase features,
i.e., 2 (legs) x 3 (servos per leg) x 5 (features) x 16 (seg-
ments).

Additional 180 features are calculated in the frequency
domain. A Hamming window and discrete Fourier trans-
form are applied on the same resampled position error sig-
nal to obtain a frequency spectrum of 25 bins (0—12 Hz).
All amplitude values of frequency bins are used alone, giv-
ing another 25 features (for each servo), supplemented by
4 features obtained from the shape of the spectrum (i.e.,
centroid, standard deviation, skewness, and kurtosis) and
finalized with the energy of the spectrum. The overall
660-dimensional feature vector consists of:

e Statistics of each segment for each servo (5 x 16 x
6 = 480);

¢ Bins of the frequency spectrum (25 x 6 = 150);

e Shape of the frequency spectrum (4 X 6 = 24);

e Energy of the frequency spectrum (6).

Such 660-dimensional feature vectors for particular
type of the terrain and several trials of traversing the ter-
rain are used to train a multi-class linear Support Vector
Machine (SVM) classifier and authors of [7] report 95%
accuracy in distinguishing between 3 terrain classes (con-
crete, grass, and rocks/mulch).

In our approach presented in this paper, we follow the
same idea of the terrain classifier based on the SVM, but
we propose a new feature extraction process to address the
absence of regularity in the adaptive motion gait for crawl-
ing rough terrains.

4 Adaptive Motion Gait

The adaptive gait is originally based on a regular tripod
gait in terms of predefined trajectories for each particular
leg. However, the trajectories can be changed and the gait-
cycle is divided into separate phases of the leg and body
motion.

STABLE STATE

Choose next legs
from given order

I
Transform all |
leg positions |

I
I

*

Compute
(R, t) from “
leg positions

Body Leveling

Move legs
down until
ground detected

i

Figure 3: Diagram of a gait cycle. Firstly, the legs in the
transfer phase move to find new footholds. Secondly, the
body is leveled to adapt the new footholds. Finally, an-
other legs are chosen for the next transfer phase. Orange
color highlights the motion of legs in the transfer phase
only, while red color highlights the motion of all legs.

The gait diagram is shown in Fig. 3, where it can be
seen that legs in the transfer phase move through prede-
fined checkpoints (up and forward) and begin approach-
ing another predefined checkpoint, which is situated far
below the current ground level (but still reachable). The
ground sensing is done via observing the position error
e of the joint Or during lowering the leg with respect to
a certain threshold value. Although all legs in the trans-
fer phase are moving simultaneously, each ground contact
stops only the particular corresponding leg.

After the legs found their new footholds (the rest legs
stay motionless), a new body posture is found given the
feet positions in order to adapt to the terrain the robot is
traversing. The body motion itself is provided by moving
all legs according to a transformation of the feet positions.
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In summary, the leg motion phase consists of 3 steps
(up, forward, and down) and is followed by a body leveling
step. Given the tripod gait in which the legs are grouped
into two triplets that are alternating, we repeat the same
steps for the other triplet to obtain a total of 8 discrete steps
per one full gait cycle. Notice, that as a consequence of the
adaptive-gait model, a leg is moving only in the transfer
phase (3 steps) and in both body leveling steps (4th and
8th steps), where all legs are needed to move the body.
A more detail description can be found in [8].

5 Feature Extraction

The proposed feature extraction process is based on the
terrain classification originally developed for a regular
gait [7], which has to be altered to deal with a different
behavior of the adaptive gait [8]. The key difference be-
tween these two gaits is in their regularity and in the fact
that the regular gait is synchronized by a time signal and
a leg never stops moving, whereas the adaptive gait splits
the leg and body motion according to the gait phases.

A leg trajectory during the phases of the gait is depicted
in Fig. 4. The regular gait is periodic and the robot is able
to traverse a flat terrain at the constant speed. Although
the robot can pass very small obstacles at the cost of a
high servo load, the robot is incapable to traverse a rough
terrain using this regular default gait [8].

On the other hand, the adaptive motion gait utilizes a
tactile information to detect the ground-contact point and
thus it is able to decrease the servo load and adjust the
robot to the terrain. However, ground-contact points along
the vertical line (during moving the leg down) are not
known. Hence the time the leg spends in the ground-
approaching phase is also not known. Moreover, the tra-
jectory of the particular foot in the support phase is also in-
fluenced by the contacts of the other legs with the grounds,
and therefore, the trajectory is not regular during crawling
rough terrain and it may vary significantly. These vari-
ances have to be considered in the analysis of the servo
position signal in the feature extraction process to avoid
possible misinterpretation of the data.

Forward

(a) Default gait (b) Adaptive gait

Figure 4: Comparison of the leg trajectory using a regular
default gait and an adaptive gait.

Due to the variances of the gait phases, which depends
on the roughness of the terrain the robot is traversing, we
cannot rely on a uniform partitioning of the gait phases
into 16 segments for the feature extraction as in [7]. On the
other hand, we can utilize the gait phases of the adaptive
gait, as it is shown in the diagram in Fig. 3, and the data
from one gait cycle can be therefore divided into 8 seg-
ments according to the gait phases.

Authors of [7] extended the feature vector by features
extracted from a frequency analysis. However, such anal-
ysis requires a condition of periodicity that is not ful-
filled in the adaptive gait. Nevertheless, during a practi-
cal experimenting, it has been observed that the absence
of frequency-based features did not prevent the classifier
to achieve accurate classification, which is shown in Sec-
tion 6. Notice that the authors also did not consider fea-
tures selection to reduce the 660-dimensional feature vec-
tor; so, the frequency analysis may be expendable.

6 Experimental Results

Since the proposed method extends an existing approach
by adding more rough terrains where the robot can op-
erate, we focused the experimental evaluation of the pro-
posed method solely on those challenging terrains. Never-
theless, we also used datasets from simple outdoor terrains
for completeness.

The proposed multi-class SVM classifier (with linear
kernel) was trained for feature vectors collected from 7 dif-
ferent classes:

e Wooden stairs

e Wooden blocks of different height
e Office floor with small obstacles
e Office floor

e Asphalt

o Grass

e Dirt

(b) Wooden blocks (c) Wooden stairs

(a) Small obstacles

Figure 5: Terrains traversable by the adaptive gait.

The outdoor terrains (grass, dirt and asphalt) are very flat
and easily traversable by a default regular gait. However,
the rough terrains shown in Fig. 5 are traversable only by
the used adaptive gait. Default gait is able to traverse only
small obstacles (cf. 5a) and this simple terrain type is used
to fill a gap between the flat terrains (outdoor and office
floor) and the rough terrains (blocks and stairs).
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Terrain  Dirt Asphalt Grass Office Obstacles Blocks Stairs
Dirt 62 0 0 0 0 0 0
Asphalt 1 79 0 0 0 0 0
Grass 0 0 75 0 0 0 0
Office 0 0 0 89 0 0 0
Obstacles 0 0 0 0 69 1 0
Blocks 0 0 0 0 0 21 0
Stairs 0 0 0 0 0 1 90

Each terrain class was trained from several trials with
3—7 minutes worth of data; the exact number of feature
vectors extracted from the data can be read from columns
of Table 1.

The evaluation strategy is based on the verification of
the distinguishability of the terrain using the features.
Then, we evaluate online detection of the terrain in a sep-
arate scenario, where particular types of the terrains are
altered and the robot is requested to traverse them and con-
tinuously detect the terrain. These two evaluation scenar-
ios are described in the following sections.

6.1 Distinguishability of the Terrains

Two-fold cross-validation with all datasets involved has
been used to validate whether the classifier is able to dis-
tinguish between the considered 7 terrain classes. As can
be seen from the confusion matrix in Table 1, the overall
accuracy of 99.4% is very high even for only 2-fold cross-
validation (with more folds, we can easily get 100%).

However, notice this test is based on using always data
from the same single experiment in both training and test-
ing partition, and therefore, the data are more likely refer-
ring to themselves than to a generalized model of partic-
ular terrain class. In [7], authors achieved the same high
accuracy when evaluating on the same datasets that were
used for training.

6.2 Terrain Classification

A more realistic practical scenario is based on evaluation
of the classification for traversing rough terrains in a sin-
gle run, where undefined terrains at the overlap of the par-
ticular terrain types are provided. The scenario setup is
shown in Fig. 6 and it consists of a sequence of rough ter-
rains used for the learning. The robot starts from a de-
fined position and crosses progressively few small obsta-
cles, a pool of wooden blocks, and wooden stairs. This
scenario was repeated five times and the extracted fea-
ture vectors were evaluated against the model previously
learned from a single-pass of the individual terrains.

The predicted terrain labels from each of five runs are
shown in Fig. 7. The class prediction is made once per

Figure 6: Testing scenario consisting of small obstacles
(bottom right corner) on the office floor, followed by a pool
of wooden blocks and ending with climbing the stairs.

each gait cycle and is computed from the last three gait
cycles worth of data. Therefore (with respect to the robot’s
length) there are long transition areas of the overlapping
terrains.

The transition between the office floor and the pool of
wooden blocks is mostly characterized as the stairs, which
corresponds with the entry side of the pool with increasing
height of the blocks.

The other transition between the blocks and the stairs
is undefinable and can be predicted as either terrain class,
or a similar class (obstacles) based on the actual footholds
in the area during the experiment. We can also see that
there is some confusion between the dirt and the office
floor terrain with obstacles which are both relatively flat
and slippery for the robot.

Despite not analyzed, if another terrain class of stairs
being traversed down was trained, it is highly probable that
a transition from the blocks to the office floor would have
been classified as this terrain (for the same reason as the
opposite transition mentioned above).

The main aspect of the challenging terrain traversing,
which cannot be seen on the simple flat terrains, is the
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Figure 7: Successive predictions of terrain labels in the testing scenario.

occurrence of a foot slippage on the edge of an obstacle
(stair) that yields in a sudden fall to a lower level and im-
pacts all legs. More slippages in a short time can lead
in a confusion in the prediction, as can be seen in Fig. 7
where the transition between the blocks and the stairs was
once predicted as a grass terrain.

The unequal length of all runs is purely dependent on
the event when the robot steps over the side edge of the
stairs and thus stops the experiment. This happens due
to the fact that the robot cannot steer and is strictly going
straight ahead.

Notice, it is not possible to show the ground truth for
the predictions in Fig. 7 because the robot can spend dif-
ferent number of gait cycles to get to the same point in
the scenario in particular runs. Therefore, the only mea-
sure we can get is to compare the results from Fig. 7 to the
overview of the testing scenario shown in Fig. 6.

7 Conclusion

We proposed an alternative method to extract features
from servo drives to classify terrains for a technically blind
robot traversing rough terrains. Although the proposed
method simplifies the original feature extraction process,
the results indicate it is sufficient to distinguish evaluated
terrain classes. Moreover, the results also indicate we can
employ the learned classifier in the on-line terrain classifi-
cation in scenarios with rough terrains.

The classifier is based on the features of the robot mo-
tion and interaction with the terrain. However, the features
of the terrain itself (e.g., slopiness, slipperiness, convex-
ity) are not analyzed directly—they may be hidden inside
the SVM layer and could be addressed in the future work.
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Abstract: 1In practical optimization tasks, it is more and
more frequent that the objective function is black-box
which means that it cannot be described mathematically.
Such functions can be evaluated only empirically, usually
through some costly or time-consuming measurement, nu-
merical simulation or experimental testing. Therefore, an
important direction of research is the approximation of
these objective functions with a suitable regression model,
also called surrogate model of the objective functions.
This paper evaluates two different approaches to the con-
tinuous black-box optimization which both integrates sur-
rogate models with the state-of-the-art optimizer CMA-
ES. The first Ranking SVM surrogate model estimates the
ordering of the sampled points as the CMA-ES utilizes
only the ranking of the fitness values. However, we show
that continuous Gaussian processes model provides in the
early states of the optimization comparable results.

1 Introduction

Optimization of an expensive objective or fitness function
plays an important role in many engineering and research
tasks. For such functions, it is sometimes difficult to find
an exact analytical formula, or to obtain any derivatives or
information about smoothness. Instead, values for a given
input are possible to be obtained only through expen-
sive and time-consuming measurements and experiments.
Those functions are called black-box, and because of the
evaluation costs, the primary criterion for assessment of
the black-box optimizers is the number of fitness function
evaluations necessary to achieve the optimal value.

The Covariance Matrix Adaptation Evolution Strategy
(CMA-ES) [5] is considered to be the state-of-the-art of
the black-box continuous optimization. The important
property of the CMA-ES is that it advances through the
search space only according to the ordering of the function
values in current population. Hence, the search of the algo-
rithm is rather local which predisposes it to premature con-
vergence in local optima if not used with sufficiently large

population size. This issue resulted in development of sev-
eral restart strategies [12], such as IPOP-CMA-ES [1] and
BIPOP-CMA-ES [6] performing restarts with population
size successively increased, or aCMA-ES [9] using also
unsuccessful individuals for covariance matrix adaptation.

Furthermore, the CMA-ES often requires more fitness
function evaluations to find the optimum than many real-
world experiments can offer. In order to decrease the num-
ber of evaluations in evolutionary algorithms, it is conve-
nient to periodically train a surrogate model of the fitness
function and use it for evaluation of new points instead
of the original function. The second option is to use the
model for selection of the most promising points to be
evaluated by the original fitness.

Loshchilov’s surrogate-model-based algorithm
*ACM-ES [13] utilizes the former approach: it esti-
mates the ordering of the fitness values required by the
CMA-ES using Ranking Support Vector Machines (SVM)
as an ordinal regression model. Moreover, it has been
shown [13] that model parameters (hyperparametres)
used to construct Ranking SVM model can be optimized
during the search by the pure CMA-ES algorithm.
Later proposed **ACM-ES extensions, referred to as
*ACM-ES-k [15] and BIPOP-*ACM-ES-k [14], use
a more intensive exploitation of the surrogate model by
increasing population size in generations evaluated by the
model.

More recently, a similar algorithm based on regres-
sion surrogate model called S-CMA-ES [3] has been pre-
sented. As opposed to the former algorithm, S-CMA-
ES is performing continuous regression by Gaussian pro-
cesses (GP) [17] and random forests (RF) [4].

This paper compares the two mentioned surrogate
CMA-ES algorithms, **ACM-ES-k and S-CMA-ES, and
the original CMA-ES itself. We benchmark these al-
gorithms on the BBOB/COCO testing set [7, 8] not
only in their one population IPOP-CMA-ES version,
but also in combination with the two-population-size
BIPOP-CMA-ES.
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The remainder of the paper is organized as follows.
The next chapter briefly describes tested algorithms: the
CMA-ES, the BIPOP-CMA-ES, the **ACM-ES-k, and the
S-CMA-ES. Section 3 contains experimental setup and
results, and Section 4 concludes the paper and suggests
further research directions.

2 Algorithms

2.1 The CMA-ES

In each generation g, the CMA-ES [5] generates A new
candidate solutions x; € R?, where k = 1,...,A, from
a multivariate normal distribution N(m(g),az(g)C(g)),
where m,) is the mean interpretable as the current best

estimate of the optimum, 62( o) the step size, representing
the overall standard deviation, and C( ¢) the D x D covari-
ance matrix. The algorithm selects the pt points with the
lowest function value from A generated candidates to ad-
just distribution parameters for the next generation.

The CMA-ES uses restart strategies to deal with mul-
timodal fitness landscapes and to avoid being trapped
in local optima. A multi-start strategy where the pop-
ulation size is doubled in each restart is referred to as
IPOP-CMA-ES [1].

2.2 BIPOP-CMA-ES

The BIPOP-CMA-ES [6], unlike IPOP-CMA-ES, consid-
ers two different restart strategies. In the first one, cor-
responding to the [POP-CMA-ES, the population size is
doubled in each restart iregart USINg a constant initial step-

. 0 _ 0 .
S1ze cylarge = Oefault’

i
)L]arge = 2resant A'default . (1

In the second one, the smaller population size Agmay is
computed as

ulo,11?
1 Alarge ) [0.1] )

A'small = 2'default (_
2 Adefault

where U[0,1] denotes the uniform distribution in [0,1].
The initial step-size is also randomly drawn as

0 0 —2u[0,1
Ogmall = Odefault * 10 (0.1 . (3)

The BIPOP-CMA-ES performs the first run using
the default population size Agefaye and the initial step-
size Ggefauh. In the following restarts, the strategy with
less function evaluations summed over all algorithm runs
is selected.

2.3 “*ACM-ES-k

Loshchilov’s version of the CMA-ES using the ordinal re-
gression by Ranking SVM as surrogate model in specific
generations instead of the original function is referred to as
*ACM-ES [13], and its extension using a more intensive
exploitation is called **ACM-ES-k [15].

Before the main loop starts, the **ACM-ES-k evalu-
ates ggart generations by the original function, then it
repeats the following steps: First, the surrogate model
is constructed using hyperparameters 6, and the original
function-evaluated points from previous generations. Sec-
ond, the surrogate model is optimized by the CMA-ES
for g,, generations with population size A = kj Agefaure and
the number of best points U = ky Ugefaul, Where ky ,ky > 1.
Third, the following generation is evaluated by the origi-
nal function using A = Agefaure and U = Ugefauit. TO avoid a
potential divergence when g, fluctuate between 0 and 1,
kj >1is used only in the case of g, > g, , where g, de-
notes the number of generations suitable for effective ex-
ploitation using the model. Then the model error is calcu-
lated according to the comparison of ranking between the
original and model evaluation of the last generation. After
that, the g, is adjusted in accordance with the model error.
As the last step, the **ACM-ES-k searches a hyperparam-
eter space by one generation of the CMA-ES minimizing
the model error to find the most suitable hyperparameter
settings Oyey for the next model-evaluated generations.

The **ACM-ES-k version using BIPOP-CMA-ES pro-
posed in [14] is called BIPOP-**ACM-ES-k.

24 S-CMA-ES

As opposed to the former algorithms, a different ap-
proach to surrogate model usage is incorporated in the
S-CMA-ES [3]. The algorithm is a modification of
CMA-ES where the original evaluating and sampling
phases are substituted by the Algorithm 1 at the beginning
of each CMA-ES generation.

In order to avoid the false convergence of the algorithm
in the BBOB benchmarking toolbox, the model-predicted
values are adapted to never be lower then the so far mini-
mum of the original function (see the step 17 in the pseu-
docode).

The main difference between the S-CMA-ES and the
*ACM-ES-k is in the manner how the CMA-ES is uti-
lized. Considering S-CMA-ES, the model prediction
or training is performed within each generation of the
CMA-ES. On the contrary in the **ACM-ES-k, individual
generations of the CMA-ES are started to optimize either
original fitness, surrogate fitness, or model itself.
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3 Experimental Evaluation

The core of this paper lies in a systematic comparison of
the two mentioned approaches to using surrogate mod-
els with the CMA-ES and the original CMA-ES algo-
rithm itself. The first group of surrogate-based algo-
rithms is formed by the S-CMA-ES algorithms using
Gaussian processes and random forests models, and the
other group is formed by the **ACM-ES algorithm. These
four algorithms (CMA-ES, GP-CMA-ES, RF-CMA-ES,
*ACM-ES) are tested in their IPOP version (based on
IPOP-CMA-ES) [1] and in the bi-population restart strat-
egy version (based on BIPOP-CMA-ES and its deriva-
tives) [6].

3.1 Experimental Setup

The experimental evaluation is performed through the
noiseless part of the COCO/BBOB framework (COm-
paring Continuous Optimizers / Black-Box Optimization
Benchmarking) [7, 8]. It is a collection of 24 benchmark
functions with different degree of smoothness, uni-/multi-
modality, separability, conditionality etc. Each function is

Algorithm 1 Surrogate CMA-ES Algorithm [3]

Input: g (generation), g,, (number of model generations),
o, A, m, C (CMA-ES internal variables),
r (maximal distance between training points and m),
nreQ (minimal number of points for model training),
npax (maximal number of points for model training),
A (archive), fiy (model), f (original fitness function)

1: x,~N(m,0%C) k=1,...,A {CMA-ES sampling}
2: if g is original-evaluated then

3 < f(x)  k=1,...,4 {fitness evaluation}
4 A= Au{(xey0) b

50 (Xiyu) < {(x,y) €Al (m-x)"6C~ 2 (m-x) < r}
6: if |Xtr| 2 NREQ then

7: (Xir,¥ir) < choose nyax points if [Xi| > nmax
8: {transformation to the eigenvector basis:}

X < {(6C™'/?)Tx, foreach xye€X}

9: fm < trainModel (X, Yir)
10: mark (g+1) as model-evaluated
11: else
12: mark (g+ 1) as original-evaluated
13:  end if
14: else
15: Xke(GC_l/Z)TXk k=1,...,A
16:  yr< fm(xk) k=1,...,4  {model evaluation}

17:  {shift yi values if (minyy) < besty from A}
Yk = Yk + max{0, minay—miny;} k=1,...,A
18:  if g,, model generations passed then

19: mark (g+ 1) as original-evaluated
20:  end if
21: end if

Output: fy, A, (yk)%ﬂ

defined for any dimension D > 2; the dimensions used for
our tests are 2, 5, 10, and 20. The set of functions com-
prises, among others, well-known continuous optimiza-
tion benchmarks like ellipsoid, Rosenbrock’s, Rastrigin’s,
Schweffel’s or Weierstrass’ function.

The framework calls the optimizers on 15 different in-
stances for each function and dimension, meaning that
1440 optimization runs were called for each of the eight
considered algorithms. The graphs at the end of the pa-
per show detailed results in a per-function and per-group-
of-function manner. The following paragraphs summarize
the parameters of the algorithms.

The CMA-ES. The original CMA-ES was used in its
IPOP-CMA-ES version (Matlab code v. 3.61) with num-
ber of restarts = 4, IncPopSize = 2, Oyurr = % A=4+
|3logD|. The remainder settings were left default.

*ACM-ES. We have used Loshchilov’s GECCO 2013
Matlab code xacmes .m [14] in its **ACM-ES version, set-
ting the parameters CMAactive = 1, newRestartRules = 0
and withSurr = 1, modelType = 1, withModelEnsembles =
0, withModelOptimization = 1, hyper_lambda = 20, Ay
=1, tpure = 1 and Apineer = 4-

S-CMA-ES: GP5-CMA-ES and RF5-CMA-ES. The num-
ber after the GP/RF in the names of the algorithms denotes
the number of model-evaluated generations g,,, which are
evaluated by the model in row. All considered S-CMA-ES
versions use the distance r = 8 (see algorithm 1). For the
GP model, Klt//IZtse/ri covariance function with starting val-
ues (an,l,GJ%) =10g(0.01,2,0.5) has been used (see [3]
for the details). We have tested RF comprising 100 regres-
sion trees, each containing at least two training points in
each leaf. The CMA-ES parameters (IPOP version, Gy,
A, IncPopSize etc.) were used the same as in the pure
CMA-ES experiments. All S-CMA-ES parameter values
were chosen according to preliminary testing on several
functions from the COCO/BBOB framework.

BIPOP version of the algorithms. The bi-population ver-
sions BIPOP-CMA-ES and BIPOP-**ACM-ES use the
same Loshchilov’s Matlab code xacmes.m with the pa-
rameter BIPOP = 1. The BIPOP-GP5-CMA-ES and
BIPOP-RF5-CMA-ES algorithms are constructed in the
same manner as the S-CMA-ES was transformed from the
CMA-ES - by integration of the Algorithm 1 into every
generation of the BIPOP-**ACM-ES.

3.2 Results

The performance of the algorithms is compared in the
graphs placed in Figures 1-3. The graphs in Figure 1 de-
pict the expected running time (ERT), which depends on
a given target function value f; = fopc + Af — the true opti-
mum fo of the respective benchmark function raised by
a small value Af. The ERT is computed over all relevant



Comparing SVM, Gaussian Process and Random Forest Surrogate Models for the CMA-ES

189

1 Sphere

4 2 Ellipsoid separable

3 Rastrigin separable

4

4 Skew Rastrigin-Bueche separ

0 ' - " . . - '
arget RL/dim: 10 target RU/dim: 10 farget Rl /dim: 10 target RL/dim: 10
27 3 5 10 20 40 27 3 5 10 20 40 20 3 5 10 20 40 27 3 5 10 20 40
a 5 Linear slope 4 6 Attractive sector 7 Step-ellipsoid N 8 Rosenbrock original
Ofarget RI/dim: 10 Obarget Ri Jdim: 10 Ofarget R jdiim 10
40 2 3 5 10 20 40 2 3 5 10 20 40 2 3 5 10 20 40
4 10 Ellipsoid 11 Discus 4 12 Bent cigar
0 i O - i - " 0| .
arget RL/dim: 10 target RU/dim: 10 farget RL/dim: 10 target RL/dim: 10
203 5 10 20 40 273 5 10 20 40 20 3 5 10 20 40 20 3 5 10 20 40
4 13 Sharp ridge 4 14 Sum of different powers 15 Rastrigin 2 16 Weierstrass
. i} g o}
[ 5] P 4]
2 = A
A 74y -
—
0
4 v
ot R 0 : 0 . 0 -
/dim* 10 arget Rl /dim* 10 arget Rl /dim® 10 arget Rl /dim: 10
27 3 5 10 20 40 27 3 5 10 20 40 27 3 5 10 20 40 27 3 5 10 20 40
a 17 Schaffer F7, condition 10 - 18 Schaffer F7, condition 1000 19 Griewank-Rosenbrock F8F2 N 20 Schwefel x*sin(x)
. 2
[+ [+]
1
0| 0| . " .
arget RL/dim: 10 target RL/dim: 10 [dim: 10 arget Rl /dim: 10
2 3 5 10 20 40 2 3 5 10 20 40 2 3 5 10 20 40 3 10 20 40
3 21 Gallagher 101 peaks 22 Gallagher 21 peaks 23 Katsuuras ’ 24 Lunacek bi-Rastrigin
.-\;
A o] [} 8 3 ;L —7
Y3 : 0 3 . 0 :
arget Rl /dim: 10 target Rl /dim: 10 arget Rl /dim: 10 arget Rl /dim: 10
2 3 5 10 20 40 2 3 5 10 20 40 2 3 5 10 20 40 2 3 5 10 20 40

Figure 1: Expected running time (ERT in number of f-evaluations as log,, value) divided by dimension versus dimension.
The target function value is chosen such that the bestGECC0O2009 artificial algorithm just failed to achieve an ERT of
10 x DIM. Different symbols correspond to different algorithms given in the legend of f; and f>4. Light symbols give the
maximum number of function evaluations from the longest trial divided by dimension. Black stars indicate a statistically
better result compared to all other algorithms with p <0.01 and Bonferroni correction number of dimensions (six). Legend:

o:BIPOP-CMAES, v:BIPOP-GPS5,

0:saACMES

:BIPOP-RF5, 0:BIPOP-saACMES, A:CMA-ES, ¢:GP5-CMAES, 0:RF5-CMAES,
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Figure 2: Bootstrapped empirical cumulative distribution of the number of objective function evaluations divided by
dimension (FEvals/DIM) for all functions and subgroups in 5-D. The targets are chosen from 100-8-2] such that the
bestGECCO02009 artificial algorithm just not reached them within a given budget of k x DIM, with k€ {0.5,1.2,3,10,50}.
The “best 2009” line corresponds to the best ERT observed during BBOB 2009 for each selected target.



Comparing SVM, Gaussian Process and Random Forest Surrogate Models for the CMA-ES

191

0.8

0.6

> Proportion of function+target pairs

Proportion of function+target pairs

separable fcts

~best 2009

<{BIPOP-s

RF5-CMA

BIPOP-R

0 1 2 3
loa10 of (# f-evals / dimension)

ill-conditioned fcts

RF5-CMA

4

1 2 3
loa10 of (# f-evals / dimension)

weakly structured multi-modal fcts

RN

o
©

Proportion of function+target pairs

:

Figure 3:

o
(o))

o
IS

o
[\

. GPS—CMA

~~best 2009

o BIPOP-C

RF5-CMA

loa10 of (# f-evals / dimension)

[

Proportion of function+target pairs

Proportion of function+target pairs

> Proportion of function+target pairs

moderate fcts

1 2 3

L RF5-CMA

BIPOP-R

loa10 of (# f-evals / dimension)
multi-modal fcts

115-19,20-D

best 2009

RF5-CMA

CMA-ES

BIPOP-R

0 1 2

loa10 of (# f-evals / dimension)
all functions

0.8

0.6

0.4

1f1-24,20-D

~best 2009

<1BIPOP-s

RF5-CMA

0 1 2 3

loa10 of (# f-evals / dimension)

Bootstrapped empirical cumulative distribution of the number of objective function evaluations divided by

dimension (FEvals/DIM) for all functions and subgroups in 20-D. The targets are chosen from 10-8-2] such that the
bestGECCO2009 artificial algorithm just not reached them within a given budget of k x DIM, with k€ {0.5,1.2,3,10,50}.
The “best 2009” line corresponds to the best ERT observed during BBOB 2009 for each selected target.



192

Z. Pitra, L. Bajer, M. Holena

trials as the number of the original function evaluations
(FEs) executed during each trial until the best function
value reached f;, summed over all trials and divided by
the number of trials that actually reached f; [7].

As we can see in Figure 1, the 24 functions can be
roughly divided into two groups according to the algo-
rithm which performed the best (at least in 10D and 20D).
The first group of functions where the CMA-ES performed
best consists of functions 1, 3, 4, 6, and 20 while on func-
tions 2, 5,7, 10, 11, 13-16, 18, 21, 23, and 24, GP5-CMA-
ES is usually better. The usage of the BIPOP versions
generally leads to no improvement or even to performance
decrease.

The graphs in Figures 2 and 3 summarize the perfor-
mance over subgroups of the benchmark functions and
show the proportion of algorithm runs that reached the
target value f; € 100-3-2] indeed ( f; was actually differ-
ent for each respective function, see the figures captions).
Roughly speaking, the higher the colored line, the better
the performance of the algorithm is for the number of the
original evaluations given on the horizontal axis.

Thus we can see that our GP5-CMA-ES usually out-
performs the other algorithms when we consider the eval-
uations budget FEs < 10D, i.e. FEs < 150 for 5D and
FEs < 600 for 20D. However, as the number of the consid-
ered original evaluations rises, the original CMA-ES or the
$*ACM-ES usually performs better. This fact can be sum-
marized that our GP5-CMA-ES is convenient especially
for the applications where a very low number of function
evaluations is available, such as in [2].

4 Conclusions & Future Work

In this paper, we have compared the surrogate-assisted S-
CMA-ES, which uses GP and RF continuous regression
models, with **ACM-ES-k algorithm based on ordinal re-
gression by Ranking SVM, and the original CMA-ES, all
in their [IPOP and BIPOP versions. The comparison shows
that Gaussian process S-CMA-ES usually outperforms the
ordinal-based **ACM-ES-k in early stages of the algo-
rithm search, especially on multimodal functions (BBOB
functions 15-24). However, the algorithms and surrogate
models should be further analyzed and compared since,
for example, the NEWUOA [16] or SMAC [10, 11] al-
gorithms spend a considerably lower number of function
evaluations than the CMA-ES in these early optimization
phases. The BIPOP versions of the algorithms did not in-
creased performances of appropriate IPOP versions except
BBOB function 5.

A natural perspective of improving S-CMA-ES is to
make the number of model-evaluated generations self-
adaptive. We will additionally investigate different prop-
erties of continuous and ordinal regression in view of their
applicability as regression models. Different cases and
benchmarks where the ordinal regression is clearly supe-
rior to continuous regression will be further identified. For

example, hybrid surrogate models combining both kinds
of regression will be attempted.
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Abstract: Estimating class membership probabilities is an
important step in many automated speech recognition sys-
tems. Since binary classifiers are usually easier to train,
one common approach to this problem is to construct pair-
wise binary classifiers. Pairwise models yield an over-
determined system of equations for the class membership
probabilities. Motivated by probabilistic arguments we
propose a new way for estimating individual class mem-
bership probabilities, which reduces to solving a linear
system of equations. A solution of this system is obtained
by finding the unique non-zero eigenvector of total prob-
ability one, corresponding to eigenvalue one of a positive
Markov matrix. This is a property shared by another al-
gorithm previously proposed by Wu, Lin, and Weng. We
compare properties of these methods in two settings: a the-
oretical three-way classification problem, and via classifi-
cation of English monophthongs from TIMIT corpus. In-
dex Terms: binary classifiers; multiclass classification;
phoneme recognition; English vowels; TIMIT

1 Introduction

Probabilistic approach underlies most current automatic
speech recognition (ASR) systems, and very likely also
human speech perception. In many ASR systems a com-
mon task is to provide estimates of probabilities of a given
sample belonging to multiple classes given the observed
values of its features. These classes may represent various
phonemes, diphones or other kinds of linguistic categories.

In machine learning it is easier to find the boundary
between two classes rather than the boundary separating
a class from many other classes [1]. Moreover, many dis-
criminative models are naturally suited to pairwise clas-
sification, such as logistic regression, LDA or variants
of SVM. Thus given k classes C;, one can readily con-
struct ('5) pairwise discriminative models. Let us denote
by M;; the model discriminating classes C; and C;. Sup-
pose that M;; is able not only to discriminate, but also to
compute the pairwise class membership probability r;; of
an object X with features f:

r,-j:r,-j(X):p(XEC,-|f,X€C,- OrXECj). (1)

Given the knowledge of r;;(X) the question is then to esti-
mate multi-class probabilities p; where

pi =pi(X) = p(X € Gj|f). 2)

Inspired by Bradley-Terry model, Hastie and Tibshirani
suggested [1] to require:

Di

PitDj
Y pi=1 4)
i

=ryj 3)

Note that there are 1+ (lzc) equations for k unknowns, so
the system of equations is over-determined for k > 3 and
it may be not possible to solve them.

In the next section we review several approaches which
have been suggested to find approximate solution of (3). In
Section 3 we will propose a new method to combine pair-
wise estimates. In Section 4 we will examine its perfor-
mance with synthetic as well as real world acoustic data.
In Conclusion we discuss findings of our experiments.

2 Existing Approaches

One natural requirement for an algorithm which deter-
mines probabilities p; is that if the system (3) has a so-
lution then the algorithm will find them exactly.

Several approaches satisfying this requirement are out-
lined in the work of Wu, Ling and Wen [2]. They consider
the following functionals:

ko k
, 11
Sgr -min Y [ Y (rij— — ~pi))*, ©)
p &l o \iT ™y
=1 jij#i
kK
8 : minZ[ Z (rijpj —VjiPi)]2> (6)
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& minz Z (rijpj_rjipi) ) )
P S jiji
Kk )
Oy :minz Z (I{r,-j>rj,-}Pj _I{rji>rij}pi> ) ®)
L

9

where [ is the indicator function. Each of the four func-
tionals is nonnegative. When the system (3) does have
a solution, each functional is zero at, and only at the so-
Iution. One less satisfying feature of these approaches is
that they lack probabilistic motivation, unlike the method
we propose in the next section.
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3 New Method

We will now describe our new algorithm. In general, one
has 0 < r;; < 1. To avoid complications arising from de-
generate cases we assume sharp inequalities 0 < r;; < 1,
which poses no difficulty in practical applications.
Consider for a moment that an object X belongs to
the class C,. Then for judging its similarity to other
classes one may restrict attention to the values r,,; (and
7jm = 1 —1y}), since only classifiers M,,; were trained on
values from the category C,. But for those k — 1 values
equations (3) can be solved exactly, as we will now show.
We have
L _ Z Pm+tDj _ (k— 1)_|_ 1 Pm.
jEmmi iz Pm Pm

(10)

(m)

This relation allows us to compute an estimate py, = of p,,
explicitly as

-1
p%”:(Zl—(k—z)) : (1)

j#mmi

where the upper index indicates that the estimate of p,,
is computed by taking into account only values r,,;. The
remaining probabilities can be then computed by the fol-
lowing formula:

P =p (1), (12)

rmj

Now we repeat this argument for m = 1,2,... k. In gen-
eral the estimates of p; thus obtained will be conflicting
i.e. in general pS.m) + p&n), because given values r;; may
not allow for solving (3) consistently. We will now take in-
spiration from the probability law p(A) =Y, p(A|B;) p(B;).
if B; is a partition of the probability space. We will require
that the estimate p; of p; should satisfy the following linear
system of equations:

;=Y 0" gy forj=1,..k (3
m

These requirements can be interpreted as imposing self-
consistency on the estimates p;. One readily checks that
the matrix of the linear system (13) is Markov and posi-
tive, thus (13) has a one-dimensional space of solutions.
Imposing an additional condition

Y pm=1 (14)

determines a unique estimate p,, of py,.

4 Evaluation of the New Method

First note that our algorithm will yield the correct solution
if the system (3) has a solution. In order to see that, one

first checks using (10) and (11) that p};” = p,, and p\"™ =

pj- It follows that the vector p; satisfies equations (13)
and (14). Since the solution of (13) and (14) is unique, the
method will yield the correct solution. However, this is an
ideal, very special situation that will generally not hold for
k> 3.

We have opted to do comparison testing of the pro-
posed method with the method of Wu, Ling and Wen [2]
that minimizes functional &; (6). The reason is that that
method also involves the construction of a positive Markov
matrix whose solution is their estimate of p,,. We conduct
two experiments: one is an artificial three-way classifica-
tion problem, and the other a vowel recognition task.

4.1 Three-Way Classification

The system of equations (3) becomes over-determined for
k = 3. If one of the classifiers is unreliable then the sys-
tem (3) will not have a solution. In this section we present
the results of a synthetic experiment for three-way classi-
fication.

In our experiment we assume that only classifier My3 is
unreliable. In other words we assume that classifiers M,
and M3 discriminating respectively categories C| versus
C; and Cj versus C3 yield precise estimates of 3 and ry3.
For a fixed value py,p, we thus set ri2 = p1/(p1 + p2)
and ri3 = p1/(p1+ p3) = p1/(1 —p2). Let p,, and p*
denote our and Wu’s estimates of p,,. As rp3 varies in
interval (0, 1), define the absolute errors

A = sup|p; — pil, (15)

1,123

Awa = sup|p}™ = pil, (16)

1,3
and the relative error

A, = sup |p)* = pil. (17)
1,173

The results of our experiment are shown in Table 1.
From the table it is clear that sometimes our method gives
more precise estimates, but for other values of py, p2, Wu’s
method will yield more precise results. However, in all
cases, the relative error between our results and Wu'’s re-
sults is smaller than the absolute errors, often by an order

of one magnitude.

4.2 Vowel Recognition

Unlike consonants, vowels may be perceived non-
categorically by listeners [3], making it a good testing
ground for multi-class probabilistic estimates. We opted
for English language, because it has a large variety of vow-
els and because there are large corpora of annotated speech
available. We worked with TIMIT, a phonetically seg-
mented corpus of American English [4]. Our categories
consisted of 15 monophthongs as shown in Table 2. For
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Pl pr | A Aw [ AF
005 0.05 | 0.66 0.7 | 0.09
01 0.1 | 057 061|009
085 0.1 | 007 005005
0.85 0.05 | 0.07 005 | 0.05
005 085|066 070 | 0.1
0.1 085|058 061|006
033 033|021 022005

Table 1: Errors of estimation for various values of p;
and p;

vowel | sample sample
word  word’s
transcription
iy beet bcl bTIY tclt
ih bit belbIH tcl t
eh bet bel b EH tcl t
ae bat bcl b AE tcl t
aa bott bclb AA tcl t
ah but bcl b AH tcl t
ao bought bclb AO tcl t
uh book  bcl b UH kel k
uw boot bclb UW tcl t
ux toot tclt UX tcl t
er bird bclb ER dcl d
ax about AXbclbawtclt
X debit dcldehbcl bIX tcl t
axr butter  bcl b ah dx AXR
ax-h | suspect sAX-Hspclpehkclktclt

Table 2: Sample words containing 15 different
monophong sounds of American English as segmented in
TIMIT corpus

each of the categories we randomly chose their realiza-
tions from the set of male speakers in the corpus. Each
realization was analyzed with a window 512 samples wide
(at 16kHz sampling rate its length was 32ms). If the cen-
ter of the window was less than 256 samples away from
the next phoneme, it was proportionally less likely to be
selected into our dataset. We have trained pairwise classi-
fiers using linear discriminant analysis (LDA). The feature
set was log-periodogram, where the analysis window was
weighted with Hanning window before computing FFT.
We have performed comparison testing of our and Wu’s
method by selecting 500 random samples from the test
subset. Per phone results are shown in Table 3. The
key statistics is that overall there was 96% agreement be-
tween most-likely classifications by our method and Wu’s
method.
The overall success rate was slightly below 40% for both
our and Wu’s method. Due to the limitations of the fea-
tures (no FO, no vowel duration, no dynamic information,
no multiframe data), suboptimal performance may be ex-
pected. For instance without intensity baseline, it is nearly
impossible to correctly distinguish some accented vowels.

vowel | success Wu’s success agreement
rate rate
iy 48 % 48 % 96.6%
ih 21 % 21 % 94.8 %
eh 22 % 23 % 95.4 %
ae 60 % 60 % 94.4 %
aa 48 % 48 % 96.2 %
ah 20 % 21 % 94.6 %
ao 60 % 61 % 97.2 %
uh 18 % 18 % 95 %
uw 40 % 39 % 96.4 %
ux 40 % 40 % 97.4 %
er 34 % 35 % 95.6 %
ax 31 % 31 % 96.4 %
ix 16 % 18 % 94.4 %
axr 48% 46 % 96.2 %
ax-h 81 % 81 % 98.8 %

Table 3: Evaluation of our and Wu’s [2] methods on indi-
vidual monophthongs from the test data from TIMIT cor-
pus. The first column indicates agreement between classi-
fication by our method and TIMIT annotation, the second
column the statistics for method of Wu et al, and the third
column indicates how often our method and Wu’s method
agreed on the most-likely classified class.

We decided to do a more detailed case study. From the test
subset we have chosen sentence SA1 spoken by speaker
MREBO and examined each monophthong at two points
in time. The first was 5 milliseconds after the onset, and
the other one approximately near the vowel’s center. The
results are shown in Table 4.

Likelihoods of most likely estimates of our and Wu’s

method are again quite close. There are two differences
between onset and center predictions. The first one is mis-
prediction of /er/ at the beginning of the word ‘greasy’,
which is quite understandable, since the vowel is preceded
by /r/. To gain an insight into the other mispredictions as
well as deeper insight into dynamical behavior of the re-
sulting multiclass classifier we present time plots in Fig. 1.
In Fig. 1a the mis-classification of /iy/ instead of TIMIT’s
/ix/ in the word ’in’ is shown. We speculate that the prob-
lem might be attributed to greater weight put on F2, that
is relatively high and within the region for /iy/, compared
to F1 that is quite high and definitely within the region for
/ix/. In other words, the vowel might be a bit fronter than
canonical /ix/. In Fig. 1b, the first vowel of ’greasy’ is
mis-classified as /ux/ instead of TIMITs /iy/.
This problem might be attributed to coarticulation from
the flanking consonants. The first vowel does have lower
F2, which is plausibly responsible for /ux/ prediction, but
it is preceded by /r/, which is commonly associated with
lip protrusion, which lowers F2. In Fig. 1c in the vowel of
word *wash’, we see that it is only in the beginning in the
word 'wash’ that the classifier gives more weight to /ao/,
and then it increasingly agrees that the vowel is /aa/.
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offset | TIMIT | Wu’s method our method
label

3831 iy iy | 80.1 % iy | 79.9 %

6053 ae ae | 79.7 % ae | 79.6 %

9187 axr | axr | 62.2% | axr | 61.6 %
11780 aa | aa | 329% | aa | 32.6%
19677 ux | ux | 60.3% | ux | 582 %
25544 ix iy | 66.4 % iy | 64.9 %
28905 iy er | 41.8 % er | 40.3 %
31328 iy iy | 534 % iy | 53.3 %
34210 aa ao | 76.3 % ao | 75.8 %
39080 ao aa | 77.1 % aa | 76.9 %
40680 er | axr | 56.8% | axr | 56.3 %
42512 ao ao | 87.2 % ao | 87.1 %
46827 ih iy | 58.3 % iy | 57.9 %
48248 axr | axr | 52.1 % | axr | 52.4 %

(a) 5Sms after vowel’s start

offset | TIMIT | Wu’s method our method
label

4200 iy iy | 83.2 % iy | 829 %

6800 ae ae | 83.7 % ae | 83.6 %

9600 axr | axr | 50.6 % | axr | 50.7 %
12500 aa | aa | 80.7% | aa | 795 %
21000 ux | ux | 67.2% | ux | 66.4 %
25800 X iy | 55.5% iy | 53.3 %
29000 iy | ux | 235% | ux | 22.8%
31800 iy iy | 72.8 % iy | 72.7 %
35000 aa aa | 57.6 % aa | 57.7 %
39600 ao aa | 78.8 % aa | 785 %
41500 er | axr | 66.4 % | axr | 66.4 %
43500 ao ao | 86.3 % ao | 86.3 %
47500 ih | uwx | 379% | ux 37 %
49000 axr | axr | 71.1% | axr | 71.1 %

(b) near the center of the vowel

Table 4: Results of monophthong classification using spectral information in 32ms window centered at the offset indicated
in the first column. Vowels were extracted from sentence SA1 spoken by speaker MREBO from region 1 (New England).
Most likely classes are shown computed by Wu’s method and our method together with multi-class likelihoods.

In this particular case, we conclude that our classifica-
tion is closer to the phonetic realization than TIMIT’s. The
beginning of the vowel is influenced by the preceding /w/
with lip rounding similar to /ao/. The rest of the vowel
sounds like an /aa/ to phonetically trained listeners, and
the formant values correspond to this perception. Finally,
Fig. 1d shows the preference for /aa/ as the first vowel of
water’ in our model over /ao/ in TIMIT’s. Similarly to
Fig. lc, this vowel sounds more, and its formant values
correspond to our model more, than to TIMIT’s. It should
be noted, however, that /ao/ and /aa/ have merged in sev-
eral American dialects and more tokens would be needed
for a more thorough analysis.

A common way to improve the performance in auto-
matic speech recognition is to tune the parameters of the
system for a particular speaker. To that end we carried one
more experiment. We extracted formants for TIMIT vow-
els spoken by speaker MREBO using package phonTools
in R [5]. Next we performed pairwise LDA training as
previously but this time used values F1 and F2 for features
rather than the log-periodogram. These first two formants
are key perceptual features of vowels [6, 7, 8, 9]. Finally,
we performed multiclass classification on the first vowel
in the word ‘water’. The formants contours for this vowel
are shown in Fig. 2.

The somewhat suprising results are shown in Fig. 3.
One would expect that it would have little problem with
classification of the vowel. As seen in Fig. 3, except for a
brief start, the classifier overwhelmingly believes that the
phoneme is much closer to /aa/ than TIMIT annotated /ao/.
However, compared to Fig. 1d the likelihood of /aa/ is
markedly smaller near the vowel’s boundaries.

5 Conclusions

We have described a new method for combining probabil-
ity estimates from pairwise classifiers. It is quite general
and for its application needs only pairwise classifiers that
provide posterior likelihoods. We believe that since the
rationale for our method is probabilistically motivated, it
has the potential to edge out other methods in practice.
In particular by its construction it avoids the problem of
‘pairwise coupling’ approaches pointed out by G. Hin-
ton [1, pg. 467]. Another important feature is that the re-
sulting probabilities are computed as the dominant eigen-
vector of a Markov matrix, allowing for efficient compu-
tation via iterations when the matrix of binary likelihoods
varies slowly in time. Finally, since the method is not hi-
erarchical, it avoids compounding of errors common in hi-
erarchical approaches.

In presented synthetic and phonetic experiments its per-
formance was very close to a method previously suggested
by Wu [2]. The classification of English vowels was sub-
optimal, but that may not be indicative of performance in
real world scenarios for several reasons.

* We have used all TIMIT vowel categories, some
of which are in previously published performance
benchmark tests fused because they are extremely
hard to discriminate.

* Other pairwise classifiers, for instance logistic regres-
sion or SVM may yield better results.

* Based on the last experiment presented, we question
whether TIMIT annotation is consistent throughout
the corpus even for individual speakers.
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(b) TIMIT annotation is /iy/ for the first vowel in the word
‘greasy’. We considered an alternative classification that the
vowel is /ux/.

(a) TIMIT annotation is /ix/ in the word ‘in’. We considered an
alternative classification that the vowel is /iy/.
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(d) TIMIT annotation is /ao/ for the first vowel in the word ‘wa-
ter’. We considered an alternative classification that the vowel is
/aal.

(c) TIMIT annotation is /aa/ in the word ‘wash’. We considered
an alternative classification that the vowel is /ao/.

Figure 1: Time series plots of multiclass and pairwise classification likelihoods for four vowels in sentence SA1 spoken
by MREBO. The top plot in each subfigure shows multiclass likelihoods, and the bottom plot shows binary classifica-
tion likelihoods 7;;. In multiclass plots, dashed dark curve indicates the likelihood of the alternative hypothesis and dark
dash-dotted curve that of TIMIT annotation computed by our method (i.e. p;). Solid curves in multiclass plots indicate
corresponding but visually nearly indistinguishable estimates obtained via Wu’s method. In binary plots we plot likeli-
hoods of the alternative hypothesis against all other classes. The dotted curve in each binary plot indicates likelihood of
the alternative hypothesis compared to the TIMIT annotation.
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Figure 2: Formant contours F1-F3 for the first vowel of
word ‘water’ in sentence SA1 spoken by MREBO.
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Figure 3: Time series plots of multiclass likelihoods for
the first vowel in the word ‘water’ spoken in sentence SA1
by speaker MREBO. Dark dashed curve indicates likeli-
hood of /aa/, whereas dot-dashed curve indicates likeli-
hood of /ao/. Solid curves, as in Fig. 1, indicate estimate
by Wu’s method.

Further experiments with a complete ASR system may
shed more light on the applicability of the proposed al-
gorithm.
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